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This paper shows that exposure to entrepreneurs during adolescence increases women’s 
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economy. Using population-wide registry data from Denmark, we exploit idiosyncratic 

within-school, cross-cohort variation in early exposure to entrepreneurs, measured by the 

share of an adolescent’s peers whose parents are entrepreneurs at the end of compulsory 

school. Early exposure, particularly to the entrepreneur parents of female peers, encourages 

girls’ entry and tenure into this profession, while it has no impact on boys. This effect is 

associated with the creation of successful and female-friendly firms. Furthermore, early 

exposure reduces women’s probability to discontinue education at the end of compulsory 

school and to hold low wage jobs through their lives. Finally, we find evidence in support 
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1 Introduction

Despite decades of convergence in the occupational distribution of men and women,

women remain less likely to engage and succeed in entrepreneurship in all developed

countries, including those well regarded for their levels of gender equality (OECD, 2021).1

These disparities not only give rise to equity concerns but may also have important im-

plications for aggregate productivity. Recent work shows that gender-specific barriers

can result in substantial welfare costs when individuals have occupation-specific abili-

ties (Hsieh et al., 2019). Such costs are likely to be particularly large in the context of

entrepreneurship, given the key role entrepreneurs play for job creation and economic

growth (e.g. Decker et al., 2014). Yet, despite these relevant implications, we still know

surprisingly little about what could e↵ectively encourage female entrepreneurship and

how this would impact the allocation of talent in the economy.

This paper aims to answer these questions by proceeding in two steps. First, we inves-

tigate whether exposure to entrepreneurs that takes place during adolescence increases

girls’ likelihood of pursuing entrepreneurship in adulthood. Second, we study the impli-

cations of steering women into entrepreneurship through early exposure on the allocation

of talent in the economy more broadly. For our analysis, we use comprehensive adminis-

trative data from Denmark, spanning from 1980 to the present, and define entrepreneurs

as individuals who found or own a business with employees, thereby excluding the self-

employed.2 The longitudinal nature of the data, combined with detailed information on

individuals’ education and labor market status, enables us to analyze how early exposure

to entrepreneurs shapes the career trajectories of nearly one million individuals, while

simultaneously identifying their counterfactual educational and occupational choices and

evaluating the performance of firms created as a result of this exposure.

The first part of our analysis, which explores how exposure to entrepreneurs during

adolescence influences girls’ likelihood of becoming entrepreneurs later in life, is motivated

by existing evidence showing that interacting with people with entrepreneurial experience

a↵ects both the decision to become an entrepreneur (see Parker, 2018, for a review)

and the learning opportunities as an entrepreneur (e.g. Guiso et al., 2021; Guiso and

Schivardi, 2011). Exposure that takes place early in life could be particularly relevant for

female entrepreneurship, given that boys and girls make gendered educational and career

choices already from a young age, with these di↵erences solidifying in adulthood (e.g.

Bertrand, 2011). In particular, if girls tend to make educational and career choices that

are less conducive to entrepreneurship, early exposure to this profession may increase

1For instance, in the five most gender equal OECD countries according to the 2020 Global Gender
Gap Index, women constitute only between one-third and one-fifth of all entrepreneurs. In Denmark –
the country studied in this paper – women represent only 25 percent of all entrepreneurs.

2Our ability to exclude the self-employed stands in contrast to other studies, which faced limitations
in doing so due to data constraints or concerns about sample size. We test the sensitivity of our results
to our definition of entrepreneurs in Section 4.1.
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their probability of becoming entrepreneurs by a↵ecting their entire education and career

trajectories.3

Identifying the causal e↵ect of early exposure to entrepreneurs is challenging, as it

requires isolating exogenous variation in adolescents’ exposure to entrepreneurs from other

endogenous and potentially correlated factors, such as adolescents’ background or the firm

density in their area of residence. We address this challenge by exploiting quasi-random

variation in the share of a student’s peers with entrepreneur parents across cohorts within

a school, controlling for the entrepreneurial status of the student’s own parents. We

focus on exposure during the last three years of compulsory schooling, when students

are between the ages of 13 and 16. This period is ideal for addressing our research

question because, during compulsory schooling, the educational curriculum is identical

for all students regardless of gender, allowing us to estimate the e↵ect of exposure before

any potentially endogenous educational choices are made. Additionally, the final years

of compulsory school represent a critical juncture in the Danish educational system, as

students must choose their subsequent educational track by the end of this period.

Assuming that students do not sort into schools based on cohort-to-cohort variation

in the share of peers with entrepreneurial parents, this strategy allows us to identify

the causal e↵ect of early exposure to entrepreneurs for the entire population of Danish

students. We provide evidence in support of this assumption by showing that the within-

school variation in the share of peers with entrepreneurial parents is not related to within-

school variation in students’ background characteristics. Moreover, we perform several

tests to ensure that our results reflect the impact of exposure to entrepreneurs rather than

the influence of other parental characteristics that might correlate with entrepreneurial

exposure, such as exposure to more ambitious or high-achieving peers more broadly.

We show that early exposure to entrepreneurs increases girls’ entry and tenure in

this profession. In line with the fact that adolescents interact more frequently with their

same-sex peers (e.g. Friebel et al., 2021; Rubin et al., 2015), we show that these e↵ects

are driven entirely by girls’ exposure to entrepreneurs through the parents of their female

peers. In contrast, early exposure does not appear to a↵ect boys’ overall propensity to

enter entrepreneurship, irrespective of the gender of their peers.4 In terms of magnitude,

the estimated e↵ects for girls suggests that increasing early exposure to entrepreneurs

by the interquartile range (IQR) – from a cohort where 5.3 percent of female peers have

3In line with this notion, Table 1 shows that while boys and girls have the same exposure to en-
trepreneurs during compulsory school, their likelihood of interacting with individuals with entrepreneurial
experience diverges as they pursue their subsequent educational and professional paths. Thus, early ex-
posure to entrepreneurs – that is, occurring before the trajectories of boys and girls start diverging –
may act as an equalizer for girls who might not become familiar with this profession otherwise.

4The lack of peer e↵ects for boys is in line with previous work from social psychology showing that
girls develop friendships that involve greater communication and sharing of information than friendships
among boys (see Rose and Rudolph, 2006, for a review). Consistent with this notion, several recent
studies in economics find that, compared to female students, male students are either not a↵ected or less
a↵ected by their peers (Hampole et al., 2021; Aguirre et al., 2021; Mouganie and Wang, 2020; Fischer,
2017; Schneeweis and Zweimüller, 2012).

2



entrepreneur parents to one where 16.7 percent do – increases the likelihood of women

becoming entrepreneurs by age 35 by 4 percent and the number of years spent in this

profession by 5.4 percent. This e↵ect is sizable, corresponding to 6.5 percent of the

increased propensity to enter entrepreneurship associated with having an entrepreneur

parent, a factor that strongly increases an individual’s decision to pursue entrepreneur-

ship.5 Considering the substantial influence of growing up with an entrepreneur parent,

this benchmarking emphasizes the significant role early exposure to entrepreneurs can

play in fostering female entrepreneurship.

Given the low representation of women in entrepreneurship, showing that early ex-

posure has the potential to increase the stock of female entrepreneurship is a relevant

finding from a gender equality perspective. However, to understand the broader implica-

tions of this result for allocative e�ciency, we need to determine whether steering girls

into entrepreneurship through exposure during adolescence is associated with a better al-

location of talent in the economy. Answering this question, which we view as being central

to our paper, involves obtaining two key pieces of information. First, we need to assess

whether the increase in female entrepreneurship due to early exposure is associated with

the creation of successful businesses. The answer to this question is ex-ante ambiguous: if

potentially successful female entrepreneurs face challenges in entering and thriving in this

profession due to gender-specific barriers, lowering such barriers through early exposure

may lead to the creation of productive businesses. However, if early exposure lowers the

cost of entering entrepreneurship for women who do not have a comparative advantage

in this profession, which requires a specific set of skills and abilities (Lazear, 2004), it

could lead to the creation of unproductive businesses. Second, we must identify the ca-

reer paths these women would have pursued had they not been exposed to entrepreneurs

during adolescence. Notably, both the private and social returns from steering women

into entrepreneurship may di↵er depending not only on how successful their businesses

are, but also on their counterfactual occupations, particularly whether we are redirecting

women from low- or high-impact careers.

To identify women’s counterfactual paths, we study how early exposure a↵ects girls’

educational and professional attainments once they have completed compulsory school.

We show that early exposure to female peers with entrepreneur parents reduces girls’

probability of discontinuing education at the end of compulsory school and increases their

probability of completing upper-secondary vocational education, a path that is highly

conducive to entrepreneurship as it is undertaken by 62 percent of entrepreneurs in our

sample.6 This result highlights two important points. First, the fact that these changes

5Specifically, our data reveals that having an entrepreneur parent increases women’s probability of
entering entrepreneurship by their mid-30s by almost 60 percent, a magnitude that is in line with existing
work.

6We show in Section 5.1.2 that the impact of early exposure to entrepreneurs on women’s educa-
tional paths is not explained by confounding factors that might both correlate with higher exposure to
entrepreneurs and influence girls’ educational choices, such as exposure to high-achieving peers more
broadly or to more parents with vocational education.

3



occur immediately after compulsory school points to a direct e↵ect of early exposure,

rather than peer influence exerted later in life. Second, it underscores the importance

of exposing girls to entrepreneurship early, before they make educational decisions that

are di�cult to reverse and may be less conducive to becoming an entrepreneur. We

complement the analysis on educational outcomes by exploring women’s counterfactual

career paths and show that early exposure to entrepreneurs reduces women’s probability

of being employed in low-paying jobs. Taken together, these results indicate not only that

early exposure may benefit women by helping them acquire more education and transition

away from low-paying positions, but also that promoting female entrepreneurship through

early exposure is unlikely to come at the cost of diverting women from pursuing high-

impact careers. Because women’s personal outcomes may also be a↵ected by the type of

careers they pursue, we conclude this part of the analysis by investigating the e↵ect of

early exposure on marriage and fertility outcomes, but we find no significant changes on

these margins.

We then turn to investigate the quality of the pool of firms resulting from the increase

in female entrepreneurship driven by early exposure. Our findings reveal that these firms

are not only “female-friendly” but also successful, outperforming those created by both

male and female incumbents in terms of their size and survival. This result speaks to the

presence of misallocation in entrepreneurial talent and suggests that increasing female

participation in entrepreneurship through early exposure can be instrumental in encour-

aging potentially talented entrepreneurs to pursue and succeed in this career. Together,

these results challenge the view that the most productive female entrepreneurs would

succeed in starting and growing their business regardless of early exposure, as would be

predicted by models attributing women’s under-representation in male-dominated occu-

pations solely to di↵erences in entry costs (e.g., Hsieh et al., 2019). Instead, these pat-

terns align most closely with the notion that women encounter higher barriers not just

in entering entrepreneurship but also in achieving entrepreneurial success once starting

their firms.7 In this context, early exposure emerges as a pathway for harnessing en-

trepreneurial talent by lowering both entry and operational barriers (Guiso et al., 2021;

Guiso and Schivardi, 2011).8

In line with this perspective, when we investigate the potential mechanisms behind

our results, we provide evidence of a “learning” channel, whereby early exposure can facil-

itate girls’ acquisition of sector-specific human capital and information. We also provide

7Consistent with this notion, the two most recent OECD reports on women’s entrepreneurship iden-
tify several constraints to women’s success in this field, such as greater barriers in skills, fewer mentoring
opportunities, smaller networks, and unsupportive social norms that can lower their ambition (OECD,
2019; Halabisky, 2018).

8Specifically, Guiso et al. (2021) and Guiso and Schivardi (2011), show both theoretically and em-
pirically that exposure to entrepreneurs, proxied by local firm density, shifts the distribution of en-
trepreneurial productivity by creating learning opportunities. Notably, consistent with our findings,
they show that this can lead to a positive relationship between individuals’ likelihood of becoming en-
trepreneurs and the average productivity of their firms.
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novel evidence supporting a “consideration set” channel, whereby exposing girls to en-

trepreneurs can increase their likelihood to consider entrepreneurship as a possible career

option and change their goals and aspirations. Instead, we do not find evidence in support

of “homophily in role models”, as girls do not respond more to exposure to entrepreneur-

ship arising from the mothers rather than the fathers of their peers. This additional set

of results helps shed light on why early exposure influences women’s representation and

success in entrepreneurship, rather than through whom these e↵ects occur – whether via

direct interactions with the entrepreneurial parents of peers or through peers themselves,

who may have internalized an “entrepreneurial mindset” from their parents. However,

the timing of our findings on girls’ educational choices indicates that the observed in-

crease in female entrepreneurship cannot be fully attributed to peer influence exerted

later in life.9 This underscores the importance of exposing girls to entrepreneurs early,

before they make choices that are di�cult to reverse and may hinder their pathways into

entrepreneurship. More broadly, our results indicate that early interventions targeting

both entry and operational barriers faced by women in entrepreneurship can benefit not

only women’s individual outcomes but also the broader economy.10

This paper contributes to several stands of the literature. First, it contributes to

the literature on the importance of the environment in shaping women’s educational

and professional outcomes (see Bertrand, 2020, 2011, for reviews). In particular, our

results align with those of a predominantly experimental literature that highlights the

role of information, social norms, stereotypes, and beliefs in determining women’s educa-

tional and professional choices (e.g. Breda et al., 2023; Hoisl et al., 2023; Del Carpio and

Guadalupe, 2021; Wiswall and Zafar, 2021; Bursztyn et al., 2020; Porter and Serra, 2020;

Bell et al., 2019; Carlana, 2019). A key contribution of our paper to this literature is

the ability to examine the e↵ects of reallocating women across occupations not only from

the perspective of gender equality but also from that of allocative e�ciency. We achieve

this by jointly analyzing whether the increase in female entrepreneurship driven by early

exposure is associated with the creation of successful businesses and by identifying the

educational and career trajectories women would have pursued in the absence of early

exposure to entrepreneurs.11 Such analysis is particularly important in the context of en-

trepreneurship, a profession that has long been acknowledged for its role in job creation

9We discuss the role of early versul late exposure in Section 5.1.2.
10While our analysis does not pinpoint the exact policies that would be successful at increasing

female entrepreneurship, the fact that our empirical strategy compares students within the same school
and municipality suggests that the environment and social context matter through narrower channels
than those at play in the context of broad-based investments in schools or neighborhoods.

11For instance, while Bell et al. (2019) show that moving to areas with more inventors increases the
likelihood that women (as well as minorities and low-income children) become inventors, their analysis
neither identifies the counterfactual career paths of these “marginal” inventors nor assesses the quality of
their patents. Similarly, experimental studies examining the impact of exposing young students to female
STEM role models focus on girls’ field of study choices but are unable to track their career trajectories,
thereby limiting the evaluation of the private and social returns of these educational changes (e.g., Breda
et al., 2023; Porter and Serra, 2020).
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and economic growth (e.g. Aghion and Howitt, 1992; Murphy et al., 1991).

Second, this paper relates to the literature on selection into entrepreneurship, and

particularly to existing studies highlighting the role of the social context in the creation

of entrepreneurs. We make two contributions to this literature. First, a key advantage

of our analysis is the unique combination of quasi-exogenous variation in exposure to

entrepreneurs and a population-wide longitudinal dataset covering both individuals and

their firms, whereas previous studies typically incorporate only one of these elements (e.g.

Hacamo and Kleiner, 2024; Wallskog, 2022; Guiso et al., 2021; Lerner and Malmendier,

2013; Guiso and Schivardi, 2011; Nanda and Sørensen, 2010). This allows us to provide

credible causal estimates on the long-run e↵ects of exposure to entrepreneurs on the

probability of entering and succeeding in this profession for the entire Danish population

born between 1965 and 1979. Given that this literature has largely overlooked the impact

of interacting with individuals with entrepreneurial experience on women’s entry and

performance in entrepreneurship, our second contribution is to present novel population-

wide evidence on how this factor may a↵ect women’s likelihood of engaging and succeeding

in entrepreneurship.12,13

Finally, this paper relates to the emerging body of work studying the aggregate impli-

cations of removing occupation-specific gender-based distortions. Existing studies have

used a model-based approach to estimate the macroeconomic gains derived from reduc-

ing the occupational barriers facing women in general (Hsieh et al., 2019), and within

entrepreneurship (Morazzoni and Sy, 2022; Chiplunkar and Goldberg, 2021; Bento et al.,

2020). In contrast to these papers, we investigate the e↵ects of increasing women’s rep-

resentation in entrepreneurship by leveraging exogenous variation in girls’ early exposure

to entrepreneurs. This approach o↵ers two key advantages. First, while previous stud-

ies are agnostic about the nature of the barriers facing women in entrepreneurship, we

show that higher exposure to entrepreneurs during adolescence can promote the entry

and the success of women in this profession, providing evidence for a potential micro-

foundation of these barriers. Second, by exploiting quasi-random variation in women’s

probability to become entrepreneurs, we can pin down the causal e↵ect of increasing

female entrepreneurship on the allocation of entrepreneurial talent without relying on

the demanding assumptions required when estimating this relationship using a structural

model.

The remainder of this paper is organized as follows. Section 2 describes the data and

12In particular, the few existing studies on the role of exposure to entrepreneurs in relation to female
entrepreneurship focus on highly selected groups, such as women enrolled in MBA programs or em-
ployed in start-ups, and do not examine firm characteristics or performance (Hacamo and Kleiner, 2024;
Rocha and Van Praag, 2020; Markussen and Røed, 2017). Yet, if one barrier for increasing female en-
trepreneurship is women’s lower likelihood of entering environments with high exposure to entrepreneurs
(see Table 1), focusing only on these specific sub-samples risks underestimating the cost of women’s
under-representation in entrepreneurship.

13In this respect, our paper also connects to recent studies showing how discrimination may distort
the performance of female entrepreneurs (e.g., Brock and De Haas, 2023; Ewens and Townsend, 2020;
Hebert, 2020).
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the main variables of interest. Section 3 presents the empirical strategy and discusses

its validity. Section 4 presents the result on the role of early exposure for the creation

of female entrepreneurs, while Section 5 focuses on the e�ciency implications associated

with the observed increase in female entrepreneurship. Section 6 investigates the plausible

mechanisms underlying our results. Finally, Section 7 concludes.

2 Data

We use individual-level administrative data covering the entire Danish population from

1980 onward. A key advantage of this data is the possibility of linking longitudinal in-

formation contained in school, family, and employment registers at the individual level.

Specifically, we use employer-employee registers to identify entrepreneurs, the charac-

teristics of their firms and the occupation of non-entrepreneurs; education registers to

identify the school individuals attend and their school peers; and we use demographic

registers to connect individuals to their family members.

2.1 Sample selection and the Danish education system

In Denmark, students need to complete nine years of compulsory school, which consists

of a unique block of school years covering both primary and lower-secondary education.

Allocation of students to schools is based on local catchment areas, with each residential

address being associated with exactly one public school.14

Our sample includes 786,660 individuals who attended the final three years of com-

pulsory schooling (grades 7-9) at 1,564 schools between 1980 and 1992, when they were

between the ages of 13 and 16.15 We choose this sample for several reasons. First,

focusing on students completing compulsory school before 1993 allows us to follow the

educational and career trajectories of each student over a long period of time, enabling

us to identify both the short- and long-run e↵ects of early exposure to entrepreneurs. In

particular, in our analysis we follow individuals up to age 40 as, by construction, our

sample size begins to decrease beyond that age (see Figure A1).16 Importantly, the vast

majority of individuals in our sample (85 percent) enter entrepreneurship for the first

time before age 40, thus mitigating potential concerns about restricting our analysis to

this age threshold.

14Most municipalities (87 percent) have at least two schools, with an average of 5 schools and a
median of 3 schools per municipality. While private school students can enroll outside their designated
catchment areas, they represent only about 7 percent of students during our sample period. Importantly,
our empirical approach accounts for endogenous school selection by exploiting within-school variation
(see Section 3). More details about the Danish educational system are provided in Appendix C.

15While we observe information on the school students attend only for the final years of compulsory
school, this entire educational period is structured to take place within a single institution.

16In particular, Figure A1 shows that up to age 40 we have a nearly balanced panel. Note that since
our dataset includes all people residing in Denmark each year, the only reasons for data attrition are
emigration or death.
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Second, all students follow the same curriculum during compulsory school. This

ensures that the period we study is prior to any divergence in the educational and pro-

fessional trajectories of boys and girls, and that our e↵ects are not influenced by (en-

dogenous) gender di↵erences in the probability of self-selecting into environments char-

acterized by di↵erent levels of exposure to entrepreneurs.17 At the same time, the end of

compulsory school marks a critical juncture in the Danish educational system. Students

must decide whether they want to conclude their formal education or advance their stud-

ies by enrolling in academic or vocational upper secondary education, each lasting for

three years. As we discuss in greater detail in Appendix C, the academic track typically

prepares students for tertiary education, while the vocational track is designed to equip

them with job-specific skills.

Finally, existing studies document that adolescence is a period where individuals form

their preferences and beliefs, and when social learning – defined as the ability to learn

from one’s environment – is at its peak (Booth et al., 2019; Klimstra, 2013; Harris, 2011;

Borghans et al., 2008; Heckman, 2007; Krosnick and Alwin, 1989). Thus, students at this

age may be particularly susceptible to the inputs surrounding them.

2.2 Identifying entrepreneurs

We identify entrepreneurs as individuals starting or owning a business with employees,

thereby excluding the self-employed.18 We impose this restriction for two reasons. First,

the self-employed are unlikely to constitute a good proxy for entrepreneurship, as noted

by previous studies (Boeri et al., 2020; Levine and Rubinstein, 2017). Second, in contrast

to entrepreneurs, the self-employed do not contribute to economic growth through job

creation. Nonetheless, we show in Section 4.1 that our results are robust to adding the

self-employed in our definition of entrepreneurs.

While owners of unincorporated businesses are directly identified in the Danish ad-

ministrative registers, individuals who found incorporated ventures are not, as they are

typically registered as employees of their own firms in the data.19 To identify founders of

incorporated businesses we follow the approach taken in other studies using Danish data

and classify top managers of newly created firms as entrepreneurs (e.g., Iversen et al.,

2016; Nanda and Sørensen, 2010; Sørensen, 2007a).20 Finally, for both incorporated and

17The fact that we can estimate the e↵ects of exposure before any potentially endogenous education
and career choices are made implies that we can estimate the e↵ect of exposure on a fully representative
set of women. This stands in contrast with previous studies (e.g. Hacamo and Kleiner, 2024; Rocha and
Van Praag, 2020) which instead focused on a highly selected group of women, such as those enrolled in
MBA programs or working in start-ups.

18Our ability to exclude the self-employed stands in contrast to other studies, which faced limitations
in doing so due to data constraints or concerns about sample size (e.g. Hombert et al., 2020; Lindquist
et al., 2015; Nanda and Sørensen, 2010).

19This is the case unless they are passive investors not participating in the direction of the firm.
20As shown in Table 3, approximately 85% of the entrepreneurs we identify are classified as owners

of unincorporated firms.
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unincorporated businesses, we only consider as entrepreneurs individuals for whom their

entrepreneurial activity is their main occupation. In doing so, we exclude from our def-

inition of entrepreneurs part-time consultants and individuals who may set up a side

business to shelter taxes.

2.3 Summary statistics

2.3.1 Overall sample

Table 2 reports descriptive statistics for individuals in our analysis sample. Panel A

reports our main outcomes of interest, namely the share of individuals becoming en-

trepreneurs and the average number of years spent in entrepreneurship. Nearly 5 percent

of individuals in our sample are identified as entrepreneurs at some point over the observa-

tion period.21 Entry into entrepreneurship increases with age, and women are significantly

less likely than men to enter entrepreneurship at every age, with this disparity growing

larger as age increases. Conditional on becoming an entrepreneur, the average time spent

in entrepreneurship is 4.5 years, with this period being significantly shorter for women.

Panel B of Table 2 provides an overview of our measure of early exposure to en-

trepreneurship, defined as the share of peers with at least one entrepreneur parent at any

point within the last three years of compulsory school. This variable is constructed at

the school-cohort level excluding the individual herself.22 On average 11.6 percent of a

student’s peers have at least one parent who is an entrepreneur, and, as expected, the

average exposure is the same for boys and girls. Breaking down this measure by the gen-

der of peers reveals that the share of female and male peers with entrepreneur parents is

virtually the same. The interquartile range (IQR) of the share of peers with entrepreneur

parents is 0.094, while the IQR of the share of female and male peers with entrepreneur

parents is 0.114 and 0.113 respectively. We will use these values (which are not reported

in the table) to interpret the magnitudes of our estimates when presenting the results.

The average cohort size is 44 students, balanced between boys and girls. Given the rel-

atively small number of students in a cohort, it is likely that students interact with the

majority of their peers.23

Finally, Panel C of Table 2 provides an overview of other characteristics of individuals

in our sample. Eighteen percent of students discontinue education at the end of compul-

sory school and 40 percent obtain a university degree. The share of students completing

upper secondary academic education after compulsory schooling closely matches the share

21This is in line with the national entrepreneurship data from OECD (2021). Note that, because
our panel is not perfectly balanced (as shown in Appendix Figure A1), the average value of “Ever
entrepreneur” is slightly lower than that of “Ever entrepreneur by age 40”.

22A detailed explanation of how the variable is constructed is provided in Section 3.
23Note that we do not have data on the division of students into specific classes. However, for our

empirical strategy, defining peers based on cohorts rather than classes is preferable, as class assignments
within a cohort may be influenced by parental preferences.

9



of students completing vocational education, with boys (girls) being significantly more

likely to opt for vocational (academic) education.

2.3.2 Entrepreneurs sample

Panel A of Table 3 reports descriptive statistics for the individuals that ever entered

entrepreneurship during our sample period, and separately for men and women. Twenty-

two percent of individuals pursuing entrepreneurship as a career have at least one parent

who is an entrepreneur, and male entrepreneurs are more likely than female entrepreneurs

to have entrepreneur parents. Note that these shares are approximately twice as large as

those obtained for the overall sample shown in Panel C of Table 2, in line with the fact

that having entrepreneur parents has a large positive e↵ect on an individual’s likelihood

of pursuing entrepreneurship. While the share of entrepreneurs discontinuing education

at the end of compulsory school is similar to that observed in the overall sample (see

Table 2), entrepreneurs are more likely to enroll into and complete vocational education.

In particular, among the di↵erent educational paths, the vocational track is the most

conducive to entrepreneurship, with almost 64 percent of male entrepreneurs and 56.5

percent of female entrepreneurs completing this education. For both men and women, the

average age at first entry into entrepreneurship is around 31 and, during the time spent

in this profession, men and women lead between 1.30 and 1.22 entrepreneurial firms, the

majority of which are unincorporated.24

Panel B of Table 3 reports descriptive statistics for firms created by entrepreneurs in

our sample. We first note that entrepreneurial firms are present across all industries and

represent 38 percent of all firms active over our sample period (see Panel (a) of Figure

1). Although these firms tend to be small, they employ almost 16 percent of the Danish

workforce, therefore representing a substantial source of job creation (see Panel (b) of

Figure 1). Firms owned by men and women are concentrated in di↵erent sectors, with

female-led firms primarily found in healthcare, hospitality, and other services, while male-

led firms dominate industries such as construction and manufacturing.25 These sectoral

di↵erences are mirrored in their employment patterns (see Panel (c) and (d) of Figure

1). The average entrepreneurial firm in our sample employs 5.1 workers and survives

for 3.7 years, with male-led firms being larger and surviving for longer than female-led

firms.26 The average tenure and full-time earnings of workers employed in entrepreneurial

firms are 2.1 years and DKK 195,664 respectively, with average earnings being higher in

male-led firms.27 Finally, the table reveals that female-led entrepreneurial firms could be

24Note that we cannot compare the earnings of entrepreneurs with those of non-entrepreneurs, as the
earnings measure for owners of unincorporated firms includes their businesses’ profits and losses. This
makes direct comparisons challenging for the majority of entrepreneurs in our sample.

25“Other services” includes both industries R and S in the NACE classification, corresponding to
“Arts, entertainment and Recreation” and “Other service activities”, respectively.

26For each entrepreneur, we define their firm’s survival as the number of years the firm survives
conditional on the entrepreneur being in the firm. Relaxing this condition does not a↵ect our analysis.

27Using December 2024 exchange rate, 195,664 DKK corresponds to approximately 27,559 USD. The
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regarded as more female-friendly, given that they employ a much higher share of women

and employees working part-time. The di↵erences in workforce composition between

male and female-led firms suggest that increasing female entrepreneurship through early

exposure could impact the diversity and inclusivity of job opportunities available in the

economy, something we investigate in more detail in Section 5.2.

3 Empirical strategy

The main challenge in identifying the e↵ect of early exposure to entrepreneurs on individ-

uals’ career trajectories is that sorting of individuals into environments characterized by

di↵erent levels of exposure is unlikely to be random and could correlate with adolescents’

background characteristics and propensity to become entrepreneurs. The ideal experi-

ment to identify the impact of early exposure on individual outcomes would randomize

adolescents’ exposure to entrepreneurs and identify its e↵ect by comparing the outcomes

of individuals with di↵erent levels of early exposure in the subsequent years. We approx-

imate this experiment by exploiting within-school across-cohort variation in adolescents’

exposure to entrepreneurship, as measured by the share of their peers whose parents are

entrepreneurs. Intuitively, we compare the probability of becoming an entrepreneur for

two students selecting into the same school – thus living in the same neighborhood and

exposed to the same overall environment – but belonging to di↵erent cohorts, such that

one student is exposed to more peers with entrepreneur parents than the other.

This strategy, which allows for endogenous selection into schools, has been used in

various settings to isolate quasi-random variation in peers’ characteristics (e.g., Lavy and

Schlosser, 2011; Angrist and Lang, 2004; Hoxby, 2000). In our context, the key identifying

assumption for this strategy to yield causal estimates is that variation in the composition

of parental occupations across cohorts within a particular school is quasi-random. As

parents are presumably unaware of the degree of within-school variation in the share of

students with entrepreneur parents in their children’s cohort, they are unlikely to consider

this factor when enrolling them into a particular school. We provide evidence in favor of

this assumption in Section 3.2.

3.1 Regression Models

To identify the impact of early exposure to entrepreneurs on students’ probability to

pursue entrepreneurship as a career in adulthood, we estimate the following age-specific

regression separately for boys and girls from age 18 to 40:

Yi(sc),a = �
a
1Entrepr�i,sc + �

a
2Parenti(sc) + �

a
s + �

a
m,c + ✓

a
Xi + ⌘

a
Zsc + ✏i(sc),a (1)

corresponding amount for employees in non-entrepreneurial firms is slightly higher and equal to 215,523
DKK or 30,357 USD.
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where Yi(sc),a is the outcome of individual i, who attended school s in cohort c, measured

at age a. Our two main outcomes of interest are an indicator equal to 1 if i has entered

entrepreneurship by age a and the total number of years spent in entrepreneurship by

age a. Entrepr�i,sc is the share of peers with at least one parent who spends time in

entrepreneurship during the exposure period (Parenti(sc) = 1), defined using the leave-

one-out strategy standard in the peer e↵ects literature:

Entrepr�i,sc =

P
k 6=i2(sc) Parentk(sc)

nsc � 1

Thus, for each individual i, the term Entrepr�i,sc represents the share of students in

the same school and cohort as i, who have at least one entrepreneur parent, excluding

individual i from the calculation. To address the mechanical negative correlation between

the share of peers whose parents are entrepreneur and own parent’s entrepreneurial status

(see Angrist, 2014, for a discussion), while also accounting for the high intergenerational

transmission of entrepreneurship (Lindquist et al., 2015; Sørensen, 2007b; Dunn and

Holtz-Eakin, 2000), we also condition on own parent’s entrepreneurial status, through

the Parenti(sc) dummy.

The coe�cients �
a
s and �

a
m,c denote school and municipality-by-cohort fixed e↵ects,

respectively. The school fixed e↵ects account for school characteristics that are constant

across cohorts, such as whether the school tends to be attended by students with specific

set of background characteristics. The municipality-by-cohort fixed e↵ects account for

confounding factors a↵ecting all individuals within the same small geographical area and

cohort, such as some municipalities becoming more attractive to entrepreneurs over time,

or other localized economic shocks.28 Finally, we condition on a vector of individual

level controls, Xi, and a vector of other peer characteristics, Zsc to increase precision and

isolate the e↵ects of interest.29 Finally, and we cluster standard errors at the school level

to account for potential correlation in students’ outcomes within schools.

The main parameters of interest are the �
a
1
coe�cients, which capture the change in

Y associated with the share of peers with entrepreneur parents increasing from zero to

one. These estimates are causal under the assumption that within-school across-cohort

variation in the share of peers with entrepreneur parents is as good as random. We

28Information on the number and size of municipalities in Denmark is reported in Appendix C. To
address the possibility that municipality-year fixed e↵ects may not fully capture localized trends in larger
areas, in Section 4.1, we show that our results hold even after excluding the 30 largest municipalities or
accounting for school-specific trends.

29We discuss more at length the role of controls in the next Section. The vector Xi includes age,
an indicator for living with only one parent, first- and second-generation immigrant status, parents’
income and age, parental unemployment and home-ownership indicators, and parents’ highest education
level (upper secondary academic, upper secondary vocational, higher education), all computed at the
beginning of the exposure period. The vector Zsc includes cohort size, the share of female peers, the share
of first- and second-generation immigrant peers, average parental income of peers, and the share of peers
with parents who are unemployed, homeowners, or whose highest education level is upper secondary
academic, upper secondary vocational, or higher education. All peer characteristics are calculated in the
same leave-one-out manner as Entrepr�i,sc.
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provide evidence in favor of this assumption in Section 3.2.

We further estimate specifications that allow for a di↵erent e↵ect of early exposure

to entrepreneurs, according to the gender of the peers through which exposure arises.30

There are at least two reasons why peers’ gender could matter in our context. First,

insights from psychology suggest that boys and girls tend to interact more frequently with

same-sex peers than with those of the opposite sex, particularly during adolescence (see

Rubin et al., 2015; Rose and Rudolph, 2006, for reviews). Second, boys and girls develop

di↵erent types of relationships with their friends: while friendships among girls typically

revolve around conversations and sharing of information, friendships among boys tend

to be focused on activities done together (Perry and Pauletti, 2011; Rose and Rudolph,

2006; Underwood, 2004; Aukett et al., 1988). Thus, if the impact of early exposure is

influenced by the frequency and type of interactions, it is reasonable to hypothesize that

the e↵ect of exposure varies by the gender of the peers through which exposure arises.

We investigate this hypothesis by estimating the following age-specific regression sep-

arately for male and female students in our sample:

Yi(sc),a =�
a
1Entrepr

FP
�i,sc + �

a
2Entrepr

MP
�i,sc + �

a
3Parenti(sc)

+ �̄
s
s + �̄

a
m,c + ✓̄

a
Xi + ⌘̄

a
Zsc + ei(sc),a (2)

where Entrepr
FP
�i,sc and Entrepr

MP
�i,sc denote the share of female and male peers with at

least one parent observed as an entrepreneur during the exposure period, respectively; and

all other terms are defined as in equation (1). Similar to equation (1), both Entrepr
FP
�i,sc

and Entrepr
MP
�i,sc are constructed as the leave-one-out distribution of students with an

entrepreneur parent belonging to a specific gender, school and cohort:

Entrepr
FP
�i,sc =

P
k 6=i2(sc) ParentFk(sc)

nF
sc�1

for girls; Entrepr
FP
�i,sc =

P
k2(sc) ParentFk(sc)

nF
sc

for boys

Entrepr
MP
�i,sc =

P
k2(sc) ParentMk(sc)

nM
sc

for girls; Entrepr
MP
�i,sc =

P
k 6=i2(sc) ParentMk(sc)

nM
sc�1

for boys

Under the assumptions tested in the next Section, �a
1
and �

a
2
identify the causal e↵ect of

exposure to a larger share of female and male peers with entrepreneur parents respectively,

on the outcome of interest.

3.2 Support to the identification strategy

In this Section, we discuss the empirical tests we perform to lend support to the validity

of our identification strategy and the proposed interpretation of the results.31

30In our analysis of mechanisms, we further investigate whether the e↵ect of exposure depends on the
gender of the entrepreneur parent (see Section 6).

31In the main text we discuss the results obtained when considering variation in the overall share of
peers with entrepreneur parents. Results obtained when separating between the share of male and female
peers with entrepreneur parents are reported in Appendix Tables A2, A3, and A4 and are consistent
with those described in this Section.
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Residual Variation: A first-order concern for our ability to obtain precise estimates

using our identification strategy is whether we have su�cient variation in the share of

peers with entrepreneur parents once we condition on school and municipality-by-cohort

fixed e↵ects. Appendix Table A1 reports variation in the share of peers with entrepreneur

parents with and without conditioning on our set of fixed e↵ects. Conditioning on school

and municipality-by-cohort fixed e↵ects reduces the standard deviation in the share of

peers with entrepreneur parents by 41 percent, from 7.1 percent to 4.2 percent. This

residual variation is in line with other studies exploiting within-school across-cohorts

variation (e.g. Olivetti et al., 2020; Bifulco et al., 2011), and is su�cient to obtain precise

estimates as our results presented later will document.

Quasi-random variation: As discussed, a causal interpretation of our estimates

rests on the assumption that within-school across-cohorts variation in the share of peers

with entrepreneur parents results from random fluctuations rather than systematic selec-

tion. We provide evidence in favor of this assumption through two empirical checks.32

First, we investigate whether the residual variation in the share of peers with entrepreneur

parents can be considered “as good as random” after conditioning on school and municipality-

by-cohort fixed e↵ects. Appendix Figure A2 shows that the residuals closely follow a nor-

mal distribution, supporting the hypothesis that, conditional on school and municipality-

by-cohort fixed e↵ects, variation in exposure to peers with entrepreneur parents is as

good as random.

We further test our identifying assumption by regressing a large set of predetermined

student characteristics on the share of peers with entrepreneur parents, own parents’ en-

trepreneurial status, and school and municipality-by-cohort fixed e↵ects. We display the

results in Table 4: all estimates are small in magnitude and none of them are signifi-

cantly di↵erent from zero at conventional levels. The evidence from these balancing tests

mitigates concerns regarding the possibility that, within a school, students sort across

cohorts in a way that correlates with our exposure measure.33

Correlated E↵ects: Because of the quasi-random fluctuations in the share of peers

with entrepreneur parents, the parameter of interest, �
a
1
has a causal interpretation.

However, there remains a final concern in interpreting �
a
1
as solely reflecting the e↵ect

of exposure to more entrepreneurs during adolescence: if the cohorts with a higher pro-

portion of peers with entrepreneur parents also di↵er in other aspects, then �
a
1
might

capture not only the influence of entrepreneurial exposure but also the e↵ects of other

32Similar tests have been used to test for selection on observables in previous papers exploiting id-
iosyncratic within-school across-cohort variation (e.g. Olivetti et al., 2020; Lavy and Schlosser, 2011;
Bifulco et al., 2011).

33We also conduct a test proposed by Oster (2019) to assess how important unobservable character-
istics would have to be relative to observable characteristics to explain away our estimated e↵ects. The
results are in line with the evidence presented in this Section, providing further support to the assump-
tion that our estimates are not significantly a↵ected by the presence of unobservables (see discussion in
Section 4.1 and estimates reported in Appendix Table A10).
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parental characteristics that correlate with both our exposure measure and the outcomes

considered (i.e., correlated e↵ects, as discussed in Manski, 1993).

We investigate how the share of entrepreneur parents correlates with other parental

characteristics at the cohort level, conditional on school and municipality-by-cohort fixed

e↵ects and show the results in Table 5. We find that cohorts with a higher share of

entrepreneur parents are characterized by a higher share of parents with vocational and

higher education, a higher share of parents who are homeowners, parents with higher in-

come, and a lower share of parents who are unemployed. Instead, the relationship between

the share of peers with entrepreneur parents and the share of parents who are immigrants,

who have secondary academic education, or parents’ average age are either insignificant

or very small in magnitude. To isolate the e↵ect of early exposure to entrepreneurs from

other potentially correlated characteristics, we condition on all the parental characteris-

tics analyzed in Table 5 in our baseline regressions (included in Zsc). Importantly, when

we present our results we also show that our estimates are not a↵ected by whether these

parental characteristics are included. This consistency supports the interpretation that

exposure to entrepreneurs has an independent e↵ect on our outcomes of interest, rather

than simply reflecting the influence of correlated parental characteristics that might a↵ect

our outcomes of interest.

In addition, when we investigate whether the e↵ect of exposure to entrepreneurs

depends on the gender of the peers through which exposure arises, we can estimate

specifications where we compare students who are exposed to the same share of peers

with entrepreneur parents, but for whom the gender composition of their peers varies

(see Section 4.1). This approach e↵ectively addresses the potential concern of endoge-

nous selection into cohorts and the potential confounding e↵ects arising from correlated

characteristics at the cohort level, thereby substantiating the validity of our proposed

interpretation of the coe�cients of interest.

4 Early exposure and female entrepreneurship

We first investigate the e↵ect of early exposure to entrepreneurs on the likelihood of spend-

ing any time in entrepreneurship, as well as the number of years spent in entrepreneurship.

Figure 2 plots estimates of �a
1
from estimating Equation (1) and estimates of �a

1
and �

a
2

from estimating Equation (2) for women, while estimates for men are shown in Figure 3.

In both Figures, the dependent variable is a dummy equal to one if the individual has

entered entrepreneurship by age a in Panels (a) and (b), and the number of years spent

in entrepreneurship by age a in Panels (c) and (d). To ease interpretation, coe�cients

are rescaled to reflect the e↵ect of increasing exposure by the interquartile range (IQR)

of the exposure distribution, in percent of the mean of the dependent variable.34 Thus,

34Without this adjustment, the coe�cients would capture the change in the outcome when the pro-
portion of peers with entrepreneur parents moves from zero to one, which is less meaningful for inter-
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the y-axis plots the percentage change in the outcome of interest resulting from moving

students from a cohort with relatively low exposure to one with relatively high exposure.

Panel (a) of Figure 2 shows that a higher share of peers with entrepreneur parents

increases women’s probability of entering entrepreneurship already from their early 20s.

While the estimated e↵ects become less precise at older ages, the positive e↵ect of ex-

posure on women’s propensity to enter entrepreneurship appears to be persistent. In

line with the hypothesis presented in Section 3.1, Panel (b) highlights the presence of

gender-specific peer e↵ects for women. Specifically, it shows that the average e↵ects

shown in Panel (a) is entirely attributable to variations in the share of female peers with

entrepreneur parents. A larger share of male peers with entrepreneur parents, on the

contrary, has no e↵ect on women’s future entrepreneurship. The positive e↵ect driven by

variations in the share of female peers with entrepreneur parents kicks in when girls are

in their early 20s and persists thereafter.

These e↵ects are estimated while controlling for a rich set of individual and peer

characteristics, as detailed in equations (1) and (2). Appendix Table A5 shows that the

inclusion of these controls leaves virtually unchanged the estimated e↵ect of early expo-

sure to entrepreneurship. This supports both the validity of our identification strategy

and the interpretation of our results. Indeed, it first provides evidence against selection

bias arising from unobservable characteristics, supporting our identifying assumption that

within-school variation in early exposure is as good as random. Second, it demonstrates

that the estimated e↵ects of early exposure are not driven by confounding factors, such

as peers’ or parental characteristics correlated with such exposure, ensuring that the

observed e↵ects can be attributed to early exposure itself.

In terms of magnitudes, our estimates imply that women who were enrolled in cohorts

at the 75th percentile of the exposure distribution are 4 percent more likely to become

entrepreneurs by their mid-30s than women enrolled in cohorts at the 25th percentile of

the exposure distribution.35 To provide a benchmark for these magnitudes, we compare

our estimates to the e↵ect of having a parent who is an entrepreneur, a factor that has

been shown to have a strong influence on an individual’s decision to pursue a career in

entrepreneurship (see Parker, 2018). Consistent with prior evidence, we find that hav-

ing an entrepreneur parent increases girls’ probability of becoming entrepreneurs by age

35 by as much as 59.3 percent. Thus, the e↵ects we estimate correspond to 6.5 per-

cent of the increased propensity to enter entrepreneurship associated with having an en-

trepreneur parent. Considering the substantial influence of own parents’ entrepreneurial

status, this benchmarking exercise emphasizes the significant role that early exposure to

pretation. Cohorts at the 25th percentile of the exposure distribution have 6.4 percent of students with
entrepreneur parents, while cohort at the 75th percentile have 15.8 percent of students with entrepreneur
parents. Thus, the IQR corresponds to increasing exposure by 9.4 percentage points.

35The IQR in the distribution of the share of female and male peers with entrepreneur parents are
both equal to 11.4 percentage points. Appendix Tables A6 shows the raw coe�cients at age 25, 30, 35,
and 40.
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entrepreneurs can play in fostering female entrepreneurship.

As we are interested in examining not only the entry of women into entrepreneurship

but also their tenure in this occupation, we turn to investigate the persistence of pre-

viously documented e↵ects by estimating how early exposure influences the number of

years women spend in entrepreneurship by a specific age. We show the results in Panels

(c) and (d) of Figure 2. In line with the evidence presented in Panels (a) and (b), Panels

(c) and (d) show that early exposure to entrepreneurs significantly increases the number

of years women spend in entrepreneurship (Panel c), and that this e↵ect is entirely driven

by exposure to entrepreneurship through female peers (Panel d). In terms of magnitudes,

the figure shows that increasing the share of female peers with entrepreneur parents by

the IQR results in a 6.4 percent increase in the number of years spent in entrepreneurship

by age 40 for women.36

We next turn to the e↵ect of early exposure on men in Figure 3. Panel (a) shows

a positive e↵ect of early exposure on men’s probability to enter entrepreneurship which

appears at the end of their 20s but fades away quickly after that. Panel (b) shows

that this pattern holds irrespective of the gender of the peers through which exposure

arises. These results indicate that while men exposed to a higher share of entrepreneurs

during adolescence may enter entrepreneurship a few years earlier, their overall probability

of pursuing entrepreneurship as a career is not significantly a↵ected. In contrast, the

evidence presented in Figure 2 showed that such exposure is key for women, as they would

not have entered this profession otherwise. Furthermore, consistent with the evidence

presented in Panels (a) and (b), the estimates presented in Panels (c) and (d) of Figure 3

show that the number of years men spend in entrepreneurship is una↵ected by the share

of peers with entrepreneur parents, a result that holds regardless of the gender of the

peer through which exposure arises.37

Taken together, these findings have important implications. Existing research in-

dicates that stereotypes and social norms may lead girls to form biased beliefs about

gender-specific roles and careers, deterring them from selecting into environments that

can correct these expectations (Bertrand, 2020; Bordalo et al., 2016; Bertrand, 2011).

Consistent with this, we find that as soon as compulsory school is over, the educational

and labor market choices of women make them less likely than men to be exposed to

entrepreneurship. Specifically, we calculate the average exposure to entrepreneurs in

post-compulsory education and within the workplace, defined as the percentage of in-

dividuals from the same cohort and educational institution or workplace identified as

36To interpret this e↵ect in terms of number of years spent as an entrepreneur, we can rescale the
coe�cients using the previously estimated increase in the number of women who become entrepreneurs
due to early exposure. Based on the estimates obtained at age 40 (see Appendix Table A6), this
rescaling suggests that women who enter entrepreneurship due to early exposure to entrepreneurs spend
approximately 8 years and 3 months in this profession.

37Appendix Table A7 shows the raw coe�cients at age 25, 30, 35, and 40. Note that, similar to
women, the coe�cients estimated for men are also una↵ected by the inclusion of our set of controls.
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entrepreneurs at any time during our sample period.38 The results, presented in Table 1,

reveal that due to di↵erential educational and professional choices taking place after the

end of compulsory school, boys are exposed to between 16 percent and 42 percent more

entrepreneurs than girls.

This disparity may explain why we do not find clear evidence of peer e↵ects for boys,

as having greater exposure to entrepreneurs throughout their lives could reduce the im-

portance of early exposure in influencing their probability of becoming entrepreneurs.

Instead, exposing girls to entrepreneurs before their educational and career trajectories

diverge from that of boys can be instrumental in increasing female entrepreneurship by

acting as an equalizer of opportunities for girls who would have not become familiar

with this profession otherwise. Our results are also consistent with the presence of gen-

der di↵erences in the structure and nature of friendship during adolescence. Existing

research in social psychology highlights that girls tend to privilege emotionally intimate

relationships and show greater orientation towards social and relational aspects of their

environment, while boys tend to form larger friendship groups centered around collective

participation in games and activities (see Rose and Rudolph, 2006, for a review). In line

with these friendship dynamics, recent papers both in social psychology and economics

have found evidence that peers’ influence is strong among girls and more muted among

boys (Aguirre et al., 2021; Mouganie and Wang, 2020; McMillan et al., 2018; Kretschmer

et al., 2018; Fischer, 2017; Haynie et al., 2014; Schneeweis and Zweimüller, 2012; Mercken

et al., 2010).

4.1 Robustness and validation checks

In this section, we assess the robustness of our results and perform additional valida-

tion checks. To prevent duplication in the presentation of robustness tables and figures,

we focus on the impact of early exposure on the total number of years girls spend in

entrepreneurship, as this outcome combines the e↵ects on entry and tenure.39

Cohort size: The increase in women’s probability to enter entrepreneurship due to

higher exposure to female peers with entrepreneur parents is consistent with the notion

that exposure matters through repeated interactions. We further explore this hypothesis

by considering heterogeneity of the e↵ects by the size of an adolescent’s cohort. Assuming

that students in smaller cohorts have more frequent interactions with a larger share of

their peers, we would expect our results to be concentrated in smaller cohorts. Appendix

Table A8 presents estimates separately for girls in large and small cohorts within their

schools, defined by being respectively above and below the average cohort size. In line

38Thus, this measure of exposure includes past, current, and future entrepreneurial status of peers in
the same workplace or educational institution, allowing for a measure of exposure that can be assessed
even at relatively young ages.

39Results on the probability of ever entering entrepreneurship are also robust to the tests discussed
in this Section.
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with the idea that frequent interaction matters for our results, we find that our average

baseline estimates (reported in Panel B of Appendix Table A6) are mostly driven by girls

in smaller cohorts.

Conditioning on overall exposure: Equation (2) exploits within-school across-

cohort variations in the share of male and female peers with entrepreneur parents. In

doing so, this specification also leverages variation in the overall share of peers with

entrepreneur parents for identification. An alternative strategy is to condition on the

overall share of peers with entrepreneur parents at the cohort level, thereby exclusively

exploiting within-school across-cohort variation in the gender composition of such peers.

We thus replicate our analysis by estimating a specification comparing students with

equivalent levels of exposure to peers with entrepreneur parents but who di↵er in their

exposure to female peers with entrepreneur parents. As shown in Appendix Figure A3,

our findings are robust to this alternative specification, with estimates that are quantita-

tively similar to those of our baseline analysis. Such similarity lends further support to

the validity of our empirical strategy, as it alleviates concerns about the possibility that

students within a school sort across cohorts in a way that correlates with our exposure

measure, while also mitigating concerns about potential confounding e↵ects arising from

correlated di↵erences in parental characteristics at the cohort level.

Measure of entrepreneurship: While we believe that our definition of entrepreneurs

is the most appropriate, we also show in Panel A of Appendix Table A9 that our results

are robust to an alternative definition that includes the self-employed (defined as owners

of businesses without employees). The e↵ects estimated using this broader definition are

similar to our main estimates, and if anything, tend to be larger and more precisely esti-

mated, consistent with the fact that this is a less restrictive measure of entrepreneurship.

Local trends: Our main specification includes municipality-by-cohort fixed e↵ects,

accounting for confounding factors that a↵ect all individuals within the same munici-

pality and cohort. The highly granular municipality codes in the registry data allow

us to control for localized shocks at a fine geographical level. For instance, these codes

distinguish between closely situated areas within large cities, ensuring that the munici-

pality of Copenhagen is treated separately from the surrounding areas within the greater

Copenhagen commuter belt. However, this still leaves us with a few relatively large

municipalities. For example, at the beginning of our sample period, the two largest

municipalities in Denmark, Copenhagen and Aarhus, had populations of 493,000 and

245,000, respectively. Since municipality-by-cohort fixed e↵ects may not fully capture

localized trends within larger municipalities, we address this concern and demonstrate

the robustness of our results in two ways. First, we replicate the analysis after excluding

the 30 largest municipalities.40 Panel B of Appendix Table A9 shows that our findings

40In this sample of smaller municipalities, the average population is just 11,152, and even the largest
municipality, Køge, has a population of only 34,511.
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remain robust in this sample of smaller municipalities. Second, to rule out that trends

at the school level could potentially bias our results, as a further robustness check we

include in our baseline specification school-specific linear trends in addition to our set of

baseline controls. The estimates from this specification, shown in Panel C of Appendix

Table A9, remain large and statistically significant at the 5 percent level.

Spillovers across cohort: Our main specification exploits variation within schools

across cohorts, assuming therefore that variation in the share of peers with entrepreneur

parents in adjacent cohorts have no e↵ect on students’ propensity to become entrepreneurs.

However, if students frequently interact with peers from adjacent cohorts, the share of

peers with entrepreneur parents in these cohorts may also influence the decision to become

an entrepreneur. We test for this by adding the share of female peers with entrepreneur

parents in the previous and subsequent cohorts as additional regressors. The estimates,

reported in Panel D of Appendix Table A9, show that none of the adjacent cohorts have

a significant impact on the number of years spent in entrepreneurship for women, sug-

gesting that it is su�cient to focus on the e↵ects of peers within the same cohort, as we

do in our main specification.

Selection-on-unobservables: The balancing tests in Table 4 suggest that, within

a school, students do not sort across cohorts in a way that correlates with our exposure

measure. Consequently, it is unlikely that unobserved characteristics correlated both with

the propensity to become an entrepreneur and with variation in our exposure measure are

the main drivers of our results. This is also confirmed by the results in Appendix Table A5

(column (3)), which shows that our estimates are not sensitive to the inclusion of this set

of peers’ characteristics. Nevertheless, we conduct a test suggested by Oster (2019) that

allows for an assessment of how important unobservable characteristics would have to be

relative to observable characteristics to explain away the estimated e↵ect, a parameter

we refer to as � following the notation in Oster (2019). Oster argues that a value of � of

at least one suggests that the true estimate is bounded away from zero, even in the case

where all unobservable and observable characteristics of importance were included in the

specification. The test studies the stability of the coe�cient on the exposure variables

and changes to the R2 when observable control variables are included in the specification.

The intuition is that if the exploited variation in early exposure to entrepreneurship is

indeed as good as random, then the inclusion of control variables should not a↵ect the

estimated e↵ect of early exposure on subsequent outcomes. We care about changes to the

R
2 associated with the inclusion of control variables, because this tells us something about

the importance of the included controls in explaining the outcome of interest. The test

requires an assumption about the value of R2 in a hypothetical specification that includes

all observable and unobservable characteristics in a regression (R2

max). Following Oster

(2019) we set R2

max equal to 1.3 times the R2 from a specification that includes all observed

controls. Appendix Table A10 shows that the estimated � is always numerically larger

than 1, reinforcing our earlier evidence that unobservable characteristics are unlikely to
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substantially influence our estimates.

High-achieving peers: Appendix Table A5 shows that our estimates are not a↵ected

by the inclusion of additional parental characteristics measured at the cohort level, such

as parents’ education and economic status. This supports the view that exposure to

entrepreneurs has an independent e↵ect on our outcomes of interest, i.e. an e↵ect that is

not simply due to cohorts with more entrepreneurs also having parents who are generally

more successful (e.g., higher education levels or lower unemployment rates). Still, one

might worry that exposure to peers with entrepreneurial parents inadvertently reflects

exposure to ambitious and high-achieving peers more broadly. For instance, if exposure

to high-achieving peers makes girls more ambitious, and if more ambitious girls are more

likely to start a firm, the observed increase in female entrepreneurship could stem from

exposure to higher-achieving peers rather than from exposure to entrepreneurs. To further

address this concern, we use two proxies for high-achieving peers: those whose parents are

employed as managers, and those whose parents hold higher education degrees. We find

no evidence that exposure to high-achieving peers per se a↵ects the number of years spent

in entrepreneurship (see Appendix Table A11). These results therefore confirm that the

observed e↵ects are driven by exposure to peers with entrepreneur parents specifically,

and not by exposure to high-achieving peers more broadly.

Placebo tests: We also conduct a series of placebo tests, where we randomly assign

children in our estimation sample to di↵erent cohorts within their own school and munic-

ipality, reconstruct our exposure measures on these randomized students, and re-estimate

our main specification. We conduct this exercise 1000 times and show the distribution

of the estimated e↵ect of exposure through female peers on the years women spent in

entrepreneurship in Appendix Figure A4. Panel (a) shows that the placebo estimates are

centered around zero, and that only 0.4 to 1.7 percent of the placebo estimates are more

extreme than our baseline estimates (see Panel (b)). These tests lend further credibility

to our baseline estimates not simply arising through spurious correlations.

5 Early exposure and allocative e�ciency

Our baseline results point to early exposure to entrepreneurs as a way of promoting fe-

male entrepreneurship. This finding is important in its own right if we aim to increase the

low rates of female entrepreneurship observed across all developed countries. However,

whether steering women into entrepreneurship through early exposure entails a more

e�cient allocation of talent remains unclear. Answering this question requires both un-

derstanding whether early exposure leads to the entry of women who can start successful

businesses and identifying what their counterfactual trajectories would have been had

they not become entrepreneurs. We address these questions next.
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5.1 Women’s counterfactual outcomes

We first investigate how early exposure to entrepreneurs impacts the educational and

professional trajectories of girls.41 This analysis allows us to estimate both the private

returns of early exposure to entrepreneurs for women in terms of their educational and

professional attainments, as well as to shed light on aspects of the social returns associated

with reallocating these women to entrepreneurship through early exposure. Indeed, both

the private and the social returns associated with steering women into entrepreneurship

can greatly vary depending on whether we are redirecting women from low- or high-impact

careers.

5.1.1 Educational and career trajectories

We start by investigating whether women who were exposed to a higher share of female

peers with entrepreneur parents make di↵erent educational choices at the end of compul-

sory school. Specifically, we analyze the e↵ect of exposure on the probability of pursuing

one of the three possible paths students can take after the end of compulsory schooling:

(i) discontinuing education; (ii) completing upper secondary vocational education; (iii)

completing upper secondary academic education.42

Table 6 shows that exposure to a higher share of female peers with entrepreneur

parents significantly increases girls’ probability of enrolling in and completing upper-

secondary vocational education. This increase is almost entirely driven by a reduction in

girls’ propensity to discontinue education after compulsory schooling, while we find no

significant e↵ects of early exposure on girls’ probability of enrolling in upper-secondary

academic schooling. Because vocational education is both conducive to entrepreneurship

and less common among women (see Table 3 and Table 2, respectively), these results

suggest that exposing women to entrepreneurship before they make educational choices

that are di�cult to reverse could be instrumental in fostering entrepreneurship among

women. We discuss and validate this interpretation of these results in several ways in the

following subsection.

We next investigate the impact of early exposure to entrepreneurship on women’s

careers. To do so, we analyze how the increase in women’s tenure into entrepreneurship

relates to changes in the number of years women spend between ages 18 and 40 being

(i) employed as wage earners; (ii) unemployed; (iii) outside the labor force; (iv) self-

41We perform these analyses on a balanced sample of individuals observed each year between age 18
and 40. This ensures that the estimated e↵ects of exposure on mutually exclusive educational and profes-
sional categories add up to zero. Results are quantitatively and qualitatively similar if we use the overall
sample. Importantly, estimates of the e↵ect of exposure on the probability to enter entrepreneurship and
number of years spent in entrepreneurship are virtually the same when using the balanced sample (see
column (1) of Table 7 versus column (4) in Panel B of Appendix Table A6).

42Appendix C provides more details on the Danish educational system. To allow for enough time for
students to make and complete their educational choices after finishing compulsory school, we measure
the educational outcomes mentioned above 10 years later.
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employed; (v) being employed as contributing family workers.43

The results, presented in Table 7, show that the increased number of years women

spent in entrepreneurship due to early exposure (Column 1) is not associated with a

reduction in the number of years spent being self-employed, unemployed, outside the

labor force, or working as an employed spouse (see Columns 2-5). Notably, the small and

insignificant e↵ect of early exposure to entrepreneurs on the number of years women spend

in self-employment implies that early exposure does not simply convert women from being

business owners without employees to business owners with employees. Instead, it implies

that the labor market profile of women who become entrepreneurs due to early exposure

would have been very di↵erent from entrepreneurship. In particular, the results shown in

Column 6 suggest that absent early exposure women would have been employed as wage

earners, although these estimates are imprecise. To shed more light on this result, we

di↵erentiate between the e↵ects of early exposure on the number of years spent in high-

and low-paying employment (Columns 7 and 8). We classify employment as high-paying

if earnings are above the age- and gender-specific median, and as low-paying if earnings

are below this median.44 Column 8 shows that early exposure steers women away from

low-paid employment.

Taken together, our results not only indicate that women could benefit from early

exposure by acquiring more years of education and transitioning away from lower-paying

positions, but also that promoting female entrepreneurship through early exposure is un-

likely to come at the cost of diverting women away from high-impact careers. This high-

lights the potential advantages of steering women into entrepreneurship, which we further

explore in Section 5.2 by investigating whether the increase in female entrepreneurship

driven by early exposure is associated with the creation of successful businesses.

5.1.2 Discussion of the results

Early vs late exposure: We validate the interpretation that the observed impact on

women’s educational and career outcomes stems from early exposure to entrepreneurs,

rather than from peer influence exerted later in life, in several ways. First, the documented

changes in educational trajectories occur immediately after compulsory schooling, point-

ing to a direct e↵ect of early exposure. This timing suggests that the increase in female

entrepreneurship cannot be fully attributed to peer e↵ects occurring at a later stage, such

as subsequent interactions with the female peers from compulsory school whose parents

were entrepreneurs. Consistent with this interpretation, we do not find evidence in sup-

port of girls’ attending the same school as their former female peers with entrepreneur

parents, as the estimates presented in the last row of Table 6 imply that daughters of

43These categories correspond to the ILO classification of Status in Employment. See https://
ilostat.ilo.org/resources/concepts-and-definitions/classification-status-at-work/.

44As we explain in the footnote of Table 7, the coe�cients shown in Column 7 and 8 need to sum up
to the coe�cient shown in Column 6.

23

https://ilostat.ilo.org/resources/concepts-and-definitions/classification-status-at-work/
https://ilostat.ilo.org/resources/concepts-and-definitions/classification-status-at-work/


entrepreneurs are more likely to enroll in upper-secondary academic education, rather

than in vocational tracks. Furthermore, when we restrict our sample to women who have

moved away from the municipality where they completed compulsory schooling – and

are therefore less likely to maintain connections with their school peers – the estimated

e↵ects remain similar (see Appendix Table A12).45 While we do not rule out the possibil-

ity of subsequent interactions with such peers, these results highlight that early exposure

has a direct e↵ect on girls’ subsequent trajectories, and emphasize the importance of ex-

posing girls to entrepreneurship before they make key educational choices to foster their

participation in this profession. To support this argument, Appendix Figure A5 shows

that most of the estimated e↵ects of early exposure to entrepreneurship on time spent

in this profession (45%-57%) can be attributed to women who enroll in upper-secondary

vocational education after compulsory schooling.46 Together, this analysis indicates that

the changes to the educational trajectories of women due to early exposure are important

drivers for their increased presence in entrepreneurship.

Confounding factors: Secondly, we confirm that our results on educational and

career trajectories are not driven by confounding factors that correlate with greater ex-

posure to entrepreneurs. Specifically, we can rule out that the increase in girls’ probability

of completing vocational education is driven by exposure to peers whose parents have vo-

cational education, rather than to peers whose parents are entrepreneurs. This is due to

the fact that we control for the type and level of education of peers’ parents in all our

regressions (see Section 3 for our full list of controls). An additional potential concern

is that the observed e↵ects on girls’ educational and career choices might be driven by

exposure to higher-achieving female peers more broadly, rather than specifically by ex-

posure to female peers with entrepreneur parents. We have already shown in Section 4.1

that exposure to high-achieving female peers per se does not influence women’s career

paths within entrepreneurship. We now complement this robustness check by investigat-

ing whether this also holds for their educational choices. In particular, high-achieving

girls could improve the educational outcomes of their female peers by reducing school

discontinuation rates. This could, in turn, lead girls to pursue the next most accessible

educational path, such as the secondary vocational track, ultimately improving job out-

comes in adulthood. To test this hypothesis, we use the same proxies for high-achieving

peers as in Appendix Table A11. The results, reported in Appendix Table A13, indicate

45Note that we find no significant relationship between early exposure and the probability of mov-
ing to a di↵erent municipality. Consequently, the estimates for this mover sample still have a causal
interpretation.

46We obtain these numbers by decomposing the overall e↵ect of early exposure to entrepreneurship
on the number of years spent in this profession into the shares attributable to three groups: women
who enroll in upper-secondary vocational education, women who enroll in upper-secondary academic
education, and women who discontinue their education after compulsory schooling. Specifically, we
estimate separate regressions of the same form as Equation (2), where the dependent variable is the
number of years an individual has spent in entrepreneurship at a given age interacted with an indicator
for the type of education they pursue after completing compulsory schooling.
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that this explanation is not supported by the data. In particular, while we find, consis-

tent with previous work, that high-achieving female peers can improve girls’ educational

outcomes, these e↵ects do not operate through changes in the likelihood of girls enrolling

in vocational tracks. As such, they cannot explain the observed increase in vocational

education documented in Table 6.

5.1.3 Marriage and fertility outcomes

We complete the analysis on women’s counterfactual choices by investigating whether

early exposure to entrepreneurs during adolescence influences women’s marriage and fer-

tility outcomes later in life. A growing literature emphasizes how women’s labor market

engagement impacts these personal outcomes (see e.g. Bertrand et al., 2021; Petrongolo

and Ronchi, 2020; Adda et al., 2017; Blau et al., 2000). This suggests that, by influenc-

ing women’s educational and career trajectories, early exposure to entrepreneurs could

potentially also impact their fertility and marriage rates. We explore this possibility by

estimating the e↵ects of early exposure on women’s probability of having children, the

total number of children, the age at first birth among those with children, and the prob-

ability of having ever married. We measure all outcomes at age 40, when most women

have completed their fertility, and show the results in Table 8. We find little evidence

of any strong impacts of early exposure to entrepreneurs on the fertility and marriage

outcomes of women in our sample.47

5.2 Firm Performance

To better understand whether steering women into entrepreneurship via early exposure

entails an e�cient reallocation of talent, we complement the analysis presented in Section

5.1 by investigating if the increase in the stock of female entrepreneurs documented in our

baseline results leads to the creation of successful businesses. The answer to this question

is ex-ante ambiguous: if gender-specific barriers keep talented female entrepreneurs from

entering and thriving in this profession, lowering such barriers through early exposure

could foster the creation of successful businesses. However, if early exposure lowers the

cost of entering entrepreneurship for women who do not have a comparative advantage

in this profession, which requires a specific set of skills and abilities (Lazear, 2004), it

could lead to the creation of unproductive firms. To answer this question, we use the

cumulative number of jobs created by each entrepreneur as a measure of entrepreneurial

success. This metric combines two widely used measures of firm performance in the

entrepreneurship literature (e.g. Hacamo and Kleiner 2024, 2022; Hombert et al. 2020;

Nanda and Sørensen 2010): the size of the firm, as measured by the number of employees,

47We find a significant e↵ect of early exposure through male peers on women’s probability of marrying.
However, this e↵ect is very small, implying that increasing exposure to male peers with entrepreneur
parents with the IQR increases women’s probability to marry by just 0.6 percent.
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and the number of years the firm survives in the market.48

We then estimate regressions of the same form as Equation (2), where the dependent

variable is the cumulative number of jobs created by woman i as an entrepreneur by age

a.49 Because variation in the share of peers with entrepreneur parents is conditionally

random (see Section 3.2), these reduced form estimates, which are measured at ages 25,

30, 35, and 40, have a causal interpretation. The estimated e↵ects of early exposure on

the cumulative number of jobs created by women are reported in Panel A of Table 9 and

indicate that increasing early exposure to entrepreneurs through female peers by the IQR

increases the cumulative number of jobs created by women between age 18 and 40 by 12

percent relative to the mean (see Column 4). These estimates are highly policy-relevant.

Taken at face value and abstracting from general equilibrium e↵ects, they suggest that

increasing early exposure to entrepreneurs by the IQR would increase the cumulative

number of jobs created by female entrepreneurs by 27,590 at age 40.50 This corresponds

to a nearly 3 percent increase in the total number of jobs created by entrepreneurs over

our sample period. Another potential reason to promote female entrepreneurship is the

impact it could have on the composition of jobs available in the economy. Female-led

entrepreneur firms tend to employ more women and o↵er more flexible positions (see

Table 3). Consequently, increasing female entrepreneurship through early exposure may

enhance job diversity and inclusivity by creating more female-friendly firms. In line with

this, we find that 68% of the jobs created through early exposure to entrepreneurs go to

women, and 30% go to part-time female employees.51 Instead, the corresponding shares

in the overall population of entrepreneurial firms are 45%, and 20% respectively.

The reduced form estimates do not directly provide information about the quality of

the pool of firms resulting from the increase in female entrepreneurship driven by early

exposure (that is, those created by the compliers). However, if we are willing to assume

that higher levels of exposure always have a non-negative e↵ect on the number of years

an individual spends as an entrepreneur (i.e., assuming that the monotonicity assumption

holds), and that early exposure a↵ects the characteristics of female-led entrepreneurial

firms only by increasing the stock of female entrepreneurs (i.e., assuming the exclusion

restriction holds), we can identify this parameter by dividing the reduced form estimates

by the first-stage coe�cient shown in Panel B of Appendix Table A6, which reports the

48Thus, the cumulative number of jobs created by an entrepreneur at any given age is calculated as
the sum of the number of workers employed at the entrepreneurial firm every year up until that age.

49Consequently, in this reduced form analysis, the firm characteristics of non-entrepreneurs are always
zero. Note that we do not include self-employment in our analysis of the productivity of businesses created
by women exposed to peers with entrepreneur parents, as our findings indicate no e↵ect of such exposure
on self-employment (see Table 7).

50This calculation is given by the estimated e↵ect of early exposure on the cumulative number of jobs
created by women (0.646), multiplied by the IQR (0.114), times the number of women (374,641).

51These estimates are obtained from the same reduced form regression as in Table 9 with the following
outcomes: the cumulative number of jobs employing women and the cumulative number of part-time
jobs employing women. To obtain the percentages reported above, we then divide these results by the
reduced form coe�cient obtained for the cumulative number of jobs.
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change in the number of years women spend in entrepreneurship due to early exposure.52

As the monotonicity assumption implies that the first-stage estimates should be non-

negative for any subsample, we test this by examining the e↵ect of early exposure on

years spent in entrepreneurship for various groups.53 Results shown in Appendix Table

B1 provide evidence in favor of the monotonicity assumption by showing that the first-

stage coe�cients are consistently positive across subsamples defined by factors such as

the predicted probability of entrepreneurship, as well as parental, school, and munici-

pality characteristics (see Appendix B for additional details).54 Unlike the monotonicity

assumption, no simple test exists for the validity of the exclusion restriction. However,

Appendix B discusses the sensitivity of our estimates to potential violations of the exclu-

sion restriction, along with their implications. We discuss the main takeaway from these

sensitivity analyses below.

We display our age-specific two-stage least squares (2SLS) estimates below the reduced

form estimates in Panel A of Table 9. We find that female compliers create firms that have

an average of 6 employees by age 25 and an average of 9.8 employees by age 40. These

values position the firms of compliers in the top 10 percent among all entrepreneurial

firms. As an additional measure of firm performance, we also investigate how long the

firms created by compliers survive in the market, using a similar strategy to the one used

when the dependent variable is the cumulative number of jobs created.55 These 2SLS

estimates, displayed in Panel B of Table 9, show that female compliers create firms that

survive on average 6.3 years by age 25 and 8.6 years by age 40. Again, these survival

rates position the firms created by female compliers in the top 20 percent among all

entrepreneurial firms.56

These results challenge the view that the most productive female entrepreneurs suc-

52The first stage specification in Appendix Table A6 shows that the instrument is relevant, with the
associated F-tests ranging between 7.1 and 11. Because these 2SLS specifications are just identified,
statistical inference should only be a↵ected by weak instruments if the degree of endogeneity is high
(Angrist and Kolesár, 2024). Estimates of the degree of endogeneity (⇢) discussed in Angrist and Kolesár
(2024) in our setting suggest that this is not the case, as our values of ⇢ range between 0.25 and 0.36,
thus being well below the critical threshold of ⇢ < |0.76| identified in Angrist and Kolesár (2024).
Nonetheless, in Table 9 we also report p-values from the Anderson-Rubin test, which are fully robust to
weak instruments (Keane and Neal, 2023).

53While Lerner and Malmendier (2013), focusing on MBA students, document a negative e↵ect of
exposure to entrepreneurs on the likelihood of entering this profession, this contrasts with the broader
literature. In line with our evidence, existing studies, including some examining MBA, consistently find a
positive e↵ect of entrepreneurial exposure on the probability of entering entrepreneurship (e.g., Wallskog,
2022; Guiso et al., 2021; Hacamo and Kleiner, 2022; Nanda and Sørensen, 2010).

54Subsamples include predicted probability of becoming an entrepreneur (Panel B), parental education
(Panel C), school cohorts (Panel D), parental income (Panel E), urban versus rural municipalities (Panel
F), and economic disadvantage of the school (Panel G).

55Notice that because survival is defined as the longest-living firm the entrepreneur works in, we
instrument whether the individual has ever entered entrepreneurship by a given age, rather than the
number of years spent in entrepreneurship by a given age.

56By age 40, the 90th and 75th percentiles of the maximum number of years of firm survival are 9
and 5 years for female entrepreneurs, and 10 and 6 years for male entrepreneurs. The corresponding
percentiles of the firm size distribution are equal to 11.5 and 8.3 for women, and 11.9 and 8 for men.

27



ceed in starting and growing their business regardless of early exposure, as it would

be predicted by economic models that attribute women’s under-representation in male-

dominated occupations solely to di↵erences in entry costs (e.g. Hsieh et al., 2019), because

the marginal entrants should be of lower ability in these models.57 Instead, our findings

are consistent with women facing higher barriers both in entering entrepreneurship and

in achieving success after starting their firms, and suggest that early exposure can si-

multaneously increase the representation and performance of female entrepreneurs by

lowering both entry and operational barriers. This aligns with previous work by Guiso

et al. (2021) and Guiso and Schivardi (2011) which, although not specifically focusing on

female entrepreneurs, shows that the social context and other environmental factors can

shift the distribution of entrepreneurs’ productivity, for instance by providing learning

opportunities, resulting in a positive relationship between the propensity of individuals

to become entrepreneurs and their average firm productivity.58 To shed more light on

these mechanisms, we explore the potential channels through which early exposure may

increase both women’s probability of entering entrepreneurship and their performance in

Section 6.

If early exposure reduces operational barriers for the compliers, it could also im-

prove the performance of female always-takers. This would violate the exclusion re-

striction, which assumes that early exposure influences the performance of female-led

entrepreneurial firms solely by a↵ecting the stock of female entrepreneurs, and bias the

2SLS estimates reported in Table 9.59 In this case, our estimation would instead reflect

a weighted average of changes in the firm characteristics of compliers and any changes in

the characteristics of firms led by always-takers.

We discuss and investigate the sensitivity of our estimates to such violation of the

exclusion restriction in Appendix B and find that the e↵ect of early exposure on the

performance of the firms led by the always-takers would have to be substantial in order

for the compliers to be considered unsuccessful entrepreneurs. For instance, Appendix

Figure B1 shows that the cumulative number of jobs created by always-takers would need

to nearly double due to early exposure – from 19.4 to 38.6 – before the performance of

57Specifically, this class of models would lead to the following empirical predictions, both of which
contradict our empirical evidence: (i) female-led firms should outperform male-led firms, whereas Table 3
shows that male-led firms are larger and survive for longer than female-led firms; (ii) infra-marginal female
entrepreneurs should be more productive than marginal female entrepreneurs, while our calculations
indicate the opposite.

58In particular, Guiso et al. (2021) show that individuals who grew up in locations with higher firm
density are more likely to become entrepreneurs and, at the same time, create more successful firms
by adopting better managerial practices. This result indicates that social contact and exposure to
entrepreneurs can facilitate the acquisition of entrepreneurial skills rather than merely reducing the cost
of entering entrepreneurship.

59Specifically, because we instrument the number of years spent in entrepreneurship, compliers are
women who spend more time as entrepreneurs due to early exposure. This could occur either through
increased entry into entrepreneurship or through increased tenure. Always-takers are women who become
entrepreneurs irrespective of early exposure and whose tenure in the profession remains una↵ected by
early exposure. Thus, this framework implies that the exclusion restriction would be violated only if early
exposure a↵ects the size of firms led by always-takers without influencing their tenure in entrepreneurship.
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compliers falls into the bottom half of the distribution among firms created by men.

As an alternative benchmark to assess how substantial the e↵ect on always-takers

would need to be for compliers to be considered unsuccessful entrepreneurs, we examine

a scenario where early exposure a↵ects the performance of firms led by compliers and

always-takers equally. This corresponds to a model where early exposure reduces opera-

tional barriers in the same way for both compliers and always-takers, without impacting

entry barriers. While this represents an extreme scenario - since the findings in Section 4

demonstrate that early exposure lowers entry barriers and increases women’s likelihood of

becoming entrepreneurs - it serves as a useful benchmark for evaluating the robustness of

our interpretation regarding the quality of firms created by female compliers. As shown

by the dotted red line in Appendix Figure B1, even in this case, compliers would still rank

in the top half of the distribution for cumulative jobs created among male entrepreneurs.

The fact that our findings remain consistent even in this extreme scenario implies that

our conclusions on the relative performance of female compliers would remain robust

under more plausible violations to the exclusion restriction. Taken together, our results

therefore suggest that the marginal entrepreneurs create firms that outperform most of

the firms created by both male and female incumbents in terms of their size and survival.

This implies that early exposure can be instrumental in improving the allocation of en-

trepreneurial talent by encouraging potentially talented female entrepreneurs to pursue

and succeed in this career.

6 Plausible mechanisms and the nature of barriers

We finally investigate the plausible mechanisms explaining the impact of early exposure

to female peers with entrepreneur parents on women’s propensity to pursue and succeed

in entrepreneurship. Because our identification strategy compares students enrolled in

the same school and living in the same municipality, we can rule out explanations based

on localized geographical factors, such as the quality of schools or the overall firm density

in the area. Furthermore, our results on firm performance suggest that the positive

e↵ect of early exposure on women’s propensity to become entrepreneurs is unlikely to

work through mechanisms that only reduce the cost of entering entrepreneurship, as

such channels would predict women entering entrepreneurship due to exposure to create

worse performing firms. Instead, as discussed in the previous Section, our results point

to the presence of mechanisms through which early exposure shifts the distribution of

women’s productivity, thereby positively a↵ecting both their entry probability and their

performance (Guiso et al., 2021).

While several mechanisms may be at play, we focus on those that have the poten-

tial to reduce some of the major constraints that women have been shown to face in

entrepreneurship: (i) access to specific human capital and information; (ii) changes in

girls’ aspirations and goals; (iii) increased consideration of entrepreneurship as a career
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option; (iv) role modeling and mentoring; and (v) joint-ownership dynamics.60 Below,

we perform an additional set of analyses that provide some empirical support for the first

three channels, suggesting that the barriers women face in entrepreneurship tend to be

both informational and cultural in nature.

We note that the focus of this additional set of analyses is on understanding why

exposure impact women’s entry and performance in entrepreneurship, rather than iden-

tifying through whom these e↵ects operate. Indeed, registry data does not allow us

to conclusively disentangle whether the observed e↵ects arise from direct interactions

with the entrepreneurial parents of peers or are mediated through the peers themselves,

who may have internalized entrepreneurial preferences and lessons from their parents.

While this distinction could have important implications for policy design - for example,

whether to prioritize exposure to entrepreneurs or interactions with entrepreneurially

minded peers of similar age - the results thus far point to another crucial insight that

can guide policy considerations: exposure during adolescence is key in shaping women’s

entrepreneurial outcomes, independent of any peer influence exerted in adulthood. In

particular, while we do not rule out that continued friendships with female peers whose

parents were entrepreneurs may influence women later in life (for instance as these peers

become entrepreneurs themselves), our findings emphasize the importance of the timing

of exposure, specifically the significance of early exposure - that is, exposure occurring

before girls make educational choices that are di�cult to reverse (see Section 5.1.2).61

(i) Transmission of specific human capital/information: To assess the role

played by the transmission of specific human capital and information, we follow the

intuition of papers such as Guiso et al. (2021) and Bell et al. (2019) and investigate

whether women exposed to entrepreneurs working in a specific sector are more likely to

specialize as entrepreneurs in that specific sector themselves. If sectors have idiosyncratic

features, finding that our e↵ects are sector-specific would suggest that early exposure may

foster girls’ entry and success in entrepreneurship through the transmission of industry-

specific information that they would not learn otherwise. To test this hypothesis, we

investigate whether the likelihood of women operating in a given sector increases when

they had higher early exposure to that sector at the end of compulsory school through

the parents of their female peers. To do so, we estimate the following model:

60For example, the two most recent OECD reports on women’s entrepreneurship, identify as major
constraints to women’s entry and success in this field the greater barriers in acquiring skills, unsupportive
social norms that may reduce women’s consideration and ambitions in entrepreneurship, fewer mentoring
opportunities, and smaller professional networks (OECD, 2019; Halabisky, 2018).

61We also note that recent experimental evidence on role models (e.g., Breda et al., 2023; Porter and
Serra, 2020) shows that even very brief school-related interactions - as short as one hour or less - with
adults during adolescence can have lasting e↵ects on girls’ educational choices. This suggests that our
findings can be fully consistent with a scenario in which these women no longer interact with their peers
or their peers’ parents after compulsory schooling, a possibility we discussed and provided evidence for
in Section 5.1.2.
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where Yi(hsc),a is the probability of (number of years in) entrepreneurship in sector h by

age a; Entrepr
FP
�i,hsc and Entrepr

FP
�i,�h,sc are the share of female peers with entrepreneur

parents in sector h and in all other sectors, respectively; Entrepr
MP
�i,hsc and Entrepr

MP
�i,�h,sc

are the share of male peers with entrepreneur parents in sector h and in all other sectors,

respectively; and Dh is a set of sector dummies.62 All other variables are defined as in

(1). The results from this exercise lend support to this hypothesis. Figure 4 shows that

increased exposure to entrepreneurs working in a given sector increases both the prob-

ability of becoming an entrepreneur (Panel (a)) and the time spent in entrepreneurship

(Panel (b)) in that sector. This is in line with the idea that the positive e↵ect of early

exposure on women’s representation and performance in entrepreneurship may work by

facilitating the transmission of (sector-)specific human capital and information.

(ii) Girls’ aspirations: Understanding whether early exposure changes girls’ goals

and aspirations is very challenging since our data does not record such information di-

rectly. Yet, we can leverage our analysis on the e↵ects of early exposure on girls’ educa-

tional and career choices (see Section 5.1) to gain some indirect insights about the role of

aspirations in driving our findings. If early exposure only matters for the entrepreneurial

success of women who already aspired to become an entrepreneur (for example by fa-

cilitating the process of actually setting-up a business and hiring employees), we should

not observe any change in the educational trajectory of these girls. Instead, the results

presented in Table 6 show that early exposure to entrepreneurs changes girls’ educational

choices at the end of compulsory school, suggesting that one potential mechanism through

which exposure a↵ects girls’ trajectories in entrepreneurship is by changing their goals

and aspirations.

(iii) Girls’ consideration of entrepreneurship as a career option: Mechanisms

such as the transmission of specific information or changes in girls’ aspirations can be at

play whenever girls are exposed to male-dominated professions. However, entrepreneur-

ship, being a less traditional career path with limited exposure opportunities for girls (see

Table 1), may be less likely than other male-dominated occupations to feature in their

set of potential career options. As such, early exposure may be key in encouraging girls

to see entrepreneurship as a viable path, thereby expanding their ”consideration set” of

possible career choices. To test this hypothesis, we examine whether early exposure has

a stronger impact on girls when it involves a male-dominated profession that is less likely

62We consider the same sector classification as in Figure 1 which defines 14 distinct industries that
can be consistently identified over our sample period.

31



to be part of their consideration set. Specifically, we classify male-dominated occupations

by their prevalence in the population, using this as a proxy for girls’ likelihood of consid-

ering these careers.63 We then estimate the following model separately for occupations

that are more prevalent and less prevalent within the set of male-dominated professions:
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X
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where Yi(hsc),a is the probability of working (number of years working in) occupation h by

age a; Occ
FP
�i,hsc and Occ

FP
�i,�h,sc are the share of female peers with parents in occupation

h and in all other male-dominated occupations, respectively; Occ
MP
�i,hsc and Occ

MP
�i,�h,sc are

the share of male peers with parents in occupation h and in all other male-dominated

occupation, respectively; and Dh is a set of occupation dummies. All other variables

are defined as in Equation (1). Figure 5 shows that increased exposure to a given male-

dominated occupation through the parents of female peers increases both the probability

of working (Panel (a)) and the time spent (Panel (b)) in that occupation. The e↵ects

however are significantly larger when the occupation is less prevalent in the population.

These results suggest that exposure to entrepreneurship may encourage women’s entry

into this male-dominated profession by increasing their likelihood of considering it as a

possible career path, thereby expanding their consideration set of career options.

(iv) Role models: Motivated by existing work highlighting the role of successful

women in male-dominated fields as role models to girls (see, among others, Breda et al.,

2023; Porter and Serra, 2020; Bell et al., 2019; Carrell et al., 2010; Beaman et al., 2009),

we further investigate if young women respond more to exposure to entrepreneurship

arising from the mothers rather than the fathers of their peers. Table 10 shows the

estimated e↵ect of being exposed to female and male peers with an entrepreneur mother

or father on the probability of becoming an entrepreneur (Panel A) and on the number

of years spent in entrepreneurship (Panel B). Women do not seem to respond more when

exposed to female rather than male entrepreneurs, as the coe�cients on female peers

with father entrepreneurs and mother entrepreneurs are not statistically di↵erent from

one another. While the low share of mothers who are entrepreneurs limits the precision of

our estimates, making it di�cult to detect statistically significant di↵erences depending

63An occupation is classified as male-dominated if fewer than one-third of its workers are women. It
is classified as less prevalent (rare) if it employs less than one percent of the population, so that these
occupations collectively account for less than 20 percent of the workforce. We are partially constrained
in selecting alternative professions as data on individual occupations is only available after 1992, which
marks the end of our exposure period. To address this limitation, we use detailed data on individuals’
educational paths - available for the entire sample period - as proxies for parents’ occupations. Using
this approach, we select from our initial sample of 17 male-dominated, non-rare occupations and 42
male-dominated, rare occupations, 12 male-dominated, non-rare occupations (e.g., engineers, architects,
chemists, mechanics, builders and carpenters), and 21 male-dominated, rare occupations (e.g. university
professors, computer scientists, policemen, firefighters, fishermen, gardeners, aviators and ship captains).
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on the gender of the entrepreneur parents, the results do show large and statistically

significant e↵ects from the fathers of female peers.64 This suggests that gender-specific

role models alone are unlikely to be the sole factors behind our findings. More broadly,

girls’ response to exposure coming from male entrepreneurs reveals a channel beyond

homophily, suggesting that female entrepreneurship can be promoted without relying

solely on the limited pool of of entrepreneurial women as role models.

(v) Joint-ownership: Given that children of entrepreneurial parents are more likely

to start firms themselves, one potential mechanism behind the observed increase in female

entrepreneurship is that girls with more female peers who have entrepreneurial parents

may be more likely to co-own firms with their school peers, particularly if they maintain

friendships into adulthood. We find no significant evidence that girls in cohorts with

a higher share of peers with entrepreneurial parents are more likely to engage in joint

ownership of firms with their cohort peers, even with those of the same gender (Table

11). This finding aligns with the discussion in Section 5.1.2, which highlights that the

observed impact on women’s educational and career outcomes is driven by early exposure

to entrepreneurs, independent of peer influence exerted later in life.

7 Conclusions

This paper uses administrative data on the entire population of individuals in Denmark,

combined with an identification strategy that leverages quasi-random variation in the

share of a student’s peers with entrepreneur parents at the end of compulsory schooling,

to address three key questions: Can early exposure to entrepreneurs increase female

representation in entrepreneurship? How does early exposure a↵ect the quality of firms

created by female entrepreneurs? And is steering women into entrepreneurship through

early exposure associated with a more e�cient allocation of talent in the economy?

We show that early exposure to entrepreneurs can foster female entrepreneurship by

increasing women’s entry and tenure in this profession. Consistent with the notion that

the frequency and type of interaction play a crucial role in mediating the impact of ex-

posure, we find that these e↵ects are entirely driven by girls exposed to entrepreneurship

through the parents of their female peers. In contrast, early exposure does not influence

boys’ propensity to enter this profession, regardless of peer gender. These findings suggest

that early exposure to entrepreneurship can be key for women who might not otherwise

enter this profession and underscore the potential of early interventions to promote fe-

male entrepreneurship, which is particularly important from a gender equality standpoint

given the low representation of women in entrepreneurship across all developed countries

(OECD, 2021).

64In our sample only 1.7 percent of mothers are ever observed being entrepreneurs compared to 10.2
percent of fathers.
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In the second part of the paper, we assess the implications of steering women into

entrepreneurship through early exposure for allocative e�ciency. We proceed in a series

of steps. First, we analyze the private and social returns associated with an increase in

female entrepreneurship by investigating the counterfactual education and career paths

women would have pursued absent early exposure to entrepreneurs. We show that early

exposure decreases girls’ probability of discontinuing education after compulsory school

and increases their probability of completing a vocational education, a path that is highly

conducive to entrepreneurship which women are less likely to undertake. Furthermore,

we show that early exposure to entrepreneurship reduces women’s probability of being

employed in low-pay jobs. Taken together, these results not only indicate that women

could benefit from early exposure by acquiring more education and transitioning away

from lower-paying positions, but also that promoting female entrepreneurship through

early exposure is unlikely to come at the cost of diverting women away from high-impact

careers.

Second, we show that the increase in female entrepreneurship driven by early expo-

sure is associated with the creation of firms that are larger and survive for longer than

the majority of entrepreneurial firms in the economy. This result supports the notion

that women face higher entry and operational barriers in entrepreneurship and suggests

that early exposure can help mitigate both, thereby increasing women’s probability of

entering entrepreneurship while enhancing their performance as entrepreneurs. In line

with this, our analysis of mechanisms suggests that early exposure may work by facil-

itating the transmission of sector-specific information, increasing the probability that

entrepreneurship features in girls’ career “consideration set”, and shaping their goals and

aspirations. Furthermore, we show that the increase in the number of jobs resulting from

the rise in female entrepreneurship is mostly allocated to female workers and flexible work

options for women. Consequently, increasing female entrepreneurship can enhance the

diversity and inclusivity of job opportunities in the economy by fostering the creation of

female-friendly firms.

Taken together, our analysis points to early exposure to entrepreneurship as a way of

increasing the number of female entrepreneurs in the economy, and that there could be

high returns from doing so. It highlights that environment and social context influence

women’s likelihood to become entrepreneurs through narrower channels than those at

play in the context of broad-based investments in schools or neighborhoods. Moreover,

our results underscore the importance of exposing women to entrepreneurship early in

life, before they make educational and career decisions that might limit their ability

to transition into entrepreneurship. While we cannot pinpoint the exact policies that

would be successful at increasing female entrepreneurship, early interventions addressing

both entry and operational barriers faced by women in this field could benefit not only

individual women but also the broader economy.
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Figure 1: Firms distribution across industries

(a) Number of firms (b) Employment

(c) Number of firms by gender (d) Employment by gender

Notes. This figure plots the distribution of entrepreneurial firms and all firms across 14 industries. Panel (a) illustrates the share of entrepreneurial firms and the total share of firms across

industries. Panel (b) shows the share of employment in entrepreneurial firms compared to the share of total employment across industries. Panel (c) illustrates the share of entrepreneurial

firms by gender in each industry. Panel (d) shows the share of employment in entrepreneurial firms by gender in each industry. Entrepreneurial firms are defined as those in which we observe

entrepreneurs, identified as individuals who either start or own a business with employees (see definition in Section 2.2).
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Figure 2: E↵ect of exposure by age - Women’s sample

(a) Probability of ever being an entrepreneur (b) Probability of ever being an entrepreneur by gender of peers

(c) Cumulative number of years as entrepreneur (d) Cumulative number of years as entrepreneur by gender of peers

Notes. This figure plots the regression coe�cients as well as 90 and 95% confidence intervals from estimating equation (1) and (2) for the women in our sample at each age. The dependent

variables of interest are the probability of ever being an entrepreneur by that age in panel (a) and (b), and the cumulative number of years spent in entrepreneurship until that age in panel

(c) and (d). Entrepreneurs are defined as individuals who either start or own a business with employees. The y-axis plots the percentage change in the outcome of interest resulting from

moving a student from a cohort with relatively low exposure to one with relatively high exposure. We obtain this number by multiplying each coe�cient by the interquantile range of the

exposure distribution (times one hundred) and dividing the result by the gender-specific mean of the outcome variable. All regressions include school and municipality-by-cohort fixed e↵ects,

as well as individual and cohort level controls. Individual level controls include age; indicators for living with parents; indicators for being a first- or second-generation immigrant; parents’

income; parents’ age; indicators for parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary

vocational, higher education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female peers; share of first- and second-generation

immigrant peers; average peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education, upper secondary vocational education,

or higher education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors are clustered at the school level.
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Figure 3: E↵ect of exposure by age - Men’s sample

(a) Probability of ever being an entrepreneur (b) Probability of ever being an entrepreneur by gender of peers

(c) Cumulative number of years as entrepreneur (d) Cumulative number of years as entrepreneur by gender of peers

Notes. This figure plots the regression coe�cients as well as 90 and 95% confidence intervals from estimating equation (1) and (2) for the men in our sample at each age. The dependent

variables of interest are the probability of ever being entrepreneur by that age in panel (a) and (b), and the cumulative number of years spent in entrepreneurship until that age in panel

(c) and (d). Entrepreneurs are defined as individuals who either start or own a business with employees. The y-axis plots the percentage change in the outcome of interest resulting from

moving a student from a cohort with relatively low exposure to one with relatively high exposure. We obtain this number by multiplying each coe�cient by the interquantile range of the

exposure distribution (times one hundred) and divide the result by the gender-specific mean of the outcome variable. All regressions include school and municipality-by-cohort fixed e↵ects,

as well as individual and cohort level controls. Individual level controls include age; indicators for living with parents; indicators for being a first- or second-generation immigrant; parents’

income; parents’ age; indicators for parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary

vocational, higher education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female peers; share of first- and second-generation

immigrant peers; average peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education, upper secondary vocational education,

or higher education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors are clustered at the school level.
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Figure 4: E↵ects on sector choice by age for women exposed to entrepreneurship through
their female peers

(a) Ever entrepreneur

(b) Cumulative number of years as entrepreneur

Notes. This figure plots the regression coe�cients and the 90% and 95% confidence intervals from estimating equation

(3). The dependent variable for each age-regression is the probability of ever being an entrepreneur in a sector by that

age in panel (a) and the cumulative number of years spent in entrepreneurship in a sector until that age in panel (b).

Each observation is an entrepreneur-sector combination. Entrepreneurs are defined as individuals who either start or own a

business with employees. The y-axis plots the percentage change in the outcome of interest resulting from moving a student

from a cohort with relatively low exposure to one with relatively high exposure. We obtain this number by multiplying

each coe�cient by the interquantile range of the exposure distribution (times one hundred) and dividing the result by

the gender-specific mean of the outcome variable. All regressions include school and municipality-by-cohort fixed e↵ects,

sector dummies, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors are clustered at the school level.
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Figure 5: E↵ects on occupational choices by age for women exposed to male-dominated
occupations through their peers

(a) Ever in occupation

(b) Cumulative number of years in occupation

Notes. This figure plots the regression coe�cients and the 90% and 95% confidence intervals from equation (4), estimated

separately for rare and non-rare male-dominated occupations. The dependent variable for each age-regression is the

probability of ever working in a given occupation by that age in Panel (a) and the cumulative number of years spent in

a given occupation until that age in Panel (b). Each observation is an worker-occupation combination. Male-dominated

occupations are defined as occupations where less than a third of workers are women. Rare occupations are defined as

occupations where less than one percent of the workforce is employed. All regressions include school and municipality-by-

cohort fixed e↵ects, occupation dummies, as well as individual and cohort level controls. Individual level controls include

age; indicators for living with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’

age; indicators for parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level

(upper secondary academic, upper secondary vocational, higher education), all computed at the beginning of the exposure

period. Cohort level controls include cohort size; share of female peers; share of first- and second-generation immigrant

peers; average peers’ parental income; share of peers with parents whose highest educational level is upper secondary

academic education, upper secondary vocational education, or higher education; share of peers with parents unemployed;

and share of peers with parents that are home-owners. Standard errors are clustered at the school level.
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Table 1: Exposure to entrepreneurship over the lifetime by gender

Exposure in education Exposure in workplace

(1) (2) (3) (4) (5) (6) (7)

Compulsory Post compulsory Age 20 Age 25 Age 30 Age 35 Age 40

Women 0.056⇤⇤⇤ 0.048⇤⇤⇤ 0.068⇤⇤⇤ 0.056⇤⇤⇤ 0.046⇤⇤⇤ 0.039⇤⇤⇤ 0.035⇤⇤⇤

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Men 0.056⇤⇤⇤ 0.068⇤⇤⇤ 0.079⇤⇤⇤ 0.071⇤⇤⇤ 0.060⇤⇤⇤ 0.052⇤⇤⇤ 0.045⇤⇤⇤

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Men/Women 1.01⇤⇤⇤ 1.42⇤⇤⇤ 1.16⇤⇤⇤ 1.28⇤⇤⇤ 1.31⇤⇤⇤ 1.32⇤⇤⇤ 1.31⇤⇤⇤

(0.00) (0.00) (0.00) (0.01) (0.01) (0.01) (0.01)

Observations 800993 731249 542656 554253 590091 588052 587478

Notes. This table reports exposure to “entrepreneurial” peers for men and women at di↵erent phases of their lives. Exposure to entrepreneurial peers is defined as the share of peers who will

ever enter entrepreneurship during our sample period, allowing us to measure exposure even at very young ages. Entrepreneurs are defined as individuals who either start or own a business

with employees. Column (1) focuses on exposure during compulsory schooling, defining peers as individuals in the same school and cohort. Column (2) focuses on exposure in post-secondary

education, defining peers as students enrolled in the same program, school, and cohort in the next educational stage after compulsory schooling. Columns (3) to (7) focus on exposure while

working at ages 20, 25, 30, 35, and 40, respectively, defining peers as individuals employed in the same workplace. The last row reports the ratio of female to male exposure. * p< 0.1, **
p< 0.05, *** p< 0.01.
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Table 2: Descriptive statistics

All Men Women Di↵erence

A: Outcome variables

Ever entrepreneur 0.048 0.069 0.027 0.041⇤⇤⇤

Ever entrepreneur by 25 0.008 0.011 0.005 0.006⇤⇤⇤

Ever entrepreneur by 30 0.023 0.034 0.012 0.022⇤⇤⇤

Ever entrepreneur by 35 0.038 0.056 0.020 0.035⇤⇤⇤

Ever entrepreneur by 40 0.050 0.071 0.028 0.043⇤⇤⇤

N. of years as entrepreneur 0.219 0.319 0.115 0.204⇤⇤⇤

N. of years as entrepreneur (cond.) 4.519 4.646 4.188 0.458⇤⇤⇤

B: Cohort variables

Share of peers with parent entrepreneur 0.116 0.116 0.116 -0.000

Share of female peers with parent entrepreneur 0.115 0.115 0.116 -0.001⇤⇤

Share of male peers with parent entrepreneur 0.117 0.117 0.117 -0.000

Share of first-generation immigrants 0.008 0.008 0.008 -0.000

Share of second-generation immigrants 0.007 0.007 0.008 -0.000⇤

C: Individual characteristics

Female 0.489 0.000 1.000 -1.000

Parent is entrepreneur 0.116 0.117 0.116 0.001

Is a first-generation immigrant 0.008 0.009 0.008 0.001⇤⇤⇤

Is a second-generation immigrant 0.007 0.008 0.007 0.000⇤

Discontinued education after compulsory school 0.176 0.194 0.157 0.037⇤⇤⇤

Completed academic education 0.464 0.380 0.551 -0.170⇤⇤⇤

Completed vocational education 0.473 0.511 0.434 0.077⇤⇤⇤

Completed higher education 0.404 0.349 0.461 -0.113⇤⇤⇤

Observations 786660 401716 384944 786660

Notes. This table reports descriptive statistics for the whole sample and for men and women separately. Our unbalanced

sample includes adolescents in grades 7 through 9 between 1980 and 1992. Entrepreneurship is defined as individuals

who either start or own a business with employees. Ever entrepreneur=1 if the individual ever entered entrepreneurship.

Share of peers with parents entrepreneur is the share of peers in a given school-cohort with at least one parent who is

an entrepreneur. Share of female (male) peers with parents entrepreneur is the share of female (male) peers in a given

school-cohort with at least one parent who is an entrepreneur. Parents is entrepreneur=1 if at least one of the individual’s

parents is an entrepreneur.
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Table 3: Descriptive statistics - entrepreneurs’ sample

All Men Women Di↵erence

A: Individual characteristics

Parent is entrepreneur 0.220 0.231 0.193 0.037⇤⇤⇤

Discontinued education after compulsory school 0.183 0.189 0.167 0.022⇤⇤⇤

Completed secondary academic education 0.276 0.236 0.381 -0.145⇤⇤⇤

Completed secondary vocational education 0.619 0.639 0.565 0.074⇤⇤⇤

Completed higher education 0.218 0.197 0.273 -0.076⇤⇤⇤

Is a first-generation immigrant 0.020 0.021 0.015 0.006⇤⇤⇤

Is a second-generation immigrant 0.011 0.012 0.009 0.003⇤

Age when first entrepreneur 30.9 30.8 31.2 -0.4⇤⇤⇤

Ever created an incorporated firm 0.168 0.181 0.135 0.046⇤⇤⇤

N. of firms 1.277 1.299 1.221 0.078⇤⇤⇤

N entrepreneurs 38131 27582 10549 38131

B: Firm characteristics

Number of employees 5.059 5.123 4.880 0.243

Survival 3.656 3.699 3.535 0.164⇤⇤⇤

Tenure 2.103 2.126 2.041 0.085⇤⇤⇤

Earnings 195664 202373 176019 26354⇤⇤⇤

Share of female employees 0.448 0.327 0.774 -0.446⇤⇤⇤

Share of part-time employees 0.367 0.334 0.455 -0.120⇤⇤⇤

N entrepreneurs-firms 48709 35825 12884 48709

Notes. This table reports descriptive statistics for the sub-sample of adolescents who become entrepreneurs at least

once before they are 40 years old, and for male and female entrepreneurs separately. Entrepreneurship is defined as

individuals who either start or own a business with employees. Panel A contains individual-level characteristics: whether

the individual’s parents are entrepreneurs; whether the individual has ever completed academic secondary/ vocational

secondary/ higher education; whether the individual is first-/second-generation immigrant; the individual’s age when first

becoming entrepreneur; whether the individual ever created an incorporated firm; and number of firms created. Panel

B contains firm-level characteristics: number of employees; firm’s survival (years); employee’s tenure (years); employees

earnings (DKK); share of female employees and share of female part-time employees.
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Table 4: Balancing tests

Share of peers with parents entrepreneur

Estimate St.error

Dependent variable:

Age in 7th grade 0.001 (0.001)

Female 0.002 (0.001)

N. peers -0.199 (0.146)

Mother has secondary (academic) educ 0.0004 (0.0003)

Mother has secondary (vocational) educ -0.0004 (0.0012)

Mother has higher educ 0.0007 (0.0005)

Father has secondary (academic) educ -0.00004 (0.00031)

Father has secondary (vocational) educ -0.001 (0.001)

Father hashigher educ 0.001 (0.001)

Mother’s age 0.007 (0.012)

Father’s age -0.004 (0.014)

Parents are home owners 0.00001 (0.00158)

Parents’ income (log) 0.001 (0.001)

Mother is unemployed 0.001 (0.001)

Father is unemployed 0.001 (0.001)

Lives with mother -0.001 (0.001)

Lives with father 0.0005 (0.0005)

First-generation immigrant -0.0003 (0.0002)

Second-generation immigrants 0.0003 (0.0003)

Notes. This table reports the coe�cients of separate regressions of each individual characteristic on the share of peers with

parents entrepreneur. The coe�cients are rescaled to reflect the e↵ect of increasing exposure by the IQR of the exposure

distribution. All regressions include school and municipality-by-cohort fixed e↵ects and control for an indicator for whether

the individuals’ parents are entrepreneurs. Entrepreneurs are defined as individuals who either start or own a business

with employees. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table 5: Correlated characteristics at the cohort level

Share of peers with parents entrepreneur

Estimate St. Error

Dependent variable:

Share of par. with secondary academic educ. 0.001 (0.001)

Share of par. with secondary vocational educ. 0.006*** (0.002)

Share of par. with higher educ. 0.007*** (0.001)

Share of par. unemployed -0.007*** (0.001)

Share of par. first-gen immigrants 0.0002 (0.0008)

Share of par. second-gen immigrants -0.0002 (0.0001)

Share of par. home owners 0.011*** (0.002)

Average par. age 0.045*** (0.016)

Average par. income (log) 0.013*** (0.002)

Notes. This table reports the coe�cients of separate regressions of the share of peers with entrepreneur parents on the

share of parents whose higher education is vocational secondary education, academic secondary education, or a university

degree; the share of parents who are unemployed; the share of parents who are first- or second-generation immigrants;

the share of parents who are home-owners; parents’ average age; and average parental income (log). All variables are

computed at the cohort level. The coe�cients are rescaled to reflect the e↵ect of increasing exposure by the IQR of the

exposure distribution. All regressions include school and municipality-by-cohort fixed e↵ects. Entrepreneurs are defined as

individuals who either start or own a business with employees. Standard errors clustered at the school level in parentheses.

* p< 0.1, ** p< 0.05, *** p< 0.01.
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Table 6: E↵ects on educational choices after compulsory school

Education decision after compulsory school

(1) (2) (3)

Discontinued
education

Upper secondary
academic

Upper secondary
vocational

Share of female peers with parent entrepreneur -0.023** -0.008 0.031**

(0.011) (0.013) (0.012)

Share of male peers with parent entrepreneur 0.009 0.004 -0.014

(0.012) (0.014) (0.013)

Parent is entrepreneur -0.027*** 0.023*** 0.005*

(0.002) (0.003) (0.002)

Observations 328632 328632 328632

School and municipality x cohort FE X X X

Individual controls X X X

Cohort controls X X X

Mean dep. var 0.232 0.512 0.256

Notes. The dependent variables in columns (1)-(3) are mutually exclusive indicators for the first choice made after the end

of compulsory schooling. Specifically, the dependent variable is an indicator for whether the individual has discontinued

education after compulsory school in column (1); has enrolled in an upper secondary academic school in column (2); and

has enrolled in an upper secondary vocational school in column (3). These regressions are run on a balanced sample,

so that columns (1)-(3) sum up to zero. Share of female (male) peers with parent entrepreneur is the share of female

(male) peers with at least one parent who is an entrepreneur during the exposure period. Entrepreneurs are defined as

individuals who either start or own a business with employees. All regressions include school and municipality-by-cohort

fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, ***
p< 0.01.
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Table 7: E↵ect on number of years spent in a given employment status

N. of years as N. of years employed

(1) (2) (3) (4) (5) (6) (7) (8)

Entrepreneur Self-employed Unemployed
Not in

labor force
Employed
spouse

Employed
In high
pay jobs

In low
pay jobs

Share of female peers with parent entrepreneur 0.067** 0.003 0.022 -0.006 -0.002 -0.083 0.203 -0.287**

(0.027) (0.037) (0.049) (0.121) (0.012) (0.144) (0.154) (0.124)

Share of male peers with parent entrepreneur -0.012 -0.038 -0.056 -0.144 -0.013 0.264* 0.195 0.069

(0.028) (0.036) (0.050) (0.124) (0.014) (0.144) (0.162) (0.133)

Parent is entrepreneur 0.114*** 0.128*** -0.184*** -0.328*** 0.014*** 0.257*** 0.297*** -0.040

(0.007) (0.009) (0.009) (0.022) (0.003) (0.028) (0.035) (0.027)

Observations 328632 328632 328632 328632 328632 328632 328632 328632

Mean dep. var 0.123 0.272 1.335 3.743 0.0257 17.50 8.749 8.753

Notes. The dependent variables in columns (1)-(6) are the numbers of years spent in entrepreneurship, self-employment, unemployment, outside the labor force, as an employed spouse,

or employment, respectively, between ages 18 and 40. The dependent variable in columns (7) and (8) is the number of years spent in employment within the top half of the earnings

distribution, and within the bottom half of the earnings distribution, respectively. These regressions are run on a balanced sample, so that columns (1)-(6) sum up to zero, and columns

(7) and (8) sum up to column (6). Share of female (male) peers with parent entrepreneur is the share of female (male) peers with at least one parent who is an entrepreneur during the

exposure period. Entrepreneurs are defined as individuals who either start or own a business with employees. All regressions include school and municipality-by-cohort fixed e↵ects, as well

as individual and cohort level controls. Individual level controls include age; indicators for living with parents; indicators for being a first- or second-generation immigrant; parents’ income;

parents’ age; indicators for parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational,

higher education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female peers; share of first- and second-generation immigrant

peers; average peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher

education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05,
*** p< 0.01.
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Table 8: E↵ects on women’s marriage and fertility outcomes

(1) (2) (3) (4) (5)

Have children N. of children N. of children (cond.) Age at first child (cond.) Ever married

Share of female peers with parent entrepreneur -0.007 -0.004 0.013 -0.003 -0.000

(0.009) (0.026) (0.022) (0.138) (0.011)

Share of male peers with parent entrepreneur 0.015* 0.032 -0.001 0.069 0.037***

(0.009) (0.028) (0.023) (0.133) (0.012)

Parent is entrepreneur 0.008*** 0.035*** 0.020*** 0.293*** 0.005**

(0.002) (0.005) (0.004) (0.028) (0.002)

Observations 384944 384944 331744 331744 384944

School and municipality x cohort FE X X X X X

Individual controls X X X X X

Cohort controls X X X X X

Mean dep. var 0.862 1.880 2.182 29.25 0.710

Notes. The dependent variables in columns (1)-(5) are indicators for whether the individual had children (column 1); the number of children (column 2); the number of children, conditional

on having any (column 3); the age at which the first child was born, conditional on having children (column 4); and an indicator for whether the individual was ever married (column 5). Share
of female (male) peers with parent entrepreneur is the share of female (male) peers with at least one parent who is an entrepreneur during the exposure period. Entrepreneurs are defined

as individuals who either start or own a business with employees. All regressions include school and municipality-by-cohort fixed e↵ects, as well as individual- and cohort-level controls.

Individual level controls include age; indicators for living with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for parents’

unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational, higher education), all computed at

the beginning of the exposure period. Cohort level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average peers’ parental income;

share of peers with parents whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher education; share of peers with parents

unemployed; and share of peers with parents that are home-owners. Standard errors clustered at the school level in parentheses. *p< 0.1, ** p< 0.05, *** p< 0.01.
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Table 9: E↵ects on firm size and survival

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

A: Dep. var. Cumulative number of jobs

RF: Share of female peers with parent entrepreneur 0.076*** 0.264*** 0.385*** 0.646**

(0.025) (0.083) (0.128) (0.280)

2SLS: Number of years as entrepreneur 6.005*** 7.668*** 7.302*** 9.767**

(1.140) (1.907) (1.739) (4.106)

Anderson-Rubin p-val 0.002 0.001 0.003 0.022

Observations 384944 380881 377509 374641

Mean of dep. var 0.0351 0.146 0.325 0.595

B: Dep. var. Survival

RF: Share of female peers with parent entrepreneur 0.045*** 0.057*** 0.067*** 0.065***

(0.013) (0.020) (0.023) (0.023)

2SLS: Ever entrepreneur 6.330*** 6.978*** 7.514*** 8.613**

(1.419) (1.813) (2.023) (3.463)

Anderson-Rubin p-val 0.001 0.004 0.004 0.006

Observations 384944 380881 377509 374641

Mean of dep. var 0.0227 0.0598 0.0930 0.111

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Notes. The dependent variable is the cumulative number of jobs created by age 25, 30, 35 and 40 in Panel A. The dependent

variable is the total number of years the longest surviving firm of each individual survives by age 25, 30, 35 and 40 in

Panel B. Share of female peers with parent entrepreneur is the share of female peers with at least one parent who is

entrepreneur during the exposure period. Entrepreneurs are defined as individuals who either start or own a business with

employees. The table reports estimates of the e↵ect of exposure to female peers with entrepreneur parents on firm measures

(reduced form), and estimates of the firm characteristics of women who enter or increase their tenure in entrepreneurship

due to early exposure to entrepreneurs (compliers). We instrument number of years spend in entrepreneurship (Panel

A) and entry into entrepreneurship (Panel B) by early exposure to entrepreneurs. Estimates are reported for women at

age 25, 30, 35 and 40. All regressions include school and municipality-by-cohort fixed e↵ects, as well as individual- and

cohort-level controls. Individual level controls include age; indicators for living with parents; indicators for being a first-

or second-generation immigrant; parents’ income; parents’ age; indicators for parents’ unemployment and home-ownership

statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational, higher

education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female

peers; share of first- and second-generation immigrant peers; average peers’ parental income; share of peers with parents

whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher

education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors

clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table 10: E↵ects on women’s number of years as entrepreneur by gender of parents

(1) (2) (3) (4)
by age 25 by age 30 by age 35 by age 40

A: Dep. var. Ever entrepreneur

Share of female peers with father entrepreneur 0.008*** 0.007** 0.007* 0.006
(0.002) (0.003) (0.004) (0.005)

Share of female peers with mother entrepreneur 0.001 0.012* 0.013 0.013
(0.004) (0.007) (0.009) (0.010)

Share of male peers with father entrepreneur -0.002 0.000 0.000 -0.001
(0.002) (0.003) (0.004) (0.005)

Share of male peers with mother entrepreneur 0.008 0.004 0.002 0.008
(0.005) (0.007) (0.009) (0.011)

Father is entrepreneur 0.003*** 0.008*** 0.013*** 0.017***
(0.000) (0.001) (0.001) (0.001)

Mother is entrepreneur 0.009*** 0.022*** 0.028*** 0.037***
(0.001) (0.002) (0.003) (0.003)

Observations 384944 380881 377509 374641
School and municipality x cohort FE X X X X
Individual controls X X X X
Cohort controls X X X X
Mean dep. var 0.00470 0.0124 0.0204 0.0282

B: Dep. var. N. years as entrepreneur

Share of female peers with father entrepreneur 0.014*** 0.034*** 0.048*** 0.063**
(0.004) (0.011) (0.018) (0.026)

Share of female peers with mother entrepreneur 0.004 0.028 0.064 0.069
(0.009) (0.023) (0.041) (0.056)

Share of male peers with father entrepreneur -0.005 -0.010 -0.016 -0.026
(0.004) (0.010) (0.018) (0.026)

Share of male peers with mother entrepreneur 0.019* 0.037 0.045 0.047
(0.010) (0.023) (0.040) (0.058)

Father is entrepreneur 0.006*** 0.024*** 0.053*** 0.089***
(0.001) (0.003) (0.005) (0.007)

Mother is entrepreneur 0.018*** 0.067*** 0.126*** 0.182***
(0.003) (0.008) (0.014) (0.019)

Observations 384944 380881 377509 374641
School and municipality x cohort FE X X X X
Individual controls X X X X
Cohort controls X X X X
Mean dep. var 0.00905 0.0342 0.0720 0.118

Notes. The dependent variable in all columns in Panel A is an indicator for whether the individual ever entered en-

trepreneurship by the age considered; the dependent variable in all columns in Panel B is the number of years spent in

entrepreneurship by the age considered. Share of female (male) peers with mother/father entrepreneur is the share of

female (male) peers with mother/father who is entrepreneur during the exposure period. Entrepreneurs are defined as

individuals who either start or own a business with employees. The table reports estimates for women only. All regressions

include school and municipality-by-cohort fixed e↵ects, as well as individual and cohort level controls. Individual level

controls include age; indicators for living with parents; indicators for being a first- or second-generation immigrant; par-

ents’ income; parents’ age; indicators for parents’ unemployment and home-ownership statuses; and indicators for parents’

highest education level (upper secondary academic, upper secondary vocational, higher education), all computed at the

beginning of the exposure period. Cohort level controls include cohort size; share of female peers; share of first- and

second-generation immigrant peers; average peers’ parental income; share of peers with parents whose highest educational

level is upper secondary academic education, upper secondary vocational education, or higher education; share of peers

with parents unemployed; and share of peers with parents that are home-owners. Standard errors clustered at the school

level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table 11: E↵ects on women’s probability of firm co-ownership with peers

Cofounded first firm

(1) (2)

With peers With same gender peers

Share of female peers with parent entrepreneur -0.0003 -0.0003

(0.0002) (0.0002)

Share of male peers with parent entrepreneur 0.0006 0.0006

(0.0004) (0.0004)

Parent is entrepreneur 0.0001 0.0000

(0.0001) (0.0001)

Observations 384944 384944

School and municipality x cohort FE X X

Individual controls X X

Cohort controls X X

Mean dep. var 0.0000883 0.0000520

Notes. The dependent variable in all columns is an indicator for whether the individual has ever co-owned a firm with her

peers. Share of female (male) peers with parent entrepreneur is the share of female (male) peers with at least one parent

who is entrepreneur during the exposure period. Entrepreneurs are defined as individuals who either start or own a business

with employees. The table reports estimates for women only. All regressions include school and municipality-by-cohort

fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, ***
p< 0.01.
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A Other Tables and Figures

Figure A1: Number of observation by age

Notes. The figure plots the number of observation per age, from 18 to 52.

Table A1: Raw and residual variation in share of parents who are entrepreneurs

Mean St.Dev

Share of peers with at least one entrepreneur parent

Raw cohort variable 0.116 0.071

Residuals after removing School and municipality x cohort FE -0.000 0.042

Notes. This table reports the raw and residual (net of school and municipality-by-cohort fixed e↵ects) variation in the

share of peers’ parents who are entrepreneurs. Entrepreneurs are defined as individuals who either start or own a business

with employees.
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Figure A2: Year-to-year variation in the share of peers’ parents who are entrepreneurs
within schools

Notes. The figure plots the predicted share of peers’ with entrepreneur parents at the school-cohort level from a regression

of the share of peers’ with entrepreneur parents on school and municipality-by-cohort fixed e↵ects. The graph also features

a normal distribution for comparison. Entrepreneurs are defined as individuals who either start or own a business with

employees.

Table A2: Raw and residual variation in share of parents who are entrepreneurs by gender
of peers

Mean St.Dev

A. Share of female peers with at least one entrepreneur parent

Raw cohort variable 0.115 0.088

Residuals after removing School and municipality x cohort FE -0.000 0.061

B. Share of male peers with at least one entrepreneur parent

Raw cohort variable 0.117 0.087

Residuals after removing School and municipality x cohort FE -0.000 0.059

Notes. This table reports the raw and residual (net of school and municipality-by-cohort fixed e↵ects) variation in the share

of female (panel A) and male (panel B) peers’ parents who are entrepreneurs. Entrepreneurs are defined as individuals

who either start or own a business with employees.
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Table A3: Balancing tests by gender of peers

Share of female peers with par. entr. Share of male peers with par. entr.

Estimate St. Error Estimate St. Error

Dependent variable:

Age in 7th grade 0.00116* (0.00063) -0.00013 (0.00063)

Female 0.00171* (0.00104) -0.00034 (0.00098)

N. students -0.15384 (0.11276) -0.09041 (0.11376)

Mother has secondary (academic) educ -0.00004 (0.00026) 0.00030 (0.00028)

Mother has secondary (vocational) educ -0.00036 (0.00093) 0.00023 (0.00094)

Mother has higher educ 0.00002 (0.00039) 0.00063 (0.00041)

Father has secondary (academic) educ -0.00007 (0.00027) 0.00009 (0.00026)

Father has secondary (vocational) educ 0.00053 (0.00098) -0.00070 (0.00103)

Father has higher educ 0.00017 (0.00056) 0.00102* (0.00059)

Mother’s age 0.00539 (0.00983) 0.00448 (0.01025)

Father’s age 0.00274 (0.01208) -0.00772 (0.01250)

Parents are home owners -0.00162 (0.00131) 0.00157 (0.00127)

Parents’ income (log) 0.00048 (0.00102) 0.00131 (0.00104)

Mother is unemployed 0.00076 (0.00051) -0.00016 (0.00052)

Father is unemployed 0.00092** (0.00043) -0.00018 (0.00045)

Lives with mother -0.00114 (0.00081) -0.00034 (0.00081)

Lives with father 0.00056 (0.00038) -0.00009 (0.00038)

First-generation immigrant -0.00002 (0.00017) -0.00045** (0.00019)

Second-generation immigrant 0.00044** (0.00022) -0.00003 (0.00020)

Notes. This table reports the coe�cients of separate regressions of each individual characteristic on the share of female and male peers with parents entrepreneur. The coe�cients are rescaled

to reflect the e↵ect of increasing exposure by the IQR of the exposure distribution. All regressions include school and municipality-by-cohort fixed e↵ects and control for an indicator for

whether the individuals’ parents are entrepreneur. Entrepreneurs are defined as individuals who either start or own a business with employees. Standard errors clustered at the school level

in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table A4: Correlated characteristics at the cohort level by gender of peers

Share of female peers with par. entr Share of male peers with parents entr.

Estimate St. Error Estimate St. Error

Dependent variable:

Share of par. with secondary academic educ -0.0003 (0.0008) 0.0014* (0.0008)

Share of par. with secondary vocational educ 0.007*** (0.002) 0.007*** (0.002)

Share of par. with higher educ 0.007*** (0.001) 0.010*** (0.001)

Share of par. unemployed -0.007*** (0.002) -0.009*** (0.001)

Share of par. first-gen immigrants -0.0005 (0.0011) -0.0009 (0.0010)

Share of par. second-gen immigrant -0.0003 (0.0002) 0.0001 (0.0002)

Share of par. home owners 0.017*** (0.003) 0.013*** (0.002)

Average par. age 0.091*** (0.023) 0.023 (0.020)

Average par. income (log) 0.016*** (0.002) 0.017*** (0.002)

Notes. This table reports the coe�cients of separate regressions of the share of female peers and male peers with entrepreneur parents on the share of parents whose higher education is

vocational secondary education, academic secondary education, or a university degree; the share of parents who are unemployed; the share of parents who are first- or second-generation

immigrants; the share of parents who are home-owners; parents’ average age; and average parental income (log). The coe�cients are rescaled to reflect the e↵ect of increasing exposure by

the IQR of the exposure distribution. All regressions include school and municipality-by-cohort fixed e↵ects. Entrepreneurs are defined as individuals who either start or own a business with

employees. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table A5: Ever entrepreneur - role of controls

Ever entrepreneur

(1) (2) (3) (4)

A. By age 25

Share of female peers with parent entrepreneur 0.007*** 0.007*** 0.007*** 0.007***

(0.002) (0.002) (0.002) (0.002)

Share of male peers with parent entrepreneur -0.001 -0.001 -0.001 -0.001

(0.002) (0.002) (0.002) (0.002)

Parent is entrepreneur 0.004*** 0.005*** 0.004*** 0.005***

(0.000) (0.000) (0.000) (0.000)

Observations 384944 384944 384944 384944

Mean dep. var 0.00470 0.00470 0.00470 0.00470

B. By age 30

Share of female peers with parent entrepreneur 0.008*** 0.008*** 0.008*** 0.008***

(0.003) (0.003) (0.003) (0.003)

Share of male peers with parent entrepreneur -0.000 -0.000 0.000 0.000

(0.003) (0.003) (0.003) (0.003)

Parent is entrepreneur 0.010*** 0.011*** 0.010*** 0.011***

(0.001) (0.001) (0.001) (0.001)

Observations 380881 380881 380881 380881

Mean dep. var 0.0124 0.0124 0.0124 0.0124

B. By age 35

Share of female peers with parent entrepreneur 0.008** 0.008** 0.009** 0.009**

(0.004) (0.004) (0.004) (0.004)

Share of male peers with parent entrepreneur -0.000 0.000 0.000 0.000

(0.004) (0.004) (0.004) (0.004)

Parent is entrepreneur 0.016*** 0.016*** 0.016*** 0.016***

(0.001) (0.001) (0.001) (0.001)

Observations 377509 377509 377509 377509

Mean dep. var 0.0204 0.0204 0.0204 0.0204

B. By age 40

Share of female peers with parent entrepreneur 0.007* 0.007* 0.008* 0.008*

(0.004) (0.004) (0.004) (0.004)

Share of male peers with parent entrepreneur 0.000 0.001 0.000 0.001

(0.005) (0.005) (0.005) (0.005)

Parent is entrepreneur 0.020*** 0.021*** 0.020*** 0.021***

(0.001) (0.001) (0.001) (0.001)

Observations 374641 374641 374641 374641

Mean dep. var 0.0282 0.0282 0.0282 0.0282

School and municipality x cohort FE X X X X

Individual controls X X

Cohort controls X X

Notes. The dependent variable in all columns is an indicator for whether the individual ever entered entrepreneurship by

age 25 (Panel A), 30 (Panel B), 35 (Panel C) and 40 (Panel D). Column (1) reports the results of a specification with

no controls. In column (2), only individual level controls are included. In column (3), only cohort controls are included.

Column (4) reports the results of the full specification. Share of female (male) peers with parent entrepreneur is the

share of female (male) peers with at least one parent who is entrepreneur during the exposure period. Entrepreneurs are

defined as individuals who either start or own a business with employees. All regressions include school and municipality-

by-cohort fixed e↵ects. Individual level controls include age; indicators for living with parents; indicators for being a first-

or second-generation immigrant; parents’ income; parents’ age; indicators for parents’ unemployment and home-ownership

statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational, higher

education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female

peers; share of first- and second-generation immigrant peers; average peers’ parental income; share of peers with parents

whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher

education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors

clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table A6: E↵ects on entry and tenure in entrepreneurship by age for women

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

A. Ever entrepreneur

Share of female peers with parent entrepreneur 0.007*** 0.008*** 0.009** 0.008*

(0.002) (0.003) (0.004) (0.004)

Share of male peers with parent entrepreneur -0.001 0.000 0.000 0.001

(0.002) (0.003) (0.004) (0.005)

Parent is entrepreneur 0.005*** 0.011*** 0.016*** 0.021***

(0.000) (0.001) (0.001) (0.001)

Observations 384944 380881 377509 374641

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.00470 0.0124 0.0204 0.0282

B. Number of years as entrepreneur

Share of female peers with parent entrepreneur 0.013*** 0.034*** 0.053*** 0.066***

(0.004) (0.010) (0.017) (0.025)

Share of male peers with parent entrepreneur -0.002 -0.005 -0.007 -0.015

(0.004) (0.010) (0.017) (0.025)

Parent is entrepreneur 0.009*** 0.033*** 0.067*** 0.108***

(0.001) (0.003) (0.004) (0.006)

Observations 384944 380881 377509 374641

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.00905 0.0342 0.0720 0.118

Notes. The dependent variable in all columns is an indicator for whether the individual ever entered entrepreneurship

by the age considered in Panel A; and the number of years spent in entrepreneurship by the age considered in Panel B.

Results are reported for the subsample of women. Share of female (male) peers with parent entrepreneur is the share of

female (male) peers with at least one parent who is entrepreneur during the exposure period. Entrepreneurs are defined as

individuals who either start or own a business with employees. All regressions include school and municipality-by-cohort

fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, ***
p< 0.01.
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Table A7: E↵ects on entry and tenure in entrepreneurship by age for men

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

A. Ever entrepreneur

Share of female peers with parent entrepreneur 0.002 0.009* 0.002 0.003

(0.003) (0.005) (0.006) (0.007)

Share of male peers with parent entrepreneur -0.000 0.003 -0.002 -0.005

(0.003) (0.005) (0.006) (0.007)

Parent is entrepreneur 0.014*** 0.046*** 0.066*** 0.076***

(0.001) (0.001) (0.002) (0.002)

Observations 401716 396374 390848 385805

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.0105 0.0341 0.0557 0.0715

B. Number of years as entrepreneur

Share of female peers with parent entrepreneur 0.001 0.028* 0.034 0.043

(0.006) (0.016) (0.029) (0.042)

Share of male peers with parent entrepreneur -0.003 0.003 -0.007 -0.032

(0.006) (0.016) (0.029) (0.042)

Parent is entrepreneur 0.031*** 0.155*** 0.353*** 0.554***

(0.002) (0.005) (0.010) (0.016)

Observations 401716 396374 390848 385805

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.0197 0.0917 0.207 0.332

Notes. The dependent variable in all columns is an indicator for whether the individual ever entered entrepreneurship

by the age considered in Panel A; and the number of years spent in entrepreneurship by the age considered in Panel B.

Results are reported for the subsample of men. Share of female (male) peers with parent entrepreneur is the share of

female (male) peers with at least one parent who is entrepreneur during the exposure period. Entrepreneurs are defined as

individuals who either start or own a business with employees. All regressions include school and municipality-by-cohort

fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, ***
p< 0.01.
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Table A8: E↵ects on the number of years as entrepreneur by cohort size for women

N. years as entrepreneur

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

A. Small cohorts

Share of female peers with parent entrepreneur 0.017*** 0.049*** 0.093*** 0.128***

(0.006) (0.015) (0.027) (0.038)

Share of male peers with parent entrepreneur -0.004 -0.005 -0.009 -0.017

(0.006) (0.015) (0.027) (0.040)

Parent is entrepreneur 0.011*** 0.039*** 0.074*** 0.113***

(0.002) (0.004) (0.007) (0.011)

Observations 166413 164697 163259 161980

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.00921 0.0356 0.0737 0.119

B. Large cohorts

Share of female peers with parent entrepreneur 0.008 0.016 0.012 0.015

(0.006) (0.015) (0.026) (0.039)

Share of male peers with parent entrepreneur 0.006 0.021 0.038 0.042

(0.007) (0.016) (0.027) (0.039)

Parent is entrepreneur 0.007*** 0.028*** 0.062*** 0.104***

(0.001) (0.003) (0.006) (0.008)

Observations 218238 215890 213948 212360

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.00892 0.0331 0.0707 0.117

Notes. The dependent variable in all columns is an indicator for whether the individual ever entered entrepreneurship

by the age considered. Share of peers with parent entrepreneur is the share of peers with at least one parent who is

entrepreneur during the exposure period. Panel A reports the results for individuals enrolled in cohorts below the average

cohort size within their school. Panel B reports the results for individuals enrolled in cohorts above the average size.

Entrepreneurs are defined as individuals who either start or own a business with employees. All regressions include school

and municipality-by-cohort fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age;

indicators for living with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’

age; indicators for parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level

(upper secondary academic, upper secondary vocational, higher education), all computed at the beginning of the exposure

period. Cohort level controls include cohort size; share of female peers; share of first- and second-generation immigrant

peers; average peers’ parental income; share of peers with parents whose highest educational level is upper secondary

academic education, upper secondary vocational education, or higher education; share of peers with parents unemployed;

and share of peers with parents that are home-owners. Standard errors clustered at the school level in parentheses. *

p< 0.1, ** p< 0.05, *** p< 0.01.
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Figure A3: E↵ects on the number of years as entrepreneur with tighter specification -
Women’s sample

(a) Baseline specification

(b) Tighter specification

Notes. Panel (a) of this figure plot the regression coe�cients as well as 90 and 95% confidence intervals from estimating

equation (1), while Panel (b) displays the coe�cients from an alternative specification that exploits variation in the gender

mix in the share of peers with entrepreneur parents while keeping the total share of peers with entrepreneur parents

constant. Entrepreneurs are defined as individuals who either start or own a business with employees. The y-axis plots the

percentage change in the outcome of interest resulting from moving a student from a cohort with relatively low exposure to

one with relatively high exposure. We obtain this number by multiplying each coe�cient by the interquantile range of the

exposure distribution (times one hundred) and divide the result by the gender-specific mean of the outcome variable. All

regressions include school and municipality-by-cohort fixed e↵ects, as well as individual and cohort level controls. Individual

level controls include age; indicators for living with parents; indicators for being a first- or second-generation immigrant;

parents’ income; parents’ age; indicators for parents’ unemployment and home-ownership statuses; and indicators for

parents’ highest education level (upper secondary academic, upper secondary vocational, higher education), all computed

at the beginning of the exposure period. Cohort level controls include cohort size; share of female peers; share of first- and

second-generation immigrant peers; average peers’ parental income; share of peers with parents whose highest educational

level is upper secondary academic education, upper secondary vocational education, or higher education; share of peers

with parents unemployed; and share of peers with parents that are home-owners. Standard errors are clustered at the

school level.
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Table A9: Number of years as entrepreneur - robustness checks for women

N. years as entrepreneur

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

A. Including self-employed

Share of female peers with parent entrepreneur 0.018*** 0.040*** 0.063*** 0.082**

(0.006) (0.013) (0.022) (0.033)

Share of male peers with parent entrepreneur 0.002 -0.006 -0.014 -0.033

(0.007) (0.014) (0.023) (0.035)

Parent is entrepreneur 0.029*** 0.075*** 0.140*** 0.227***

(0.002) (0.003) (0.006) (0.008)

Observations 384944 380881 377509 374641

Mean dep. var 0.0346 0.108 0.228 0.395

B. Excluding the 30 largest municipalities

Share of female peers with parent entrepreneur 0.013** 0.032** 0.054** 0.069**

(0.005) (0.014) (0.023) (0.033)

Share of male peers with parent entrepreneur -0.003 -0.018 -0.025 -0.033

(0.005) (0.013) (0.022) (0.033)

Parent is entrepreneur 0.007*** 0.029*** 0.062*** 0.102***

(0.001) (0.003) (0.005) (0.008)

Observations 233525 231191 229270 227597

Mean dep. var 0.00906 0.0354 0.0748 0.123

C. Including school-time trends

Share of female peers with parent entrepreneur 0.010** 0.029*** 0.042** 0.060**

(0.004) (0.010) (0.018) (0.025)

Share of male peers with parent entrepreneur -0.002 -0.003 -0.016 -0.021

(0.004) (0.010) (0.018) (0.026)

Parent is entrepreneur 0.008*** 0.032*** 0.067*** 0.108***

(0.001) (0.003) (0.004) (0.006)

Observations 384944 380881 377509 374641

Mean dep. var 0.00905 0.0342 0.0720 0.118

D. Adjacent cohorts

Share of female peers with parent entrepreneur: Lag 1 -0.001 -0.000 0.000 0.006

(0.004) (0.010) (0.018) (0.024)

Share of female peers with parent entrepreneur 0.010*** 0.029*** 0.041** 0.045*

(0.004) (0.010) (0.018) (0.025)

Share of female peers with parent entrepreneur: Lead 1 -0.002 -0.001 0.000 0.001

(0.004) (0.010) (0.018) (0.026)

Parent is entrepreneur 0.009*** 0.033*** 0.067*** 0.107***

(0.001) (0.003) (0.005) (0.007)

Observations 353100 349377 346269 343616

Mean dep. var 0.00905 0.0342 0.0720 0.118

Notes. The dependent variable in all columns is the number of years spent in entrepreneurship by the age considered.

In panel A, entrepreneurship includes also the self-employed. In panel B, we include school linear trends. In panel C,

we include exposure from adjacent cohorts. In panel D, we exclude the 30 largest municipalities. Share of female (male)
peers with parent entrepreneur is the share of female (male) peers with at least one parent who is entrepreneur during

the exposure period. Entrepreneurs are defined as individuals who either start or own a business with employees (in

Panel B and C), and include the self-employed in Panel A. All regressions include school and municipality-by-cohort

fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, ***
p< 0.01.
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Table A10: Oster test on the number of years as entrepreneur for women

Years as entr.

(1) (2)

No controls Controls

A. By age 25

Share of female peers with entr. parents 0.012⇤⇤⇤ 0.013⇤⇤⇤

(0.004) (0.004)

Observations 384944 384944

R max 0.019

�̂ for � = 0 given R max 1.367a

B. By age 30

Share of female peers with entr. parents 0.033⇤⇤⇤ 0.034⇤⇤⇤

(0.010) (0.010)

Observations 380881 380881

R max 0.020

�̂ for � = 0 given R max 2.622a

C. By age 35

Share of female peers with entr. parents 0.051⇤⇤⇤ 0.053⇤⇤⇤

(0.017) (0.017)

Observations 377509 377509

R max 0.021

�̂ for � = 0 given R max 2.724a

D: by age 40

Share of female peers with entr. parents 0.064⇤⇤⇤ 0.066⇤⇤⇤

(0.025) (0.025)

Observations 374641 374641

R max 0.022

�̂ for � = 0 given R max 3.626a

Notes. The dependent variable in all columns is the number of years spent as an entrepreneur by age 25 (Panel A), 30 (Panel

B), 35 (Panel C) or 40 (Panel D). Column (1) reports the results of a specification with no controls. Column (2) reports the

results of the full specification. The table reports estimates of the e↵ect of exposure to entrepreneurs via female peers and

of the coe�cient of proportionality (�), indicating how important unobservable characteristics would have to be relative

to observable characteristics to explain away the e↵ect of exposure to entrepreneurs on outcomes for a given maximum

R2
, Rmax. We set Rmax equal to 1.3 ⇥ R2

from the model including controls as suggested in Oster (2019). Superscript

a indicates that the estimated � < 0. Share of female peers with parents entrepreneur is the share of female peers with

parents who are entrepreneurs during the exposure period. Entrepreneurs are defined as individuals who either start or own

a business with employees. All regressions include school and municipality-by-cohort fixed e↵ects, as well as individual and

cohort level controls. Individual level controls include age; indicators for living with parents; indicators for being a first-

or second-generation immigrant; parents’ income; parents’ age; indicators for parents’ unemployment and home-ownership

statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational, higher

education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female

peers; share of first- and second-generation immigrant peers; average peers’ parental income; share of peers with parents

whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher

education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors

clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Figure A4: Placebo tests on the number of years as entrepreneur for women

(a) Panel A

by age 25 by age 30

by age 35 by age 40

(b) Panel B

b  b̂

(1) (2) (3) (4)
Age 25 Age 30 Age 35 Age 40

Share of placebo estimates 0.008 0.004 0.002 0.017

Notes. Panel A of the figure plots the distribution of estimates from 1000 placebo regressions of the e↵ect of exposure to

entrepreneurs via female peers on the number of years girls spend in entrepreneurship by age 25, 30, 35 or 40. Each placebo

regression randomly assigns students to schools within their true school cohort and municipality. The vertical red dashed

line indicates the estimated e↵ect using the true exposure level. Panel B reports the share of placebo estimates that are

more extreme than the estimated e↵ect of early exposure to entrepreneurs on the number of years spent in entrepreneurship

using our estimation sample.
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Figure A5: Decomposition of number of years as entrepreneur

Notes. This figure illustrates the share of the overall e↵ect of early exposure to entrepreneurs through female peers, that

can be attributed to women who pursue upper-secondary vocational education, upper-secondary academic education and

discontinue education following compulsory schooling. These estimates are shown separately for the number of years spend

in entrepreneurship by age 25, 30, 35 and 40. The estimates are obtained by estimating three separate regressions of the

same form as equation (1), where we interact the outcome of interest (number of years as entrepreneur) with an indicators

for the first education pursued after compulsory schooling. All regressions include school and municipality-by-cohort

fixed e↵ects, as well as individual and cohort level controls. Individual level controls include age; indicators for living

with parents; indicators for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for

parents’ unemployment and home-ownership statuses; and indicators for parents’ highest education level (upper secondary

academic, upper secondary vocational, higher education), all computed at the beginning of the exposure period. Cohort

level controls include cohort size; share of female peers; share of first- and second-generation immigrant peers; average

peers’ parental income; share of peers with parents whose highest educational level is upper secondary academic education,

upper secondary vocational education, or higher education; share of peers with parents unemployed; and share of peers

with parents that are home-owners. Standard errors are clustered at the school level.
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Table A11: E↵ects of exposure to high-achieving peers

N. years as entrepreneur

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

Panel A: Manager parents

Share of female peers with parent top manager -0.003 -0.005 0.001 0.003

(0.009) (0.021) (0.036) (0.052)

Share of male peers with parent top manager 0.007 0.042** 0.088** 0.102*

(0.009) (0.021) (0.037) (0.056)

Parent is top manager 0.005** 0.017*** 0.031*** 0.043***

(0.002) (0.006) (0.009) (0.013)

Observations 384944 380881 377509 374641

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.00905 0.0342 0.0720 0.118

Panel B: Higher educated parents

Share of female peers with high educ. parent -0.001 -0.005 0.006 -0.005

(0.007) (0.019) (0.036) (0.051)

Share of male peers with high educ. parent -0.001 0.003 0.010 0.007

(0.008) (0.020) (0.037) (0.053)

Parent has high educ. -0.003 -0.003 -0.005 -0.018

(0.002) (0.005) (0.009) (0.015)

Observations 384944 380881 377509 374641

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.00905 0.0342 0.0720 0.118

Notes. The dependent variable in all columns is the number of years spent in entrepreneurship by the age considered.

Results are reported for the subsample of women. Share of female (male) peers with parent top manager is the share of

female (male) peers with at least one parent who is employed as manager during the exposure period. Share of female
(male) peers with high educ. parent is the share of female (male) peers with at least one parent who hold a higher education

degree in the exposure period. All regressions include school and municipality-by-cohort fixed e↵ects, as well as individual

and cohort level controls. Individual level controls include age; indicators for living with parents; indicators for being a first-

or second-generation immigrant; parents’ income; parents’ age; indicators for parents’ unemployment and home-ownership

statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational, higher

education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female

peers; share of first- and second-generation immigrant peers; average peers’ parental income; share of peers with parents

whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher

education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors

clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table A12: E↵ects on tenure in entrepreneurship by age for female movers

(1) (2) (3) (4)

by age 25 by age 30 by age 35 by age 40

Share of female peers with parent entrepreneur 0.008** 0.025** 0.039** 0.066**

(0.004) (0.010) (0.018) (0.027)

Share of male peers with parent entrepreneur -0.004 -0.016 -0.020 -0.021

(0.004) (0.011) (0.018) (0.026)

Parent is entrepreneur 0.005*** 0.019*** 0.045*** 0.084***

(0.001) (0.003) (0.005) (0.007)

Observations 197080 223457 255613 288838

School and municipality x cohort FE X X X X

Individual controls X X X X

Cohort controls X X X X

Mean dep. var 0.007 0.027 0.062 0.108

St.dev. share of female peers 0.088 0.088 0.088 0.088

St.dev. share of male peers 0.087 0.087 0.087 0.087

Notes. The dependent variable in all columns is the number of years spent in entrepreneurship by the age. Results are

reported for the subsample of women who have moved away from the municipality in which they underwent compulsory

schooling at the indicated age. Share of female (male) peers with parent entrepreneur is the share of female (male) peers

with at least one parent who is entrepreneur during the exposure period. Entrepreneurs are defined as individuals who

either start or own a business with employees. All regressions include school and municipality-by-cohort fixed e↵ects, as well

as individual and cohort level controls. Individual level controls include age; indicators for living with parents; indicators

for being a first- or second-generation immigrant; parents’ income; parents’ age; indicators for parents’ unemployment and

home-ownership statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary

vocational, higher education), all computed at the beginning of the exposure period. Cohort level controls include cohort

size; share of female peers; share of first- and second-generation immigrant peers; average peers’ parental income; share

of peers with parents whose highest educational level is upper secondary academic education, upper secondary vocational

education, or higher education; share of peers with parents unemployed; and share of peers with parents that are home-

owners. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Table A13: E↵ects of exposure to high-achieving peers on educational choices

Education decision after compulsory school

(1) (2) (3)

Discontinued
education

Upper secondary
academic

Upper secondary
vocational

Panel A: Manager parents

Share of female peers with parent top manager -0.048* 0.045 0.004

(0.026) (0.030) (0.028)

Share of male peers with parent top manager -0.016 -0.002 0.019

(0.025) (0.032) (0.028)

Parent is top manager -0.003 -0.006 0.009

(0.005) (0.006) (0.006)

Observations 328632 328632 328632

School and municipality x cohort FE X X X

Individual controls X X X

Cohort controls X X X

Mean dep. var 0.232 0.512 0.256

Panel B: Higher educated parents

Share of female peers with high educ. parent -0.034 0.061** -0.026

(0.023) (0.029) (0.024)

Share of male peers with high educ. parent -0.019 0.050 -0.031

(0.025) (0.030) (0.025)

Parent has high educ. -0.057*** 0.089*** -0.032***

(0.006) (0.008) (0.006)

Observations 328632 328632 328632

School and municipality x cohort FE X X X

Individual controls X X X

Cohort controls X X X

Mean dep. var 0.232 0.512 0.256

Notes.The dependent variables in columns (1)-(3) are mutually exclusive indicators for the first choice made after the end

of compulsory schooling. Specifically, the dependent variable is an indicator for whether the individual has discontinued

education after compulsory school in column (1); has enrolled in an upper secondary academic school in column (2); and

has enrolled in an upper secondary vocational school in column (3). These regressions are run on a balanced sample, so

that columns (1)-(3) sum up to zero. Share of female (male) peers with parent top manager is the share of female (male)

peers with at least one parent who is employed as manager during the exposure period. Share of female (male) peers
with high educ. parent is the share of female (male) peers with at least one parent who hold a higher education degree

in the exposure period. All regressions include school and municipality-by-cohort fixed e↵ects, as well as individual and

cohort level controls. Individual level controls include age; indicators for living with parents; indicators for being a first-

or second-generation immigrant; parents’ income; parents’ age; indicators for parents’ unemployment and home-ownership

statuses; and indicators for parents’ highest education level (upper secondary academic, upper secondary vocational, higher

education), all computed at the beginning of the exposure period. Cohort level controls include cohort size; share of female

peers; share of first- and second-generation immigrant peers; average peers’ parental income; share of peers with parents

whose highest educational level is upper secondary academic education, upper secondary vocational education, or higher

education; share of peers with parents unemployed; and share of peers with parents that are home-owners. Standard errors

clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.

74



B Firm Performance

We are interested in measuring the characteristics of the pool of firms resulting from the

increase in female entrepreneurship arising due to higher levels of early exposure to en-

trepreneurs (i.e. the firm led by the compliers). We can identify these firm characteristics

using early exposure as an instrument for the time spent in entrepreneurship under four

assumptions: i) Early exposure increases the time spent in entrepreneurship (relevance);

ii) the exploited variation in early exposure to entrepreneurship is as good as random

(independence); iii) higher levels of early exposure never decrease the amount of time

spent in entrepreneurship (monotonicity); iv) early exposure has no direct e↵ect on the

firm performance of always-takers (exclusion restriction).

We show in Section 4 that the instrument is relevant and in particular that early ex-

posure to entrepreneurs through female peers has a strong e↵ect on the number of years

women spent in entrepreneurship. Furthermore, we show in Section 3.2 that variation in

early exposure to entrepreneurs can be considered conditionally random. Specifically, we

show that within school across cohort variation in the share of peers with entrepreneur

parents is uncorrelated with a large set of pre-determined characteristics. In this Ap-

pendix section we thus discuss the monotonicity assumption and the exclusion restriction.

One implication of the monotonicity assumption is that the first stage coe�cient

should be nonnegative for all subsamples. To provide evidence in favor of the mono-

tonicity assumption we therefore estimate the first stage specification (Equation 2) for

various subsamples. To conduct these tests, we first condition out school and munici-

pality by year fixed e↵ects in the full sample and use the remaining variation in early

exposure across di↵erent subsamples. We show estimates from these first stage regres-

sions, where the dependent variable is the number of years spent in entrepreneurship by

age 25, 30, 35 and 40, in Table B1. Panel A reports the baseline estimates. Panel B re-

ports estimates separately for those with a high (above median) predicted probability of

becoming an entrepreneur and for those with a low (below median) predicted probability

of becoming an entrepreneur. These predicted probabilities are calculated using a linear

probability model relating individual-level controls to the probability of ever becoming

an entrepreneur. Panel C reports estimates separately for students with parents who

completed no more than compulsory schooling and those with parents who completed

more than compulsory schooling. Panel D reports estimates separately for school co-

horts 1980-1986 and school cohorts 1987-1992. Panel E reports estimates separately for

students with parents who have income below and above the median income among all

parents with children from the same school cohort. Panel F reports estimates separately

for individuals residing in urban and rural municipalities, where urban municipalities re-

fer to the 30 largest municipalities in Denmark. Panel G reports estimates separately for

schools that are and that are not classified as poor schools. We classify a school as poor

if the school is among the 50% schools with the highest share of children of parents in
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the bottom quartile of the income distribution. The first stage estimates are positive and

largely significant across all subsamples and age groups, lending support to the validity

of the monotonicity assumption.

We now turn to the discussion of the exclusion restriction. If the exclusion restriction is

violated, the 2SLS estimates will be biased. Specifically, they will capture a combination

of the e↵ects of early exposure on the characteristics of firms led by compliers, and

changes to the characteristics of firms led by always-takers. While the exclusion restriction

cannot be directly tested, we can investigate the sensitivity of our 2SLS estimates to

potential violations. To simplify derivations, we focus on the firm characteristics of

women who enter entrepreneurship due to early exposure (i.e., the extensive margin of

entrepreneurship), rather than the firm characteristics of women who enter or increase

their tenure in entrepreneurship due to early exposure (i.e., changes to the extensive and

intensive margin of entrepreneurship).65

Specifically, let Zi indicate exposure to entrepreneurs, which we assume to be binary

(high/low) for simplicity. Let Di be an indicator for being an entrepreneur, let Di(Zi)

denote the entrepreneurship status for a given value of Zi, and let Yi(Di, Zi) denote

potential outcomes of i for di↵erent combinations ofDi and Zi. With this notation, we can

divide the population into four mutually exclusive groups: compliers (C: Di(Zi)) = Zi),

always-takers (AT: Di(Zi) = 1), never takers (NT: Di(Zi) = 0) and defiers (DF: Di(Zi) =

1 � Zi). As is standard in the IV framework and in line with the tests shown in Table

B1, we assume that there are no defiers (monotonicity), that is, there are no individuals

who would avoid becoming an entrepreneur due to early exposure to entrepreneurship

(Pr(Di(Zi) = 1� Zi) = 0). Using this notation, we can write the 2SLS Wald estimator

as:

�2SLS =
E[Yi|Zi = 1]� E[Yi|Zi = 0]

E[Di|Zi = 1]� E[Di|Zi = 0]
(5)

Focusing first on the reduced form estimate expressed in the numerator, notice that it

65As documented in Figure 2, early exposure to entrepreneurs through female peers leads to a large
and persistent increase in the probability that women become entrepreneurs. Because we focus on
the extensive margin of entrepreneurship, the interpretation of the 2SLS estimates changes slightly
compared to when we focus on changes to the number of years spent in entrepreneurship. Specifically,
when instrumenting for entry into entrepreneurship using early exposure, the compliers are women
who enter entrepreneurship due to early exposure, while always-takers are women who would enter
entrepreneurship regardless of early exposure. By contrast, when instrumenting for the number of years
in entrepreneurship, compliers include women who either enter or extend their entrepreneurial tenure
due to early exposure, while always-takers are those whose entry and tenure remain una↵ected by early
exposure. Note that while focusing on the firm characteristics of women who enter entrepreneurship
due to early exposure simplies the intuition behind the derivations, the results from this exercise are
qualitatively and quantitatively similar if we use the number of years spent as an entrepreneur as the
endogenous variable, in line with changes to the extensive margin of entrepreneurship being the most
relevant margin.
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can be written as:

E[Yi|Zi = 1]� E[Yi|Zi = 0]

=

"
E[Yi|Zi = 1, Di = 1]P (Di = 1|Zi = 1) + E[Yi|Zi = 1, Di = 0]P (Di = 0|Zi = 1)

#

�
"
E[Yi|Zi = 0, Di = 1]P (Di = 1|Zi = 0) + E[Yi|Zi = 0, Di = 0]P (Di = 0|Zi = 0)

#

=

"
E[Yi(1, 1)|C]P (C) + E[Yi(1, 1)|AT ]P (AT ) + E[Yi(0, 1)|DF ]P (DF ) + E[Yi(0, 1)|NT ]P (NT )

#

�
"
E[Yi(1, 0)|AT ]P (AT ) + E[Yi(1, 0)|DF ]P (DF ) + E[Yi(0, 0)|C]P (C) + E[Yi(0, 0)|NT ]P (NT )

#

= E[Yi(1, 1)|C]P (C) + E[Yi(1, 1)� Yi(1, 0)|AT ]P (AT )

where the final step removes defiers, according to the monotonicity assumption and

exploits that firm outcomes are zero for individuals who never become entrepreneurs

(Yi(0, Zi) = 0). Focusing next on the first stage estimate expressed in the denominator,

notice that it can be written as:

E[Di|Zi = 1]� E[Di|Zi = 0]

=

"
E[Di|Zi = 1, Di = 1]P (Di = 1|Zi = 1) + E[Di|Zi = 1, Di = 0]P (Di = 0|Zi = 1)

#

�
"
E[Di|Zi = 0, Di = 1]P (Di = 1|Zi = 0) + E[Di|Zi = 0, Di = 0]P (Di = 0|Zi = 0)

#

= P (Di = 1|Zi = 1)� P (Di = 1|Zi = 0) = P (C)

Therefore, the Wald estimator becomes:

�2SLS = E[Yi(1, 1)|C] + E[Yi(1, 1)� Yi(1, 0)|AT]⇥
P (AT)

P (C)
(6)

which allows us to identify the characteristics of firms created by compliers under di↵erent

assumptions about the impact of early exposure to entrepreneurs on the firms created by

always-takers using the following relationship:

E[Yi(1, 1)|C] = �2SLS � E[Yi(1, 1)� Yi(1, 0)|AT]⇥
P (AT)

P (C)
(7)

If we assume that exposure has no influence on the firms created by always-takers (i.e.,

the exclusion restriction holds), the 2SLS estimate will capture the characteristics of firms
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created by compliers. If this assumption does not hold, Equation 7 shows that we can

investigate how the estimated characteristics of firms led by compliers change when we

allow the e↵ect of early exposure on the firms of always-takers (E[Yi(1, 1)|AT]) to vary.

Indeed, because early exposure is conditionally random, we can estimate P (AT) as the

proportion of women who become entrepreneurs when exposure is low.66 Similarly, we can

estimate E[Yi(1, 0)|AT] as the average characteristics of firms led by female entrepreneurs

who were exposed to a low share of entrepreneurs among their female peers. For the

cumulative number of jobs created by age 40, we estimate that E[Yi(1, 0)|AT] is equal to
19.4, which is close to the overall mean of 21.1. Thus, the only unknown parameters in

Equation 7 are the characteristics of firms created by compliers (E[Yi(1, 1)|C]) and the

characteristics of firms created by always-takers exposed to a high share of entrepreneurs

(E[Yi(1, 1)|AT ]).
Figure B1 illustrates the relationship between the characteristics of firms led by com-

pliers and always-takers, with the dependent variable being the cumulative number of

jobs created by age 40. Specifically, the figure reports how the estimates of E[Yi(1, 1)|C]

vary when the e↵ect of early exposure on always-takers ranges from zero - where the

exclusion restriction is satisfied - to the most extreme situation where the e↵ect on com-

pliers is zero, in which case the e↵ect of early exposure on the cumulative number of jobs

created by always-takers would have to result in an increase of more than 110 percent. To

facilitate interpretation, the y-axis indicates the values corresponding to the 95th, 90th,

75th, 50th, and 25th percentiles of the cumulative number of jobs distribution of firms

created by men.

As discussed in Section 5.2, the figure shows that if the exclusion restriction is satisfied,

meaning there is no e↵ect of early exposure on the performance of the firms of the

always-takers, then the cumulative number of jobs created by female compliers would

place them between the 90th and the 95th percentile of the male distribution (the 2SLS

estimate). However, if we assume that early exposure also improves the performance

of female-led firms, including those created by always-takers (for example by reducing

operational barriers through the transmission of specific information or human capital;

see discussion in Section 5.2 and 6), the position of compliers in the distribution of

cumulative jobs created decreases, as implied by Equation 7. Importantly, however, the

figure illustrates that for compliers to be classified as unsuccessful entrepreneurs, the

e↵ect of early exposure on the performance of firms led by always-takers would need to

be substantial. Specifically, the cumulative number of jobs created by always-takers would

need to increase by over 99 percent - rising from 19.4 to 38.6 jobs - for the cumulative

jobs created by compliers to fall into the bottom half of the distribution of jobs created

by male entrepreneurs by age 40.

66We define exposure as being low when its value is in the bottom decile of the exposure distribution,
after we have conditioned out the relationship between early exposure and all other covariates and fixed
e↵ects in our usual regression specifications (see Section 3.1 for more information).
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As an alternative benchmark for assessing how substantial the e↵ect on always-takers

would need to be for compliers to be considered unsuccessful entrepreneurs, we calculate

the cumulative number of jobs compliers would need to create for their change in job

creation to equal the increase in cumulative jobs created by always-takers due to early

exposure to entrepreneurs. (i.e., E[Y (1, 1)|C] = E[Y (1, 1)� Y (1, 0)|AT ]). This scenario
is in line with a model where early exposure has no e↵ect on entry barriers and operates

only by reducing operational barriers for compliers and always-takers in the same way.

As such it reflects an extreme benchmark, since the findings in Section 4 show that early

exposure in fact lowers entry barriers and increases women’s likelihood of becoming en-

trepreneurs. We find that even in this case, indicated by the horizontal red line in Figure

B1, the compliers would be positioned in the top half of the cumulative number of jobs

distribution of male entrepreneurs by age 40. The fact that our findings remain consis-

tent in this extreme scenario implies that our conclusions on the relative performance of

female compliers would remain robust under more plausible violations to the exclusion

restriction. Thus, taken together, our results suggest that early exposure can be instru-

mental in improving the allocation of entrepreneurial talent by encouraging potentially

talented female entrepreneur to pursue and succeed in this career.
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Table B1: Testing the monotonicity assumption

N. years as entrepreneur

(1) (2) (3) (4)
by age 25 by age 30 by age 35 by age 40

Panel A: baseline
All 0.013⇤⇤⇤ 0.034⇤⇤⇤ 0.052⇤⇤⇤ 0.066⇤⇤⇤

(0.004) (0.010) (0.017) (0.025)
Observations 384944 380881 377509 374641

Panel B: By predicted P(entrepreneur)
P(entrepreneur): < Median 0.005 0.029⇤⇤ 0.049⇤⇤ 0.056⇤

(0.005) (0.013) (0.022) (0.032)
Observations 196471 194429 192638 191053

P(entrepreneur): > Median 0.023⇤⇤⇤ 0.045⇤⇤⇤ 0.065⇤⇤ 0.080⇤⇤

(0.007) (0.016) (0.028) (0.040)
Observations 187968 185945 184360 183074

Panel C: By parent education status
Parent education: More than comp. 0.011⇤⇤ 0.031⇤⇤ 0.041⇤ 0.043

(0.005) (0.012) (0.021) (0.030)
Observations 253177 250356 248047 246146

Parent education: Compulsory or less 0.016⇤⇤ 0.037⇤⇤ 0.061⇤⇤ 0.094⇤⇤

(0.007) (0.018) (0.030) (0.045)
Observations 131742 130499 129436 128466

Panel D: By cohort
Cohort: 1980-1986 0.018⇤⇤⇤ 0.034⇤⇤ 0.045⇤ 0.051

(0.006) (0.015) (0.025) (0.035)
Observations 211757 209465 207658 206231

Cohort: 1987-1992 0.005 0.038⇤⇤⇤ 0.068⇤⇤⇤ 0.089⇤⇤

(0.005) (0.014) (0.025) (0.035)
Observations 173186 171415 169850 168409

Panel E: By parent income group
Parent income: < Median 0.004 0.031⇤⇤ 0.058⇤⇤ 0.080⇤⇤

(0.005) (0.014) (0.023) (0.034)
Observations 193310 191585 190088 188730

Parent income: > Median 0.022⇤⇤⇤ 0.037⇤⇤ 0.046⇤ 0.052
(0.006) (0.015) (0.026) (0.037)

Observations 191608 189270 187393 185882

Panel F: Urban/rural municipality
Urban municipality: No 0.012⇤⇤ 0.029⇤⇤ 0.047⇤⇤ 0.058⇤

(0.005) (0.014) (0.024) (0.033)
Observations 233525 231191 229270 227597

Urban municipality: Yes 0.014⇤⇤ 0.044⇤⇤⇤ 0.060⇤⇤ 0.073⇤⇤

(0.007) (0.015) (0.025) (0.036)
Observations 151285 149557 148104 146908

Panel G: Poor school
Poor school: No 0.012⇤⇤ 0.035⇤⇤⇤ 0.052⇤⇤ 0.063⇤

(0.005) (0.013) (0.023) (0.033)
Observations 223299 220705 218567 216833

Poor school: Yes 0.009 0.030⇤ 0.049⇤ 0.068⇤

(0.007) (0.016) (0.028) (0.040)
Observations 161170 159695 158463 157328

Notes. The table reports estimates of the e↵ect of early exposure to entrepreneur parents through female peers on the

number of years spent in entrepreneurship by age 25, 30, 35 and 40 for various subsamples. Panel A reports the baseline

estimates. Panel B reports estimates separately for those with a high and low (above/below median) predicted probability

of becoming an entrepreneur, obtained from a linear probability model relating individual level controls to the probability

of ever becoming an entrepreneur. Panel C reports estimates separately for students with parents who completed no more

than and more than compulsory schooling. Panel D reports estimates separately for school cohorts 1980-1986 and school

cohorts 1987-1992. Panel E reports estimates separately for students with parents who have income below and above the

median income among all parents with children from the same school cohort. Panel F reports estimates separately for

individuals residing in urban and rural municipalities, where urban municipalities refer to the 30 largest municipalities in

Denmark. Panel G reports estimates separately for schools that are and that are not classified as poor schools. We classify

a school as poor if the school is among the 50% schools with the highest share of children of parents in the bottom quartile

of the income distribution. Standard errors clustered at the school level in parentheses. * p< 0.1, ** p< 0.05, *** p< 0.01.
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Figure B1: Cumulative Number of Jobs Created by Compliers and E↵ects of Early Ex-
posure on the Firms Size of Always-Takers

Notes. This figure shows estimates of the cumulative number of jobs created by women entering en-
trepreneurship due to early exposure to female peers with entrepreneur parent (compliers), under di↵er-
ent assumptions about the e↵ect of early exposure to entrepreneurs on women who would have become
entrepreneurs irrespectively of exposure (always-takers). The y-axis indicates the cumulative number of
jobs created by female compliers, relative to di↵erent parts of the distribution of male entrepreneurs (the
95th, 90th, 75th, 50th and 25th percentile). The x-axis indicates the assumed e↵ect on always-takers in
percent. Let Yi(1, 1) and Yi(1, 0) denote the potential outcomes with and without early exposure and

let AT indicate always-takers. Then the x-axis indicates E[Yi(1,1)�Yi(1,0)|AT ]
E[Yi(1,0)|AT ] . Finally, the horizontal red

line indicates the cumulative number of jobs created by compliers if early exposure leads to the same
change in the number of jobs created for compliers and always-takers.
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C Institutional setting

C.1 Educational system

In Denmark, students are required to complete nine years of compulsory education, which

encompasses both primary and lower-secondary levels in a single block. School assign-

ments are determined by local catchment areas, with each residential address correspond-

ing to a specific public school (see Bjerre-Nielsen and Gandil, 2024, for more details

about the Danish educational system). Most municipalities (87 percent) have at least

two schools, with an average of 5 schools and a median of 3 schools per municipality.

While private school students can enroll outside their designated catchment areas, they

represent only about 7 percent of students during our sample period. Importantly, our

empirical approach accounts for endogenous school selection by exploiting within-school

variation (see Section 3).

The end of compulsory schooling represents a pivotal point in the Danish educational

system, where students must choose between concluding their formal education or pursu-

ing further studies in academic or vocational upper-secondary education, both of which

span three years. The academic track serves as a foundation for tertiary education, while

the vocational track is meant to prepare students for specific jobs. Unlike students in

the academic track, those completing vocational programs typically need to undertake

additional coursework to qualify for university admission. Figure C1 in the Appendix

shows a graphical representation of the Danish education system and of the educational

choices students face at di↵erent points in time.

The Danish vocational education system o↵ers over 100 specialized programs, nearly

all following a dual model that alternates between classroom instruction and practical

work experience in approved companies. These programs typically last 3 to 3.5 years and

involve a 2:1 split between workplace training and college-based learning. The system is

divided into four main subject areas: (i) Care, health, and pedagogy; (ii) Administra-

tion, commerce, and business service; (iii) Food, agriculture, and hospitality; and (iv)

Technology, construction, and transportation. Further details on vocational education

are available on the Danish Ministry of Children and Education’s website.

C.2 Municipalities

During the study period, Denmark was divided into 275 municipalities, most of which

were relatively small. In 1980, the average municipality population was 18,625, while the

median population was just 9,860. The smallest municipality, Læsø, had a population of

2,683, whereas the largest, Copenhagen, had 498,850 inhabitants. Copenhagen stands out

as an outlier, as the second-largest municipality, Aarhus, had a population of only 244,000

– less than half that of Copenhagen. Overall, only four municipalities had populations

exceeding 100,000, and just 15 had populations over 50,000.
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Figure C1: Schooling in Denmark

Notes. This figure illustrate the Danish education system from age 7 to higher education. Our treatment period goes from

grade 7 to grade 9, when students are between 13-14 years old and 15-16 years old.

83


	Introduction
	Data
	Sample selection and the Danish education system
	Identifying entrepreneurs
	Summary statistics
	Overall sample
	Entrepreneurs sample


	Empirical strategy
	Regression Models
	Support to the identification strategy

	Early exposure and female entrepreneurship
	Robustness and validation checks

	Early exposure and allocative efficiency
	Women's counterfactual outcomes
	Educational and career trajectories
	Discussion of the results
	Marriage and fertility outcomes

	Firm Performance

	Plausible mechanisms and the nature of barriers
	Conclusions
	Figures
	Tables
	Other Tables and Figures
	Firm Performance
	Institutional setting
	Educational system
	Municipalities


