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This paper presents the results of a field experiment aimed at reducing the gender bias 

in teaching evaluations at a higher education institution. In the intervention, before they 

completed the teaching evaluation questionnaire, students were individually randomized in 

three groups. One third received an email invitation to watch a video that informed them of 

the existence of implicit bias (treatment 1). Another third of the students received an email 

invitation to watch a video with an explicit message that made them aware of the presence 

of gender bias in teaching evaluations (treatment 2). This second video also mentioned the 

fact that the academic literature has shown that this form of discrimination often originates 

with male students. At the end of both videos, all the students treated were asked to avoid 

displaying prejudice when they completed the questionnaire. The final third of students was 

assigned to the control group and did not receive any message. The results indicate that the 

video on implicit bias served to reduce the score gap between male and female lecturers. 

However, the video on gender bias had an unintended consequence: male students in the 

treatment group awarded their female teachers even lower scores than did the control 

group — confirming the risk of backlash or reactance in this kind of debiasing campaign. 

Such an effect was found to be particularly strong in female-dominated academic contexts.
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1 Introduction

Women remain underrepresented in academia and in most STEM fields, despite persistent
e!orts to narrow the gender gap across various industries and professions. In Europe, for
example, the European Commission (2021) reveals that women represent only 41.3% of
employed scientists and engineers, even though there are as many women as men in
the share of the population with tertiary education; female researchers tend to work
more on part-time contracts than their male counterparts; and female academics are
underrepresented in full professorial positions (26.2%) and in higher education leadership
posts (23.6%). Colby (2023) provides support for these figures in the US, too, where
women are more likely to hold non-tenure-track lecturer and instructor positions and are
more often on temporary contracts. Despite an increase in women’s participation at the
bachelor, master and doctoral levels, their careers continue to fall short when compared
to men’s, particularly in the highest academic positions and in STEM fields (Lincoln et
al., 2012; Bayer and Rouse, 2016; McElroy, 2016; Silver et al., 2017; Bagues et al., 2023).

One factor potentially contributing to the persistent gender gap in academia is prob-
ably related to the gender bias present in students’ evaluations of teaching. Multiple
studies have documented the presence of bias against female teachers in such evaluations
(Boring et al., 2016; Boring, 2017; Wagner et al., 2016; Mitchell and Martin, 2018; Keng,
2020; Ceci et al., 2023).1 Female professors regularly obtain worse ratings than their male
counterparts, though the gap cannot be explained by di!erences in teacher e!ectiveness,
performance or skills (MacNell et al., 2015; Mengel et al., 2019). Such results have been
found in di!erent contexts (Fan et al., 2019) and teaching modalities (MacNell et al.,
2015; Mitchell and Martin, 2018; Ayllón, 2022). Moreover, there seems to be a certain
consensus that much of the discrimination arises from male students (Boring, 2017; Men-
gel et al., 2019; Ayllón, 2022). As a result, women’s career advancement and promotion
may be jeopardized.2

Gender di!erences in teaching evaluations that cannot be attributed to performance
quality must be a result of prejudice or dislike, either conscious or not, either implicit or
not (Bertrand et al., 2005; Rooth, 2010; Oreopoulos, 2011; Bohnet, 2016). For example,
gender bias may arise because of a discrepancy between the expectations that a student
has about a given lecturer and the actual behaviour in class of that lecturer. According
to MacNell et al. (2015), students expect male professors to be e!ective (professional,
objective, authoritative and knowledgeable), while female professors are expected to be
interpersonal (warm, accessible, nurturing, supportive and personable). Students penalize
those instructors that do not conform to their expectations (MacNell et al., 2015; Sinclair
and Kunda, 2000; Adams et al., 2022). Moreover, students base their evaluations more
on personality when they rate females than when they rate males (Mitchell and Martin,
2018).

To reduce gender bias in teaching evaluations, and in order to correct potential dis-

1In this paper, we use ‘teacher’, ‘professor’, ‘instructor’ and ‘lecturer’ without distinction and regardless
of the category or type of contract held.

2A few recent studies, however, have found no evidence of bias against female instructors. For example,
Andersson et al. (2024) in Sweden, Binderkrantz et al. (2022) in Denmark and Acosta-Soto et al. (2022)
in Mexico. In the first two cases, the conclusions arise from experiments in two countries well known for
gender equality, which could help to explain why gender-stereotypical expectations are less pronounced
and highlight the relevance of context in this kind of analysis. Moreover, the experiments conducted
rely on online courses, implying a weaker relationship between the students and the professors they are
evaluating. In the Mexican case, the results derive from the evaluation of several teaching competencies.
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criminatory practices that can derive from it, a number of interventions have been imple-
mented in higher education institutions in recent years. One group has focused on raising
bias awareness among students — in most cases by adding a debiasing message at the
beginning of the teaching evaluation questionnaire; meanwhile a second group has imple-
mented other strategies, such as self-a”rmation campaigns or interventions that could
mitigate likability bias against female professors.3

In the case of the first group, Peterson et al. (2019) were — to the best of our knowledge
— the first to show that a short introductory text added at the beginning of the teaching
questionnaire could change behaviour among students at a university in the US. The text
largely explained that the opinions of students influence the annual review of instructors;
that the university was aware that evaluation could be influenced by unconscious and
unintentional bias; and that women and instructors of colour were systematically rated
lower. Finally, students were asked to make an e!ort to resist stereotyping their professors.
The treatment had a significantly positive e!ect on the evaluation of female lecturers. Also
in the US, but with a larger sample, Genetin et al. (2022) reproduced the experiment
conducted by Peterson et al. (2019) using another Randomized Control Trial (RCT)
that introduced two other messages. In the first, students were given the same message
on implicit bias as in Peterson et al. (2019); in the second, they were reminded of the
importance for instructors of their evaluation; and in the third, they were shown both
warnings. A control group did not receive any message. The results show that, compared
to the control group, only the second treatment helped improve the average score of women
if they belonged to a racial or ethnic minority — somehow failing to replicate the findings
of Peterson et al. (2019). In France, Boring and Philippe (2021) ran a field experiment
with three treatment arms: the first group of students received a normative message,
consisting of an email encouraging them to avoid discrimination when completing the
teaching questionnaire, with a special focus on gender discrimination; the second group
received a more explicit message explaining that students, and particularly male students,
had previously discriminated against female lecturers at the university in question; and
the third group was the control group. The results indicated that (compared to the control
group) only the second treatment was e!ective at reducing discrimination — that is, when
students were presented with evidence of gender bias at their institution. Taken together,
these first studies indicate that the results of similar interventions seem to depend heavily
on the academic context in which they are implemented.

Turning to the second group of interventions, Hoorens et al. (2021), for example, find
that a self-a”rmation campaign prior to having the students complete the questionnaire
(either through a value-a”rmation task or self-superiority priming) helped reduce the
gender bias in teaching evaluations at a Belgian university. Fisk et al. (2020) focused on
addressing gender bias by getting female teachers to provide individual additional positive
feedback to a group of treated students. The intervention enhanced the likability of female
instructors among top-performing students, ultimately improving the teaching evaluation
scores they were awarded.

This paper presents the results of a field experiment aimed at reducing gender bias
in teaching evaluations at the University of Girona (Spain), where the existence of such
bias has previously been documented by Ayllón (2022) and Ayllón et al. (2024). In
the intervention, and before completing the teaching evaluation questionnaire, students
were individually randomized into three evenly sized groups. One group received an

3Self-a!rmation refers to the process of contemplating elements that contribute positively to one’s
self-image.
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email invitation to watch a video that informed them of the existence of implicit bias
(treatment 1). A second group of students received an email invitation to watch a video
with an explicit message making them aware of the presence of gender bias in teaching
evaluations (treatment 2). In this second video, students were also informed that the
academic literature shows that such discrimination often originates with male students.
At the end of both videos, all the students treated were asked to avoid prejudice when
completing the questionnaire. The final group of students was assigned to the control
group and did not receive any message.

Our debiasing campaign builds on the findings of previous interventions, particularly
those based on anti-bias messages received prior to completion of the questionnaire, but
adds two new features that considerably enhance our experiment compared to previous
ones. First, our RCT covers all students at a Spanish university. This means that our
findings are based on a very large sample and refer to all fields of knowledge, which pro-
vides a more nuanced understanding of the potential of such interventions in di!erent
academic fields. By contrast, Peterson et al. (2019) covered just two introductory courses
at Iowa State University; the intervention by Genetin et al. (2022) was implemented in
only two colleges at Ohio State University; and Boring and Philippe (2021) only random-
ized first-year students at a French university that specialized in Social Sciences. Thus,
to the best of our knowledge, a university-wide intervention such as the one we present
here has never before been attempted. Second, our anti-bias awareness-raising campaign
is based on videos, which exploit the additional e!ectiveness of audio-visual tools on the
target group of young university students (Moss-Racusin et al., 2018). As far as we know,
this is the first time that videos have been used in an intervention that aims to reduce
gender bias in teaching evaluations.

Our main findings show that, compared to the control group, students treated with
video 1 (the ‘implicit bias video’) ended up giving lower scores to male instructors, which
consequently narrowed the gender score gap between male and female professors. Gender
bias in teaching evaluations has been found to involve overvaluing male, rather than un-
dervaluing female professors, and our results seem to support that contention (Hoorens et
al., 2021). Thus, a focused, timely intervention which simply makes students aware of the
existence of implicit bias can be e!ective in reducing gender bias in teaching evaluations.
Our results stand in contrast to those of Boring and Philippe (2021) in France, whose
intervention with a normative message had no measurable e!ect. Regarding the impact
of treatment 2 (the ‘gender bias video’), the e!ect of that was the opposite of what we
had intended: having been made aware of gender bias in teaching evaluations, and having
learnt that such bias often originates with male students, those male students actually
became more ready to penalize female instructors (compared to the control group). This
is an example of the backlash or reactance that is sometimes found in this kind of inter-
vention (Legault et al., 2011; Moss-Racusin et al., 2014). ‘Backlash’ refers to a strongly
negative reaction to something, while ‘reactance’ refers to the motivation to protect or
regain one’s personal freedom — with freedom being the belief that one can engage in a
particular behaviour (Miron and Brehn, 2006; Mühlberger and Jonas, 2019). This moti-
vation can elicit a tendency on the part of the target group to do the opposite of what they
feel they are being asked to do (Hoorens et al., 2021). In other words, if male students felt
that the message in treatment 2 was inappropriate or coercive, they may have decided to
‘fight back’ and resist the influence of the message. Heterogeneous analysis indicates that
this result is driven by the minority of male students who study in a female-dominated
field — and in particular, in the faculty of Education and Psychology and the faculty of

4



Nursing.
This paper contributes to three strands of literature. First, it speaks to the litera-

ture that studies labour market inequalities that are a result of subjective evaluations in
employment settings. Given that teaching evaluations are used to decide issues of hir-
ing, retention and promotion, the context resembles a common principle-agent problem,
where an employer (the university administration) relies on information provided by a
third party (the students) about its employees (the professors). If subjective evaluations
are biased against a particular group, the employer ends up being involved in discrimina-
tory practices, with adverse professional consequences for the group being discriminated
against. This has been found to be true, for example, in academia (Card et al., 2019;
Hengel, 2022; Eberhardt et al., 2023), in government (Beaman et al., 2009) and in hiring
(Goldin and Rouse, 2000).

Second, we contribute to the literature of economics that underlines the importance
of considering stereotypes and implicit bias when studying discriminatory behaviour
(Bohnet, 2016; Bordalo et al., 2016, 2019; Bohren et al., 2019). For example, in the
context of hiring discrimination, Reuben et al. (2014) show that implicit stereotypes not
only predict initial bias in beliefs about the potential performance of males and females,
but also foster the sub-optimal updating of expectations when additional information is
provided by the candidates themselves. In their lab experiment, employers with stronger
implicit bias against females were more willing to believe men’s overestimated expecta-
tions of their future performance. In a real-life hiring situation, Rooth (2010) documents
the fact that the more negative employers’ automatic attitudes and performance stereo-
types are toward immigrant male job applicants, the lower is the probability that they will
be invited for interview. In a similar way, Glover et al. (2017) show that workers under-
perform when supervised by biased managers, and as a result firms set higher standards
for minorities when hiring. In the educational context, Avitzour et al. (2020) find that
teachers’ implicit gender stereotypes (but not explicit ones) and their underestimation
of the stereotypical attitudes they hold are both associated with boy-favouring grading
behaviour — see also Carlana (2019).

Third, this paper contributes to the literature on the e!ectiveness of interventions
aimed at reducing discrimination (or increasing diversity) in the workplace (Kalev et al.,
2006; Lai et al., 2013, 2014, 2016; Moss-Racusin et al., 2014; Carnes et al., 2015; Bohnet,
2016; Kunze and Miller, 2017; Devine et al., 2017; Bertrand and Duflo, 2017; Chang
et al., 2019; Goldin and Rouse, 2000; Arslan et al., 2024; Card et al., 2024; Delfino,
2024). We complement previous research (albeit in a di!erent context) that has shown
that informing people about their own potential implicit bias, as in our treatment 1, can
be an e!ective strategy to reduce discrimination (Avitzour et al., 2020; Alesina et al.,
2024. On the other hand, our findings on backlash or reactance by male students in some
female-dominated faculties (following treatment 2) indicate that messages that are too
direct, or that may engender shame or blame within a group, can prove counterproductive
(Legault et al., 2011; Dobbin and Kalev, 2016, 2018).

The paper is structured as follows. Section 2 provides all the details of the experiment
— from the institutional setting to the di!erent treatment arms, as well as the process
of implementing the intervention. In Section 3, we provide details of the data and our
identification strategy. Section 4 outlines the results of the study by presenting first our
main findings, and then moving on to robustness checks and some heterogeneous results.
Section 5 discusses potential mechanisms behind our findings. Finally, in Section 6 we
provide our concluding remarks.
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2 The experiment

This section describes in detail the institutional setting where our field experiment took
place, the di!erent treatment arms and the implementation. The American Economic
Association has o”cially recorded this field experiment as an RCT which was sent on 26
April 2024 — prior to the start of the intervention — and that received the identifica-
tion number AEARCTR-0013491. Additionally, ethical approval was obtained from the
Research Ethics and Biosecurity Committee (CEBRUdG) of the University of Girona on
18 March 2024, with identification number CEBRU0002-24. Both supporting documents
can be found in Appendix A to this study.

2.1 Institutional setting

The experiment took place at the University of Girona (UdG) in the spring semester of
academic year 2023/24. UdG is one of eight public universities in the region of Catalonia
(Spain) and has 50 undergraduate and postgraduate programmes in five main fields of
knowledge (Arts and Humanities, Sciences, Life Sciences, Social Sciences, and Architec-
ture and Engineering). It is a medium-sized university, with a population of about 15,000
students. This facilitated close collaboration with the administration and authorities
involved in the implementation of the intervention that we designed.4

At the University of Girona, lecturers are evaluated through a questionnaire adminis-
tered online via the Moodle platform. Students can fill in the questionnaire in the three
weeks or so before their end-of-year exams. The timing is intended to prevent students’
final grades from influencing their responses. In our case, the questionnaire was open
from 29 April to 3 July 2024 — the period during which the questionnaire could be com-
pleted. The precise timing varied according to faculty and course, and depended on when
the end-of-year exams were scheduled; however, the vast majority of questionnaires were
active in the first three weeks of that window. The dean of each of the nine faculties
determines how to promote completion of the questionnaire. Periodic reminders are also
sent out by the Planning and Evaluation O”ce to the deans, informing them of their
respective response rates. This serves as a prompt for them to take the necessary action
to improve student participation. At the institutional level, there are some promotional
activities to encourage students to participate in the process, primarily through social
media. Additionally, a banner is displayed each time a student accesses the Moodle plat-
form, serving as a constant reminder to engage in the evaluation, and further promoting
participation in the evaluation process.

Other features of the evaluation programme are as follows. First, the individual re-
sponses of students are kept confidential from their instructors, who only learn their
average score several weeks after the questionnaire has closed. Second, the questionnaire
is identical throughout the university: this allows a comparison of scores across fields
of study, faculties and programmes. Third, the questionnaire contains eight questions.
Questions 1 to 4 focus on the course itself, and students only answer them once, even
if they have had more than one teacher on the course. Questions 5 to 8 enquire about
students’ opinions of their instructors’ performance, and they can answer the questions

4There are about 3,000 o”-campus students in the six professional schools a!liated to the University
of Girona. Given the importance in the region of tourism and sports, the great majority of the students
receive training in one of those sectors. These students, and particularly their lecturers — who all have an
external contract with the university — have a profile that di”ers from on-campus students and lecturers;
as suggested below, this would justify a separate analysis, which we undertake in the ‘Mechanisms’ section.
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for each of the lecturers they have had. In our main analysis, we use question 7, which
asks about overall satisfaction with the instructor, while in the ‘Mechanisms’ section we
also look at questions 5 and 6 on the methods used by the lecturer and the activities of
support.5 Fourth, completion of the questionnaire is not mandatory for students, which
may imply that our final sample is selected. However, it is the scores of those that fill in
the questionnaire that are used for the evaluation of each instructor. Fifth, the question-
naire is asked on all courses where a given lecturer teaches at least 1.5 European Credit
Transfer and Accumulation System (ECTS) credits.

2.2 Treatments

For our field experiment we produced two videos that were later sent to two individually
randomized groups of students.6 Treatment 1 consisted of an email invitation to watch
a one-minute video (the ‘implicit bias video’), which explained in very simple, straight-
forward language that the time to evaluate professors had arrived; that it was important
that students perform such an evaluation; and that when they do so, they should focus
on the quality of the teaching, rather than on other aspects of the teaching experience.
The video ended by explaining that implicit bias exists and asking students to avoid dis-
criminatory behaviour. The text (as translated from Catalan) read as follows:

From today and for the next few weeks, students at the University of Girona are able
to complete the teaching evaluation questionnaire. Your participation in the evaluation of
teaching is very important, because it helps your professors to improve their teaching.

It is for this reason that we would like to ask you, when completing the questionnaire,
to focus exclusively on the quality of the teaching received and the content of the course,
and not on other aspects, such as the professor’s gender, appearance, age, country of ori-
gin or language used.

In this regard, it is important to avoid implicit bias which shows prejudice, normally
negative, towards a given group — bias of which we are not conscious and which often
arises involuntarily.

We ask you, therefore, to avoid prejudice or discriminatory behaviour when filling in
the questionnaire.

Thank you!

Treatment 2 consisted of an email invitation to watch a di!erent video (the ‘gender bias
video’) of similar duration, but with a more direct message that referred explicitly to
gender bias and the importance of avoiding it, in order to ensure a fair evaluation of a
professor’s performance. The video also mentioned that previous literature had found
that gender bias adversely a!ects female lecturers, and that such bias had been shown to
have its origin in the evaluations of male students. The text read as follows:

From today and for the next few weeks, students at the University of Girona are able
to complete the teaching evaluation questionnaire. Your participation in the evaluation of
teaching is very important, because it helps your professors to improve their teaching.

5Questions 4 and 8 require students to write down comments if they so desire.
6The videos were produced by the authors of this study using the software Canva and at no cost.

Canva is a graphic design platform that provides tools for creating social media graphics, presentations,
promotional merchandise and websites. Both videos will be made available on the personal webpage of
the first author of this paper.
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It is for this reason that we would like to ask you, when completing the questionnaire,
to focus exclusively on the quality of the teaching received and the content of the course,
and not on other aspects, such as the professor’s gender, appearance, age, country of ori-
gin or language used.

The academic literature has shown that, on average, female professors receive lower
scores for their teaching compared to male professors, even when the quality of their teach-
ing is the same. Additionally, it has been documented that such biased behaviour often
arises from male students (and not so much from female students).

We ask you, therefore, to avoid prejudice or discriminatory behaviour when filling in
the questionnaire.

Thank you!

Thus, while video 1 provided only a general context to make students aware of the exis-
tence of bias (irrespective of the source), video 2 specifically aimed to make students aware
of bias against female professors, anticipating the potential for biased behaviour during
the evaluation process. Other important features of the videos are as follows. First, the
videos used a very simple aesthetic, employing the letter type and corporate colours of the
University of Girona (mainly white and blue). The text of the message was accompanied
by icons or symbols meant to be gender neutral and designed to avoid any favouritism in
the aesthetics. To this end, we avoided: (1) the use of videos produced by AI, as they
often use explicit images of men and women; and (2) the use of a voice that would read the
text, as inevitably it would have had a gendered sound. Figure 1 provides an image of the
videos, while the video sequences can be found in Appendix B. Second, the videos were
held at the University of Girona YouTube institutional channel, making them unavailable
for downloading. Finally, we employed an encouragement design: students were invited
to watch the video, but watching it was not mandatory to proceed with the evaluation.

Figure 1: Image of the treatment videos

Note: Authors’ elaboration, using the videos produced in the experiment.
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2.3 Implementation

All students invited to answer the teaching questionnaire for a course during the second
semester of academic year 2023/24 were randomized. In total, there were 14,164 students.
The unit of randomization was at the individual (student) level, stratified by student
gender to ensure balance. Thus, one third of the students were assigned to treatment 1
(4,713 students), one third to treatment 2 (4,720 students) and one third to the control
group (4,731 students).

The day that the evaluation period started, treated students received an email from
the vice-rector for Quality and Transparency, explaining to them that from that moment
on, they could fill in the teaching evaluation questionnaire; they were also asked to watch
a video, available by clicking on a link to the university’s YouTube channel. The mes-
sage was purposely sent out on the very first day that the questionnaires became active.
The message from the vice-rector was the same for both treated groups and read as follows:

Dear Student,
From today and for the next few weeks, students at the University of Girona are able to

complete a questionnaire that evaluates professors. In this regard, we would like to ask you
to watch a video at the following link, before responding to the survey for this semester’s
courses: [video treatment 1 – youtube link] or [video treatment 2 – youtube link]

Thank you in advance,
Best regards,
Vice-Rector for Quality and Transparency

Some two weeks after the start date, on 15 May 2024, any student who still had to
complete a questionnaire received a new message from the vice-rector, with a reminder
to fill in the evaluation after watching the video.

Figure 2 shows the total number of questionnaires completed and the number com-
pleted, by treatment arm, from the start of the evaluation period (and the field exper-
iment). The solid vertical lines indicate the day on which students received the first
message (day 1 of the experiment) and the day on which they received the reminder (day
17 of the experiment). The dashed vertical lines mark all Mondays. Three important
features are worth highlighting from the figure. First, the number of questionnaires com-
pleted: the graph indicates that the vast majority of questionnaires were completed in the
first three weeks of the evaluation period — with Monday being the day of the week on
which most were filled in. Second, the greatest number of questionnaires were completed
during the second week of the experiment, while the reminder email had a fairly small
e!ect: there is little indication that it prompted more responses. Third, the figure indi-
cates that in the first three weeks of the experiment, treated students (particularly those
in treatment 1) provided a slightly greater number of responses to the questionnaire than
students in the control group.7 This is confirmed by the fact that, of the 4,713 students
assigned to treatment 1, 1,549 filled in at least one questionnaire; of the 4,720 students
assigned to treatment 2, 1,518 completed at least one questionnaire; while of the 4,731
students in the control group, 1,460 did so. This is a response rate of 32.8%, 32.0% and
30.8%, respectively, indicating that the messages may have helped increase the response
rate, but not to any great extent.

As for the number of times the videos were watched (information that we obtained

7This pattern is less clear from the third week of the evaluation period.
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Figure 2: Number of responses to the teaching evaluation questionnaire by day, total
and by treatment arm, University of Girona, second semester of academic year 2023/24
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Note: Authors’ elaboration, using data from the University of Girona.

from YouTube), not all treated students complied with what they were asked to do:
while a total of 9,433 students were treated, in all, the videos were watched just 1,238
times. That is a rate of 13.1%, slightly below the rate of 15% in Arslan et al. (2024)
for an intervention that asked professional hiring managers in a multinational company
to watch a diversity training video. However, if instead of focusing on the total number
of treated students, we consider those who went on to complete the questionnaire, the
rate is larger. If we were to assume that all treated students who proceeded to answer
the questionnaire had previously watched the video, the rate would be 40% (1,238 of the
3,067 treated students who e!ectively completed the questionnaire). While we cannot be
sure that 100% of the treated students who answered the questionnaire first watched the
video that they were assigned, it is likely that a large number of them did so, because
these tend to be the students who generally comply with what they are asked to do.8 The
dashed line in Figure 3 indicates that most students watched the videos on the first day
of the experiment and on the day when they received a reminder: on just those two days,
the number of viewings was larger than the number of treated students who completed at
least one questionnaire (solid line).9 As for the other days, the number of viewings was
very low, close to zero on most days — possibly indicating that spillovers from treated
individuals to the control group were limited. Both treatment videos were watched a
similar number of times. As a result, the intervention captures an intention-to-treat e!ect
which is necessarily a lower bound estimate of the potential impact, as only a fraction of

8Naturally, we cannot know whether a student watched the assigned video more than once, but we
believe this to be unlikely.

9About 80.3% of students completed all the questionnaires in a single day; 15.8% took two days; and
only 3.9% took more than two days. This means that when the intervention impacted the student, it
impacted all his/her responses to the questionnaires. On average, students completed eight instructor
questionnaires.
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the students treated ended up viewing the videos.

Figure 3: Number of times the videos were watched and number of treated students
completing at least one questionnaire per day
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Note: Authors’ elaboration, using data from the University of Girona and YouTube.

3 Data and identification strategy

3.1 Data

Our main empirical analysis is based on the responses of on-campus students to the teach-
ing evaluation questionnaire in the spring semester of academic year 2023/24, following
implementation of the anti-bias intervention. The data, completely anonymized, was pro-
vided to us by the IT services of the University of Girona. The overall number of responses
to the teaching questionnaire was 27,257. In all, 3,223 on-campus students rated 1,439
instructors on 1,062 di!erent courses across all disciplines of study.10

Table 1 presents the summary statistics for our data. Panel A shows that students have
an average age of 22 years. About 62% of the responses were from female students. The
largest share of answers was from students aiming to obtain a degree in Social Sciences
(29% of the sample), followed by Life Sciences (20%). Most of the students who completed
the questionnaire were in their first year (about 39%), while those in their fourth and fifth
years represented a very small part of the sample (9%). Regarding the characteristics of
lecturers (Panel B), the data indicates that the average age of the professors evaluated
was 49. About 48% of the teaching evaluation responses referred to a female lecturer.
The great majority of professors being evaluated were on a temporary contract: only 39%

10Note that there are more teachers being evaluated than there are courses, as it is not unusual for
teachers to share a course. We were provided with 7,000 additional scores from 1,304 o”-campus students
at the university’s professional schools, who rated 226 instructors on 318 courses. See the corresponding
analysis in the ‘Mechanisms’ section.
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of responses referred to a lecturer on a permanent contract. As a matter of fact, 53%
of the responses evaluated a non-faculty member (neither a full, associate or assistant
professor).

Table 1: Summary statistics

Mean Std. Dev. Min. Max.
Panel A: Student characteristics

Age 22.23 4.89 18 68
Female 0.62 0.48 0 1
Arts and Humanities 0.05 0.21 0 1
Sciences 0.21 0.41 0 1
Life Sciences 0.20 0.40 0 1
Social Sciences 0.29 0.45 0 1
Architecture and Engineering 0.24 0.43 0 1
1st year 0.39 0.49 0 1
2nd year 0.32 0.46 0 1
3rd year 0.21 0.41 0 1
4th and 5th year 0.09 0.28 0 1
Students’ grade 7.16 1.63 0 10

Panel B: Lecturer characteristics

Age 48.63 10.30 23 74
Female 0.48 0.50 0 1
Permanent contract professor 0.39 0.49 0 1
Full professor or emeritus 0.07 0.26 0 1
Associate professor 0.32 0.46 0 1
Assistant or visiting professor 0.08 0.28 0 1
Adjunct or pre-PhD faculty 0.53 0.50 0 1
Average score 3.98 1.19 1 5
% received a score of 1 0.06 0.23 0 1
% received a score of 2 0.07 0.25 0 1
% received a score of 3 0.16 0.37 0 1
% received a score of 4 0.26 0.44 0 1
% received a score of 5 0.45 0.50 0 1

Note: Each observation is at the professor-student-course level.
Source: Authors’ computation, using data from the University of Girona.

Our main dependent variable contains the responses to the statement in the question-
naire that asks students for their overall assessment of the lecturer’s work: ‘I evaluate this
teacher’s overall performance as positive.’ Responses are on a Likert scale ranging from
1 to 5, where 1 indicates ‘strong disagreement’ and 5 ‘strong agreement’. In general, stu-
dents are fairly satisfied with the teaching of their lecturers at the university: the average
score is 3.98. The last rows of Table 1 also indicate that nearly half of the evaluations
awarded the maximum score (45%), while only about 13% gave the lowest score possible
(1 or 2).

3.2 Identification strategy

We use a linear regression model with fixed e!ects to evaluate the intervention and quan-
tify the causal impact of the two treatments on students’ responses on the teaching eval-
uation questionnaire. Formally, we estimate the following equation:

Yijs = ω + ε1Treatment 1i + ε2Treatment 2i + ϑXi + ϖj + ϱs + ςijs (1)
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where Yijs is the overall satisfaction score that student i gives to professor j on course
s. Treatment 1 (treatment 2) is an indicator variable that takes value 1 if student i
was assigned to the first (second) video and 0 otherwise. Xi is a vector of student-level
characteristics, in particular age, age-squared, gender (binary) and final grade obtained.11

ϖj are professor fixed e!ects, ϱs are course fixed e!ects and ςijs is the error term. Professor
fixed e!ects control for time-invariant characteristics of professors that might influence
the teaching evaluation scores, such as teaching style, performance quality or personality,
while course fixed e!ects control, for example, for the level of di”culty of a given subject
or the workload, which can influence the evaluation (Ayllón et al., 2019). By including
fixed e!ects by teacher and course, we can hold constant all shared aspects of the learning
experience.12 The inclusion of professor- and course-level fixed e!ects implies that our
results identify from the variability of scores provided by (randomly assigned) treated
and control students evaluating the same lecturer teaching a given subject. This way, we
guarantee that our results are not a!ected by teaching performance and teacher quality;
still less are they a!ected by the possibility that lecturers provide di!erent quality when
teaching di!erent courses.13

Our coe”cients of interest are ε1 and ε2 which indicate how the treatment assign-
ment a!ects the evaluations of teaching, after controlling for student characteristics, as
well as teacher- and course-level fixed e!ects.14 Given that, as explained above, not all
treated students watched the video they were sent, these are intent-to-treat e!ects. In any
case, these are usually the results of interest for organizations and institutions — on the
assumption that, in the great majority of cases, they have control over treatment assign-
ment, but not take-up. To further account for potential heterogeneity in the treatment
e!ects, we stratify the analysis by professor gender, estimating separate regressions for
male and female lecturers. We also investigate the potential di!erences in treatment ef-
fects between male and female students, allowing us to capture any potential interactions
between them and the professor’s gender. Robust standard errors are used throughout
the analysis.

Finally, Table C.1 in Appendix C presents mean di!erences across treatment arms prior
to the intervention, in order to check whether the randomization process was successful in
distributing the intervention evenly — even though we only stratified by student gender.
This is key to our identification strategy. Indeed, with only one exception, di!erences
across treatment arms are not statistically significant at conventional levels (95%). It is
important to recall at this point that this is not the final sample of students used in the
analysis, since at the University of Girona it is not mandatory to complete the teaching
questionnaire. Moreover, the intervention could have altered the pool of students that
ended up filling in the questionnaire. This is an aspect that we take up in the ‘Mechanisms’
section of this study.

11As in Boring (2017) and Mengel et al. (2019), we use the final grade obtained on the course to control
for teaching quality.

12Naturally, in this setting, no researcher can have complete control of confounders — which may
be observed by the students, but not by the researchers; however, the inclusion of both teacher- and
course-level fixed e”ects can help mitigate the e”ect of unobservables.

13We would expect a lecturer to be better at teaching a course for which s/he has more experience, for
example.

14ω1 and ω2 are the causal e”ects of the treatment assignments under the identifying assumption that
treatment assignments are orthogonal to the error term, which holds by design.
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4 Main results

Table 2 presents our main findings for the e!ects of the two treatments on the overall
teaching scores of male and female lecturers (Panel A) drawn from Equation (1). Each
column is the result of a separate regression. Column (1) presents the results of the
impact of the intervention when all students evaluate their male lecturers, while column
(2) does the same for female lecturers. Columns (3) to (6) separate the results not only
by professor gender, but also by student gender.

Overall results in the first two columns indicate that treatment 1 (the ‘implicit bias
video’) had a negative e!ect on the teaching scores of male professors (compared to the
control group), while it did not have any e!ect on the evaluation of female professors. As
such, this treatment arm helped to reduce the gender score gap in the teaching evaluations.
In Ayllón et al. (2024), it is documented that the potential gender bias in previous
semesters at UdG stood at 0.046, being statistically significant at 95%.15 Assuming
comparability, this would mean that treatment 1, with a coe”cient of -0.069, partially
corrects for the existing gender bias, provided only one third of the students received this
treatment. At the same time, treatment 2 (the ‘gender bias video’) brought no change
in the behaviour of treated students (compared to the control group), irrespective of
whether they were evaluating their male or their female lecturers. However, the results
are more nuanced if we also account for student gender. Two important findings are worth
highlighting.

First, and as for treatment 1, the results indicate that the negative e!ect of the video
on the evaluation of male lecturers comes from both male and female students. That
is, a fresh awareness of the existence of implicit bias caused both groups of students
to lower their evaluation of male professors, while it maintained the scores for female
lecturers. Thus, as a consequence of the first treatment arm, all students contributed to
the reduction in the scores gap. At this point, it is important to remind ourselves that
the ‘implicit bias video’ simply informed students of the existence of unconscious bias
and asked them to pay attention to the quality of the teaching received, and not to other
aspects of their teaching experience.

Second, treatment 2 had no distinct impact on the scores of male lecturers, irrespective
of whether the evaluation was provided by male or female students. Both groups awarded
male lecturers slightly lower scores, but none of the coe”cients was statistically significant
at conventional levels. However, making male students aware of the existence of gender
bias (and stressing that such bias could often be laid at their door) had the opposite
e!ect to the one intended: compared to the control group, treated male students awarded
lower scores to their female lecturers — yet another example of the risk of backlash or
reactance in this kind of intervention (Legault et al., 2011; Moss-Racusin et al., 2014;
Bohnet, 2016; Dobbin and Kalev, 2016, 2018). At the same time, female students who
received treatment 2 awarded their female lecturers slightly higher scores; however, the
impact was fairly small and did not attain statistical significance. Note, however, that
this was the only positive coe”cient in the table.

All in all, while the ‘implicit bias video’ (treatment 1) served to increase awareness
and reduce the evaluation gap between male and female professors, the ‘gender bias video’
(treatment 2) exacerbated the situation, since treated male students ended up awarding
even lower scores to their female lecturers (compared to the control group). Despite

15Note that this is an average: in some contexts there is no gender bias at all, while in others it is
much greater.
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Table 2: Main results

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: By treatment

Treatment 1 -0.069*** -0.027 -0.068* -0.037 -0.064** -0.009
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Treatment 2 -0.020 -0.031 -0.020 -0.128*** -0.020 0.011
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Observations 13281 12492 5641 3582 7324 8636
R2 0.363 0.361 0.407 0.394 0.403 0.396
Panel B: Intervention

Treated -0.045** -0.029 -0.045 -0.081* -0.042 0.000
(0.02) (0.02) (0.03) (0.04) (0.03) (0.02)

Observations 13281 12492 5641 3582 7324 8636
R2 0.363 0.361 0.407 0.393 0.402 0.396

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true in
the case of columns (4) and (6), in relation to column (2). Robust standard errors in parentheses.
*** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.

such behaviour, when evaluating the whole intervention (both treatments together), we
find a negative coe”cient for male lecturers (statistically significant at 95%), while the
coe”cient for females is indistinguishable from zero — see Panel B in Table 2. Therefore,
we can confirm that the intervention helped to narrow the gap in the scores of male and
female instructors, in spite of the unintended e!ect brought about by some treated male
students when they evaluated their female lecturers.

4.1 Robustness checks

Our results are robust to several specifications. In Panel A of Table 3 we present the
results of a specification that, instead of using both fixed e!ects by lecturer and course,
we include only fixed e!ects by lecturer and we control for course-level characteristics.
Results are very similar to those presented in Table 2, with a negative coe”cient for
males in association with treatment 1 and confirmation of a backlash/reactance e!ect
that originates from male students who received treatment 2 in their evaluation of female
lecturers. However, the negative coe”cient observed for treatment 1 proceeds largely
from female students, and less so from male students — in contrast to what we saw in the
main results table. Coe”cients are similar in Panel B when, in addition to the inclusion
of lecturer and course fixed e!ects, we use robust standard errors clustered at the lecturer
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level — which is reassuring.
Following the train of thought in Boring and Philippe (2021), when evaluating a

similar intervention, Panels C and D estimate the same type of previous models, but
using a dummy as a dependent variable: in the first case, by grouping scores 1 and 2 on
the one hand, and scores 3 to 5 on the other; and in the second case, by simply separating
non-excellent scores (1 to 4) from excellent scores (5). Results indicate that the reduction
in the score gap between male and female professors associated with treatment 1 is mostly
present because of a decline in the probability of both male and female students awarding
their male lecturers a score of 5. By contrast, the backlash (or reactance) e!ect a!ects
female lecturers, who are less likely to receive a score of above 2 from male students,
although it does not reduce the likelihood of them receiving a score of 5.

Finally, we thought to assess our main findings by computing the results for those
lecturer-course combinations that have at least three observations in the control group
and at least three observations in one of the treated groups. The results point in the same
direction, with a negative coe”cient from treatment 1 in the evaluation of male professors
(which again implies a narrowing of the gender score gap at the University of Girona) and
an even stronger backlash/reactance e!ect in treatment 2, stemming from the evaluation
of female instructors by their male students.

4.2 Heterogeneous e!ects

Our main results may a!ect subgroups of professors di!erently and may arise from dif-
ferent subgroups of students. For instance, it could be that the backlash/reactance we
find only comes from poorly performing students; or it could be that it a!ects only young
lecturers. In what follows, we investigate this by taking account of the characteristics of
professors and students. This may provide a deeper understanding of the e!ects of the
intervention. All the tables commented on below can be found in Appendix C.

Tables C.2 and C.3 present the results by the age and tenure status of lecturers,
respectively. In the first table, if we look at the negative impact of treatment 1 for
male lecturers, our findings suggest that the e!ect mainly derives from male students
evaluating male professors who are aged 50 or over, while the backlash/reactance e!ect
observed in male students’ evaluation of female lecturers (treatment 2) is only present
when the lecturers being evaluated are aged 35 or over.16 If we look at the tenure status
of lecturers (Table C.3), the results tally with those of Table C.2. As for the negative
e!ect of treatment 1 on male professors, the results suggest that this is mainly driven by
male students evaluating associate professors. As for the backlash e!ect, this is largest
when male students evaluate female associate professors — usually at prime age in their
academic career. The coe”cient is also large among assistant professors and adjunct
faculty, but only the latter reaches statistical significance at 90%.

Next, we consider separate regressions by two student characteristics. First, we ac-
count for the final grade obtained by students on each course. We consider four categories:
‘1’ for those students who ended up failing the course; ‘2’ for students who passed the
exam, but did not obtain a good grade (between 5 and 6.9); ‘3’ for students who got a
grade of between 7 and 8.9; and finally, ‘4’ for students who achieved a grade of 9 or more.
If we consider the results shown in Table C.4 regarding the negative e!ect on male teach-
ers as a consequence of treatment 1, it is worth noting that this is mainly driven by the

16Note that there are few observations of male students evaluating female lecturers under 35 years of
age.
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behaviour of students who did not perform too well, but simply passed the course. The
coe”cients also indicate that the backlash/reactance e!ect was strongest among those
with a grade of between 7 and 8.9. Furthermore, we would like to highlight the diver-
gent behaviour of male and female students who obtained the highest possible grades
(‘excellent’): female students awarded male lecturers a lower score and female lecturers a
higher score, regardless of the treatment received; however, male students who received
treatment 2 did the opposite, awarding better scores to their male lecturers. However,
not all these coe”cients attain statistical significance.

Second, Table C.5 looks at students’ level of seniority — defined as when their courses
are typically undertaken (between the first and the fifth year).17 The results indicate
that the negative impact of treatment 1 on male professors is driven primarily by female
students in their first year. Male students treated with the ‘gender bias video’ are more
critical of their female professors in their second, fourth and fifth years. Third-year stu-
dents demonstrate no significant change in their responses to the intervention. Meanwhile,
the first-year cohort does not exhibit any sign of backlash or reactance. The findings sug-
gest that the response of younger students di!ers from that of older students, implying
that, as students advance in their degrees, the evaluation of their lecturers becomes more
biased against women.

In summary, the results show that the impact of treatment 1 — which reduced the
scores achieved by male professors and helped narrow the gender score gap — is greater
in the case of older lecturers (aged 50 or more) and those who are at the associate level
of tenure; and that treatment had a greater e!ect among students who passed the course,
but did not obtain a high grade. On the other hand, the most worrying consequence of
the intervention comes in the form of a backlash/reactance e!ect arising from treatment
2, which resulted in some male students awarding their female professors lower scores:
this is particularly the case if the lecturers are over the age of 35 and are at associate
professor level; and if the students concerned have achieved a good grade, primarily in
either their second or their last year.

5 Mechanisms

Several mechanisms could be driving our results. First, given that completing the ques-
tionnaire is not mandatory at the University of Girona, it could be that the intervention
did change the composition of students who typically fill in the questionnaire. For exam-
ple, there is a possibility that treatment 2 could have incentivized more female students
to complete the questionnaire in an attempt to counterbalance the bias that (they now
learn) exists against female teachers. Figure 2 above and Table C.6 in the Appendix in-
dicate that while slightly more treated students completed the questionnaire than in the
control group, there was no substantial change in the characteristics of treated students,
compared to the control group.18

Second, rather than student and professorial characteristics (analysed in the previous
section), it could be that our results are driven by the context in which students develop:
the di!erent fields of knowledge present at the University of Girona, the actual faculties

17These results should be treated with caution, as the number of missing values for this variable is
unusually large; it was therefore not used for the main results. Also, one needs to take into account that
undergraduate degrees at the University of Girona generally take four years; only a few require five years.

18Table C.6 runs Equation (1) with students’ characteristics and field of knowledge as dependent
variables.
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where students spend their days and the extent to which students are in a male- or female-
dominated academic context. It is possible that the intervention was understood, accepted
and applauded di!erently in di!erent environments. Tables 4 and 5 present the results
of the debiasing campaign on the teaching scores of male and female lecturers by field of
knowledge and faculty, respectively. The e!ect of treatment 1 on the decline in the scores
of male professors — and consequently, the narrowing of the gender score gap — shows
a mixed pattern. In Life Sciences, results are mostly driven by female students awarding
male lecturers lower scores — which actually compensates for the higher scores given by
a minority of male students evaluating male instructors. Instead, in Social Sciences, male
students are primarily responsible for the negative evaluations of male professors. At
faculty level, we find statistically significant negative coe”cients in the Economics, the
Education and Psychology and the Medicine faculties. Yet, whereas in the first case the
results are mostly driven by male students, in the other two cases they mainly stem from
the evaluations by female students.

In turn, Table 4 indicates a mild backlash/reactance e!ect on the part of male stu-
dents evaluating female professors in Social Sciences, and a strong one in Life Sciences;
Table 5 narrows this down to show that the e!ect is concentrated in the Education and
Psychology and the Nursing faculties. In the former faculty, students pursue degrees in
both Social Sciences (such as Pedagogy, Teacher Education or Social Work) and Life Sci-
ences (mostly Psychology); in the latter, all students pursue a degree in Life Sciences —
namely Nursing. What is the characteristic that both faculties share that triggers such
an important backlash/reactance e!ect? They are strongly female-dominated contexts
— at both student and faculty level. This is clear when we compute the percentage for
the total number of completed questionnaires from male students over the total number
from female students: quite unlike the rest of the faculties, the figure is less than 20%
in both contexts. This is an important aspect to take into account when evaluating the
intervention: the results underscore the fact that treatment 2 triggers the strongest back-
lash/reactance e!ect from male students against female lecturers in those contexts where
male students are in the minority.19

Additional results in Table C.7 show the null impact of the intervention in the five
o!-campus professional schools a”liated to the University of Girona and based not in
Girona itself, but in other cities or towns. In these schools, students receive training from
professional practitioners, who typically have another job and come to the school to teach
a course that is closely linked to their employment or career. Treated students did not let
the experiment influence their opinion of these professionals at all, irrespective of whether
they were men or women.

Finally, in Table C.8 we explore the e!ect of the treatments on the other two dimen-
sions of a lecturer that students also evaluate. Results indicate that the narrowing of
the gender score gap associated with treatment 1 is also present when students rate the
methods used by the professor (question 5) and the activities of support (question 6). At
the same time, the backlash/reactance e!ect associated with treatment 2 is also present
in both questions — indicating that male students are critical when assessing not only
the overall performance of a female lecturer, but also these other aspects.

19According to data obtained from the University of Girona, the faculties of Education and Psychology
and Nursing are the only ones where the percentage of female lecturers is above 60%. Also, females are
86% of the student body in the faculty of Nursing and 79% in the faculty of Education and Psychology.
These are the largest numbers across faculties at this university.
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6 Concluding remarks

A number of lessons can be learnt from our university-wide debiasing campaign, where
we seek to reduce gender di!erences in student evaluations of teaching. First, increasing
awareness by informing students of the existence of implicit bias through a direct, simple
message that also asked them to avoid displaying prejudice was su”cient to induce a
change in behaviour that helped narrow the gender score gap. These results align with
recent findings by Avitzour et al. (2020) and Alesina et al. (2024) in an educational
context. Thus, a way forward for higher education institutions could be to simply make
students aware of their own implicit bias, as a way of correcting discriminatory conduct.
Exposing current students, who one day will be in positions of power, to their own bias and
training them to overcome such prejudice will promote gender equality in future societies.
However, our results di!er from those obtained from a similar experiment run in France by
Boring and Phillipe (2021), whose normative message asking students not to discriminate
had no impact. Future research should focus on understanding why relatively similar
campaigns in relatively similar educational contexts should yield di!erent results.20

Secondly, we learn that students can be very sensitive to the message conveyed: they
may feel shame, blame or anger and, as a result, may react in a way that runs counter to
what is intended. This is what likely happened among male students in treatment 2 (the
‘gender bias video’) in two female-dominated contexts at the University of Girona — the
Education and Psychology and the Nursing faculties. Finding out that the literature has
identified that discrimination towards female lecturers often originates with male students
can lead to an even more negative evaluation by male students of their female instructors.
Warning students against gender bias can exacerbate the very gender bias that it seeks to
eradicate. It could be that the message renders the professor’s gender even more salient
in the evaluation. It could also be that the message is felt to be inappropriate or coercive,
thus eliciting a backlash or reactance (Mühlberger and Jonas, 2019).

Thirdly, future interventions should consider ways of doing more to reach young stu-
dents at higher education institutions, as not all treated students followed the instructions
received by email from the vice-rector, one of the most important figures in the adminis-
tration of the university. Given the large number of messages and social media content
that they receive on a daily basis, students should probably be further incentivized. Be-
cause of the relatively low rate of compliance, our results are necessarily a lower bound of
what an intervention could achieve. Equally importantly, universities need to find ways
of incentivizing the rate of response to the questionnaires, if they plan to keep using these
as a tool for the evaluation of professors (Neckermann et al., 2022).

Much further work needs to be done if we are to fully understand the type of messages
or tools that young university students need to receive, in order to maximize the e!ects
of interventions that aim to reduce gender bias in academia — and ultimately, to reduce
gender inequality. The few existing experiments in this field so far do not reach any
consensus and appear to provide context-dependent results. Nailing the type of interven-
tion necessary to reduce gender discrimination without eliciting a backlash, reactance or
overcorrection is not an easy task. Further research on this is warranted.

20An important di”erence could be that completion of the questionnaire was mandatory in the case of
Boring and Philippe (2021), whereas in our case it was not.
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Table 3: Robustness checks

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: FE by professor

Treatment 1 -0.071*** -0.027 -0.044 -0.018 -0.075** -0.018
(0.02) (0.02) (0.04) (0.04) (0.03) (0.03)

Treatment 2 -0.011 -0.031 0.014 -0.119** -0.017 0.005
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Observations 13445 12682 5821 3739 7494 8826
R2 0.316 0.314 0.353 0.346 0.350 0.341
Panel B: Clustered standard errors by teacher

Treatment 1 -0.069*** -0.027 -0.068* -0.037 -0.064** -0.009
(0.02) (0.02) (0.04) (0.04) (0.03) (0.03)

Treatment 2 -0.020 -0.031 -0.020 -0.128*** -0.020 0.011
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Observations 13281 12492 5641 3582 7324 8636
R2 0.363 0.361 0.407 0.394 0.403 0.396
Panel C: Responses 1, 2 vs. 3, 4, 5

Treatment 1 -0.008 -0.008 -0.009 -0.010 -0.005 -0.005
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Treatment 2 -0.004 -0.006 -0.010 -0.035** 0.000 0.009
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)

Observations 13281 12492 5641 3582 7324 8636
R2 0.262 0.271 0.314 0.318 0.296 0.304
Panel D: Responses 1, 2, 3 , 4 vs. 5

Treatment 1 -0.038*** -0.009 -0.038** -0.025 -0.035** 0.002
(0.01) (0.01) (0.02) (0.02) (0.01) (0.01)

Treatment 2 -0.010 -0.011 0.006 -0.026 -0.019 -0.009
(0.01) (0.01) (0.02) (0.02) (0.01) (0.01)

Observations 13281 12492 5641 3582 7324 8636
R2 0.295 0.274 0.335 0.324 0.343 0.304
Panel E: Minimum number of evaluations

Treatment 1 -0.071** -0.020 -0.105** -0.016 -0.045 -0.005
(0.03) (0.03) (0.05) (0.06) (0.04) (0.03)

Treatment 2 -0.010 -0.046 -0.012 -0.162** -0.015 -0.003
(0.03) (0.03) (0.05) (0.06) (0.04) (0.03)

Observations 7421 7142 3127 2026 4284 5103
R2 0.330 0.321 0.359 0.333 0.363 0.354

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects — except in Panel A, which does not include course-level
fixed e”ects. Columns (1) and (2) also control for students’ gender. The number of observations
in columns (3) and (5) may not add up to those of column (1) because the number of singleton
observations in each regression may di”er. The same is true in the case of columns (4) and
(6), in relation to column (2). Robust standard errors in parentheses, except in Panel (B). ***
significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table 4: Heterogeneous results by field of knowledge

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: Arts and Humanities

Treatment 1 -0.000 -0.180 -0.362 -0.510** 0.074 -0.104
(0.13) (0.13) (0.22) (0.21) (0.22) (0.20)

Treatment 2 0.009 -0.051 -0.050 -0.173 -0.181 -0.166
(0.12) (0.10) (0.19) (0.15) (0.22) (0.20)

Observations 601 624 266 260 287 343
R2 0.437 0.430 0.455 0.541 0.505 0.402
Panel B: Sciences

Treatment 1 -0.040 0.030 -0.089 -0.004 -0.011 0.061
(0.04) (0.04) (0.08) (0.08) (0.05) (0.05)

Treatment 2 0.004 0.049 0.041 -0.041 -0.023 0.091*
(0.05) (0.04) (0.09) (0.09) (0.06) (0.05)

Observations 2547 2877 866 927 1638 1916
R2 0.336 0.265 0.377 0.276 0.370 0.313
Panel C: Life Sciences

Treatment 1 -0.097* 0.031 0.404*** 0.001 -0.164*** 0.038
(0.05) (0.04) (0.15) (0.10) (0.06) (0.05)

Treatment 2 -0.157*** -0.056 -0.220 -0.574*** -0.143** 0.002
(0.06) (0.04) (0.16) (0.11) (0.06) (0.04)

Observations 1853 3500 333 527 1486 2913
R2 0.354 0.308 0.511 0.499 0.368 0.317
Panel D: Social Sciences

Treatment 1 -0.140*** -0.109** -0.281*** -0.115 -0.065 -0.107**
(0.04) (0.05) (0.08) (0.11) (0.06) (0.05)

Treatment 2 -0.098** -0.072 -0.251*** -0.231* -0.019 -0.011
(0.04) (0.05) (0.09) (0.12) (0.05) (0.05)

Observations 3879 3701 1168 827 2598 2743
R2 0.371 0.420 0.478 0.460 0.399 0.455
Panel E: Architecture and Engineering

Treatment 1 -0.012 -0.032 -0.016 0.026 -0.014 -0.049
(0.04) (0.06) (0.05) (0.09) (0.08) (0.09)

Treatment 2 0.089** -0.041 0.059 0.017 0.186** -0.109
(0.04) (0.07) (0.05) (0.10) (0.08) (0.10)

Observations 4397 1784 3001 1032 1300 716
R2 0.350 0.381 0.372 0.358 0.441 0.518

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table 5: Heterogeneous results by faculty — continues on next page

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: Law Faculty

Treatment 1 -0.125 -0.053 0.011 0.101 -0.242 -0.082
(0.10) (0.12) (0.14) (0.24) (0.15) (0.15)

Treatment 2 -0.134 -0.207 -0.141 -0.209 -0.123 -0.062
(0.10) (0.13) (0.15) (0.27) (0.14) (0.15)

Observations 813 480 298 159 485 303
R2 0.394 0.445 0.534 0.489 0.419 0.522
Panel B: Economics Faculty

Treatment 1 -0.286*** 0.026 -0.430*** -0.262 -0.016 0.398**
(0.09) (0.12) (0.11) (0.17) (0.13) (0.18)

Treatment 2 -0.191** -0.105 -0.282** -0.249 -0.009 0.048
(0.09) (0.12) (0.13) (0.18) (0.13) (0.18)

Observations 1106 629 559 310 518 302
R2 0.335 0.314 0.426 0.375 0.404 0.318
Panel C: Sciences Faculty

Treatment 1 -0.040 0.030 -0.089 -0.004 -0.011 0.061
(0.04) (0.04) (0.08) (0.08) (0.05) (0.05)

Treatment 2 0.004 0.049 0.041 -0.041 -0.023 0.091*
(0.05) (0.04) (0.09) (0.09) (0.06) (0.05)

Observations 2547 2877 866 927 1638 1916
R2 0.336 0.265 0.377 0.276 0.370 0.313
Panel D: Technology Polythecnic

Treatment 1 -0.012 -0.032 -0.016 0.026 -0.014 -0.049
(0.04) (0.06) (0.05) (0.09) (0.08) (0.09)

Treatment 2 0.089** -0.041 0.059 0.017 0.186** -0.109
(0.04) (0.07) (0.05) (0.10) (0.08) (0.10)

Observations 4397 1784 3001 1032 1300 716
R2 0.350 0.381 0.372 0.358 0.441 0.518
Panel E: Education and Psychology Faculty

Treatment 1 -0.187*** -0.180*** 0.033 0.066 -0.235*** -0.191***
(0.07) (0.05) (0.20) (0.19) (0.08) (0.06)

Treatment 2 -0.154** -0.100** -0.259 -0.384** -0.160** -0.049
(0.07) (0.05) (0.22) (0.17) (0.07) (0.05)

Observations 1559 2644 216 323 1301 2242
R2 0.376 0.470 0.526 0.581 0.382 0.480
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Table 5: Heterogeneous results by faculty — continued from previous page

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel F: Nursing Faculty

Treatment 1 0.019 0.060 0.434* -0.206 -0.050 0.093*
(0.09) (0.05) (0.25) (0.14) (0.10) (0.06)

Treatment 2 -0.127 -0.075 -0.645** -0.768*** -0.114 -0.023
(0.09) (0.05) (0.28) (0.16) (0.10) (0.06)

Observations 785 2035 100 230 677 1785
R2 0.249 0.144 0.492 0.347 0.244 0.145
Panel G: Medicine Faculty

Treatment 1 -0.179** -0.075 0.477** 0.292 -0.235** -0.152
(0.08) (0.11) (0.24) (0.18) (0.10) (0.15)

Treatment 2 -0.167* 0.013 0.014 -0.103 -0.139 0.031
(0.09) (0.10) (0.20) (0.20) (0.11) (0.13)

Observations 721 636 196 184 504 417
R2 0.378 0.333 0.514 0.549 0.444 0.393
Panel H: Tourism Faculty

Treatment 1 0.145 0.059 0.006 0.216 0.172 0.027
(0.10) (0.10) (0.28) (0.26) (0.12) (0.12)

Treatment 2 0.128 0.155 0.096 -0.061 0.180* 0.310**
(0.09) (0.11) (0.30) (0.33) (0.10) (0.12)

Observations 745 766 129 142 591 595
R2 0.432 0.399 0.578 0.521 0.454 0.464
Panel I: Arts and Humanities Faculty

Treatment 1 -0.000 -0.180 -0.362 -0.510** 0.074 -0.104
(0.13) (0.13) (0.22) (0.21) (0.22) (0.20)

Treatment 2 0.009 -0.051 -0.050 -0.173 -0.181 -0.166
(0.12) (0.10) (0.19) (0.15) (0.22) (0.20)

Observations 601 624 266 260 287 343
R2 0.437 0.430 0.455 0.541 0.505 0.402

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table C.2: Heterogeneous results by lecturer’s age

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: Less than 35 years of age

Treatment 1 -0.074 -0.147** 0.017 -0.129 -0.184* -0.106
(0.07) (0.07) (0.10) (0.14) (0.09) (0.08)

Treatment 2 -0.076 -0.038 -0.129 -0.119 0.016 -0.006
(0.07) (0.06) (0.11) (0.15) (0.09) (0.08)

Observations 1467 1399 692 332 748 1036
R2 0.382 0.313 0.416 0.479 0.444 0.312
Panel B: Between 35 and 49

Treatment 1 -0.025 -0.010 -0.019 -0.022 -0.041 -0.007
(0.04) (0.03) (0.06) (0.07) (0.05) (0.04)

Treatment 2 -0.009 -0.017 0.020 -0.163** -0.051 0.030
(0.04) (0.03) (0.07) (0.07) (0.05) (0.04)

Observations 4992 5622 1914 1486 2945 4010
R2 0.322 0.323 0.363 0.375 0.367 0.345
Panel C: More than 50 years of age

Treatment 1 -0.116*** -0.027 -0.135*** -0.057 -0.082* 0.010
(0.03) (0.04) (0.05) (0.07) (0.05) (0.05)

Treatment 2 -0.031 -0.079** -0.035 -0.158** -0.010 -0.050
(0.03) (0.04) (0.05) (0.07) (0.05) (0.05)

Observations 6116 4804 2728 1575 3252 3128
R2 0.391 0.369 0.439 0.360 0.425 0.428

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table C.3: Heterogeneous results by professor’s tenure

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: Full professor or emeritus

Treatment 1 -0.043 0.018 -0.032 -0.116 -0.007 -0.011
(0.08) (0.11) (0.12) (0.25) (0.11) (0.13)

Treatment 2 0.079 -0.009 0.126 0.076 0.042 -0.080
(0.08) (0.11) (0.13) (0.21) (0.11) (0.15)

Observations 1269 613 571 182 667 421
R2 0.323 0.311 0.401 0.376 0.322 0.338
Panel B: Associate professor

Treatment 1 -0.138*** -0.049 -0.201*** -0.048 -0.088 -0.036
(0.04) (0.04) (0.06) (0.08) (0.05) (0.05)

Treatment 2 0.003 -0.054 -0.058 -0.146* 0.057 -0.011
(0.04) (0.04) (0.06) (0.08) (0.06) (0.05)

Observations 4289 3791 1950 1332 2219 2397
R2 0.408 0.406 0.426 0.387 0.450 0.467
Panel C: Assistant or visiting professor

Treatment 1 -0.119 -0.058 -0.129 0.088 -0.125 -0.106
(0.09) (0.07) (0.15) (0.19) (0.14) (0.08)

Treatment 2 -0.010 -0.055 0.011 -0.146 -0.048 -0.048
(0.09) (0.07) (0.16) (0.20) (0.13) (0.08)

Observations 914 1221 458 211 433 986
R2 0.338 0.381 0.309 0.365 0.445 0.407
Panel D: Adjunct or pre-PhD faculty

Treatment 1 -0.024 -0.012 0.034 -0.035 -0.054 0.027
(0.03) (0.03) (0.05) (0.07) (0.04) (0.04)

Treatment 2 -0.056* -0.014 -0.037 -0.133* -0.067* 0.040
(0.03) (0.03) (0.06) (0.07) (0.04) (0.04)

Observations 6809 6867 2662 1857 4005 4832
R2 0.343 0.328 0.415 0.403 0.379 0.349

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table C.4: Heterogeneous results by student’s final grade obtained

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: Failed (< 5)

Treatment 1 -0.138 -0.044 -0.141 -0.184 -0.026 0.057
(0.11) (0.13) (0.16) (0.25) (0.20) (0.19)

Treatment 2 0.021 0.139 0.123 -0.234 -0.179 0.259
(0.11) (0.12) (0.14) (0.22) (0.19) (0.17)

Observations 883 618 445 222 317 332
R2 0.402 0.440 0.488 0.427 0.425 0.501
Panel B: Passed (5 to 6.9)

Treatment 1 -0.111*** -0.012 -0.126* 0.040 -0.086 -0.019
(0.04) (0.05) (0.06) (0.09) (0.06) (0.07)

Treatment 2 0.001 -0.104** -0.069 -0.155 0.060 -0.009
(0.04) (0.05) (0.07) (0.10) (0.06) (0.07)

Observations 4647 3092 2144 1086 2267 1830
R2 0.385 0.395 0.420 0.411 0.461 0.451
Panel C: Good (7 to 8.9)

Treatment 1 -0.031 -0.046 -0.013 -0.166** -0.037 -0.014
(0.03) (0.03) (0.06) (0.07) (0.05) (0.04)

Treatment 2 -0.029 -0.008 -0.038 -0.233*** -0.024 0.059
(0.03) (0.03) (0.07) (0.08) (0.04) (0.04)

Observations 5637 6510 1938 1519 3340 4681
R2 0.404 0.379 0.495 0.431 0.424 0.414
Panel D: Excellent (>= 9)

Treatment 1 -0.121* 0.061 -0.008 -0.224 -0.286*** 0.088
(0.07) (0.06) (0.12) (0.18) (0.10) (0.08)

Treatment 2 -0.003 0.055 0.219 -0.213 -0.289*** 0.050
(0.07) (0.06) (0.14) (0.16) (0.09) (0.07)

Observations 1311 1646 417 234 690 1211
R2 0.515 0.560 0.581 0.490 0.578 0.596

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table C.5: Heterogeneous results by student’s seniority

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: 1st. year students

Treatment 1 -0.106*** -0.083** -0.060 -0.005 -0.127*** -0.093*
(0.04) (0.04) (0.06) (0.08) (0.05) (0.05)

Treatment 2 0.037 -0.041 0.053 -0.023 0.052 -0.030
(0.04) (0.04) (0.06) (0.09) (0.05) (0.05)

Observations 4935 3908 2094 1199 2780 2657
R2 0.341 0.334 0.378 0.351 0.389 0.362
Panel B: 2nd. year students

Treatment 1 -0.033 0.039 -0.086 -0.050 0.006 0.071
(0.05) (0.04) (0.07) (0.09) (0.06) (0.05)

Treatment 2 -0.005 -0.028 0.030 -0.279*** -0.050 0.035
(0.05) (0.04) (0.08) (0.10) (0.06) (0.05)

Observations 3556 3791 1515 916 2004 2813
R2 0.325 0.301 0.396 0.383 0.346 0.324
Panel C: 3rd. year students

Treatment 1 -0.088* -0.033 -0.116 0.004 -0.061 -0.022
(0.05) (0.05) (0.08) (0.09) (0.07) (0.06)

Treatment 2 -0.068 -0.022 -0.095 0.001 -0.048 0.012
(0.05) (0.05) (0.08) (0.11) (0.07) (0.06)

Observations 2575 2424 1200 790 1312 1604
R2 0.385 0.422 0.431 0.423 0.421 0.480
Panel D: 4th. and 5th year students

Treatment 1 -0.042 -0.234** -0.126 -0.310* -0.036 -0.226*
(0.09) (0.09) (0.16) (0.16) (0.11) (0.13)

Treatment 2 -0.131 -0.230** -0.201 -0.440*** -0.159 -0.266*
(0.09) (0.10) (0.17) (0.15) (0.11) (0.14)

Observations 876 752 340 266 486 454
R2 0.418 0.324 0.470 0.389 0.496 0.347

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table C.6: Sample composition

Student Student Student Arts and Sciences Life Social Engineering
female age grade Humanities Sciences Sciences
(1) (2) (3) (4) (5) (6) (7) (8)

Panel A: Male lecturers

Treatment 1 -0.027*** -0.262*** 0.052* -0.002** 0.000 -0.000 0.005*** -0.003**
(0.01) (0.09) (0.03) (0.00) (0.00) (0.00) (0.00) (0.00)

Treatment 2 0.021** 0.065 0.040 -0.000 0.000 -0.000 0.005*** -0.004***
(0.01) (0.09) (0.03) (0.00) (0.00) (0.00) (0.00) (0.00)

Observations 13281 13281 13281 13281 13281 13281 13281 13281
R2 0.296 0.401 0.418 0.985 1.000 1.000 0.986 0.990
Panel B: Female lecturers

Treatment 1 -0.024** -0.429*** -0.065** 0.000* -0.000 0.000 0.001 -0.001
(0.01) (0.11) (0.03) (0.00) (0.00) (0.00) (0.00) (0.00)

Treatment 2 -0.023** 0.107 -0.018 -0.000 -0.000 0.000 0.002** -0.002*
(0.01) (0.11) (0.03) (0.00) (0.00) (0.00) (0.00) (0.00)

Observations 12492 12492 12492 12492 12492 12492 12492 12492
R2 0.243 0.292 0.472 0.994 1.000 1.000 0.992 0.988

Note: Each column in each panel is the result of a di”erent regression (following Equation (1)),
where the dependent variable is specified in the column header. All regressions include professor-
and course-level fixed e”ects. Robust standard errors in parentheses. *** significant at 1%, **
at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.

42



Table C.7: Results for o!-campus students at the university’s professional schools

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Panel A: By treatment

Treatment 1 0.012 0.000 -0.068 0.096 0.063 -0.061
(0.04) (0.05) (0.06) (0.08) (0.06) (0.06)

Treatment 2 0.040 0.050 -0.017 0.092 0.091 0.010
(0.04) (0.05) (0.06) (0.08) (0.06) (0.06)

Observations 3536 2993 1463 1041 2029 1900
R2 0.270 0.314 0.304 0.377 0.307 0.374
Panel B: Intervention

Treated 0.026 0.025 -0.042 0.094 0.077 -0.025
(0.04) (0.04) (0.05) (0.07) (0.05) (0.05)

Observations 3536 2993 1463 1041 2029 1900
R2 0.270 0.314 0.304 0.377 0.306 0.373

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation, using data from the University of Girona.
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Table C.8: Results for the additional questions in the questionnaire

All students Male students Female students
Male Female Male Female Male Female

lecturer lecturer lecturer lecturer lecturer lecturer
(1) (2) (3) (4) (5) (6)

Q5: The methods used by the professor help me to learn

Treatment 1 -0.070*** -0.018 -0.048 -0.027 -0.083*** 0.001
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Treatment 2 0.009 -0.014 0.021 -0.119** 0.006 0.034
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Observations 13281 12492 5641 3582 7324 8636
R2 0.368 0.363 0.407 0.392 0.409 0.398
Q6: I value positively the activities of support and o!ce hours of the professor

Treatment 1 -0.062*** -0.024 -0.035 -0.036 -0.076** -0.013
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Treatment 2 -0.013 -0.020 -0.021 -0.127** -0.015 0.020
(0.02) (0.02) (0.04) (0.05) (0.03) (0.03)

Observations 13281 12492 5641 3582 7324 8636
R2 0.350 0.341 0.379 0.376 0.398 0.375

Note: Each column in each panel is the result of a di”erent regression, where the dependent
variable is the teaching evaluation score given to lecturer j by student i relative to course s.
All regressions include student characteristics (age, age-squared and final grade obtained) and
professor- and course-level fixed e”ects. Columns (1) and (2) also control for students’ gender.
The number of observations in columns (3) and (5) may not add up to those of column (1)
because the number of singleton observations in each regression may di”er. The same is true
in the case of columns (4) and (6), in comparison with column (2). Robust standard errors in
parentheses. *** significant at 1%, ** at 5% and * at 10%.
Source: Authors’ computation using data from the University of Girona.
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