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ABSTRACT

Homebound Happiness? Teleworkability
of Jobs and Emotional Well-Being During
Labor and Non-labor Activities

This paper examines the relationship between flexible working arrangements (FWA) and
workers’ affective well-being (AWB), using data from the American Time-Use Survey
(ATUS) and the Occupational Information Network (O*NET). We analyze differences in
workers' emotional experiences during paid work, unpaid work, and leisure depending on
the general availability of FWA within their occupation. Our findings reveal a significant
negative association between teleworkability and AWB during labor activities for women,
resulting in reduced day-average emotional well-being if jobs are also time-flexible. In
contrast, we do not find significant associations between FWA and AWB during paid work
for men. Additionally, we find no evidence of systematic spillovers to the AWB in non-labor
activities for both men and women. Further nuanced findings regarding parents and the
role of time flexibility underscore potential gender differences in the impact of FWA on

well-being.
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1 Introduction

Over the past decades, telework and other flexible working arrangements (FWA) have seen
substantial growth, evolving from a niche practice to a mainstream employment model. In 2003,
less than 20% of U.S. workers reported to have worked from home at least partially. Since then,
digitization and advancements in information and communication technology have facilitated the
asynchronous and remote exchange of information, thereby easing the temporal and locational
restrictions of collaborative work. The COVID-19 pandemic acted as a major catalyst for the
transition to telework, as companies worldwide were forced to adopt remote working models.
In 2021, 38% of all U.S. employees did some of their work from home. However, even after
the immediate impact of the pandemic has receded, these arrangements have persisted. By
2023, the share of U.S. employees who work remotely still amounts to 35% (Bureau of Labor
Statistics, 2024&)8 Driven by technological advancements and changing societal expectations,
FWA have become an integral element of modern employment relationships. FWA can offer many
benefits to employees, contributing to improved work-life balance and increased job satisfaction
(Choudhury et al., 2024). Many employees value flexible work options highly, often prioritizing
them over salary increases (Mas and Pallais, |2017). Flexibility allows employees to manage
personal responsibilities more effectively and has the potential to reduce stress. Remote work can
reduce commuting, providing employees additional time for personal and professional activities
Nagler et al.; |Cowan.

When integrated into suitable work environments, remote work can increase productivity,
as employees benefit from fewer distractions and the ability to work in environments that suit
their preferences (Bloom et al., 2015). When not managed optimally, however, remote work might
cause productivity losses, e.g., by attracting low-productivity workers (Emanuel and Harrington,
2024).

While FWA offer numerous benefits, they also present significant challenges for employees.
Remote workers often experience social isolation due to reduced face-to-face interactions with
colleagues, which can lead to feelings of loneliness and disengagement (Allen et al.,|2015). Flexible
working hours can blur the boundaries between work and personal life, leading to overwork and
burnout, as employees may find it difficult to “switch off” from work (Ashforth et al., 2000;
Golden et al., 2006)). Furthermore, career progression may be hindered, which suggests that

remote workers might be overlooked for promotions or key projects due to the lack of visibility

OThe prevalence of remote work differs strongly between demographic groups. For example, only 9% of U.S.
workers with less than a high school degree worked at least partly from home in 2003, and this share has risen to
only 11 percent in 2023. Among college-educated employees, this share has risen from 33% to 52% in the same
time period (Bureau of Labor Statistics, |2024a).



in the workplace (Glass and Noonan, [2016).

Not only is the relationship between FWA and workers’ well-being theoretically ambiguous,
existing empirical studies also do not provide clear insights. There does not seem to be a clear
relationship between FWA and life satisfaction or mental health (Oakman et al., 2020). The
association between FWA and affective well-being is also ambiguous (Giménez-Nadal et al.|
2020; \Giménez-Nadal and Velilla, 2024). Given that it remains an open question whether FWA
have positive or negative consequences, it is worthwhile to further examine their relationship
with workers’” well-being empirically.

In this paper, we examine the relationship between FWA and workers’ affective well-being.
Using data from the well-being module of the American Time-Use Survey (ATUS), we analyze
the specific emotional experience of employees when they are engaged in paid work. Moreover,
we also observe how workers feel outside of work, e.g., when doing chores, meeting friends,
or pursuing their hobbies. In our analysis, we focus on FWA that give workers more freedom
to choose the location of work (teleworkability). Since the potential of having the option to
work remotely to contribute to higher well-being might depend also on how flexibly workers
can choose the timing of their work, we extend these analyses by including time flexibility
as a moderating factor. While the ATUS provides detailed diaries of people’s activities and
emotional experiences, it does not contain information on the general availability of FWA. Hence,
we match the individual ATUS diaries with data from the Occupational Information Network
(O*NET), which provides a large set of occupational characteristics on nearly the entire universe
of occupations in the U.S. economy. This match allows us to identify to what extent the affective
well-being of workers differs between occupations in which employees have more or less temporal
and locational flexibility concerning their work.

Our analysis extends existing research on the relationship between job characteristics, in
particular flexible work arrangements, and subjective well-being. We make four specific contri-
butions to this literature. First, instead of examining globally evaluative well-being measures
(e.g. life or job satisfaction), we analyze worker’s affective well-being at specific points in time
during a day. This gives a more direct measure of people’s experienced utility (Kahneman and
Krueger, [2006)). It also allows us to distinguish between the direct effects of FWA on the emo-
tional experience of work itself and potential spillovers into domestic work and leisure activities.
Second, we use data on the general availability of FWA instead of their actual use on a spe-
cific day. The latter is more likely to be endogenous and driven by unobservable factors that
might also be related to well-being (cf. |Giménez-Nadal and Velilla, |2024). FWA allow employees

to change the way they structure their workdays and workweeks. The consequences might not



only be felt on days when workers actually work remotely but might also affect how workers
experience their work and leisure on other days. Hence, examining the general availability of
FWA allows for a more comprehensive evaluation of their importance for workers. Third, we
distinguish between the temporal and the locational dimensions of FWA. Having more flexi-
bility concerning the timing of work might be related differently to well-being than the choice
of the location of work. To capture potential interrelationships between these two dimensions
of FWA, we also examine their interaction empirically. Fourth, since FWA might be more im-
portant for persons who have to balance work and family obligations, we conduct additional
analyses focusing on employees with dependent children.

Our results indicate that there is a significant negative association between teleworkability
and affective well-being during labor activities for women. The negative association during labor
activities additionally translates into a significantly negative association between teleworkability
and experienced utility over the entire day for women in time-flexible jobs. We do not find any
significant associations for men during labor activities as well as no systematic spillovers into
other activities such as unpaid work or leisure.

Our paper is structured as follows. In the next section, we discuss findings from related
studies. In Section [3, we outline theoretical considerations of how FWA impact subjective well-
being. Section |4] contains a description of the data and empirical methods. In Section [5, we

present our empirical findings. Section [6] concludes.

2 Related literature

Work and affective well-being There is overwhelming evidence that employment is an es-
sential determinant of subjective well-being. This holds in particular for the cognitive, evaluative
dimension of well-being. Becoming unemployed is among the events that are most detrimental
to life satisfaction (for surveys, see Hetschko et al., 2021; Suppa) 2021)). However, the role of em-
ployment for the affective dimension of subjective well-being appears less positive. Even if people
consider employment an important component of a satisfied life, time-use and well-being studies
suggest that they do not enjoy the time they actually have to spend working. [Kahneman et al.
(2004) report that working is rated the second-worst activity (measured by the strength of posi-
tive emotions) experienced during the day in their sample of American women (only commuting
was ranked worse). Subsequent studies have obtained similar findings for other countries and
with other datasets (Han and Kaiser, 2024; Knabe et al., [2010; |Bryson and MacKerron, 2017;
Fleche and Smith, [2017; |Wolf et al., 2022). Overall, working activities are associated with weaker

positive and stronger negative emotions than leisure activities. However, working episodes are



also perceived as more meaningful and rewarding than most non-work activities (White and
Dolan, 2009; [Wolf et al., |2022)). This suggests that people choose to work not because working
itself is particularly enjoyable, but because it helps them to fill their lives with sense and purpose

(besides generating income), which contributes to the cognitive dimension of well-being.

Telework and affective well-being When asked directly about their preferences for working
from home, people generally seem to have a relatively positive view of teleworking (Moens
et al., 2022), which is also reflected in people’s labor supply choices (Mas and Pallais, 2017)). A
number of studies have examined the relationship between subjective well-being and teleworking.
These studies typically focus on cognitive aspects of well-being, such as life or job satisfaction.
The findings are mixed. In a comprehensive survey of pre-Covid studies, (Oakman et al.| (2020)
do not find a clear impact of remote work on well-being. Instead, the relationship appears
complex and strongly influenced by systemic moderators, such as the degree of organizational
support available to employees, social connections outside of work, and demands of the home
environment. |Vega et al.| (2015) find that telework is positively related to job satisfaction and
perceived job performance of employees in a US government agency. Based on an experiment
conducted with Chinese call-center employees, [Bloom et al. (2015) find that telework increases
work satisfaction and performance. Bertoni et al.| (2021) find negative effects of remote work for
respondents who have children at home, while positive effects are found for childless persons.

Panel studies comparing pre- and post-Covid phases suggest that remote work reduces the
life satisfaction and mental health of workers (e.g. |Cheng et al. (2021); Gueguen and Senik
(2023) for the United Kingdom and [Senik et al. (2024) for Germany). These adverse effects
seem particularly strong for women with school-age children, which might be Covid-specific and
related to the contemporary home-schooling needs during lockdowns. Similar to [Bloom et al.
(2015)), Choudhury et al.| (2024)) utilize an experimental setting in which they randomize hybrid
work models during Covid-related restrictions in an NGO in Bangladesh and find that especially
a mixed model with a medium amount of days spend in the office / at home increases the job
satisfaction and productivity of workers.

Besides its relation with cognitive well-being, telework has been shown to be associated with
workers’ affective experiences as well. Using the American Time-Use Survey, (Giménez-Nadal
et al. (2020) find that teleworkers spend less time on work-related activities (e.g. commuting)
and work more at irregular times of the day (evenings, weekends) than persons who do not
work remotely. They also find that teleworking men feel better than commuters. They do not
find evidence for a clear relationship between telework and emotional well-being for women. In

their interpretation, women might benefit less from telework because they generally commute



less (and so benefit less from not having to commute when teleworking) and use the additional
time to do more domestic work (while men spend more time on leisure, which might have a
positive effect on their enjoyment of work as well). Song and Gaol (2020) point out that one
should also distinguish between two different kinds of telework. Workers might spend entire
days working from home, freeing the time they would otherwise spend commuting. However,
they might also take office work home and thus devote additional time to working at home on
evenings or weekends. Telework during evenings is found to be harmful for emotional well-being,
while regular telework is not. This negative effect seems to be even stronger for parents than
for childless persons. Using UK Time-Use data, Lu and Zhuang| (2023) find that men who often
work from home enjoy their working time more and are more satisfied with their jobs than
men who work primarily outside their homes. They do not detect such differences for women.
Using time-use data from the UK, Giménez-Nadal and Velilla (2024) find that teleworking is
associated with less work time overall. However, they find that remote work is associated with
less enjoyment of working time for men, while they observe no difference among women. Both
men and women enjoy their leisure time less when working from home, which|Giménez-Nadal and
Velilla, (2024) interpret as suggesting that telework blurs the line between work and non-work
obligations. Overall, the literature on the relationship between FWA and well-being provides
mixed evidence. While employees seem to perceive FWA as potentially beneficial for their well-
being and are willing to sacrifice part of their wage for having the option to work remotely, it is
not clear that actual telework has a positive impact on their subjective well-being. Many studies
indicate that FWA could be more beneficial for men than for women and they seem to be less

beneficial for parents than for childless individuals.

3 Theoretical considerations

For workers, the labor supply decision is a trade-off between market (paid) work, domestic
(unpaid) work, and leisure (Gronau, 1977)). In traditional labor supply models, optimal work
hours are determined by equating the marginal utility of working an additional hour in the
market, spending one more hour doing unpaid domestic work, or having an additional hour of
leisure. While such models explain the determination of the total amount of work hours, they
typically do not capture how much flexibility workers have to optimally schedule the amount
of work hours and the location of work during the day. A rationale for ignoring scheduling and
location issues might be that firms and workers face constraints to an optimal organization of
work (Possenriede et al., 2016]). Workers often cannot set their working hours and their place of

work independently of others. They work in teams within their firms, and they interact directly



with clients, customers, or business partners. Certain production processes require uninterrupted
operations. There might be legal restrictions that regulate working hours and schedules. This
means that the scheduling of work hours cannot solely follow from the balancing of workers’
consumption and leisure preferences. On the other hand, also the timing of domestic work
and leisure is not constraint-free. Parents have to consider their children’s daycare and school
schedules. Shops and public services have limited opening hours. Even hobbies might have to
be coordinated with friends’ schedules. Hence, marginal benefits and costs of different time uses
do not only depend on the total amount of hours spent on different kinds of activities but also
on how constrained workers are in moving these activities to times and places they fit best.

Flexible work arrangements (FWA) weaken some of these constraints. Whether this benefits
workers depends on who gains flexibility. If working time regulations are weakened or manage-
rial directive powers concerning the place of work are strengthened, this raises firms’ abilities
to schedule work according to their technical or customer-induced needs, which does not nec-
essarily have to benefit workers. If workers are given more discretion over their time and place
of work, this should allow them to schedule their individual work and leisure activities in a way
that is more in line with their individual preferences and personal obligations. The standard
consumption-leisure choice model can be extended to incorporate temporal and locational flex-
ibility (Golden, 1996, 2006; |[Possenriede et al., [2016). When workers have more flexibility, this
expands their set of feasible choices of work-leisure arrangements. Independently of how workers
make use of these choices, whether by rescheduling time or locations or working more or less
total hours, having a larger choice set should have a non-negative effect on workers’ utility.

In these models, utility is a measure of the general desirability of one’s life circumstances,
taking into account, inter alia, the enjoyment of experiences during work and leisure activities.
FWA allow workers to reschedule their work and non-work activities such that they are less in
conflict with each other. While this might mean that some workers enjoy both types of activities
more than before, this does not have to be the case. The flexibility to reschedule could also be
used to shift one kind of activity to a time slot where it might be less enjoyable if that frees
up a time slot that could be even more enjoyably spent with some other kind of activity. For
example, parents might shift some work hours from the late afternoon to the late evening, even
if working is less enjoyable then, to allow them to spend more time with their children in the
afternoon. Their overall well-being increases (otherwise they would not reschedule), even though
the enjoyment of their working time falls.

Behavioral and psychological models provide further arguments why the relationship be-

tween FWA and well-being on and off work is theoretically ambiguous. The Paradox of Choice



(Barry, |2004)) suggests that while increasing the set of options might seem beneficial, it can
actually lead to decision overload, uncertainty, and dissatisfaction. Having too many choices
can cause stress, as people worry about whether they made the best possible decision. Applied
to the context of FWA, teleworkability and time flexibility offer more choices regarding where
and when to work, but these additional decisions can lead to cognitive overload, especially for
individuals who already juggle multiple roles, such as work and family responsibilities, and
ultimately reduce their overall well-being. Work-Life-Balance Theory suggests that increased
flexibility can enhance work-life balance by giving employees more control over their schedules.
For example, the ability to work from home can help accommodate personal responsibilities like
childcare, reducing role conflict and improving well-being (Hill et al., 1996). However, flexibility
can also blur the boundaries between work and personal life, making it difficult to disconnect
from work and potentially leading to stress (Golden et al., 2006) and role overload (Ashforth
et al.| |12000). Self-Determination Theory posits that well-being is contingent on the fulfillment of
three psychological needs: autonomy, competence, and relatedness (Ryan and Deci, 2000). FWA
enhance autonomy by allowing employees to control their work environment and also support
competence by enabling them to work in environments that minimize distractions and play to
their strengths (Gagné and Deci, [2005). However, telework may challenge the need for relat-
edness by reducing social interactions, potentially impacting well-being negatively (Baumeister
and Leary, [1995; |Allen et al., 2015). The Conservation-of-Resources Theory explains how indi-
viduals strive to protect and maintain valuable resources, such as time, energy, and emotional
well-being (Hobfoll, 1989). While FWA can conserve resources, e.g., by eliminating commutes
(Cowan, 2024; Hobfoll, [2001)), poorly managed boundaries can lead to resource depletion, where
work intrudes on personal time, reducing opportunities for recovery and diminishing the quality
of leisure activities (Sonnentag and Fritz, [2015).

Summing up these considerations, we conclude that the expected impact of FWA on worker
well-being is theoretically ambiguous. It depends on who gains flexibility — workers or employers.
If workers gain more freedom, a rational-choice approach predicts that their overall well-being
increases. However, even a voluntary and rational rescheduling of work might lead to time
allocations where workers sacrifice enjoyment in some activities to be able to enjoy others more,
such that the well-being effect on specific activities is ambiguous. While FWA have the potential
to enhance well-being by improving work-life balance, increasing autonomy, and conserving
resources, these benefits depend on effective boundary management to prevent work from causing
role conflicts and decision overload. Hence, whether FWA benefit workers’ well-being and how

it affects their enjoyment of particular activities is an empirical question.



4 Data

4.1 Time Use and Affective Well-being

We use data from the American Time Use Survey (ATUS) which has been conducted by the U.S.
Bureau of Labor Statistics annually since 2003. The ATUS is the first federally administered,
continuous survey on time use in the United States. The survey collects information on how much
time people spend on various everyday activities. ATUS participants are randomly selected from
households that have completed their eighth month of interviews for the Current Population
Survey (CPS).

In the ATUS, respondents participate once and report how they spent their time, where
they were, and who they were with on the day prior to the interview. In 2010, 2012, 2013, and
202 the ATUS additionally included a Well-Being Module based on the ”"Day Reconstruction
Method” (Kahneman et al., 2004). In this module, participants are asked to report on the
emotions they felt during three randomly chosen episodes to measure their emotional/affective
well-being during these activities (see below for more details).

We restrict the sample to all employed respondents aged 18 to 64 who participated in the
ATUS Well-Being Module. We additionally restrict the sample to respondents with valid infor-
mation on all relevant variables. The sample consists of 45,658 observed episodes (with well-being
information) for a total of 15,586 individualsﬁ Summary statistics for the estimation sample on
the individual level can be found in column (1) of Table A.2 in the supplementary material. 46%
of the individuals in our sample are women. The average age is 40.4 years, 84% are born in the
U.S., 59% have a partner in the HH, and 15% live with a child under the age of 6. Columns (2)
and (3) contain summary statistics separately for men and women.

Table [1| gives an overview over all observed episodes, grouped by activities, of the individuals
in our sample as well as only those episodes observed in the WB module. We group the activity
codes provided in the ATUS into four categories: labor/paid work, unpaid work, leisure, and
other activities We define unpaid work as any care or household-related activity, including
child- as well as eldercare, housework (such as cleaning and cooking), as well as all sorts of

household-related errands, such as grocery shopping and using household or professional services

B'We will discuss the problems arising from the fact that our time period includes the onset of the Covid-pandemic
and can roughly be separated into a pre-Covid period and a period during the pandemic (which we will call
”post-Covid” for simplification) as well as sensitivity checks corresponding to this in Section

B1n a second step, which will be discussed in more detail in section we will further restrict our sample to
parents, i.e. all individuals with at least one child under the age of 18 living in the household. This sub-sample
consists of 19,695 observed episodes for a total of 6,721 individuals.

Hyabor activities only capture the actual work activity as well as the activity codes ”socialising, relaxing and
leisure as part of job”, ”income-generating hobbies” and ”job search activities”. Commuting to work and (unpaid)
breaks during work are captured as traveling and eating and drinking, respectively.



Table 1: Descriptive Statistics - ATUS Episodes by Activity Type

1) 2 (3) (4) (5) © (M ¥
All Activities Activities in WB Module
Obs. Share  Female Obs. Share Affect

in % Share in % Net  Pos. Neg.
Labor/Paid Work 21,074 8.93 43.34 4,763 12.85 2.76 4.09 1.33
Unpaid Work 64,711 19.70 58.64 11,249 21.70 3.28 4.30 1.03
Childcare 18,307 5.01 60.68 2,746 4.82 3.93 499 1.07
Elder care 853 0.36 51.53 80 0.25 3.39 450 1.11
Housework 37,797 11.77  59.06 7,077 13.82 3.13 4.14 1.00
Grocery shopping 5,893 1.88 51.96 1,031 2.04 294 391 097
Using HH or prof. services 1,861 0.68 58.53 315 0.76 2.63 392 1.29
Leisure 49,282 16.65 46.22 9,199 19.86 3.34 4.32 0.97
Socializing 10,237 3.38 53.57 1,919 3.99 4.02 492 0091
Relaxing & Entertainment 33,422 11.51  44.42 6,090 13.53 2.99 4.02 1.02
Sports & Exercise 3,653 1.27 41.04 789 1.71 4.11 493 0.82
Religious activity 1,970 0.48 51.10 401 0.62 453 529 0.75
Other 157,216 54.72 48.34 20,447 45.59 3.23 4.24 1.01
Sleep and Personal care 56,014 19.57  48.42 150 0.29 2.15  3.72 1.57
Education 1,227 0.65 54.32 270 0.87 2.58 4.10 1.52
Consumer Purchases 5,018 1.53 55.59 884 1.66 3.26 4.17 091
Eating and drinking 30,134 10.70  45.12 6,953 15.71  3.50 4.44 0.95
Volunteering 1,374 0.36 57.30 252 0.42 4.17  5.03 0.86
Traveling 63,449 21.91  49.02 11,938  26.64 3.08 4.12 1.03
Observations 292,283 45,658

Source: ATUS 2010, 2012, 2013 and 2021, own calculations.

Notes: Columns 2 and 3 contain the shares of episodes (not duration-weighted), grouped by activity types and weighted with ATUS survey
weights. Columns 5-8 contain the shares and the average net, positive, and negative affect reported during all episodes of a specific activity
type, weighted with survey weights from the Well-Being Module. Unweighted shares and average affect are reported in Table A.1 in the
Supplementary Material.



(e.g., banking).

Columns (1) to (3) refer to all episodes of the individuals in our sample while columns (4) to
(8) refer to the episodes in the WB module. The descriptive statistics report the numbers and
shares of episodes in a specific activity type and are not weighted with the episode duration,
instead the shares are weighted with the survey weights provided by the ATUS that adjust for de-
mographic characteristics, the day of the week, and response rate differences across demographic
groups The table shows that due to the exclusion of sleeping and grooming activities from the
WB module, all other activities are slightly over-represented in the estimation sample. While
e.g. 8.93% of episodes in the full diaries are work or work-related activities, this share would be
12.85% in the well-being module. The most commonly observed activity is traveling (21.91%),
followed by sleeping and personal care (19.57%), housework (11.77%), relaxing (11.51%), and
eating & drinking (10.70%).

In column (3) of Table|l] we can see that while only 43% of the work episodes are conducted
by female respondents, 59% of unpaid work episodes are done by women in the sample. Table
A.3 in the Supplementary Material contains more detailed summary statistics on the activity

level for the estimation sample.

Well-Being The outcome variable in our empirical analyses is affective well-being. ATUS
respondents are asked to rate, on a scale from 0 to 6, how happy, meaningful, sad, stressed,
in pain, and tired they felt during each queried episode. We follow |Kahneman et al.| (2004);
Kahneman and Krueger (2006) and construct three aggregate measures of affective well-being.
Positive affect is the arithmetic mean of how happy and meaningful respondents rated an episode.
Analogously, negative affect is the average rating of sad, stressed, in pain, and tired. The net
affect is then calculated by subtracting the negative from the positive affect score. In addition
to the net affect experienced during single episodes, we also determine respondents’ overall level
of affective well-being. This is computed as the duration-weighted mean of the net affects of all
the episodes that are observed in an individual diary (day-average affective well-being).

Figure [1] shows the distributions of the episode-level as well as day-average net affect. Distri-
butions of positive and negative affect scores as well as of the six underlying emotions are shown
in Figure A.1 in the Supplementary Material.

Columns (6) to (8) of Table |1/ show the weighted mean net, positive, and negative affect for
different types of activities. In line with the earlier literature, we can see that labor activities

are among the least enjoyable activities (Kahneman et al., |2004; |Knabe et al., [2010). Contrary

B1nformation on the average cumulative duration of all episodes corresponding to the specific activity types are
reported in Table @ and discussed in Section
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Figure 1: Distribution of episode-level and day-average affective well-being
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Source: Author’s own calculations and illustrations based on ATUS 2010, 2012, 2013 and 2021. Notes: Histograms are weighted using ATUS
respondent weights.

to Kahneman et al. (2004), respondents in our sample seem to experience relatively high levels
of emotional well-being during care activities. This is largely driven by a high level of positive

affect, which in turn is due to a high level of perceived meaningfulness of these tasksﬁ

4.2 Flexible Work Arrangements

The focus of this study is on the relationship between well-being and flexible work arrangements.
The latter refers to the flexible choice of the location and timing of work. In principle, ATUS pro-
vides information on realized telework at the level of episodes and individuals. Since we are able
to observe the location at which an activity has been performed, we could distinguish between
work episodes that took place at the workplace or at home. We could also distinguish between
persons who are observed working remotely on the diary day and those who are not. Neverthe-
less, using this information would be problematic for various reasons. First, when comparing
work activities at home and the workplace, it is likely that the activities, even when observing
the same individual, also differ in other dimensions than just the location. Individuals who, for
example, experience more stress at work might be more likely to take work home. Second, the
observation of remote work on a single, randomly chosen day is a highly inaccurate indicator of
the general utilization of remote work opportunities because it relies on the random sampling of
individuals during a (tele)work activity. That an individual is not observed to work from home
in ATUS on the randomly chosen day does not mean she does not work from home often on

other days. Hence, there would be statistical noise in this telework variable, which would cause

BWhen interpreting Table [1} one should keep in mind that the net affect has not been weighted with the duration
of the episode. The values should thus be interpreted as the net affect during a representative episode of each
activity type and not as the net affect of representative minute spent in each activity type. The net affect
experienced during relatively frequent but short episodes (e.g. changing diapers) thus receives a weight that is
larger than the fraction of time spent in these episodes, whereas the opposite applies for long, but less frequent
episodes (e.g. playing with kids).
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attenuation bias. Third, our theoretical reasoning in Section [3|implies that we are not interested
in actually realized telework activities but in the potential benefits and costs of being able to
choose the location of one’s work freely. As we discussed above, locational flexibility does not
necessarily have to affect well-being only while actually working from home, but allows more
flexible scheduling that could be beneficial or costly for well-being also while working at other
locations or during non-work activities.

ATUS and CPS do not contain information on the general availability of flexible work ar-
rangements at the individual level. Hence, we need to use proxy indicators. One possibility would
be to use time-use information not on the individual but on the occupation level. For example,
one could use the share of work activities conducted remotely in a specific occupation as an
indicator of the general teleworkability of that occupation. In principle, this share could be cal-
culated for all occupations for which employees are observed in the ATUS. However, this share
would be very inaccurately measured because ATUS is not designed to be representative at the
occupation level. For many occupations, there are only few observed individuals. If we want to
use only occupation-level information for which there is a minimum number of individuals in the
ATUS, we would lose a high number of occupations. For example, if we restricted the sample
to occupations in which we observed at least 30 individuals per observation period and who
report at least one work activity, we would lose 91.6% of occupations, corresponding to 32.3% of
observations. In 2021, we observe sufficiently many individuals with at least one work activity

for only 22 (out of 423) occupations.

Occupational Information Network (O*NET) To obtain a reliable indicator of telework-
ability, we utilize representative data on occupational characteristics from the Occupational
Information Network (O*NET). O*NET is a program of the U.S. Department of Labor’s Em-
ployment and Training Administration. The O*NET database includes a large set of occupa-
tional characteristics on nearly the entire universe of occupations in the U.S. economy. O*NET
has been used in various economic studies to estimate the degree of teleworkability at the oc-
cupational level (Dingel and Neiman, [2020; Mongey et al., [2021)). We use the information on
occupational requirements included in O*NET’s work activities (WA) and work context (WC)
modules.

O*NET information is collected with standardized questionnaires given to random samples
of workers within occupations (job incumbents), which are again drawn from a random sample

of businesses expected to employ workers in the targeted occupations Each worker reports on

@1n addition to the responses by job incumbents, for a smaller subset of occupations, information is provided by
either occupational experts (22.18%) or analysts (2.39%) instead.
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one (out of three) randomly chosen questionnairesﬁ In the work-activities questionnaire, job
incumbents are asked to rate how important certain types of work activities are for the job they
currently hold.

In the work-context questionnaire, respondents are asked questions about their working con-
ditions, such as their work setting and its possible hazards, the pace of work, and their dealings
with other people. In both questionnaires, all questions about the frequency or importance of
certain conditions or activities are answered on a scale from 1 (never/not important) to 5 (every
day/extremely important). A detailed list of the used items of both the work-activities and the
work-context questionnaires is presented in Tables A.4 and A.5 in the Supplementary Material.

Not all surveys in the O*NET database are conducted at the same point in time, so the
information for different occupations are gathered at different points in time. New versions of
O*NET contain updated information for a subset of occupations. To temporally match O*NET
data to the well-being information we have in the ATUS, we use O*NET versions that contain
updates for specific occupations that are as close in time as possible to the ATUS waves 2010,
2012, 2013, and 2021, respectively. For example, occupational information for 2021 is obtained
from either the most current O*NET database version 29.0 (November 2024) or from version
28.0 (August 2023), 27.0 (August 2022) or 26.0 (August 2021), depending on which version
contains updated information on the respective occupation based on a survey conducted closest
in time to 2021@ To make sure that no occupational information for ATUS observations from
2021 is used that is based on updates from the time before the onset of the Covid-19 pandemic,
all occupational information for 2021 are taken from O*NET surveys conducted between 2020
and 2024.

A similar approach is taken for the years 2010, 2012 and 2013 by using O*NET versions 18.1
(March 2014), 19.0 (August 2014), 20.0 (August 2015), 21.0 (August 2016), 22.0 (August 2017),
23.0 (August 2018), 24.0 (August 2019) and 25.0 (August 2020)@ The majority of surveys are
conducted plus/minus two years around the respective ATUS wave. We do not use O*NET
information that was updated more than five years before or after the respective ATUS Wave
For example, for the ATUS wave 2013 occupational information in O*NET was gathered between

the years 2008 and 2018. The majority of these occupation surveys were conducted between 2011

BlIn the work-activities dataset of the most current version of O*NET (version 29), occupational information is
based on, on average, 25.1 observations (min = 9 and max = 99).

B1f two observation points are available which have an identical distance to the observed year (e.g. 2020 and 2022

for 2021), the more current observation is prioritized.

I0Version 18.1 is the first O*NET version that contains the detailed set of work activities (WA) used for our
analysis. Version 25.0 is the latest possible version due to an update of the occupational classifications to the
SOC 2019 taxonomy from version 25.1 onwards.

IO This also prevents us from using any information which was surveyed after the onset of the Covid-19 pandemic
in combination with the pre-covid ATUS waves 2010-2013.
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and 2015 (56.57%).

While occupations in the CPS/ATUS are reported based on Census Codes, O*NET classifies
occupations based on the Standard Occupational Classification (SOC). Additionally, O*NET
classifications and CPS/ATUS occupation classifications vary over time because the Census and
SOC coding schemes were updated during our observation period. To merge the information
provided by the O*NET program with the observations in the CPS/ATUS, we use crosswalks

provided by the U.S. Census Bureau (see Appendix B of the Supplementary Material).

Teleworkability We construct a measure of the degree of teleworkability of a specific occu-
pation following Dingel and Neiman| (2020). Their definition of teleworkability is based on a
number of queried activities, which are either less likely to be conducted from home (e.g. out-
door activities, wearing safety equipment, exposure to diseases, dealing with violent people) or
which make working from home easier (e.g. frequently using email for communication). In line
with their work, we use the same set of items from the O*NET work-activities and work-context

modules'?| These are:

e Work Context

— How frequently does your job require electronic mail?

— How often does your current job require you to work outdoors, exposed to all weather
conditions?

— How often does your current job require you to work outdoors, under cover (like in
an open shed)?

— How often is dealing with violent or physically aggressive people a part of your job?
— In your current job, how often do you wear common protective or safety equipment
such as safety shoes, glasses, gloves, hearing protection, hard hats, or life jackets?

— In your current job, how often do you wear specialized protective or safety equip-
ment, such as breathing apparatus, safety harness, full protection suits, or radiation
protection?

— How often does your job require that you be exposed to minor hurts?

— How often does your job require that you be exposed to diseases or infection?

— How much time in your job do you spend walking or running?
e Work Activities (importance of specific activities in the job)

— Handling and Moving Objects

T2We exclude the work activity “Performing General Physical Activities” to clearly differentiate the teleworkability
factor from the physical demand of the occupation, which we will control for in later estimations.
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— Controlling Machines and Processes

— Operating Vehicles, Mechanized Devices, or Equipment

Performing for or Working Directly with the Public
— Inspecting Equipment, Structures, or Materials
— Repairing and Maintaining Mechanical Equipment

— Repairing and Maintaining Electronic Equipment

The teleworkability indicator is then calculated as the standardized arithmetic mean of all
items in an occupation in a given year. We test the validity of this teleworkability indicator
by analyzing its association with the realized shares of telework of ATUS respondents in an
occupation (for occupations in which we observe at least 30 individuals in a work episode in a
given year). The results indicate that, on average over all years, increasing the teleworkability
of a job by one standard deviation increases the share of observed remote work activities of
all work activities in the ATUS by 7.57 percentage points. The correlation coefficient between
both variables is p = 0.38. This relationship is much stronger in 2021 compared to the three
earlier waves (p2p21 = 0.61). This is likely due to the fact that telework was much less common
before the onset of the Covid pandemic, which affects the predictive power of teleworkability for

realized telework in an occupation.

Time Flexibility In addition to locational flexibility, another dimension of FWA concerns the
timing of work. Many employment relationships have defined schedules that follow from technical
constraints or the need to coordinate work in teams. A reduction of schedule constraints could
make it easier for employees to coordinate their professional and private obligations, which
would reduce time conflicts and improve their work-life balance. We use O*NET information
to generate a measure of working-time flexibility. Time Flexibility is constructed by combining

four different items. These items ask employees the following questions about their current job:

e How much contact with others (e.g. telephone, face-to-face) is required? (scale reversed)

e How important are interactions that require you to work with or contribute to a work
group or team to perform your current job? (scale reversed)

e How much freedom do you have to make decisions without supervision?

e How much freedom do you have to determine tasks, priorities, or goals of your job?

Analogous to the teleworkability index, we calculate the time-flexibility indicator by aver-
aging the answers to these five questions and then standardizing the index. It should be noted

that this measure has limitations. Unlike the teleworkability measure, this composite index only
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Figure 2: Scatterplot of Teleworkability and Time Flexibility
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Source: Author’s own calculations and illustrations based on ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0. Notes: Each dot
refers to an occupation represented by at least one individual in the ATUS. The size of the dots represent the frequency with which the
occupation is observed among ATUS participants.

captures aspects that reflect a higher degree of flexibility in work scheduling from the employees’
perspective and is thus one-sided. It does not account for the fact that flexible working hours can
also be used by employers to streamline operational processes, which may not necessarily benefit
the employees. In the subsequent analysis, we will therefore primarily focus on the analysis of
teleworkability. Time flexibility will be considered only as a moderating factor.

Figure [2|shows a scatter plot of the teleworkability variable and the time flexibility variable.

The figure also includes examples for occupations with different teleworkability levels.

4.3 Occupational Controls

In addition to teleworkability and time flexibility, we also obtain a number of other occupational
characteristics from the O*NET data as control variables for our multivariate model. This is
necessary because jobs that differ with respect to their FWA might also systematically differ in
other aspects that could be relevant to workers’ well-being.

We will take into account that occupations differ with respect to the emotional, cognitive,
and physical demands they place on workers. Following Lordan and Pischke (2022)) and |Glomb
et al. (2004), we construct measures of these three task dimensions using exploratory factor
analysis. O*NET items are considered for one of the three latent factors if they are not already
considered in the teleworkability or time-flexibility variables and if they have a clear loading

onto this factor (and not on the other two). Table A.5 in the Supplementary Material shows
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which items from the work-context and work-activities modules enter the measures of emotional,
cognitive, and physical job demands.

Additionally, we consider the level of education and experience required for a specific oc-
cupation. This is obtained from the average required educatio as well as average required
related work experienc reported by the respondents in O*NET’s Education, Training, and
Experience module.

In addition to the information obtained from O*NET, we also add information on occupa-
tional prestige from the 2012 General Social Survey (Hout et al.| [2015). Average wage levels
and the total number of employees in an occupation are obtained from the Occupational Em-
ployment and Wage Statistics for the years 2010, 2012, 2013, and 2021 of the |Bureau of Labor
Statistics| (2024b)).

4.4 Empirical Strategy and Control Variables

We are interested in the relationship between FWA (teleworkability and time flexibility) and
subjective well-being, conditional on other relevant individual and occupational characteristics.
To determine this relationship, we regress emotional well-being W B;; of individual ¢ in episode
j on the continuous measure of teleworkability T'W; as well as a list of episode-level (A;;),
individual-level (X;), and occupation-level (O;) control variables. The estimation equation has

the following form:
WBij = aij + BrwTW; + Badi; + Bx Xi + BoO; + €ij (1)

The episode-level control variables A;; are the duration of the episode, time of the day,
an indicator for weekday/weekend, and the number of people present during the activity@
Individual-level control variables X; are age, education level, immigration status, region of living
(urban or rural), marital status, number of children, presence of a small child in the household,
weekly earnings, number of weekly working hours, as well as year and month of the survey.
Occupation-level controls O; are occupational prestige as well as average hourly wage and av-

erage weekly working hours in the occupatio total number of employees, average required

Ij:ﬂl:{espondents indicate the required level of education on a scale from 1 (less than a high school diploma) to
12 (post-doctoral training) and shares of the responses on each category are reported in the O*NET data. We
calculate the average category based on these shares.

ETRespondents indicate the required level of work experience on a scale from 1 (none) to 10 (over 10 years) and
shares of the responses on each category are reported. We calculate the average category based on these shares.

5 The number of people present during an activity as well as the time and day at which the activity is conducted
might depend on whether an employee is working remotely or not. These variables might thus be consequences
of teleworkability and constitute ”bad controls”. We checked the sensitivity of our results with respect to the
inclusion of these control variables in Section

IjEAverage weekly working hours are calculated based on available information on average hourly and annual
wages.
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education, average tenure, as well as the level of cognitive, physical, and emotional job demands.
Observations are weighted with the respondent weights for the WB Module in all estimation
models.

O*NET data for specific occupations is updated in irregular intervals. Hence, all individuals
who are employed in the same occupation in years between two O*NET updates are assigned
the same values for teleworkability, time flexibility, and other occupational covariates. Hence,
standard errors are clustered on the occupation times update level (Moulton, (1990).

In a second step, we add a measure of time flexibility in the occupation (T'F;) and an

interaction between TW and TF' to the model:
WB;j = aij + BrwTW; + BrrTF; + BrwrrT Wi x TF; 4+ BaAi; + Bx Xi + BoO; + €5 (2)

In a third step, we examine the association between teleworkability and the duration-weighted
average affective well-being over the survey day (W B;). This reduces the sample to only one
observation per individual (7). Analogously to , individual day-average well-being is regressed

on the teleworkability and time-flexibility indicators as well as on the set of control variables:

Limitations to causal interpretation One should be cautious about interpreting the esti-
mated partial correlations causally. It is conceivable that the estimated relationships are affected
by (1) unobserved confounders, e.g. corporate culture, and (2) reverse causality, e.g., the self-
selection of individuals with a very high or low level of emotional well-being at work into more
or less teleworkable jobs. We hope that (1) is largely addressed by the substantial set of control
variables we add to our estimation model. Reverse causality (2) is always a potential problem in
cross-sectional well-being studies. For this reason, we focus on the teleworkability of jobs rather
than on episodes of actual remote work. While the choice of one’s work location might be highly
endogenous and influenced by one’s temporal emotional state, this is, arguably, less the case
with respect to general job attributes such as teleworkability. Nevertheless, endogeneity remains
a potential problem.

Alternative models for the identification of a causal effect of FWA on affective well-being
would either involve some experimental variation in teleworkability (such as e.g. in |(Choudhury
et al. (2024)) or [Bloom et al.| (2015) for telework) or examine the within-person changes in well-
being following a variation in the teleworkability of occupations over time. Both are, nevertheless,
not feasible in our setting given that teleworkability, i.e., the capability of jobs to allow remote

work, as opposed to telework, i.e., the number of individuals actually working from home, varies
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much less over time. A non-teleworkable job, such as being an animal caretaker, will not become
more teleworkable just because telework becomes more common. As discussed above, what we
observe over time is not an increase in the teleworkability of jobs but an increase in the correlation
between teleworkability and telework probability as telework becomes a more and more common
practice (within the group of teleworkable jobs). Hence, there is not enough within-occupation
variation in teleworkability to allow estimating regressions with fixed effects. We will return to

these issues in the robustness checks in Section [5.4]

5 Results

5.1 Labor Activities

In Table [2] we present the results of the regressions of affective well-being on FWA (equations
(1) and (2)). We estimate the regressions separately for women (columns (1) to (4)) and men
(columns (5) to (8)). First, we restrict our attention to the well-being experienced during labor
activities. The upper panel summarizes the findings on net affect, while the middle and lower
panels show the results for positive and negative affect, respectively. The time-flexibility measure

and different sets of control variables are gradually included in the model.

Table 2: Main Estimation Results - Labor Activities (Full Sample)

(1) (2) ®3) (4) () (6) (7 (8)

‘Women Men
Outcome - Net Affect
T™W -0.110 -0.168** -0.586*** -0.568%** -0.119%* -0.099* -0.162 -0.149
(0.067) (0.081) (0.184) (0.185) (0.060) (0.057) (0.173) (0.173)
TF 0.009 -0.025
(0.057) (0.047)
TW x TF -0.085 -0.053
(0.054) (0.053)
Outcome - Positive Affect
TW -0.105** -0.121%* -0.400%*** -0.391%** -0.065 -0.058 -0.143 -0.142
(0.048) (0.056) (0.137) (0.138) (0.045) (0.042) (0.135) (0.136)
TF 0.090** -0.001
(0.041) (0.035)
TW x TF -0.061* -0.002
(0.034) (0.047)
Outcome - Negative Affect
T™W 0.005 0.047 0.185** 0.177%* 0.054%* 0.041 0.020 0.006
(0.028) (0.033) (0.074) (0.075) (0.026) (0.027) (0.071) (0.070)
TF 0.081%** 0.023
(0.028) (0.023)
TW x TF 0.024 0.051%**
(0.030) (0.025)
Set of Controls
Activities v v v v v v
Individuals v v v v v v
Occupations v v v v
Observations 2089 2089 2089 2089 2674 2674 2674 2674
Cluster 185 185 185 185 232 232 232 232

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01. Full estimation results for
columns (4) and (8) can be found in Table C.4 in the Supplementary Material.
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Columns (1) and (5) contain the unconditional associations between teleworkability and
net affect. For women, this association is statistically insignificant. For men, it is significantly
negative. To quantify it, if the teleworkability of a job was one standard deviation higher than in
another job (e.g., an industrial engineer compared to a machine operator, or a manager compared
to an industrial engineer), the average net affect during labor activities of male employees in
this occupation is estimated to be lower by 0.119 units, about 6% of a standard deviation in
net affect (SD = 1.889). We find a significant negative association between TW and positive
affect for women, but not for men (middle panel). As can be seen in the lower panel, there
is no significant association between TW and negative affect for women, while men seem to
experience more negative emotions when they are employed in more teleworkable jobs. When
we control for activity and individual characteristics, the association between T'W and net affect
is (still) significantly negative, and the magnitudes of the associations change only slightly (see
columns (2) and (6)). Columns (1) to (4) of Table C.1 in the Supplementary Material present the
results of regressing each emotion separately. The results show that the lower level of net affect is
reflected by lower levels happiness for women. Additionally, teleworkable jobs are associated with
higher stress levels, but also lower levels of tiredness and pain. These unconditional correlations,
especially the differences in tiredness and pain, are likely caused by certain job demands, in
particular physical strain, which are positively correlated with both teleworkability of jobs and
the levels of these emotions. In order to control for such confounders, we additionally control for
a set of occupational characteristics. Columns (3) and (7) of Table [2|show the estimation results
for these extended models. When comparing them to the model in which only activity and
individual characteristics are controlled for, we can see that coefficients change considerably,
which indicates that our fully controlled model captures relevant occupational heterogeneity
between teleworkable and non-teleworkable jobs. For women, we find more negative well-being
effects of TW. A one standard deviation increase in teleworkability is associated with a decrease
in net affect during labor activities of 30% of a standard deviation (0.568 units). This indicates
that teleworkable jobs have other occupational characteristics that are themselves beneficial
to well-being and confound the estimated association The observed changes are driven by a
more negative relationship of teleworkability with happiness and meaningfulness as well as a
more positive association with stress and tiredness. No associations with pain and sadness are
observed in the fully controlled setting. For men, the estimated association between T'W and

net affect increases in absolute magnitude but becomes statistically insignificant when adding

IjIDecomposition analyses show that the change in the estimated TW coefficient is explained mainly by differences
in physical job demands. Teleworkable jobs have, on average, lower physical demands than non-teleworkable
jobs. Physically demanding jobs are associated with lower affective well-being at work. Hence, adding physical
demands as a control variable accounts for a significant portion of the change in the teleworkability coefficient.
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occupational controls. When looking at single emotions, their associations with TW become
statistically insignificant (except for a significantly negative association with happiness).

In the next step, we also add time flexibility (T'F') and an interaction term between TW and
TF to the model. This allows us to examine whether time flexibility moderates the relationship
between teleworkability and affective well-being in line with the theoretical discussions in
Columns (4) and (8) of Table |2 contain the estimation results for these models@ We do not find
significant evidence that time flexibility is directly associated with net affect or moderates the
relationship between T'W and well-being. For women, we find significant evidence that more time
flexibility is associated with more positive and more negative feelings. The positive association
with positive affect is smaller in more teleworkable jobs. For men, we can observe a significant
interaction term for negative emotions, indicating that men in jobs which are both teleworkable
and time-flexible experience significantly more negative emotions.

Overall, these findings provide tentative evidence that an occupation’s teleworkability and

time flexibility might not be beneficial for the affective well-being of workers.

5.2 Spillovers to non-labor activities

In Section 3} we argued that a higher degree of flexibility in the determination of the time and
place of work might not (only) be used to make working more enjoyable but could also allow
reducing time conflicts with non-work activities, which could then increase the affective well-
being experienced outside of work. In the following, we examine spillover effects of teleworkability
and time flexibility into other activities. Tables [3| (Women) and Tables 4| (Men) contain the
results of estimating affective well-being in unpaid work, leisure, and other activities, applying
the regression models and E

In line with the findings for labor activities, we can see a negative association of teleworka-
bility with affective well-being during unpaid work (driven by weaker positive emotions) in the
uncontrolled setting (column (1) of Tables |3|and . For both women and men, this association
disappears when we control for other occupational characteristics. We neither find a significant
association between time flexibility and the net affect during unpaid work activities, nor a sig-
nificant interaction effect. A statistically significant association is found between time flexibility
and positive affect for women during unpaid work.

We do not find significant evidence for spillovers of teleworkability into the net affect experi-

enced during leisure activities by men and women (columns (3) and (4) of Tables[3]and [4). When

IE Column (1) of Tables C.2 (Women) and C.3 (Men) in the Supplementary Material contains the full estimation
results (including the coefficients for all control variables) for these estimations.

I Tables C.2 and C.3 in the Supplementary Material contain the full estimation results (including the coefficients
for all control variables) for these estimations for women and men. Tables C.4 and C.5 contain the estimation
results for all six emotions separately.

21



Table 3: Main Estimation Results - Non-labor Activities (Women)

) (2) ®3) (4) () (6)

Unpaid Work Leisure Other
Outcome - Net Affect
T™W -0.110%** -0.066 -0.057 0.143 -0.021 0.049
(0.036) (0.096) (0.042) (0.104) (0.034) (0.078)
TF 0.067 -0.066* 0.009
(0.049) (0.039) (0.040)
TW x TF 0.031 -0.079%* -0.027
(0.040) (0.037) (0.040)
Outcome - Positive Affect
T™W -0.130%*** -0.094 -0.085** -0.038 -0.068*** -0.034
(0.030) (0.073) (0.034) (0.097) (0.026) (0.055)
TF 0.060* -0.046 0.019
(0.034) (0.033) (0.028)
TW x TF 0.019 -0.067** -0.030
(0.031) (0.027) (0.026)
Outcome - Negative Affect
T™W -0.020 -0.027 -0.028 -0.181%** -0.047%* -0.083*
(0.018) (0.042) (0.019) (0.061) (0.018) (0.045)
TF -0.008 0.020 0.010
(0.024) (0.019) (0.018)
TW x TF -0.011 0.012 -0.004
(0.016) (0.022) (0.018)
Set of Controls
Activities v v v
Individuals v v v
Occupations v v v
Observations 6585 6585 4288 4288 9910 9910
Cluster 227 227 221 221 237 237

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01. Full estimation results for
columns (2), (4) and (6) can be found in Table C.2 in the Supplementary Material.

looking at positive and negative emotions separately, we find a significant negative association
between T'W and positive emotions for men and women in the regressions without controlling
for occupational characteristics and time flexibility. With these controls, the association with
positive affect disappears, but we find a significant negative association between T'W and neg-
ative emotions for women. We also see a significant negative association of time flexibility with
net affect as well as a significantly negative interaction affect for women. This indicates that
women in time-flexible jobs experience on average lower levels of emotional well-being during
leisure activities. This effect is even stronger in teleworkable than in non-teleworkable jobs. No
significant associations between time flexibility and affective well-being during leisure activities
are found for men.

In column (6) of Table (3| we do see significant associations between teleworkability and
negative emotions during other activities (i.e., activities that are neither unpaid work nor core
leisure activities) which is positive for men and negative for women. We examine two of these
activities more closely (eating & drinking, traveling)m We find that the associations with neg-

ative emotions for both women and men are driven by travel activities. The findings are likely

E0The results of these estimations can be found in Table C.6 in the Supplementary Material.
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Table 4: Main Estimation Results - Non-labor Activities (Men)

) (2) ®3) (4) () (6)

Unpaid Work Leisure Other
Outcome - Net Affect
T™W -0.119%** 0.214 -0.060 -0.012 -0.098** -0.118
(0.043) (0.148) (0.042) (0.187) (0.041) (0.080)
TF 0.054 0.055 0.000
(0.033) (0.054) (0.034)
TW x TF -0.018 -0.001 -0.023
(0.034) (0.033) (0.032)
Outcome - Positive Affect
T™W -0.113%** 0.158 -0.066** -0.136 -0.102%** -0.023
(0.030) (0.106) (0.033) (0.122) (0.032) (0.068)
TF 0.035 0.021 -0.026
(0.027) (0.038) (0.022)
TW x TF -0.029 0.005 -0.024
(0.029) (0.027) (0.025)
Outcome - Negative Affect
T™W 0.006 -0.057 -0.005 -0.124 -0.004 0.095%*
(0.020) (0.077) (0.015) (0.088) (0.017) (0.042)
TF -0.019 -0.033 -0.027
(0.015) (0.023) (0.018)
TW x TF -0.012 0.005 -0.001
(0.018) (0.020) (0.016)
Set of Controls
Activities v v v
Individuals v v v
Occupations v v v
Observations 4664 4664 4911 4911 10537 10537
Cluster 258 258 270 270 285 285

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01. Full estimation results for
columns (2), (4) and (6) can be found in Table C.3 in the Supplementary Material.

driven by differences in the composition of this activity, which in teleworkable jobs contains
less commuting and more traveling for leisure reasons. Thus, while women with teleworkable
jobs experience less negative emotions due to less commuting, men experience more negative

emotions during travel activities.

5.3 Time Use and Day-Average Affective Well-Being

Based on the findings discussed in the previous section, we can now analyze how the observed
differences in net affect during certain activities translate into differences in overall emotional
well-being. We do so by analyzing the association of workplace flexibility with the day-average
affective well-being.

Table [5] contains estimates of the association between teleworkability, time flexibility, and
the duration-weighted average affective well-being that individuals experience over the survey
day@ We estimate this association, applying regression equation (3) and using individual-level

data for the 7,801 women and 7,785 men in our sample. The results are shown in Table

E0To be precise, since the ATUS well-being module has information on only three episodes of the survey day, we
can only calculate an estimate of the respondent’s well-being over the full day based on these three randomly
chosen episodes.
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Table 5: Main Estimation Results - Day-Average Affective Well-Being (Full Sample)

(1) (2) ®3) (4) () (6) (7 (8)

‘Women Men
TW -0.081** -0.064* -0.103 -0.100 -0.096***  -0.029 -0.078 -0.069
(0.033) (0.034) (0.075) (0.079) (0.035) (0.041) (0.087) (0.089)
TF 0.023 0.022
(0.031) (0.033)
TW x TF -0.053* -0.016
(0.030) (0.024)
Observations 7801 7801 7801 7801 7785 7785 7785 7785
Cluster 252.000 252.000 252.000 252.000 295.000 295.000 295.000 295.000
Joint significance (p-value):
TW+TF+TWxTF 0.1312 0.6052
TW+TWxTF 0.0636 0.5622
Set of Controls
Individuals v v v v v v
Occupations v v v v

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.

While the raw differences in well-being between men and women with and without tele-
workable jobs also translate into lower levels of day-average well-being, we cannot see significant
associations between teleworkability and day-average well-being in the fully controlled model for
men or women. When considering the moderating effect of time flexibility, we do see a signifi-
cant negative interaction effect for women. The joint effect of TW and its interaction with TF
is significantly negative for women. This indicates that more teleworkability is associated with
less affective well-being when employees already have high levels of time flexibility. Testing the
joint significance of all three coefficients, i.e., comparing employees with average levels of both
TW and TF to those for whom TF and TW are one standard deviation above the mean, we
find no significantly negative associations for men or women.

Since we found evidence for negative effects of teleworkability on well-being during labor
activities and no clear evidence for spillovers into non-work activities, we would expect to see
(weakly) negative associations between TW and day-average well-being. Nevertheless, findings
reveal that the associations found for labor activities do not directly translate into differences in
day-average well-being at all levels of time flexibility. Thus, it is conceivable that differences in
day-average affective well-being are influenced not only by the differences in the level of emotional
well-being experienced during specific activities but also by differences in the composition of the
various activities, i.e. differences in time use in general (as day-average emotional well-being is
duration-weighted). Individuals in teleworkable jobs might, on average, spend more or less time in
enjoyable activities. To disentangle the role of differences in experienced emotions and differences
in the composition of activities, we take a closer look at the time spent in different activities
when women or men hold (non)teleworkable jobs. Table [6] shows the means of the weighted

cumulative duration of episodes corresponding to the specific activity types, separately for men
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Table 6: Cumulative Duration of Activities by Teleworkability € Estimation Results of Uncon-
trolled and Fully Controlled Model

(1) 2) ®3) (4) (4) (6) (7 (8)

‘Women Men
TW<P50 TW> P50 raw controlled TW<P50 TW> P50 raw controlled
mean mean beta (se)  beta (se) mean mean beta (se)  beta (se)
Labor 4.72 4.88 0.168 0.080 5.72 5.54 -0.176 -0.407**
(0.219)  (0.181) (0.150)  (0.194)
Unpaid Work
Childcare 0.57 0.54 -0.024 -0.001 0.4 0.41 0.003 -0.017
(0.060)  (0.041) (0.028)  (0.034)
Elder care 0.02 0.03 0.006 0.006 0.02 0.02 0.002 -0.015%*
(0.008)  (0.006) (0.005)  (0.007)
Housework 1.89 1.63 -0.253** -0.152 1.2 1.19 -0.008 0.124*
(0.098)  (0.095) (0.045)  (0.066)
Grocery shop. 0.15 0.15 0.001 -0.005 0.09 0.12 0.021%**  0.014
(0.012)  (0.014) (0.007)  (0.011)
Using services 0.1 0.1 0.003 0.036 0.05 0.07 0.016** -0.015
(0.016)  (0.025) (0.008)  (0.015)
Leisure
Socializing 0.78 0.75 -0.026 -0.017 0.64 0.63 -0.008 0.015
(0.050)  (0.073) (0.030)  (0.054)
Relaxing 2.78 2.78 -0.001 0.052 3.45 3.33 -0.124 0.281%*
(0.071)  (0.103) (0.103)  (0.157)
Sports 0.19 0.25 0.054** -0.015 0.33 0.41 0.075***  0.017
(0.022)  (0.028) (0.023)  (0.041)
Relig. act. 0.11 0.11 0.001 0.002 0.11 0.1 -0.010 0.050*
(0.016)  (0.016) (0.014)  (0.029)
Other
Sleep & P.care 9.51 9.49 -0.015 0.142* 9.06 8.89 -0.163** -0.164
(0.065)  (0.083) (0.068)  (0.113)
Education 0.3 0.28 -0.018 0.082* 0.16 0.31 0.156***  0.048
(0.055)  (0.049) (0.049)  (0.098)
Consum Purch. 0.29 0.28 -0.006 -0.057 0.17 0.16 -0.008 -0.035
(0.023)  (0.052) (0.012)  (0.029)
Eating/drinking  1.02 1.08 0.060** 0.058 1.07 1.19 0.124*%**  0.020
(0.029)  (0.038) (0.019)  (0.028)
Volunteering 0.07 0.13 0.056***  0.014 0.07 0.1 0.034***  0.017
(0.013)  (0.014) (0.012)  (0.021)
Traveling 1.29 1.31 0.026 -0.130%* 1.28 1.36 0.076** 0.062
(0.037)  (0.067) (0.038)  (0.056)

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. P-values correspond to t-test for mean equality. The estimation
sample includes individuals which have missing activities because of missing information on e.g. the activity type. Thus, this table includes
cumulative information on these missing episodes although the episodes are not included in the sample.

and women and for individuals in occupations with low vs. high teleworkability (divided at the
median) in columns (1) and (2) as well as (5) and (6). Cumulative durations refer to the sum
of the duration of all episodes an individual reported in a specific activity type Additionally,
the results of the OLS estimation of the cumulative duration on the teleworkability indicator
without any control variables (columns (3) and (7) and with the full set of control variables
(columns (4) and (8)) are presented.

The regression results suggest that most differences in time use between individuals with
and without teleworkable jobs can be explained by other individual or job characteristics, such
as e.g. the lower level of sleep for men, higher levels of sports and eating/drinking for both

men and women as well as lower levels of housework for women. The only remaining significant

22 The duration of activities which an individual does not report in the diary are set to zero.
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differences in the fully controlled setting are that women in teleworkable jobs spend less time
traveling and more time sleeping. Among men, teleworkability is associated with less time spent
with paid work and more time spent relaxing and doing housework. Overall, this suggests that job
teleworkability allows shifting time away from less enjoyable activities, which explains why the
negative association with emotional well-being during labor activities does not directly translate

into lower levels of day-average well-being for jobs with average time flexibility.

5.4 Sensitivity Checks

Subsample Analysis: Parents Flexible working arrangements are particularly important
for parents because they face time conflicts and have to balance the needs of their families and
the demands of their jobs every day. In this subsection, we will thus examine the association
between FWA and the well-being of parents.

The literature on the relationship between parenthood and well-being provides strong evi-
dence that having children is generally associated with higher affective well-being (Nelson et al.,
2013; Musick et al., 2016; Flood et al., 2020; |[Negraia and Augustine, |2020)). It is less clear how
the relationship between parenthood and affective well-being depends on parents’ employment
status (Bertrand, |2013; Meier et al., [2016; |[Roeters and Gracia, 2016; Keldenich, 2022). A con-
sistent finding of the existing literature is that — contrary to the view that FWA reduce conflicts
between work and family obligations — remote work seems to have less positive effects on the
mental health of parents than of childless persons (Bertoni et al., 2021; |Gueguen and Senik,
2023; |Senik et al., |2024).

Building on this literature, we conduct additional analyses focusing especially on the question
of whether there are stronger spillovers into unpaid work activities for employees with children.
Tables D.1 (Mothers) and D.2 (Fathers) display the results of the estimation for the subsample
of individuals who report that they have a child under the age of 18 living in their household.

Restricting the analyses to parents substantially reduces the sample size (and thus statistical
precision). For labor activities, we find that mothers in teleworkable jobs experience less positive,
but also less negative emotions. There is no significant evidence for a clear association between
TW and the net affect. For fathers, we find negative associations between TW and positive
emotions, but no clear associations with negative emotions. This results in significantly nega-
tive associations with the net affect (in regressions without further controls). Concerning time
flexibility, our results suggest that there is a significantly negative association between T'F and
the net affect as well as a significant negative interaction effect for mothers. This indicates that,
especially for mothers, the combination of both teleworkable and time-flexible jobs is associated

with a lower level of emotional well-being during labor activities. We also observe a similarly
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negative effects of T'F and its interaction with T'W for fathers.

The associations within unpaid work activities are generally less clear. Mothers seem to ex-
perience less positive feelings in teleworkable jobs, but there is also evidence that they experience
less negative emotions. There is no evidence of an association between time flexibility and the
affective well-being of mothers during unpaid work. For fathers, teleworkability is associated
with less positive and more negative emotions during unpaid work activities. Time flexibility
seems to be beneficial, especially in jobs that are not teleworkable.

There are no clear spillovers of TW into the affective well-being during leisure activities.
Mothers in teleworkable jobs seem to experience both less positive and less negative emotions.
Time flexibility is especially harmful for well-being during leisure if jobs are teleworkable. The

latter interaction is also found for fathers.

Pre-Post Covid-19 Heterogeneity Analysis So far, we have assumed that the association
between telework and emotional well-being is the same in all survey years. We now want to
assess whether this assumption is justified, in particular since the observed time period includes
the onset of the Covid pandemic. We conduct a subsample analysis in which we estimate the
relationship separately for 2010 - 2013 (pre-Covid) and 2021 (post-Covid). Results are shown in
Table D.3 in the Supplementary Material.

We can see that the negative relationship between TW and affective well-being for women
during labor activities can be observed pre- as well as post-Covid. The post-Covid estimates are
smaller and less precisely estimated due to the smaller sample size. For men, we see a large and
statistically significant negative association in the post-Covid period.

The role of time flexibility as a moderator seems to differ between the two periods. While
the interaction effect is significantly negative for women in 2010-2013, suggesting that women in
very time-flexible jobs experience a stronger negative association between TW and net affect,
the interaction effect is small and statistically insignificant in 2021. We do not find significant
evidence for associations between T F' and affective well-being for men in either period.

In contrast to the pre-Covid years, we find significant evidence for a positive role of TW for
the net affect of women during unpaid work and leisure activities in 2021. This suggests that the
teleworkability of a job has gained importance for the compatibility of family and work, likely
caused by the overall increase in the importance of telework and hybrid work in teleworkable

jobs during and after the pandemic.

Occupation Fixed Effects We have already discussed the limitations of our estimation strat-

egy concerning causal interpretations in Section As we explained there, using a fixed effects
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model is problematic because it adds new limitations to our empirical strategy. Our measure of
teleworkability lacks variation within occupations over time, especially for a short time interval
such as the years 2010 to 2013. Moreover, there might be not only time-invariant unobserved
factors but also time-varying ones, in particular since the Covid pandemic occurred during our
observation period. As a sensitivity check, we nevertheless estimate a model that includes occu-
pation fixed effects and report the results Table D.4 in the Supplementary Material. Columns
(1) and (4) contain the results for all years, while columns (2) and (5) display the results for the
years 2010-2013 (to exclude Covid as a potential confounder).

The results support the findings from the main model. Also in the model with occupation
fixed effects, the point estimate of the association between TW and net affect during labor
activities is negative for women in the pre-Covid period. The estimate for the full time period
(including 2021) is statistically insignificant. The difference between the two time periods might
suggest that the reasons for within-occupation changes in TW (and thus their association with
well-being) were substantially different during the pandemic than before.

We also observe a significant negative association of TW with net affect during unpaid work
for women as well as a strong positive association with net affect during leisure activities for men
in the pre-Covid years. However, one should keep in mind that changes in the teleworkability of
jobs (based on the characteristics from the O*NET in the period between 2010 and 2013) are

rare, such that fixed-effect estimates might be driven by a handful of specific occupations

Endogenous Variables and Bad Controls As has already been indicated in Section 4.4
some of the activity characteristics we add to our model as control variables might potentially
be endogenous to the model and would thus be "bad controls” (Angrist and Pischke, 2009).
Potentially endogenous controls include the number of people present during the activity, week-
day/weekend, and the time at which the activity takes place. Telework is known to, on average,
reduce social contacts during working time, which could counteract the association between
teleworkability and net affect during labor activities if social contacts are beneficial for affective
well-being (which they might not be, cf. (Hoang and Knabe, 2022)). At the same time, telework-
ability and especially time flexibility, by definition, allow for working outside of regular working
hours, e.g. on weekends, early in the morning, or late in the evening. If working during these
days or hours is associated with higher or lower levels of emotional well-being, this could be an
important channel (rather than a confounder) for the association we want to identify. In order

to check the possibility of bias in our teleworkability coefficient in this respect, we run sensitivity

2 Ap example for an occupation with relatively many observations in the ATUS sample (N = 192) for which we
observe a large increase in teleworkability between 2010 and 2013 is Medical and Health Services Managers.
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checks in which we exclude these variables from the model. The results are presented in Table
D.4 in the Supplementary Material. Estimates change only marginally, which suggests that our

results do not suffer from a potential "bad control”-problem.

6 Conclusion

Flexible working arrangements (FWA), especially the freedom to choose one’s work location and
working hours, hold the potential to benefit employees by improving their work-life balance, job
satisfaction, and productivity. Remote work reduces commuting, thereby offering more time for
personal and professional activities, and allows working in a familiar environment. Working-time
flexibility can reduce time conflicts between professional and private obligations. However, chal-
lenges exist, such as social isolation from reduced face-to-face interactions and blurred boundaries
between work and personal life. The magnitude of these benefits and costs is an empirical issue
that we address in this paper.

Our analysis is based on well-being data from the American Time-Use Survey and informa-
tion on FWA from the Occupational Information Network O*NET. We build on the existing
literature on the relationship between FWA and well-being and extend it in several ways. We
focus on affective instead of cognitive well-being, i.e., we examine actual experiences of specific
emotions instead of evaluations of abstract concepts such as life satisfaction. To reduce poten-
tial selection effects, we examine well-being differences between persons with jobs that generally
allow for more or less flexibility (instead of comparing persons when they are, e.g., actually
working from home or in the office). Overall, our findings do not provide evidence that FWA
are beneficial to workers’ emotional well-being. More detailed analyses highlight a nuanced re-
lationship between flexible working arrangements and affective well-being, revealing significant
gender differences. While teleworkability is associated with worse emotional well-being during
work activities for women, there is no such negative association for men. Another contribution
is that we separately analyze well-being during paid work activities and outside of paid work
and also examine measures of day-average well-being. Our findings suggest that the benefits
and drawbacks of FWA do not necessarily extend to non-work activities. We do not find strong
evidence for spillover effects into unpaid work or leisure time. When we look at average well-
being experienced over the entire day, we see that the negative relationship between FWA and
women’s emotional well-being during labor activities translates into an overall lower experienced
well-being during the survey day if jobs are time flexible, too. For men, the association between
teleworkability of jobs and their day-average affective well-being is partly driven by differences

in the composition of activities during the day. We also place a special focus on parents because
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they face particular challenges of balancing professional and family obligations. We find some
differences in the estimated associations between employees with and without children, suggest-
ing that time flexibility is particularly detrimental to mothers’ affective well-being during work
and leisure activities in teleworkable jobs.

Overall, our analysis provides rather ambiguous findings regarding the relationship between
FWA and well-being. This underscores the complexity of FWA’s impact on emotional well-
being and correspond to the ambiguous findings of the literature on telework and the globally
evaluative well-being of parents (Oakman et al., 2020; Vega et al., |2015; |Bertoni et al., [2021;
Cheng et al., 2021; |Gueguen and Senik| 2023; |Senik et al., [2024; |(Choudhury et al., [2024). On
the one hand, these findings could indicate hidden costs of flexibility that workers might not
have been aware of when choosing their job or working-time arrangement. On the other hand,
the missing positive association between FWA and the affective well-being of workers might
also suggest that workers are not pure hedonists who are (only) interested in maximizing their
momentary emotional well-being, but that they also aim at achieving other life goals. They
might also base their decisions not only on their own well-being, but also on the well-being of
others, e.g. their children.

At first glance, our results seem to conflict with the findings of |(Giménez-Nadal et al.| (2020)
as well as |Lu and Zhuang (2023) who find positive associations of telework and affective well-
being for men but no significant relationships for women, or |Giménez-Nadal and Velilla| (2024)
who find negative associations of telework and affective well-being for men and no association
for women. The differences between these studies and ours suggest that it is important to
distinguish between the general availability of telework and the experience of actually working
remotely. They also point to the importance of gender roles and expectations in the workplace
and at home. Women in teleworkable jobs might face increased pressures to balance professional
and domestic responsibilities caused by the possibility of taking work home. The intensified
blurring of the boundary between working hours and family time might be responsible for the
observed lower sense of well-being during labor activities, regardless of location. This added
strain could result from societal expectations that women balance household responsibilities
with their careers, potentially heightening their stress levels and diminishing the benefits of
teleworking. In contrast, men might experience fewer such pressures, allowing them to benefit
more from the advantages of telework. These advantages, however, might only be observable
in emotional well-being during actual remote-work episodes which are too rare in our sample
to estimate them with sufficient statistical precision. Additionally, the lack of consistent and

statistically significant effects for men in our study could indicate that the advantages of telework
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are heterogeneous and context-dependent (see Oakman et al., 2020), varying across different
work environments and job characteristics. This is also in line with [Song and Gaol| (2020)), who
emphasize the difference between working from home and taking work home.

Our findings complement the existing literature and suggest that while flexibility may offer
certain advantages, it can also introduce challenges, particularly for women. This calls for a
more tailored approach to the design and implementation of flexible work policies, considering
the diverse needs and experiences of different employee groups. Future research needs to be
based on more comprehensive and detailed data about locational and temporal flexibility at the
level of individual jobs (rather than using occupation-level information or restricting attention
to actual remote work activities only). This will support our understanding of the consequences

of both employee- and employer-sided flexibility for individual well-being.
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A Descriptive Statistics

Table A.1: Unweighted Descriptive Statistics - ATUS Activities

(1) ) (3) (4) () © (M (¥
All Activities Activities in WB Module
Obs. Share  Female Obs. Share Affect

in % Share in % Net  Pos. Neg.
Labor/Paid Work 21,074 7.21 46.29 4,763 10.43 2.81 4.14 1.33
Unpaid Work 64,711 22.14 62.02 11,249 24.64 3.31 433 1.02
Childcare 18,307 6.26 63.49 2,746 6.01 3.87 496 1.09
Elder care 853 0.29 52.99 80 0.18 3.16 444 1.28
Housework 37,797 12.93  62.57 7,077 15,50  3.17 416  0.99
Grocery shopping 5,893 2.02 55.40 1,031 2.26 297 393 095
Using HH or professional services 1,861 0.64 61.53 315 0.69 2.82 404 1.22
Leisure 49,282 16.86 50.48 9,199 20.15 3.43 4.37 0.94
Socializing 10,237 3.50 56.84 1,919 4.20 4.04 493 0.89
Relaxing and Entertainment 33,422 11.43  48.87 6,090 13.34 3.08 4.06 0.99
Sports Recreation and Exercise 3,653 1.25 44.02 789 1.73 412 492 0381
Religious and spiritual activity 1,970 0.67 56.60 401 0.88 4.64 531 0.67
Other 157,216 53.79 52.23 20,447 44.78 3.32 4.30 0.98
Personal care & Sleeping 56,014 19.16  52.44 150 0.33 217 3.67 1.50
Education 1,227 0.42 59.01 270 0.59 2.59 412 1.53
Consumer Purchases 5,018 1.72 58.77 884 1.94 3.30 4.18 0.88
Eating and drinking 30,134 10.31  49.01 6,953 15.23 3.61 452  0.90
Volunteering 1,374 0.47 57.35 252 0.55 424 505 0.81
Traveling 63,449 21.71  52.80 11,938  26.15 3.16 4.18 1.01
Observations 292,283 45,658

Source: Author’s own calculations based on ATUS 2010, 2012, 2013, 2021.



Table A.2: Summary Statistics

(1) (2) (3)
All Men ‘Women

Individual Characteristics

Female 0.46

Age 40.41 40.25 40.59
Educational Degree

No Degree 0.10 0.12 0.09

High-School Degree 0.47 0.49 0.45

Associate Degree 0.10 0.09 0.12

Bachelor Degree 0.22 0.21 0.22

Master Degree or higher 0.11 0.09 0.12

Born in U.S 0.84 0.82 0.86

Urban 0.85 0.84 0.86

Partner in HH 0.59 0.62 0.55

Married 0.53 0.56 0.48

No of Children under 18 in HH 0.80 0.81 0.80

Child under 6 in HH (dum) 0.15 0.16 0.14

Weekly Earnings 842.19 952.02  714.05
Weekly Working Hours 38.21 40.68 35.32
Occupational Characteristics

Prestige 42.37  41.80 43.04
Hourly Wage (mean) 23.07 2394 22.07
Working Hours (mean) 40.00  40.00 40.00
Total Employment in 1,000 796.14 682.82  928.33
Diff in hourly wage between 90th and 10th perc. 21.57 22.83 20.10
Required education (mean) 3.64 3.45 3.85

Required tenure (mean) 4.85 4.90 4.80

Physical Demand -0.13 0.08 -0.38

Cognitive Demand -0.14 -0.15 -0.12

Emotional Demand 0.07 0.01 0.14

Observations 15586 7785 7801

Source: Authors’ calculations based on ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010.
Notes: Observations are weighted with respondent weights for the WB Module.



Table A.3: Summary Statistics - Activity Characteristics

All Labor Unpaid Work Leisure Other

Month

January 0.07 0.07 0.07 0.07 0.07
February 0.06 0.07 0.06 0.05 0.06
March 0.09 0.08 0.09 0.09 0.09
April 0.09 0.09 0.09 0.10 0.09
May 0.08 0.08 0.09 0.09 0.08
June 0.08 0.09 0.08 0.08 0.08
July 0.09 0.10 0.09 0.10 0.09
August 0.09 0.09 0.08 0.09 0.09
September 0.08 0.08 0.09 0.08 0.08
October 0.08 0.08 0.08 0.08 0.09
November 0.09 0.08 0.09 0.08 0.09
December 0.09 0.09 0.09 0.09 0.09
Year

2010 0.26 0.26 0.26 0.24 0.26
2012 0.29 0.29 0.28 0.27 0.31
2013 0.28 0.26 0.28 0.31 0.29
2021 0.17 0.19 0.18 0.19 0.15
Day of Week

Sunday 0.14 0.06 0.16 0.18 0.14
Monday 0.14 0.18 0.14 0.13 0.13
Tuesday 0.14 0.17 0.14 0.13 0.14
Wednesday 0.14 0.18 0.14 0.13 0.14
Thursday 0.14 0.17 0.13 0.13 0.15
Friday 0.14 0.17 0.13 0.13 0.14
Saturday 0.15 0.07 0.16 0.17 0.15
Time of Day

Early Morning (6-9am) 0.17 0.28 0.17 0.10 0.17
Morning (9am-1pm) 0.21 0.27 0.18 0.19 0.22
Afternoon (1-6pm) 0.31 0.28 0.32 0.31 0.32
Evening (6-10pm) 0.23 0.07 0.27 0.32 0.22
Night (10pm-6am) 0.07 0.10 0.07 0.08 0.07
No of people present 0.88 1.16 0.87 0.93 0.79
Duration of Activity 1.19 3.64 0.77 1.58 0.54
Observations 45658 4763 11249 9199 20447

Source: Authors’ calculations based on ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010.
Notes: Observations are weighted with respondent weights for the WB Module.



Figure A.1: Distribution of positive and negative affect and emotions
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Table A.5: O*Net List of Items Job Demand Factors € Rotated Factor Loadings (> 0.5) for year

2010
Item Activity/Question Factor Analysis
CD PD ED

v4Alal Getting Information 0.7866

v4Ala2 Monitoring Processes, Materials, or Surroundings 0.6346

v4Albl Identifying Objects, Actions, and Events 0.7452

v4A1b3 Estimating the Quantifiable Characteristics of Products, Events, or Inf, 0.7684

v4A2al Judging the Qualities of Objects, Services, or People 0.7905

v4A2a2 Processing Information 0.7964

v4A2a3 Evaluating Information to Determine Compliance with Standards 0.7282

v4A2a4 Analyzing Data or Information 0.8545

v4A2bl Making Decisions and Solving Problems 0.8822

v4A2b2 Thinking Creatively 0.8105

v4A2b3 Updating and Using Relevant Knowledge 0.8312

v4A2b4 Developing Objectives and Strategies 0.8641

v4A2bb Scheduling Work and Activities 0.8629

v4A2b6 Organizing, Planning, and Prioritizing Work 0.8323

v4A3al Performing General Physical Activities 0.8524

v4A3bl Working with Computers 0.6607

v4A3b2 Drafting, Laying Out, and Specifying Technical Devices, Parts, and Equi, 0.5228

v4A3b6 Documenting/Recording Information 0.7281

v4Ad4al Interpreting the Meaning of Information for Others 0.848

v4A4a2 Communicating with Supervisors, Peers, or Subordinates 0.8175

v4A4a3 Communicating with People Outside the Organization Level 0.6909

v4A4ad Establishing and Maintaining Interpersonal Relationships 0.6361

v4A4ab Assisting and Caring for Others 0.605

v4A4ab Selling or Influencing Others 0.5449

v4Ad4aT7 Resolving Conflicts and Negotiating with Others 0.6872

v4A4bl Coordinating the Work and Activities of Others 0.8026

v4A4b2 Developing and Building Teams 0.8289

v4A4b3 Training and Teaching Others 0.764

v4A4b4 Guiding, Directing, and Motivating Subordinates Level 0.7949

v4A4bb Coaching and Developing Others 0.799

v4A4b6 Providing Consultation and Advice to Others Level 0.8838

v4Adcl Performing Administrative Activities 0.6947

v4Adc2 Staffing Organizational Units 0.7554

v4A4c3 Monitoring and Controlling Resources 0.7527

v4Cla2c How frequently does your current job require public speaking (one speaker 0.5251
with an audience)?

v4Cla2f  How frequently does your current job require telephone conversation? 0.512

v4Cla2j How frequently does your current job require written letters and memos? 0.5621

v4C1a2l How often does your current job require face-to-face discussions with indi-
viduals and within teams?

v4C1blf In your current job, how important are interactions that require you to deal 0.7526
with external customers (as in retail sales) or the public in general (as in
police work)?

v4Clblg  In your current job, how important are interactions that require you to co- 0.5216
ordinate or lead others in accomplishing work activities (not as a supervisor
or team leader)?

v4Clcl How responsible are you for the health and safety of other workers on your 0.7512
current job?

v4C1c2 How responsible are you for work outcomes and results of other workers on
your current job?

v4C1d1 How often are conflict situations a part of your current job? 0.7406

v4C1d2 How often is dealing with unpleasant, angry, or discourteous people a part of 0.7565
your current job?

v4C2ala  How often does your current job require you to work indoors in an environ- -0.682
mentally controlled environment (like a warehouse with air conditioning)?

v4C2alb  How often does your current job require you to work in an environment that 0.765
is not environmentally controlled (like a warehouse without air conditioning)?

v4C2ale  How often does your current job require you to work in an open vehicle or 0.763
operating equipment (like a tractor)?

v4C2alf  How often does your current job require you to work in a closed vehicle or

operate enclosed equipment (like a car)?

Continued on next page



Table E (cont.): O*Net Work Activities Module - List of Items / Descriptives for 2013

Item Activity/Question Factor Analysis
CD PD ED

v4C2a3 How physically close to other people are you when you perform your current 0.5365
job?

v4C2bla  In your current job, how often are you exposed to sounds and noise levels 0.7896
that are distracting and uncomfortable?

v4C2blb  In your current job, how often are you exposed to very hot (above 90° F) or 0.85
very cold (under 32° F) temperatures?

v4C2blc  In your current job, how often are you exposed to extremely bright or inad- 0.845
equate lighting conditions?

v4C2bld  In your current job, how often are you exposed to contaminants (such as 0.8433
pollutants, gases, dust, or odors)?

v4C2ble  In your current job, how often are you exposed to cramped work space that 0.8491
requires getting into awkward positions?

v4C2blf  In your current job, how often are you exposed to whole body vibration (like 0.7356

operating a jackhammer or earth moving equipment)?
v4C2cla How often does your current job require that you be exposed to radiation?

v4C2clc How often does your current job require that you be exposed to high places? 0.789

v4C2cld  How often does your current job require that you be exposed to hazardous 0.8004
conditions? T

v4C2cle How often does your current job require that you be exposed to hazardous 0.8735
equipment?

v4C2dla  How much time in your current job do you spend sitting? -0.677

v4C2d1b  How much time in your current job do you spend standing? 0.6429

v4C2dlc  How much time in your current job do you spend climbing ladders, scaffolds, 0.7605
poles, etc.?

v4C2dle  How much time in your current job do you spend kneeling, crouching, stoop- 0.7748
ing, or crawling?

v4C2d1f How much time in your current job do you spend keeping or regaining your 0.7722
balance?

v4C2dlg  How much time in your current job do you spend using your hands to handle, 0.6166
control, or feel objects, tools, or controls?

v4C2d1h  How much time in your current job do you spend bending or twisting your 0.7712
body?

v4C2d1i How much time in your current job do you spend making repetitive motions? -0.5832

v4C8al How serious a mistake can you make on your current job (one you can’t
easily correct)?

v4C3a2a  In your current job, what results do your decisions usually have on other 0.5478
people or the image or reputation or financial resources of your employer?

v4C3a2b  In your current job, how often do your decisions affect other people or the 0.6501
image or reputation or financial resources of your employer?

v4C3b2 How automated is your current job?

v4C3b4, How important to your current job is being very exact or highly accurate?

v4C3b7 How important to your current job are continuous, repetitious physical activ-
ities (like key entry) or mental activities (like checking entries in a ledger)?

v4C8cl How competitive is your current job?

v4C3d1 How often does your current job require you to meet strict deadlines?

v4C3d3 How important to your current job is keeping a pace set by machinery or
equipment?

Source: Authors’ calculations based on O*Net version 18.1 - 29.0.
Note: Columns (3) to (5) contain the rotated factor loadings. Absolute factor loadings below 0.5 are left blank. Items in italics do not have a loading
above 0.5 on either on of the factors and are thus not included.



B Merging occupational information to ATUS data using crosswalks

For ATUS wave 2021, CPS occupations in 2018 Census Codes have to be merged to occupational
information in the 2019 SOC classifications while for ATUS waves 2012 and 2013, CPS occupations
in 2010 Census Codes have to be merged to occupational information in the 2010 SOC classifications.

Unfortunately, merging occupational information from the O*Net based on SOC classifications to
occupational classifications (based on Census Codes) in the CPS is not possible on a clear one-to-one
basis, as in a number of cases more than one SOC code refer to the same Census code (both in the 2010
as well as the 2018-2019 version). In cases, in which we observe multiple SOC occupations referring to
one Census code, we thus average the occupational information over all corresponding SOC occupations
in order to obtain a unique value (for each item) which can be merged to the CPS occupations.
For example in the 2018-2019 Census-SOC crosswalk 42.74% of Census occupations can be directly
merged to one SOC classifications. Occupational information for the remaining Census occupations
are averaged over, on average, 6.69 SOC occupations with a maximum of 38 SOC categories referring
to one Census code in the case of postsecondary teachers (as the SOC classifications differentiates the
teachers with respect to their subjects).

For ATUS wave 2010, we observe occupations based on the Census 2002 classification. Thus,
Census 2002 codes for the year 2010 have to additionally be translated into Census 2010 codes using
a separate crosswalk provided by the U.S. Census Bureau. For the main analysis, we choose the most
conservative option and only transform those occupation with a unique Census 2002 - Census 2010
crosswalk All further steps (of merging occupational information based on 2010 SOC classifications
from O*Net to the 2010 CPS occupations are conduced in line with the steps taken for all other years,

as described above.

'For 12 occupations (2.36%), Census 2010 classifications are more detailed than Census 2002, making it unclear
which Census 2010 code should be merged to the available occupational classifications. These occupations are set to
missing. We will conduct sensitivity checks by using different methods of imputation in a later stage.



C Full estimation tables

Table C.1: Estimation Results by Emotions - Labor Activities

‘Women Men
Outcome - Happy
TW -0.132%** -0.136** -0.367*** -0.364%** -0.078 -0.072 -0.232%* -0.230*
(0.044) (0.054) (0.129) (0.130) (0.057) (0.049) (0.135) (0.133)
TF 0.074 -0.015
(0.045) (0.036)
TW x TF -0.027 -0.016
(0.040) (0.051)
Outcome - Meaning
TW -0.077 -0.106 -0.434** -0.419%* -0.052 -0.043 -0.053 -0.055
(0.061) (0.065) (0.177) (0.180) (0.052) (0.056) (0.166) (0.169)
TF 0.107* 0.012
(0.057) (0.043)
TW x TF -0.094** 0.012
(0.041) (0.053)
Outcome - Pain
TW -0.210%*** -0.124%** -0.124 -0.119 -0.166*** -0.112%%* 0.106 0.113
(0.054) (0.058) (0.121) (0.118) (0.032) (0.034) (0.125) (0.123)
TF 0.023 -0.008
(0.051) (0.029)
TW x TF -0.028 -0.022
(0.062) (0.036)
Outcome - Sad
W -0.015 0.057 0.135 0.119 0.013 0.046 0.066 0.067
(0.049) (0.061) (0.118) (0.119) (0.032) (0.034) (0.119) (0.119)
TF 0.109*** 0.020
(0.038) (0.035)
TW x TF 0.057 0.010
(0.050) (0.031)
Outcome - Stress
TW 0.174%** 0.151%** 0.338%* 0.330** 0.249%** 0.163*** 0.056 0.041
(0.046) (0.052) (0.134) (0.136) (0.051) (0.057) (0.144) (0.148)
TF 0.074 0.028
(0.054) (0.043)
TW x TF 0.025 0.057
(0.047) (0.050)
Outcome - Tired
TW -0.138%** -0.019 0.268* 0.260* -0.048 -0.045 -0.043 -0.083
(0.047) (0.050) (0.137) (0.136) (0.049) (0.051) (0.140) (0.133)
TF 0.142%** 0.045
(0.049) (0.071)
TW x TF 0.015 0.137%**
(0.048) (0.045)
Set of Controls
Activities v v v v v v
Individuals v v v v v v
Occupations v v v v
Observations 2089 2089 2089 2089 2674 2674 2674 2674
Cluster 185 185 185 185 232 232 232 232

Source: Author’s own calculations and illustrations based on ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0;

BLS Labor Statistics 2010, 2012 2013; GSS 2010.

Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table C.2: Full Estimation Results - Women

(1) (2) (3) (4)
Labor Unpaid Leisure Other
Teleworkability -0.568%** -0.066 0.143 0.049
(0.185) (0.096) (0.104) (0.078)
Time Flexibility 0.009 0.067 -0.066* 0.009
(0.057) (0.049) (0.039) (0.040)
TW x TF -0.085 0.031 -0.079** -0.027
(0.054) (0.040) (0.037) (0.040)
Activity Characteristics
Year (Ref: 2010)
2012 0.168 0.136 0.167 0.129
(0.139) (0.122) (0.115) (0.094)
2013 0.137 0.161* 0.187* 0.147%*
(0.114) (0.088) (0.101) (0.062)
2021 -0.219 -0.033 0.291** 0.148
(0.184) (0.126) (0.134) (0.102)
Month of Interview (Ref: January)
February -0.042 -0.041 -0.305 0.018
(0.277) (0.162) (0.206) (0.192)
March -0.065 -0.221 -0.332%%* -0.022
(0.221) (0.165) (0.149) (0.132)
April -0.167 -0.235 -0.227 -0.017
(0.198) (0.152) (0.160) (0.154)
May 0.098 -0.012 -0.272 0.013
(0.244) (0.127) (0.189) (0.149)
June 0.454** 0.037 -0.042 0.076
(0.211) (0.171) (0.207) (0.176)
July 0.101 -0.084 -0.125 -0.064
(0.234) (0.149) (0.175) (0.154)
August 0.154 -0.208 -0.090 -0.047
(0.229) (0.144) (0.222) (0.139)
September 0.432* -0.079 0.137 -0.046
(0.256) (0.177) (0.171) (0.194)
October -0.322 -0.130 -0.316 -0.079
(0.206) (0.159) (0.202) (0.148)
November 0.125 0.064 -0.265* 0.268
(0.282) (0.168) (0.152) (0.189)
December 0.074 0.040 -0.194 0.053
(0.351) (0.164) (0.206) (0.207)
Day of the Week (Ref: Sunday)
Monday 0.038 0.143* -0.114 -0.154%*
(0.165) (0.082) (0.137) (0.079)
Tuesday 0.136 0.016 0.074 -0.134
(0.176) (0.099) (0.152) (0.106)
Wednesday -0.020 0.045 -0.139 -0.001
(0.178) (0.139) (0.142) (0.107)
Thursday 0.243 -0.070 0.084 -0.024
(0.179) (0.148) (0.132) (0.080)
Friday -0.012 0.060 0.209 0.092
(0.196) (0.139) (0.128) (0.102)
Saturday -0.066 0.022 0.213** 0.046
(0.180) (0.078) (0.084) (0.102)
Number of people present -0.040 0.235%** 0.342%** 0.373%**
(0.046) (0.028) (0.029) (0.022)
Activity duration (in hours) -0.053** 0.034 0.003 0.062
(0.023) (0.031) (0.027) (0.038)
Time of the Day (Ref: Early Morning (6-9am))
Morning (9am-1pm) -0.191 -0.083 -0.028 0.140
(0.133) (0.103) (0.129) (0.105)
Afternoon (1-6pm) -0.659%** -0.306*** -0.013 -0.004
(0.121) (0.091) (0.101) (0.073)
Evening (6-10pm) -0.998*** -0.428%** -0.257%* -0.131
(0.224) (0.074) (0.128) (0.118)
Night (10pm-6am) -0.857%** -0.296** -0.673%** -0.282%*
(0.226) (0.115) (0.171) (0.130)
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Table (cont.): Full Estimation Results - Women

(1) (2) (3) (4
Labor Unpaid Leisure Other
Individual Characteristics
Age in Years 0.020*** 0.013*** 0.015%** 0.018***
(0.004) (0.002) (0.003) (0.002)
Education (Ref: No degree)
High School Degree 0.743** 0.019 -0.014 0.325%*
(0.299) (0.130) (0.200) (0.132)
Associate Degree 0.511 0.045 0.222 0.367**
(0.329) (0.142) (0.156) (0.175)
Bachelors Degree 0.167 -0.176 -0.237 0.187
(0.312) (0.144) (0.170) (0.134)
Masters Degree or higher 0.459 -0.118 -0.136 0.122
(0.316) (0.162) (0.201) (0.163)
Born in the U.S. -0.215 -0.302%** -0.149 -0.323%**
(0.179) (0.098) (0.138) (0.089)
Metropolitan -0.239 -0.019 -0.083 -0.120
(0.153) (0.097) (0.105) (0.090)
Partner in HH -0.383** -0.127 -0.426%** -0.141
(0.194) (0.110) (0.127) (0.125)
Married 0.414%* 0.172 0.426%** 0.239*
(0.195) (0.119) (0.133) (0.135)
Number of household children < 18  0.137*** -0.066* -0.124%** -0.043
(0.038) (0.034) (0.038) (0.033)
Any children under 6 -0.123 0.263*** 0.116 0.035
(0.174) (0.074) (0.089) (0.086)
Weekly Earnings -0.000 -0.000 0.000 -0.000
(0.000) (0.000) (0.000) (0.000)
Working Hours -0.013** -0.000 0.002 0.001
(0.006) (0.004) (0.003) (0.004)
Occupational Characteristics
Occupational Prestige 0.006 0.002 0.006 0.001
(0.006) (0.004) (0.005) (0.003)
Hourly Wage (mean) 0.010 0.015 -0.016 -0.017*
(0.013) (0.010) (0.010) (0.010)
Working Hours (mean) 2.602 3.771 -3.514 -0.335
(7.500) (5.707) (5.107) (3.941)
Total Employment in 1000 -0.000%* -0.000 -0.000 -0.000
(0.000) (0.000) (0.000) (0.000)
Diff in hourly wage 90th-10th perc. ~ 0.003 -0.008 0.008 0.013%*
(0.012) (0.008) (0.008) (0.007)
Required Education (mean) 0.015 -0.041 0.012 -0.022
(0.051) (0.027) (0.028) (0.025)
Tenure (mean) -0.106** 0.006 -0.035 -0.012
(0.043) (0.035) (0.038) (0.030)
Physical Demand -1.218%*** 0.011 0.292 0.049
(0.357) (0.222) (0.242) (0.162)
Cognitive Demand 0.147 -0.017 -0.095 -0.016
(0.163) (0.105) (0.103) (0.078)
Emotional Demand 0.014 -0.003 0.152* 0.127**
(0.104) (0.097) (0.082) (0.053)
Constant -101.837 -147.767 143.451 16.339
(300.208) (228.309) (203.846) (157.757)
State FE v v v v
Observations 2089 6585 4288 9910

Source: ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table C.3: Full Estimation Results - Men

B 2) 3) @)
Labor Unpaid Leisure Other
Teleworkability -0.149 0.214 -0.012 -0.118
(0.173) (0.148) (0.187) (0.080)
Time Flexibility -0.025 0.054 0.055 0.000
(0.047) (0.033) (0.054) (0.034)
TW x TF -0.053 -0.018 -0.001 -0.023
(0.053) (0.034) (0.033) (0.032)
Activity Characteristics
Year (Ref: 2010)
2012 -0.058 0.207* 0.083 -0.072
(0.106) (0.115) (0.093) (0.059)
2013 -0.071 0.180* 0.184** 0.014
(0.158) (0.093) (0.088) (0.067)
2021 -0.360** -0.014 0.018 0.212%*
(0.178) (0.124) (0.121) (0.091)
Month of Interview (Ref: January)
February 0.130 -0.257 0.253 -0.037
(0.173) (0.201) (0.216) (0.136)
March 0.124 0.014 0.179 -0.109
(0.223) (0.149) (0.185) (0.117)
April 0.310* -0.004 0.103 -0.177
(0.178) (0.143) (0.223) (0.128)
May -0.131 -0.226 -0.052 -0.125
(0.210) (0.150) (0.176) (0.124)
June -0.025 0.024 0.049 0.060
(0.174) (0.148) (0.186) (0.115)
July 0.383** -0.039 0.090 -0.159
(0.188) (0.177) (0.234) (0.140)
August -0.128 0.163 0.176 -0.121
(0.174) (0.162) (0.225) (0.126)
September -0.024 -0.053 0.078 -0.155
(0.209) (0.153) (0.193) (0.127)
October 0.196 0.069 0.126 0.015
(0.265) (0.162) (0.207) (0.147)
November 0.269 0.105 0.084 -0.133
(0.440) (0.152) (0.179) (0.173)
December 0.349 0.072 0.091 0.042
(0.254) (0.161) (0.185) (0.129)
Day of the Week (Ref: Sunday)
Monday -0.330%* 0.129 -0.216 -0.249%*
(0.158) (0.105) (0.133) (0.108)
Tuesday 0.004 -0.238 -0.025 -0.249%*
(0.135) (0.166) (0.096) (0.098)
Wednesday -0.172 -0.350%** -0.053 -0.186%*
(0.143) (0.090) (0.110) (0.084)
Thursday -0.278%* -0.175 -0.172 -0.342%**
(0.161) (0.112) (0.115) (0.118)
Friday -0.033 -0.049 -0.080 -0.145
(0.176) (0.103) (0.130) (0.104)
Saturday 0.144 -0.065 0.073 -0.090
(0.158) (0.071) (0.078) (0.074)
Number of people present 0.025 0.272%** 0.302%*** 0.336***
(0.039) (0.032) (0.039) (0.019)
Activity duration (in hours) -0.050%** 0.046* 0.045%* 0.012
(0.018) (0.027) (0.023) (0.027)
Time of the Day (Ref: Early Morning (6-9am))
Morning (9am-1pm) -0.285%** -0.128 -0.242%%* 0.075
(0.108) (0.133) (0.095) (0.063)
Afternoon (1-6pm) -0.355%** -0.206%** -0.213%** 0.001
(0.111) (0.077) (0.081) (0.053)
Evening (6-10pm) -0.944%** -0.323%%* -0.346%** 0.015
(0.144) (0.069) (0.071) (0.058)
Night (10pm-6am) -0.416%* -0.322%** -0.582%%** -0.368%**
(0.200) (0.122) (0.135) (0.094)
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Table (cont.): Full Estimation Results - Men

(1) @) 3) 0
Labor Unpaid Leisure Other
Individual Characteristics
Age in Years 0.017%** 0.019%** 0.002 0.011%%*
(0.003) (0.003) (0.003) (0.002)
Education (Ref: No degree)
High School Degree 0.184 0.053 -0.162 0.087
(0.115) (0.161) (0.159) (0.116)
Associate Degree 0.389* 0.130 0.089 0.097
(0.229) (0.202) (0.156) (0.151)
Bachelors Degree -0.050 -0.132 -0.284 -0.238%*
(0.154) (0.165) (0.215) (0.128)
Masters Degree or higher 0.181 -0.150 -0.278 -0.264*
(0.196) (0.180) (0.231) (0.138)
Born in the U.S. -0.031 -0.605%** -0.350%** -0.158%*
(0.108) (0.092) (0.093) (0.070)
Metropolitan 0.075 0.216%* -0.119 -0.048
(0.148) (0.116) (0.090) (0.068)
Partner in HH -0.372%* 0.368** 0.023 0.035
(0.180) (0.164) (0.126) (0.107)
Married 0.401** -0.079 0.219* 0.138
(0.164) (0.157) (0.120) (0.090)
Number of household children < 18  0.096 0.039 -0.102 -0.075%**
(0.058) (0.045) (0.074) (0.029)
Any children under 6 -0.124 0.341%** 0.097 0.103
(0.151) (0.086) (0.107) (0.067)
Weekly Earnings -0.000 -0.000 0.000 -0.000
(0.000) (0.000) (0.000) (0.000)
Working Hours 0.001 -0.003 0.004 -0.003
(0.004) (0.004) (0.003) (0.002)
Occupational Characteristics
Occupational Prestige 0.021%** -0.004 -0.001 -0.004
(0.006) (0.004) (0.004) (0.004)
Hourly Wage (mean) 0.001 0.002 0.003 -0.019%*
(0.017) (0.012) (0.010) (0.008)
Working Hours (mean) -2.249 -8.499 -9.321 -4.422
(12.168) (5.343) (6.485) (4.548)
Total Employment in 1000 -0.000 0.000 0.000 -0.000*
(0.000) (0.000) (0.000) (0.000)
Diff in hourly wage 90th-10th perc.  0.005 0.005 -0.002 0.017**
(0.012) (0.009) (0.009) (0.007)
Required Education (mean) -0.083* -0.050 -0.049 0.027
(0.048) (0.034) (0.031) (0.022)
Tenure (mean) -0.027 -0.014 -0.005 -0.012
(0.039) (0.033) (0.027) (0.026)
Physical Demand -0.169 0.345 -0.107 -0.119
(0.278) (0.219) (0.295) (0.113)
Cognitive Demand -0.108 -0.067 0.060 0.046
(0.110) (0.083) (0.090) (0.066)
Emotional Demand -0.071 -0.013 0.076 -0.023
(0.086) (0.074) (0.096) (0.054)
Constant 91.569 342.983 376.306 180.053
(486.649) (213.811) (259.359) (181.886)
State FE v v v v
Observations 2674 4664 4911 10537

Source: ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.

14



Table C.4: Estimation Results by Emotions - Non-labor activities (Women Sample)

1) (2) (3) (4) (5) (6)
Unpaid Work Leisure
Outcome - Happy
T™W -0.113%** -0.087 -0.090%** -0.036 -0.033 -0.036
(0.029) (0.070) (0.032) (0.089) (0.023) (0.065)
TF 0.035 -0.006 0.040
(0.032) (0.032) (0.029)
TW x TF 0.017 -0.070** -0.018
(0.026) (0.029) (0.026)
Outcome - Meaningful
T™W -0.148%** -0.100 -0.079* -0.039 -0.103*** -0.033
(0.038) (0.102) (0.045) (0.125) (0.037) (0.075)
TF 0.084 -0.086* -0.001
(0.055) (0.046) (0.036)
TW x TF 0.021 -0.064* -0.043
(0.043) (0.038) (0.035)
Outcome - Pain
T™W -0.084%** -0.149%* -0.049 -0.257*** -0.099%** -0.240%**
(0.030) (0.076) (0.034) (0.075) (0.028) (0.056)
TF -0.027 -0.027 0.005
(0.035) (0.026) (0.024)
TW x TF -0.027 -0.039 -0.072%%*
(0.021) (0.026) (0.027)
Outcome - Sad
T™W -0.050* -0.112 -0.047** -0.061 -0.073*** -0.102*
(0.026) (0.069) (0.024) (0.090) (0.024) (0.058)
TF 0.018 0.047* 0.002
(0.042) (0.026) (0.020)
TW x TF -0.023 0.026 -0.022
(0.021) (0.024) (0.021)
Outcome - Stress
T™W -0.014 0.046 -0.028 -0.220* -0.005 -0.030
(0.028) (0.095) (0.043) (0.112) (0.027) (0.080)
TF -0.076** 0.052 0.029
(0.037) (0.033) (0.031)
TW x TF -0.013 0.004 -0.008
(0.037) (0.033) (0.035)
Outcome - Tired
T™W -0.017 -0.042 -0.036 -0.444%** -0.109%** -0.201%**
(0.036) (0.088) (0.039) (0.114) (0.038) (0.087)
TF 0.028 -0.020 0.009
(0.053) (0.039) (0.033)
TW x TF -0.009 0.017 0.016
(0.030) (0.056) (0.029)
Set of Controls
Activities v v v
Individuals v v v
Occupations v v v
Observations 6585 6585 4288 4288 9910 9910
Cluster 227 227 221 221 237 237

Source: Author’s own calculations and illustrations based on ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0;
BLS Labor Statistics 2010, 2012 2013; GSS 2010.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table C.5: Estimation Results by Emotions - Non-labor activities (Men Sample)

Outcome - Happy
TW

TF

TW x TF

Outcome - Meaningful
™

TF

TW x TF

Outcome - Pain
W

TF

TW x TF

Outcome - Sad
T™W

TF

TW x TF

Outcome - Stress
T™W

TF

TW x TF

Outcome - Tired
TW

TF

TW x TF

Set of Controls
Activities
Individuals
Occupations

Observations
Cluster

(1) (2) 3) (4) () (©6)
Unpaid Work Leisure Other
-0.100** 0.129 -0.042 0.006 -0.055%* -0.068
(0.039) (0.120) (0.045) (0.120) (0.030) (0.073)
0.016 0.064* -0.042%*
(0.036) (0.035) (0.019)
-0.036 -0.031 -0.040
(0.033) (0.043) (0.024)
-0.125%** 0.186 -0.089** -0.279% -0.149%** 0.022
(0.031) (0.122) (0.037) (0.157) (0.038) (0.091)
0.054 -0.021 -0.010
(0.042) (0.052) (0.032)
-0.023 0.040 -0.007
(0.034) (0.044) (0.032)
-0.135%%* -0.098 -0.075%** -0.134 -0.134%** 0.098
(0.030) (0.082) (0.027) (0.123) (0.018) (0.064)
-0.029 0.004 -0.019
(0.037) (0.022) (0.034)
-0.038 -0.005 -0.020
(0.024) (0.033) (0.021)
-0.041* -0.120 -0.016 0.032 -0.046* 0.163***
(0.024) (0.088) (0.017) (0.108) (0.024) (0.048)
-0.020 -0.046%* -0.035
(0.023) (0.027) (0.021)
-0.044** 0.012 0.005
(0.022) (0.023) (0.022)
0.058** -0.001 0.057** -0.095 0.070%* 0.152
(0.026) (0.124) (0.026) (0.156) (0.032) (0.095)
0.026 -0.036 -0.012
(0.032) (0.040) (0.026)
-0.031 -0.012 -0.012
(0.032) (0.034) (0.026)
0.009 -0.105 -0.063* -0.433%** -0.039 0.065
(0.048) (0.141) (0.033) (0.127) (0.028) (0.121)
-0.080%* -0.051 -0.061
(0.032) (0.040) (0.042)
0.029 0.021 0.005
(0.037) (0.042) (0.032)
v v v
v v v
v v v
4664 4664 4911 4911 10537 10537
258 258 270 270 285 285

Source: Author’s own calculations and illustrations based on ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0;

BLS Labor Statistics 2010, 2012 2013; GSS 2010.

Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.

16



Table C.6: Main Estimation Results - Detailed Other Activities

1) 2 (3) (4) (5) (6) (M (8)
‘Women Men
Eating & Drinking Traveling Eating & Drinking Traveling
Outcome - Net Affect
T™W 0.005 -0.016 -0.064* 0.030 -0.012 -0.111 -0.125%** -0.075
(0.054) (0.137) (0.037) (0.104) (0.047) (0.115) (0.043) (0.103)
TF 0.028 0.004 -0.042 -0.009
(0.045) (0.053) (0.044) (0.033)
TW x TF -0.032 0.001 0.018 -0.022
(0.036) (0.047) (0.057) (0.039)
Outcome - Positive Affect
T™W -0.050 -0.054 -0.106%** -0.084 -0.042 -0.102 -0.126%** 0.033
(0.034) (0.081) (0.033) (0.074) (0.040) (0.104) (0.033) (0.089)
TF 0.002 0.035 -0.052 -0.031
(0.030) (0.035) (0.036) (0.023)
TW x TF -0.011 -0.023 0.008 -0.025
(0.025) (0.034) (0.044) (0.033)
Outcome - Negative Affect
TW -0.055%* -0.038 -0.042%* -0.114%* -0.029%* 0.009 -0.002 0.108%*
(0.030) (0.081) (0.022) (0.059) (0.018) (0.055) (0.020) (0.051)
TF -0.026 0.032 -0.010 -0.022
(0.028) (0.028) (0.017) (0.022)
TW x TF 0.022 -0.024 -0.010 -0.002
(0.024) (0.020) (0.022) (0.017)
Set of Controls
Activities v v v v
Individuals v v v v
Occupations v v v v
Observations 3196 3196 5860 5860 3757 3757 6078 6078
Cluster 208 208 215 215 248 248 270 270

Source: ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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D Sensitivity Checks

Table D.1: Additional Estimation Results - Mothers

(1) (2) (3) (4) (5) (6) (7) (8)
Labor Unpaid Work Leisure Other
Outcome - Net Affect
TW -0.032 -0.352 -0.109%** -0.015 -0.067 -0.058 -0.056 0.206*
(0.095) (0.317) (0.042) (0.087) (0.059) (0.153) (0.041) (0.114)
TF -0.212%* 0.009 -0.075 -0.085*
(0.084) (0.048) (0.059) (0.046)
TW x TF -0.175%** 0.004 -0.115%* 0.003
(0.062) (0.035) (0.062) (0.049)
Outcome - Positive Affect
TW -0.143* -0.313 -0.124%%* -0.116 -0.121%* -0.138 -0.135%** 0.028
(0.074) (0.249) (0.037) (0.078) (0.048) (0.117) (0.035) (0.074)
TF -0.073 0.044 -0.026 -0.039
(0.060) (0.033) (0.042) (0.027)
TW x TF -0.124%*%* 0.019 -0.100** -0.017
(0.045) (0.027) (0.046) (0.034)
Outcome - Negative Affect
W -0.110%** 0.039 -0.015 -0.102* -0.054** -0.080 -0.079%** -0.178%**
(0.034) (0.101) (0.020) (0.053) (0.025) (0.081) (0.028) (0.063)
TF 0.139*** 0.035 0.049 0.046*
(0.042) (0.029) (0.035) (0.027)
TW x TF 0.051 0.015 0.015 -0.020
(0.034) (0.019) (0.030) (0.023)
Set of Controls
Activities v v v v
Individuals v v v v
Occupations v v v v
Observations 810 810 3621 3621 1574 1574 4168 4168
Cluster 131 131 184 184 157 157 189 189

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table D.2: Additional Estimation Results - Fathers

(1) (2) ®) (4) (5) (©) (7) (8)
Labor Unpaid Work Leisure Other
Outcome - Net Affect
TW -0.145* 0.187 -0.165%** -0.127 -0.025 -0.206 -0.129%*** 0.103
(0.079) (0.242) (0.059) (0.139) (0.053) (0.227) (0.038) (0.136)
TF -0.078 0.085%* -0.024 -0.020
(0.078) (0.041) (0.038) (0.044)
TW x TF -0.110* -0.024 -0.073* -0.053
(0.063) (0.046) (0.040) (0.041)
Outcome - Positive Affect
TW -0.113** 0.122 -0.116** -0.040 -0.034 -0.135 -0.121%%* 0.044
(0.055) (0.156) (0.053) (0.129) (0.043) (0.125) (0.032) (0.109)
TF -0.075* 0.044 -0.032 -0.023
(0.045) (0.037) (0.032) (0.036)
TW x TF -0.116%** 0.014 -0.059* -0.028
(0.043) (0.040) (0.034) (0.030)
Outcome - Negative Affect
T™W 0.032 -0.065 0.049%** 0.087 -0.009 0.070 0.009 -0.059
(0.032) (0.149) (0.016) (0.059) (0.021) (0.168) (0.019) (0.083)
TF 0.002 -0.041%** -0.009 -0.002
(0.041) (0.017) (0.034) (0.020)
TW x TF -0.006 0.038%* 0.014 0.025
(0.037) (0.019) (0.024) (0.021)
Set of Controls
Activities v v v v
Individuals v v v v
Occupations v v v v
Observations 1067 1067 2396 2396 1875 1875 4184 4184
Cluster 159 159 213 213 197 197 232 232

Source: ATUS 2010, 2012, 2013 and 2021; O*NET version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.

Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table D.3: Additional Estimation Results - Subsample Analysis Pre-Post Covid (Full Sample, Out-
come: Net Affect)

1) (2) (3) (4) (5) (6)
‘Women Men
All Pre Covid Post Covid All Pre Covid Post Covid
10 - 21 10 - 13 21 10 - 21 10 - 13 21
Labor
Teleworkability -0.568*** -0.65T*** -0.361 -0.149 -0.108 -1.030%*
(0.185) (0.230) (0.310) (0.173) (0.182) (0.595)
Time Flexibility  0.009 0.025 -0.299 -0.025 -0.082 0.089
(0.057) (0.086) (0.212) (0.047) (0.051) (0.126)
TF x TW -0.085 -0.135%** -0.011 -0.053 -0.018 0.024
(0.054) (0.061) (0.143) (0.053) (0.053) (0.167)
Observations 2089 1848 241 2674 2301 373
Cluster 185.000 180.000 52.000 232.000 223.000 60.000
Unpaid Work
T™W -0.066 -0.168 0.754%%* 0.214 0.331%* 0.222
(0.096) (0.104) (0.177) (0.148) (0.153) (0.256)
TF 0.067 0.059 0.099 0.054 0.096*** 0.014
(0.049) (0.046) (0.154) (0.033) (0.033) (0.073)
TF x TW 0.031 -0.038 0.154 -0.018 -0.031 -0.069
(0.040) (0.035) (0.118) (0.034) (0.044) (0.086)
Observations 6585 5863 722 4664 4043 621
Cluster 227 220 75 258 253 7
Leisure
TW 0.143 0.018 0.410* -0.012 0.103 -0.184
(0.104) (0.104) (0.209) (0.187) (0.203) (0.199)
TF -0.066* -0.072 -0.001 0.055 0.022 0.086
(0.039) (0.047) (0.151) (0.054) (0.059) (0.071)
TF x TW -0.079%* -0.044 -0.059 -0.001 -0.028 0.108
(0.037) (0.040) (0.129) (0.033) (0.040) (0.071)
Observations 4288 3787 501 4911 4231 680
Cluster 221 213 69 270 261 85
Other
T™W 0.049 0.067 0.082 -0.118 -0.175% 0.173
(0.078) (0.095) (0.267) (0.080) (0.089) (0.310)
TF 0.009 0.026 -0.196** 0.000 0.015 0.008
(0.040) (0.040) (0.088) (0.034) (0.043) (0.065)
TF x TW -0.027 -0.045 -0.092 -0.023 0.012 -0.100
(0.040) (0.039) (0.078) (0.032) (0.036) (0.078)
Observations 9910 9012 898 10537 9397 1140
Cluster 237 237 72 285 280 85
Set of Controls
Activities v v v v v v
Individuals v v v v v v
Occupations v v v v v v

Source: ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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Table D.J4: Additional Estimation Results - Occupation Fized-Effects (Full Sample, Outcome: Net
Affect)

) @) 3) )
‘Women Men
Sample All 2010 - 2013 All 2010 - 2013
Labor
™ 0.001 -1.001* -0.015 0.719
(0.382) (0.595) (0.392) (0.607)
TF -0.273* 0.038 0.069 0.376*
(0.153) (0.239) (0.142) (0.197)
TF x TW 0.004 -0.122 -0.022 0.014
(0.126) (0.159) (0.111) (0.135)
Observations 2089 1848 2674 2301
Unpaid Work
T™W 0.372 -0.698* -0.026 0.292
(0.258) (0.408) (0.281) (0.463)
TF 0.047 -0.120 0.094 0.019
(0.096) (0.144) (0.089) (0.145)
TF x TW 0.122* 0.140 0.003 -0.064
(0.066) (0.094) (0.078) (0.093)
Observations 6587 5865 4667 4045
Leisure
T™W -0.041 0.248 0.309 1.146**
(0.261) (0.458) (0.308) (0.480)
TF -0.006 -0.128 0.095 0.171
(0.100) (0.167) (0.094) (0.153)
TF x TW -0.221%* -0.022 0.157* 0.068
(0.090) (0.123) (0.081) (0.103)
Observations 4289 3788 4912 4232
Other
T™W -0.251%** -0.204%* 0.127* 0.183*
(0.078) (0.119) (0.066) (0.101)
TF 0.019 -0.287 -0.127 0.214
(0.193) (0.274) (0.204) (0.293)
TF x TW 0.045 -0.034 0.022 -0.011
(0.062) (0.081) (0.055) (0.065)
Observations 9911 9013 10539 9399
Set of Controls
Activities v v v v
Individuals v v v v
Occup. Controls v v
Occupation FE v v

Source: ATUS 2010, 2012, 2013 and 2021; O*Net version 18.1 - 29.0; BLS Labor Statistics 2010, 2012 2013; GSS 2010, own calculations.
Notes: Observations are weighted with survey weights for the WB Module. * p < 0.1, ** p < 0.05, *** p < 0.01.
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