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ABSTRACT

IZA DP No. 16720 JANUARY 2024

Trust and Health Care-Seeking Behavior*

We present results from a nationally representative survey of American adults, guided by a 

simple theoretical model expressing health care-seeking behavior as a function of economic 

and behavioral fundamentals and highlighting the role of trust. We report several findings. 

First, we document a strong association between higher levels of trust in the health 

care system and reported care-seeking behavior, both retrospective and anticipated. This 

relationship holds across several care scenarios, from routine check-ups to vaccinations. 

Second, the impact of trust on health care utilization is similar in magnitude to that of 

factors such as income and education, long recognized as crucial in the existing literature. 

Third, the relationship between trust and care-seeking behavior appears to be mediated 

by key mechanisms from our theoretical framework, notably individuals’ beliefs about the 

system’s effectiveness in managing their health and their personal disutility tied to medical 

visits. Fourth, we ask respondents about trust in specific health care system sectors, and we 

find important heterogeneity in the associations between trust and care-seeking behavior, 

notably between trust in the Centers for Disease Control and Prevention and the likelihood 

to receive flu and COVID-19 vaccinations. Finally, we find no differential relationship 

between trust and care-seeking for Black respondents, but we find important differences by 

age and political affiliation. Our findings hold significant implications for policy, particularly 

given that trust in medical and, more broadly, scientific expertise is increasingly difficult to 

establish.
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It is clear from everyday observation that the behavior expected of sellers of medical care is di↵erent

from that of business men in general. (. . . ) The customer cannot test the product before consuming

it, and there is an element of trust in the relation. -Arrow (1963)

1 Introduction

A unique feature of health care markets, recognized by Arrow (1963), is that a physician, the supplier of

medical services, is expected to act in the patient’s best interest. This relationship is even more complex given

the inherent characteristics of health care: the pervading uncertainty, the pronounced asymmetric information

between consumer (the patient) and provider, the infrequent nature of certain medical interactions, and the

potential for exceptionally high stakes, often concerning life or death. All these factors underscore trust as

an indispensable prerequisite in this domain.1 Furthermore, within the United States health care system,

patients are expected to place their trust not only in medical providers but also in other critical components

like insurers, pharmaceutical companies, and regulators. A breakdown in trust in even just one of these elements

can potentially precipitate a cascading erosion of confidence in the entire health care system.

Unfortunately, trust in medical and, more broadly, scientific expertise is increasingly di�cult to establish

(Baker, 2020). Indeed, with the COVID-19 pandemic, trust has generated significant attention as both a

component of culturally competent care and as a broader factor in patients’ willingness to seek care and adhere

to a course of treatment (Cope et al., 2022). Yet, despite the increasing focus on the importance of trust in the

health care sector, studies in economics analyzing how varying levels of trust can directly influence care-seeking

behaviors are scarce.

In this paper, we explore the relationship between trust and health care-seeking behavior. We formulate

a theoretical model that expresses health care-seeking behavior as a function of economic and behavioral fun-

damentals, including expectations, preferences, and constraints. We hypothesize that trust operates through

two of these mechanisms: beliefs about the health system’s ability to improve one’s health (i.e., the production

technology of health through health care) and the disutility associated with visiting a physician. That is, trust

may correlate with any number of mechanisms that drive behavior, but we hypothesize that trust will work

through the beliefs and disutility mechanisms. Guided by this framework, we devised a survey designed to

capture measures of these fundamentals and the nuanced aspects of trust in health care. Administered to a

nationally representative sample of Americans, the survey generated a rich dataset that o↵ers new insights into

how trust shapes individual health care decisions. Primarily, we measure trust using subjective assessment

questions from the respondent-specific, but we ask an open-ended question about health care system trust,

and we employ textual analysis and ChatGPT to identify domains of trust (e.g., financial motivations). We

1The Cambridge Dictionary defines trust as the belief that “someone is good and honest and will not harm you.” Economists
have adopted similar definitions and have long recognized the importance of trust as an enabler of mutually beneficial cooperation
and exchange. According to Arrow (1972), “Virtually every commercial transaction has within itself an element of trust”. Gambetta
(2000) writes that “trusting a person means believing that when o↵ered the chance, he or she is not likely to behave in a way that
is damaging to us,” Sobel (2002) states that “trust is the willingness to permit the decisions of others to influence your welfare,”
and “Levels of trust determine the degree to which you are willing to [...] rely on the advice and actions of others”, and Sapienza
& Zingales (2012) define trust as “the expectation that another person (or institution) will perform actions that are beneficial, or
at least not detrimental, to us regardless of our capacity to monitor those actions”.
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measure behavior across diverse medical contexts, ranging from routine check-ups to critical decisions such as

vaccinations.

In our data, trust in the US health care system tends to increase with age, education, and retirement status,

while it decreases with lack of insurance, occurrences of unexpected medical bills, and subjective assessments

of personal health. Relating trust to care-seeking behaviors, we report five main sets of findings. First, a

strong association exists between higher levels of trust in the health care system and an increased likelihood

of seeking care, both retrospectively and anticipated. This relationship is consistent across various medical

behaviors, from routine check-ups to vaccinations. For instance, high trust respondents are 24.8 percentage

points more likely to have received a flu shot in the past year, 7.2 percentage points more likely to have received

a check-up, and 17.8 percentage points more likely to have received two COVID-19 vaccines and one booster

shot (i.e., fully vaccinated). Second, the conditional correlation between trust and health care utilization is

similar in size to that of income and education, factors that have been extensively studied in the literature as

determinants of health care utilization.2 Third, consistent with our theoretical framework, our results indicate

that trust operates through the key mechanisms of individuals’ beliefs about the medical system’s e↵ectiveness

in managing their health, and their personal disutility for medical visits. Fourth, we find that the correlations

between trust and behavior remain consistent when focusing on trust in doctors, nurses, and hospitals, which is

not surprising given the significant interactions involved with these providers in the care-seeking behaviors we

consider. In contrast, variation in trust in health insurers is much less associated with care-seeking behavior.

However, trust in the Centers for Disease Control and Prevention (CDC) has a strong association with the

uptake of flu shots. Lastly, we find no di↵erences in the relationship between trust and care-seeking behavior

between Black and White respondents, but we do find important di↵erences by age and political beliefs. For

example, conditional on observable characteristics, low-trust registered Republicans are 21 percentage points

more likely to be unvaccinated against COVID-19 relative to low-trust registered Democrats, but high-trust

Republicans are 4.3 percentage points less likely to be unvaccinated relative to high-trust Democrats.

The associations that we document are robust to a rich set of controls. Specifically, our regressions include

controls for education, income, and health insurance coverage, which suggests that the association between low

trust and reduced health care-seeking behavior is more indicative of a reduced willingness to seek care rather

than an inability to access care. Moreover, standard bounding exercises (Oster, 2019) suggest that selection on

unobserved factors would need to be dramatically higher than the selection on our rich set of observed controls

to nullify the relationship between trust and care-seeking. Because random variation in trust is di�cult to

generate, especially given that trust is produced over a long period of time, we interpret our results as providing

strong evidence that cross-sectional variation in trust significantly explains care-seeking behavior and that our

results are not likely driven by unobserved factors or reverse causality.

Our work contributes to three main strands of literature: the literature that focuses on the role and im-

plications of trust in economic behavior; the work in economics and public health devoted to understanding

the determinants of (and disparities in) health and health care-seeking behavior; and the literature, mostly

from public health, on trust in physicians and the health system. Most of the economics literature on trust

2We also find significant correlations between trust and perceived value of life, insurance status, and individual levels of patience
and time inconsistency. We discuss these results in detail in Section 3.

2



investigates the relationship between aggregate levels of trust (viewed as a component of “social capital”) and

economic activity,3 or studies the determinants of trusting behavior in the laboratory.4 Our paper joins a much

more limited stream that considers trust as an individual-level trait and studies it outside of the laboratory.

For example, Alesina & La Ferrara (2002) use individual-level data from the US to describe the correlates of

individuals’ overall level of trust in others, and Butler et al. (2016) study the relationship between individual

trust and economic outcomes (income) using cross-country data from Europe. Additionally, research by Guiso,

Sapienza, and Zingales (Guiso et al. (2008), Guiso et al. (2013)) focused on trust in financial institutions, pro-

viding insights into how trust impacts interactions with and perceptions of these institutions.5 Similar to our

approach, these authors use surveys to measure trust, and view individuals’ trust at a given point in time as a

pre-determined trait possibly influencing behavior.6

An extensive amount of research in the social sciences has explored the factors a↵ecting health, especially

health disparities (Marmot, 2005). In the field of economics, significant attention has been given to the impact

of education, income, and race on health. Income and education have been found to be strong predictors of

health outcomes (see, e.g., Deaton (2002), Chetty et al. (2016), Lleras-Muney (2022) and references therein);

this occurs through many channels, including the influence of these factors on health care utilization. One

contribution of our study is to assess how trust, as a factor related to care-seeking behavior, compares in

magnitude to other more extensively researched determinants like income and education. There is also a large

literature on health disparities by race in the U.S., linked to such factors as unequal access to health care and

discrimination.7 This body of work highlights how historical injustices, such as the Tuskegee Syphilis Study,

have ingrained a deep-seated mistrust in the healthcare system among African Americans (See Washington

(2006), Halbert et al. (2006), LaVeist (2011) and, more recently, Alsan & Wanamaker (2018)). More broadly,

numerous papers in the public health and medical literature explore trust in health care. The focus primarily

lies on patients and their trust in providers, specifically physicians and nurses, and the association of this trust

with health-related behaviors and outcomes.8

The scarcity of economics research specifically addressing trust in health care represents a notable gap in the

3Putnam & Helliwell (1995) showed that di↵erent levels of trust explained a large share of historical di↵erences in economic
development in Italy. Similarly, Fukuyama (1996) argued that di↵erences in aggregate trust explain cross-country di↵erences in
economic success. Knack & Keefer (1997) and Zak & Knack (2001) find associations between trust and GDP growth rates, Guiso
et al. (2008) find that greater trust correlates with the size of a country’s stock market, and Guiso et al. (2009) find that bilateral
trust correlates with cross-country trade patterns.

4The experimental literature on trust received significant momentum from two foundational papers by Camerer & Weigelt (1988)
and Berg et al. (1995). These works employed the “trust game” and the “investment game,” respectively, setting the stage for a
wealth of subsequent research. Comprehensive reviews of this extensive body of literature can be found in works by Bohnet (2010)
and Camerer (2011).

5Sapienza and Zingales have developed the Financial Trust Index (http://www.financialtrustindex.org/index.htm), a tool de-
signed to measure and track the confidence of Americans in the financial sector and its institutions. This index provides insights into
the evolving perceptions and attitudes of the public towards banks, stock markets, and other financial entities, reflecting broader
trends in trust and confidence in the financial system. We are grateful to them for sharing their survey instrument, which informed
the design and structure of our own survey.

6Glaeser et al. (2002) propose an economic approach where investment in trust (social capital) by individual members of society
is a rational decision based on expected cost-benefit calculations influenced by past experience.

7See, e.g., Balsa & McGuire (2001), Nazroo (2003), LaVeist et al. (2011), Chetty et al. (2016), Bailey et al. (2017), and Bailey
et al. (2021).

8See, e.g., Mechanic & Schlesinger (1996), Blendon et al. (2014), Khullar (2019). For a review of the literature on the determinants
of patient trust in health care providers, see Murray & McCrone (2015). For a recent overview of current issues related to trust in
health care in the United States, see Baker (2020) and the six Viewpoints published in the same issue of JAMA.
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literature. Just as trust in financial institutions has been shown to be a critical factor for the functioning and

stability of financial systems, understanding trust in health care systems and its various actors and institutions

is, arguably, equally important. Trust in health care can impact patient outcomes, potentially influencing the

e↵ectiveness of public health initiatives and the overall e�ciency and equity of health care delivery. It can

shape patient behavior, compliance with medical advice, and the public’s response to health policies and crises.

Therefore, economic research focusing on trust within the health care sector can provide valuable insights,

similar to those gained in the study of financial systems, potentially leading to more e↵ective and equitable

health care systems. Indeed, our results suggest that low trust results in low health care utilization; because

current levels of health care utilization (e.g., vaccination rates, rates of annual check-ups) are below optimal

levels, it appears important to understand trust and its implications for behavior in the health care context.

This paper is structured as follows. In the next section, we present a simple theory of medical care demand,

incorporating trust as a determinant of care-seeking behavior. Section 3 describes our survey and presents our

results. Section 4 concludes with a discussion of the implications of our findings for both future research and

policy.

2 Seeking Care and Trust

We propose a theory of elective medical care demand in which an individual trades o↵ both current consumption

and the disutility associated with medical care for the potential, but uncertain, health transformation that

medical care o↵ers. Individuals seek care if the expected health benefits are greater than the contemporaneous

costs. If we define trust as the belief that another person or institution will behave in a way that is beneficial

to us, thus permitting their advice or actions to influence our welfare,9 it follows that those who completely

trust the health care system are likely to form di↵erent expectations regarding the transformative properties

of medical care on health relative to distrustful individuals. Similarly, those who are distrustful of health care

will likely experience larger disutility from a medical visit relative to those who are completely trusting. The

theory yields several testable implications that guide our survey and empirical work.

Consider a two-period model of care seeking in which an individual enters period one in health state h1 2 R,
where higher h indicates better health. Based on h1, an individual makes the binary medical care decision

denoted m1 2 {0, 1}. Medical care is costly both in a pecuniary sense through price pm, but also in a disutility

sense, which captures the potential for hassle, pain, discrimination, shame, and other non-monetary burdens

possibly associated with visiting a physician. The disutility term may also simply capture the stress associated

with uncertainty surrounding the experience.10 The benefit of medical care is the transformative e↵ect of care

on health, which implies that the demand for medical care is in fact a derived demand for health (Arrow, 1963;

Grossman, 1972). Let the state transition function between periods one and two be f(h2|h1,m1), where the

evolution of health depends on the period one medical care decision. To make the optimal medical care decision,

an individual must forecast the evolution of health conditional on medical care and current health h1. Finally,

9This definition combines those of Gambetta (2000), Sobel (2002), Sapienza & Zingales (2012) and Sapienza et al. (2013).
10However, it’s important to note that both in our theoretical framework and in the survey, we also accommodate the possibility

that individuals may derive utility, for example, experiencing comfort, reassurance, or other positive e↵ects from their interactions
with physicians.
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for simplicity, we assume a static budget constraint and exogenous income It.

Let utility in period one be a function of composite consumption C1 and health h1.11 Wemake the simplifying

assumption that the disutility of medical care term, �(m1), is additively separable from other utility and equal

to zero in the event of no care (i.e., �(m1 = 0) = 0). Under this structure, after substituting the budget

constraint, the value of health state h1 in period one is:

V (h1) = max
m1

⇣
u(I1 � pmm1, h1)� �(m1) + �EV (h2)

⌘
. (1)

Assuming that the price of consumption is $1, an individual receives utility from income net of the pecuniary

medical care price, pm, health, and direct (dis)utility from receiving care �(m1). The final term in Equation 1

is the discounted expected value of future utility taken over the distribution of health, where � represents the

discount factor. In this model, it is optimal to seek care if and only if:

�
⇣
EV (h2|m1 = 1)� EV (h2|m1 = 0)

| {z }
Marginal Benefit of Care

⌘
>

⇣
u(I1, h1)� u(I1 � pm, h1) + �

⌘

| {z }
Marginal Cost of Care

. (2)

Medical care potentially improves health via the state transition function f(.), and improved health is valuable

via future utility. Thus, the marginal benefit of care is the change in discounted expected utility generated

through f(.), and the marginal cost of care is the loss of utility associated with a reduction in general consump-

tion plus the disutility of receiving care �.

2.1 Incorporating Trust

Our simple model yields important insights into the care-seeking decision as well as the role of trust in health

care settings. In particular, Equation 2 highlights two economic mechanisms behind care-seeking behavior that

relate to the economic concept of trust. First, the marginal benefit of care depends on an individual’s beliefs

regarding future health conditional on medical care. To incorporate trust, we define:

Ẽ
⇣
V (h2|m1, T )

⌘
=

Z
f̃(h2|h1,m1, T )V (h2)dh2,

where the discounted expected value of future utility is allowed to vary by trust (T 2 {0, 1}) through the

subjective probability distribution of health conditional on medical care, f̃(h2|h1,m1, T ). Trusting and/or

non-trusting individuals may or may not have rational expectations regarding the distribution of future health

conditional on medical care, and we emphasize that f̃ represents subjective beliefs. We hypothesize that trusting

individuals may hold beliefs on the distribution of health with medical care that stochastically dominate the

beliefs held by non-trusting individuals. That is, for a given level of health h1, trusting individuals may

subjectively feel that the transformative power of medical care is greater relative to non-trusting individuals.

11In the canonical Grossman (1972) model, health has both a consumption and investment component. In our case, the consump-
tion rationale is su�cient to generate the empirical predictions we take to the survey data. Halliday et al. (2019) suggest health is
predominantly a consumption good after the age of 62 and that a consumption motive for health investment is needed to explain
the increase in health care expenditures later in life.
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If so, then the marginal benefit of care is larger for trusting individuals and, all else equal, they are more likely

to seek care.

Second, as discussed above, the economic literature highlights how the experience of a transaction may

depend on trust. In our model, the experience of a physician visit is captured through the disutility term,

which we allow to vary by trust, �(T ). We hypothesize that trusting individuals may be more comfortable, and

thus experience less disutility, as patients in clinical settings, which would imply that the marginal cost of care

is smaller and that trusting individuals would be more likely to seek care.

We rewrite Equation 2, indexing the relevant mechanisms by trust:

�
⇣
ẼV (h2|m1 = 1, T )� ẼV (h2|m1 = 0, T )

| {z }
Marginal Benefit of Care

⌘
>

⇣
u(I1, h1)� u(I1 � pm, h1) + �(T ))

⌘

| {z }
Marginal Cost of Care

. (3)

Trust is related to care decisions because it can shift the marginal benefit of care (through beliefs), the marginal

cost of care (through disutility), or both. Trust may also be correlated with other economic mechanisms that

drive care-seeking behavior. For example, the value of life, V (h), may be correlated with trust through the

dynamics of health—contemporaneous health is a function of past health, past health depends on past care

decisions, and past care decisions depend on trust. However, conditional on contemporaneous health, it is not

clear how the value of life would vary by trust in health care. Similarly, if trusting individuals are more likely

to have employer-sponsored insurance, then trust and medical care prices would be correlated. Finally, because

the benefits of care are realized in the future, correlation between trust and time preferences, either the degree

of patience or the (unmodeled) degree of time consistency, may generate di↵erent patterns of care by trust.

3 Data and Results

Individual-level data on care-seeking behavior and levels of trust are rare in nationally representative sources

of data. Rarer still are data that also measure mechanisms that drive behavior, including beliefs about the

impacts of medical care on health and the perceived disutility associated with a physician visit. As a result,

we follow a burgeoning survey research tradition within economics (Stantcheva, 2023) to measure behavior,

trust, and mechanisms relevant to our theory. With these data, we begin by measuring trust, both through

direct survey questions and through textual analysis of open-ended responses. Next, we relate trust to a rich

set of individual-level socioeconomic and demographic characteristics. Then, we explore unconditional and

conditional relationships between trust and behavior, including heterogeneity in these relationships. Finally, we

explore the mechanisms through which trust operates.

3.1 The Trust Survey

Our data come from a contract with Social Science Research Solutions (SSRS), a survey research firm that

conducts national, probability-based surveys twice per month. Our survey ran from July 21st, 2023, through

July 24, 2023, among a sample of 1,235 respondents. SSRS recruited participants randomly based on a nationally

representative address-based sampling design. The sample was representative with respect to age, gender, race
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and ethnicity, education, Census region, political party registration, and language. We also over-sampled Blacks

and Hispanics to ensure su�cient sample sizes of these groups. Of the 1,235 respondents, 96% completed the

survey on the Internet, with the remainder by telephone. We use SSRS-provided survey weights throughout

our analysis. We trimmed our final estimation sample to 1,115 respondents who provided complete surveys

with no missing responses. In Appendix Table 1, we show that our main trust and economic measures do not

systematically vary by sample inclusion. As a summary measure of our analysis of missing values, the p-value

on the t-test of equal mean survey weights between those in our final sample (n=1,115) and those omitted for

missing values (n=120) is 0.529. Appendix Table 2 shows that survey-weighted means of selected demographic

characteristics are very close to survey-weighted means from the 2021 American Community Survey.

3.2 Evidence on Trust in the Health Care System

3.2.1 Overall Trust: Data and Textual Analysis

To measure overall trust, we asked respondents the following question on a 0 (No Trust) to 10 (Complete Trust)

scale:

How much do you TRUST the US health care system as a whole?

Figure 1 presents the weighted distribution of responses to this question, where we construct frequency weights

by multiplying the probability survey weight by 100 and using only the integer value (Heeringa et al., 2010).

The overall mean of this question was 5.72. To classify our sample participants based on their varying degrees of

trust in the health care system, we break the distribution of overall trust into quartiles based on this distribution,

which are highlighted in Figure 1 by the three vertical lines. The quartiles of trust are [0,4], [5,6], [7], [8,10],

where the last quartile represents the highest level of trust.

In this paper, we take trust at a point in time as given, and we study how cross-sectional variation in

trust, both overall and in specific sectors of the health economy, relates to variation in care-seeking behavior.

A separate and important issue is the production of trust, which requires a dynamic, life-cycle perspective

that is beyond the scope of this paper. Instead, to gain some context on how Americans conceptualize the

notion of trust in health care institutions, we followed our overall trust question, depicted in Figure 1, with

an open-ended field requesting a brief explanation of their answer. Figure 2 presents a word cloud from these

answers, visualizing the frequency of words used by respondents when explaining their trust levels in the overall

health care system.12 The most prominent words, which are larger and more central, include “doctor” and

“people,” indicating these were mentioned most often. Other significant words such as “insurance”, “money,”

“expensive,” and “cost” suggest concerns or considerations about the economics of health care. Words like

”good,” “feel,” and “need” reflect personal sentiments and perceived necessities regarding the system.

To obtain insights into the determinants of trust in the health care system, we utilized ChatGPT to analyze

the comments, sorting them into thematic domains.13 Figure 3 displays the results of a multiple regression using

12The algorithm used to produce the word cloud excluded common stopwords as well as the following words, which were included
in the survey question: “health”, “care”, “healthcare”, “trust”, “system”, and “US”.

13The domains identified and the methods employed by ChatGPT to classify the comments are listed and described in the
appendix.
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overall trust as the dependent variable, scaled from 0 to 10, against indicators for comments within each domain.

The figure shows domains on the y-axis and the estimated coe�cient values on the x-axis. A red vertical line

marks the zero point, indicating no correlation between the presence of a given theme in the comments and

the respondents’ expressed overall trust. Points to the left of this line represent a negative association with

trust, while points to the right indicate a positive association. Notably, “Communication” has a coe�cient

of about -2, suggesting that respondents who discussed communication issues generally had lower trust levels

in the healthcare system. Similarly, “Financial Motivations” is also to the left, and more precisely estimated,

indicating an association with lower trust. On the other hand, “Personal Experiences” and “Patient Safety”

are on the positive side of the spectrum, denoting that mentions of these domains were linked to higher trust

levels in the healthcare system.

3.2.2 Sector Specific Trust

We followed the overall health care system trust questions with similar trust questions for several distinct sectors

of the health care system and, for reference, the US Government. We uncovered substantial variation in trust

across these institutions. Histograms and quartile cut points of the sector-specific trust questions are shown in

Figures 4 and 5.14 The survey revealed that entities such as nurses and doctors are highly trusted, with mean

trust ratings of 7.26 and 6.81, respectively. On the other hand, health insurance companies and pharmaceutical

companies are among the least trusted, with mean trust ratings of 4.27 and 4.10. This disparity in trust levels

reflects shifts in the overall distributions of scores. For example, sectors with lower trust tend to have a large

proportion of ‘zero’ scores, pointing to a complete lack of trust by some survey respondents. Conversely, the

more trusted sectors, like nurses and doctors, often received top scores of ‘9’ and ‘10’, reflecting high levels of

public confidence.

We focus on the overall health care system trust question to establish how trust a↵ects care giving. In Section

3.6, we return to the sector-specific care distributions to investigate heterogeneity in trust and behaviors (e.g.,

how trust in public health agencies such as the CDC a↵ects vaccination rates).

3.2.3 Demographic and Socioeconomic Correlates of Trust

Tables 1 and 2 present summary statistics on demographic and socioeconomic characteristics, both overall and

by the overall trust quartile. To test how each characteristic varies by overall trust, we regress each variable

on indicator variables for the highest three trust quartiles, and we report the p-value on the F-test that these

three coe�cients are zero. Here, we describe a set of relevant findings, focusing, for simplicity of exposition, on

comparisons between the two extreme quartiles of trust in the health system.

In Table 1, in our final estimation sample of 1,115 respondents, age is significantly increasing in trust. The

mean age of respondents in the highest quartile of trust is over ten years older (53.4 vs. 43.3) relative to the

lowest trust quartile. For females, 56.7% are represented in the lowest trust group, dropping to 50.5% in the

highest. Conversely, those identifying as “Other Gender” constitute 1.7% in the least trusting group but are

14Appendix Table 4 presents the overall mean for each sector-specific trust variable, as well as the mean sector-specific trust level
in each quartile of the overall trust question from Figure 1.
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absent in the most trusting (though these individuals represent only a few observations in the data). The share

of Black respondents is increasing in trust (0.10 in the lowest quartile; 0.153 in the highest quartile). The share

on respondents in the highest trust quartile who claim that their health is “excellent” is significantly higher

than in the lowest trust quartile (0.147 vs. 0.089). Finally, while there are not significant di↵erences in the

incidence of many chronic health conditions by trust, self-reported anxiety and/or depression is significantly

decreasing in trust.

Table 2 presents similar statistics on socioeconomic characteristics. Looking at education, there are not

statistically significant di↵erent proportions of various highest education groups by trust; however, there is a

significantly lower percentage of college graduates (or more) at 29.4% in the lowest trust quartile, compared

to 34.8% in the most trusting group. With respect to income, earnings are hump-shaped in trust, with the

highest proportion of high earners in the third quartile of trust. Among full-time employees, 46.9% are in the

lowest trust quartile, contrasting with a lower 37.4% in the highest trust group. Conversely, retirees make up

13.6% of the least trusting bracket, but this percentage rises significantly to 34.4% in the most trusting quartile.

With respect to geography, the fraction of respondents living in a non-metro area is significantly falling in trust.

Finally, the share of self-reported Democrats is dramatically higher in the highest trust quartile relative to the

lowest quartile (0.459 vs. 0.207).

To the extent that the characteristics in Tables 1 and 2 are predictive of care-seeking behavior, evidence

from these tables suggest that controlling for demographic and socioeconomic characteristics in a regression of

care-seeking behavior on trust may significantly change the estimated coe�cients on trust.

3.2.4 Trust and Care-Seeking Behavior: Correlations

To investigate the role of trust in patient behavior, we asked respondents a series of retrospective and anticipated

medical care questions, including measures related to receiving a flu shot, an annual physical examination, filling

a prescription, and the COVID-19 vaccine. These inquiries are specifically focused on preventive, non-emergency

health care behaviors. We focus on these areas as utilization for acute, urgent care often leaves individuals with

little to no choice, rendering it less e↵ective for assessing the role of trust in care-seeking behavior.

Table 3 shows the relationships between individuals’ past and anticipated health behaviors (weighted means)

and their overall levels of trust in the health care system, measured across four quartiles. A sharp relationship

is evident between receiving a flu shot and attending check-ups with increasing levels of trust. Specifically, the

average percentage of individuals who received a flu shot in the last year is 48% overall, with a stark increase

from 35.5% in the quartile with the lowest trust to 68.4% in the highest trust quartile. The pattern for receiving

a check-up in the past year is similar, rising from 64.8% in the lowest trust quartile to 78.7% in the highest.

However, this trend does not hold for filling prescriptions, where the relationship is less pronounced and does

not show a significant increase with trust levels; the averages range more narrowly from 71.2% to 75.5% across

the trust quartiles. The anticipated behavior for getting a flu shot and going for a check-up also indicates a

positive correlation with trust levels, with the intention to get a flu shot ranging from 32.6% in the lowest trust

quartile to 66.7% in the highest. Similarly, for check-ups, the average anticipation rate increases from 67.4% in

the lowest quartile to 85.3% in the highest. For COVID-19 vaccine status, the data again show a pronounced
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di↵erence based on trust levels: only 19.6% of individuals in the lowest trust quartile are fully vaccinated (as

defined by receiving both base shots plus at least one booster) compared to 66.4% in the highest trust quartile.

Concurrently, there’s a noticeable decrease in the proportion of unvaccinated individuals as trust increases,

reinforcing the strong correlation between trust in the healthcare system and the likelihood of being vaccinated.

Figure 6 displays anticipated health behaviors, again sorted by overall trust in the health care system (6a

and 6c) and, for comparison, by annual income brackets (6b and 6d). The figure shows that the associations

between higher trust levels—or higher income—and the likelihood of engaging in health-maintaining behaviors

such as getting a flu shot or an annual check-up (6a. and 6b.) are directionally similar. Both trust and income

show an increase in positive health behaviors with higher levels, although the association by income is less

dramatic.15 The pattern of COVID-19 vaccination status (6c. and 6d.) also reflects this trend, with higher

proportions of fully vaccinated individuals (and a lower proportion of unvaccinated) in the higher quartiles of

trust and income, although the gradient is, again, steeper for trust.

These patterns suggest a positive association between trust and health care utilization similar in magnitude

to the association between income and utilization. Analyzing this relationship important because it underscores

the potential of trust as a meaningful factor in health care engagement, akin to economic capability.

3.2.5 Theoretical Channels: Beliefs and Disutility

Table 3 and Figure 6 provide unconditional evidence that trust may be an important driver of care-seeking

behavior. Our theory says that such behavior should depend on several mechanisms and that trust may

operate through two of them: beliefs and disutility. Here, we emphasize that a key feature of our survey is the

measurement of these mechanisms. To measure subjective beliefs about the transformative nature of medical

care, we asked respondents:

In your opinion, does your local health care system have the resources and expertise to manage your

health e↵ectively?

Respondents were posed this question on a 0 to 10 scale, where 10 represents the greatest belief in the local

health care system to manage health. The question is framed relative to one’s own health needs and challenges.

Table 3 shows that the mean of this question is 6.415 and that the mean belief is monotonically increasing in

trust (4.258 in the lowest quartile; 8.249 in the highest quartile). Next, to measure the experience of care, using

a Likert scale from 1 (very pleasant) to 5 (very unpleasant), we ask respondents:

Please rate how pleasant or unpleasant you find going to see a doctor.

We capture the disutility of care with the mean proportion of respondents who answer either unpleasant or

very unpleasant. The mean in Table 3 is 0.185, and this mean is monotonically decreasing in trust (0.378 in

the lowest quartile; 0.058 in the highest quartile). Evidence in Table 3 suggests that trust is strongly related to

both belief and disutility mechanisms, as measured in our survey.

As noted above, trust may also be correlated with other mechanisms that drive care-seeking behavior. To

capture potential price e↵ects, we measure the share of respondents who lack health insurance. As shown in

15Patterns for retrospective flu shots and annual physicals over the past year are similar.
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Table 3, this share is significantly decreasing in trust. We measure the value of life (i.e., V (h)) with a standard

risk reduction question. Specifically, we ask:

Consider a hypothetical medical innovation that could reduce your annual risk of death by 1%. How

much would you be willing to pay per year for this treatment?

A significant fraction of individuals (0.392) entered a value of $0 to this question. Thus, in Table 3, we present

both the fraction of non-zero responses and the log of the entered dollar value conditional on this value being

greater than zero. Both terms are increasing in trust. On the extensive margin, the fraction with non-zero

answer increases from 0.497 in the lowest trust quartile to 0.687 in the highest quartile. Similarly, the dollar

value conditional on it being positive increases by roughly 40% between lowest and higher quartile.

We also measure respondents’ time preferences with two questions about intertemporal tradeo↵s. Specifi-

cally, we ask respondents:

Suppose you have won a prize of $1000, which you can claim immediately. However, you have the

alternative of waiting one year to claim the prize. If you do wait, you will receive more than $1000.

What is the smallest amount of money, in addition to the $1000, you would have to receive one year

from now to convince you to wait rather than claim the prize now?

We further ask respondents the same question, replacing the time frame from one year to one month. We

randomized the order in which these questions were asked. Courtemanche et al. (2015) show how one can

solve for both the standard discount rate as well as the extent to which individuals are present biased using

responses to these questions. Using their notation, � captures the discount rate and � measures the degree of

time consistency. Higher values of discount rate � imply more patience; values of � closer to one imply less

present bias (more time consistency). In the last two rows of Table 3, we show that patience is increasing in

trust (� = 0.683 in the lowest quartile; � = 0.810 in the highest quartile), and that time consistency is increasing

in trust (� = 0.639 in the lowest quartile; � = 0.727 in the highest quartile).

3.3 Trust and Care-Seeking Behavior: Regression Analyses

To investigate the role of trust in care-seeking more formally, we estimate a series of regressions of the form:

yi = ↵0 + ↵11[Second Quartile] + ↵21[Third Quartile] + ↵31[Highest Quartile] +Xi✓ + ✏i, (4)

where yi represents a given retrospective or anticipated behavior of individual i. The ↵ coe�cients capture

how the mean behavior changes in each trust quartile relative to the lowest quartile, and Xi captures control

variables. In all regressions, our set of controls in Xi include age, gender, education, race and ethnicity, income,

marital status, employment, subjective health, objective health conditions, geography, and political a�liation.

While we do not claim that trust is exogenous, Equation 4 can be interpreted as a reduced-form of our economic

model because the economic mechanisms for behavior (i.e., beliefs and disutility) are omitted.16 Our goal in

16In Section 3.4 below, we estimate a version of Equation 4 that includes controls for beliefs and disutility and we discuss the
implications for the interpretation of our results.
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Equation 4 is twofold. First, we test whether the correlations in Table 3 and Figure 6 still hold after controlling

for X. Second, we more formally gauge the importance of trust relative to other characteristics such as income

and education, for which there is a large economics literature on care-seeking.

Table 4 presents results of the ↵ coe�cients, along with coe�cients on education and household income

indicators, for each retrospective and anticipated behavior. Reported coe�cients for each behavior are from the

same regression. Again, focusing on the highest quartile of trust relative to the lowest, high trust individuals are

24.8 percentage points (pp) more likely to have received a flu shot in the past year (p < 0.01); 7.2pp more likely

to have received a check-up (p < 0.1); and no more likely to have filled a prescription. High trust individuals

are 26.1pp more likely to state they will receive a flu shot in the coming year (p < 0.01), and they are 12.9pp

more likely to state they will go for a check-up (p < 0.01); high trust individuals are 16.8pp less likely to be

unvaccinated against COVID-19 (p < 0.01), and they are 17.8pp more likely to have received two COVID-19

vaccine shots and one booster shot (i.e., fully vaccinated) (p < 0.01). Relative to education, the coe�cients

on trust are of comparable magnitude. For example, with the exception of past year prescription, relative to

respondents with less than a high school degree, those with a college degree are 30.2pp more likely to get a

flu shot in the next year (p < 0.01) and 13.4pp more likely to get a check-up(p < 0.10); and they are 9.3pp

less likely to be unvaccinated against COVID-19 (statistically insignificant) and 16.3pp more likely to be fully

vaccinated (p < 0.05). In most cases, the magnitudes of the trust variables are as large or larger than those

on income. The notable exception are prescriptions, where respondents with income over $100k/year are 9.8pp

more likely to have received a prescription in the past year (p < 0.05).

To assess the role of unobserved heterogeneity in explaining behavior, in Table 4, we also report estimates

of �, the degree of proportional selection generated by unobserved variables that would be required to nullify

the coe�cient on the highest (fourth) trust quartile (Oster, 2019). For example, with respect to the past year

check-up, selection on unobservables would need to be 3.211 times higher than the selection on our rich set of

observed controls. Estimates of � range from 2.228 to 6.985. These estimates were generated assuming that

the maximum r-squared is 1.3 times the r-squared from our regressions that control for Xi. It is important

to re-emphasize that these regressions include controls for variables such as education, income, and insurance

status. Netting out the e↵ects of these controls suggest that the trust coe�cients are more indicative of a

di↵erential willingness to seek care rather than (in)ability to access care.

3.4 Behavior and Mechanisms

In our second set of regressions, reported in Table 5, we estimate the relationship between care-seeking behaviors

and the hypothesized mechanisms, as outlined in the model in Section 2. Specifically, we estimate:

yi = ✓0 +
5X

j=1

✓jMi +Xi✓ + ✏i, (5)

where yi represents behavior of individual i, ✓1 and ✓2 are parameters on our hypothesized mechanisms through

which trust a↵ects care-seeking behavior (i.e., beliefs about the system’s e↵ectiveness at managing one’s health

and disutility of doctor’s visits), ✓3 � ✓5 are parameters on the additional drivers of care-seeking behavior (i.e.,
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value of life, medical prices, and time preferences), and X represents the same set of controls listed above.

We proxy for out-of-pocket medical prices with whether an individual has health insurance. Again, for each

behavior, coe�cients reported in Table 5 are from the same regression. Importantly, in estimating equation (5)

we omit our trust variables because these variables work through the proposed mechanisms (i.e., beliefs and

disutility).

We find that a one-point increase in the beliefs (resources and expertise) question is positively associated

with the three past year behaviors, resulting in a 2.5pp increase in receiving a flu shot (p < 0.01), a 1.6pp

increase in attending a check-up (p < 0.01), and a 1.7pp increase in having a prescription filled (p < 0.01). A

higher response to the resources and expertise question is also positively associated with planned future health

behaviors; specifically, it is associated with a 3.5pp increase in the probability of receiving the flu shot next

year (p < 0.01) and a 2.9pp increase in planning to attend a check-up next year (p < 0.01). An increase in

the resources and expertise question is also correlated with a change in COVID-19 vaccination status: a 1.7pp

decrease in the probability of not being vaccinated (p < 0.01) and a 1.8pp increase in the likelihood of being

fully vaccinated (p < 0.01).

Turning to our measure of disutility associated with seeing a doctor, we find that claiming a visit to be

unpleasant or very unpleasant is associated with a 9.0pp decrease in the probability of having taken a flu

shot in the past year (p < 0.05), a 5.9pp decrease in the probability of having had a check-up (statistically

insignificant), and a 4.4pp increase in the probability of having had a prescription (statistically insignificant).

Regarding planned behaviors for the next year, the disutility variable is associated with an 8.3pp decrease in the

probability of planning to get a flu shot (p < 0.05) and a 4.6pp decrease in the likelihood of planning a check-up

(statistically insignificant). The unpleasant variable also corresponds to a 1.3pp decrease in the probability

of being fully vaccinated (p < 0.01), while its impact on the likelihood of not being vaccinated is statistically

insignificant.

We also find some support that the other mechanisms predict care-seeking behavior. Having non-zero

response to the value of life question (i.e., non-zero willingness to pay to adopt a health technology that reduces

one’s annual risk of death by one percent) is associated with a slightly higher likelihood of being fully vaccinated

against COVID-19. Not surprisingly, being uninsured, which we use as a proxy for the price of medical care in

our theory, exhibits a strong negative association with several health behaviors. It is associated with a 15.6pp

reduction in past flu shot (p < 0.01), a 9.1pp reduction in past check-up (statistically insignificant), and a

11.5pp reduction ((p < 0.05)) in past year prescriptions. It is also associated with an 8.9pp reduction (p < 0.10)

in being fully vaccinated against COVID-19. However, the estimated coe�cients for the behaviors planned for

the next year are statistically insignificant. Our measure of patience is significantly associated with some but

not all health behaviors. A one-unit increase in the discount factor corresponds to a 6.4pp decrease in the

probability of having had a check-up in the past year (p < 0.05), a 6.2pp decrease in the likelihood of planning

a check-up for the next year (p < 0.05), and a 5.3pp reduction in the likelihood of being fully vaccinated against

COVID-19. Other than these, the coe�cients related to this variable did not achieve statistical significance.

Lastly, a one-unit increase in �, which implies less present orientation, is associated with an 11.6pp increase in

the probability of intending to get a flu shot in the next year (p < 0.1). Nevertheless, the remaining coe�cients
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for this variable are statistically insignificant, indicating no significant association with the other measured

behaviors.

In Table 6, we report estimates from versions of our reduced-form regression (Equation 4) without (first

panel) and with controls for health insurance, value of life and time preferences (second panel), and with

additional controls for our measures of beliefs and disutility (third panel). Our objective is to test the robustness

of the estimated coe�cients on trust. By systematically adding these controls, we aim to discern whether

the observed relationship between trust and care-seeking behavior persists under various specifications. This

approach allows us to assess the stability of the trust coe�cients and understand the potential mediating e↵ects

of these additional variables on the trust-behavior link.

The results from Table 6 show that when additional controls for beliefs and disutility are included in

the regression (as seen in the third panel), the estimated coe�cients on the trust indicators are significantly

attenuated. This result is consistent with the prediction of our model, which posits that trust influences care-

seeking behavior through these mechanisms. The significant reduction in the magnitude of the trust coe�cients

suggests that a considerable portion of the impact of trust on care-seeking behavior can be attributed to

individual beliefs about the system’s e↵ectiveness and the perceived disutility of doctor’s visits. However, the

e↵ects of trust are not similarly attenuated in the regression that omits beliefs and disutility but does include

controls for health insurance, value of life, and time preferences (panel two). In panel two, the magnitude and

statistical significance of the trust coe�cients remain largely unchanged compared to the baseline model without

these controls (first panel). This indicates that while health insurance, value of life, and time preferences are

important factors in their own right, they do not appear to mediate the relationship between trust and care-

seeking behavior in the same way that beliefs and disutility do. In summary, the results from Table 6 and Table

7 support the notion that beliefs and disutility are important pathways through which trust a↵ects care-seeking

behavior.

3.5 Heterogeneity by race, age, and political orientation

Based on literature cited above, we also study how the ↵ coe�cients in Equation 4 vary by three characteristics:

race, age, and political a�liation. In Table 7, we report interaction e↵ects from separate regressions (but

conditional on Xi) for Blacks, defined as non-Hispanic Black Americans, and for females, relative to males and

those responding other. The Table shows no significant di↵erences in any of the care-seeking behaviors for

Black respondents relative to all other respondents, either in the correlations with trust or among the lowest

trust group. We find similarly null e↵ects in di↵erences in the trust/behavior relationship for females relative

to males and other genders. The exception is that, within the lowest trust quartile, females are significantly

more likely (13.5pp) to have received a flu shot and filled a prescription (19pp). However, within this group,

females are also more likely (10pp) to be unvaccinated against COVID-19.

Table 8 allows the correlations to vary by a dummy variable for being over the age of 65. Here, we find

important di↵erences in COVID-19 vaccination behavior by trust and age. For example, the lowest trust quartile

elderly (65+) are more likely to be unvaccinated by 23.1pp relative to low-trust nonelderly. For all respondents,

the likelihood of being unvaccinated decreases in trust, but it does so more rapidly for the elderly. In Table
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8, we find nearly identical patterns for registered Republicans relative to Democrats and those registered as

Independents or una�liated.

3.6 Sector-Specific Trust and Care-Seeking Behaviors

Next, we return to the question how trust in di↵erent sectors of the health care economy relate to care-seeking

behaviors. In Tables 9 and 10, we present estimates of the ↵ coe�cients in Equation 4 from separate regressions

in which we replace the overall trust quartile dummy variables with quartile dummy variables of trust in specific

sectors of the health care economy (e.g., doctors). The distributions of trust, presented in Figures 4 and 5, show

substantial variation in subjective trust within the health care system, and our goal here is to explore how that

variation relates to care-seeking behavior.

In Table 9, trust in doctors, nurses, and hospitals are all significantly related to all three types of behaviors,

with the exception of retrospective prescriptions. Generally, the magnitudes of these e↵ects are similar. The

notable exception in Table 9 is trust in health insurance companies, which does not relate significantly to any of

our measured behaviors. That is, those expressing trust in health insurance companies are a.) not those express-

ing trust in other institutions and b.) are not more likely to seek care. If trust in health insurance companies

reflects a belief in payment reimbursement, then these results suggest that the prospect of significant financial

expenditures is not what drives care-seeking. In contrast, trust in Medicare, shown in Table 5 does significantly

predict care-seeking. Heterogeneity by trust in Medicare may simply reflect the age e↵ects documented in Table

8, or it may reflect di↵erent perceptions in Medicare relative to private insurance companies.

Also notable in Table 10, we find dramatically larger e↵ects with respect to the flu shot and COVID-19

vaccination status for trust in the CDC.

4 Conclusion

In this study, we examine the relationship between trust and care-seeking behaviors in the context of health

care. We model care-seeking decisions based on factors that might be influenced by trust. Specifically, we model

the marginal benefit and marginal cost of care and their potential variations across individuals based on their

trust in the healthcare system, highlighting the role of beliefs about the system’s ability to positively a↵ect

one’s health and the disutility of interacting with the system (i.e., disutility from seeing a doctor). Informed by

our theoretical framework, we design a novel survey instrument to measure trust, its determinants, and some

of the health-seeking behaviors (both retrospective and anticipated) it might impact.

We report several novel findings. First, there is a strong association between higher levels of trust and

increased likelihood of care-seeking, both retrospective and anticipated. This relationship holds across a variety

of care scenarios, from routine check-ups to vaccinations. Second, the association between trust and health

care utilization is similar in magnitude to that of income and education, which have received considerable

attention in the literature. Third, our analyses indicate that trust operates through the key mechanisms from

our theoretical framework, namely individuals’ beliefs about the system possessing the capabilities of improving

one’s health and the personal disutility associated with medical visits. Also, while the association between
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trust and health care utilization is similar in magnitude to that of income and education, which have received

considerable attention in the literature, we found that including other drivers of care-seeking behavior such

as ’value of life’, health insurance status, and time preferences are important in their own right but do not

appear to mediate the relationship between trust and care-seeking behavior. Fourth, our investigation into

sector-specific trust underscores the primary importance of providers (doctors, nurses, hospitals) and highlights

a strong association between trust in the CDC and receiving a flu shot. Finally, we also document that the

relationship between trust and care-seeking behavior is similar for both Black and White respondents; however,

we do find significant di↵erences when it comes to age and political a�liation. Importantly, all of these results

are from regressions that include controls for factors such as income, education, and health insurance status,

which allows us to interpret the findings as indicating that low trust reduces people’s willingness to seek care

rather than limited access to care.

Similar to other papers on the economics of trust, our study could not rely on experimental methods to

establish causality. As noted by Durlauf (2002), this is a common limitation in the empirical literature on social

capital due to the di�culty of finding plausibly exogenous shifters of trust outside of laboratory experiments.

However, we have several elements that suggest our findings are robust associations unlikely to be due to reverse

causality or unobserved heterogeneity. First, we used a theoretical model to derive predictions and constructed

a survey to measure empirical counterparts to the relevant theoretical constructs, and our empirical tests show

that reduced-form correlations in the data confirm the model’s predictions. Second, our results are robust to

a rich set of controls proxying for possible confounding factors. Third, under the assumption of proportional

observed and unobserved selection, we report evidence that selection of unobserved variables would need to be

much larger than selection on our rich set of controls for observed heterogeneity for our results to be nullified

(Oster, 2019).

Our findings underscore the significance of trust as not merely an emotional response but a core determinant

shaping individuals’ interactions with the health care system. Trust, as reflected in our findings, likely acts

as both a mediator and a determinant of perceptions, beliefs, and, ultimately, actions. This complex role of

trust manifests concerning patterns, as evidenced by the finding that low trust leads to low use of health care.

This situation is alarming not only because diminished care-seeking results in deteriorating current health but

also because correcting misplaced mistrust, wherein patients do not trust the system even when it would be

warranted, necessitates engagement with the healthcare system (Gambetta, 2000). However, if this engagement

fails to occur, a vicious cycle of persistently low trust ensues, further exacerbating the issue and potentially

leading to chronic patterns of inadequate health care utilization.

One implication for economists is that understanding how trust is produced and sustained in health care and

how it can be restored when low is critically important. Our study suggests that trust likely operates through

beliefs about the system’s capability to be beneficial and the disutility of interacting with it. Future studies

could explore these mechanisms more in detail, delving deeper into the sources of trust disparities across di↵erent

demographic groups. Future work could also study how trust dynamics might shift in response to policy changes

or global health crises. In this respect, longitudinal studies measuring trust and health care-seeking behaviors

can o↵er insights into the long-term e↵ects of trust on health outcomes and system-wide e�ciencies, thus
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contributing to a more robust understanding of the complex interplay between trust and healthcare utilization

over time.

Our findings also have implications for policy. The e↵ectiveness of health policy hinges on individuals seeking

care when needed. However, our results suggest that low trust is a significant barrier to seeking care. Thus,

addressing trust deficits can be instrumental in encouraging appropriate care-seeking behaviors and ultimately

enhancing public health.
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5 Figures

Figure 1: Overall Health Care System Trust

Notes: The distribution of trust in the overall health care system on a scale from 0 (no trust) to 10 (complete trust).
Data are weighted by the frequency of observation, as calculated by the integer value of the probability weight Heeringa
et al. (2010). n = 1, 115
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Figure 2: Trust Word Cloud

Notes: Following the overall trust question in Figure 1, we asked respondents for a brief explanation of their answer.
Figure 2 presents a word cloud of these results. n = 1, 115

21



Figure 3: Drivers of Overall Trust: Evidence from Comments

Notes: Using ChatGPT to process the comments on overall trust, we categorized these comments into domains. Figure
3 presents multiple regression results of the overall trust question (scaled from 0-10) on dummies for comments within
each domain. n = 1, 115
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Figure 4: Sector Specific Trust

a. Doctors b. Nurses

a. Health Insurers b. Hospitals

Notes: The distribution of trust on a scale from 0 (no trust) to 10 (complete trust). Data are weighted by the frequency
of observation, as calculated by the integer value of the probability weight Heeringa et al. (2010). n = 1, 115
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Figure 5: Sector Specific Trust

a. Medicare b. Pharmaceutical Companies

a. CDC b. U.S. Government

Notes: The distribution of trust on a scale from 0 (no trust) to 10 (complete trust). Data are weighted by the frequency
of observation, as calculated by the integer value of the probability weight Heeringa et al. (2010). n = 1, 115
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Figure 6: Behavior by Trust Quartile

a. Anticipated Behavior by Trust b. Anticipated Behavior by Income

c. COVID Vaccine by Trust d. COVID Vaccine by Income

Notes: Proportions of di↵erent prospective behaviors and COVID-19 vaccine states by quartile of the overall health
care system trust question (a. and c.) and observed income personal income bins (b. and d.). Data are weighted using
survey weights to reflect the United States population over the age of 18. n = 1, 115
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6 Tables
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Table 1: Demographic and Health Characteristics by Trust

Quartiles of Overall Trust

Mean Lowest Second Third Highest p-value

Age 47.629 43.318 45.424 49.466 53.399 0.000

Gender

Male 0.477 0.416 0.476 0.535 0.495 0.101

Female 0.517 0.567 0.518 0.465 0.505 0.218

Other 0.006 0.017 0.006 0.000 0.000 0.031

Race/Ethnicity

White 0.599 0.637 0.581 0.630 0.550 0.188

Black 0.135 0.100 0.146 0.145 0.153 0.212

Hispanic 0.182 0.168 0.193 0.128 0.231 0.038

Asian 0.062 0.066 0.055 0.076 0.056 0.813

Other 0.022 0.028 0.026 0.021 0.011 0.576

Martial Status

Married 0.489 0.456 0.471 0.526 0.516 0.393

Single 0.242 0.286 0.267 0.204 0.197 0.066

Divorced 0.101 0.055 0.106 0.092 0.153 0.004

Separated 0.026 0.037 0.019 0.030 0.018 0.574

Widowed 0.027 0.020 0.018 0.021 0.052 0.298

Subjective Health

Excellent 0.092 0.089 0.054 0.084 0.147 0.005

Very Good 0.332 0.261 0.320 0.396 0.367 0.015

Good 0.376 0.398 0.389 0.354 0.356 0.703

Fair 0.164 0.211 0.188 0.132 0.113 0.016

Poor 0.036 0.042 0.049 0.035 0.017 0.131

Objective Health

Cancer 0.055 0.040 0.044 0.055 0.084 0.211

Diabetes 0.211 0.190 0.204 0.210 0.244 0.587

Heart Attack 0.083 0.053 0.086 0.094 0.103 0.148

Stroke 0.023 0.018 0.014 0.044 0.020 0.459

Anx./Depression 0.270 0.329 0.278 0.247 0.217 0.047

Unable to Work 0.061 0.075 0.069 0.048 0.049 0.562
Notes: Table 1 presents the overall means and means within quartiles of the overall trust
question for selected individual characteristics. Trust quartiles correspond to the overall trust
question presented in Figure 1 with cuto↵s of [0,4], [5,6], [7], and [8,10], respectively. All
statistics are weighted to reflect the United States population over the age of 18. The p-value
reported in the last column is on the unadjusted Wald test that there is no statistical di↵erence
between means of each characteristic in the lowest quartile and other quartiles of the overall
trust question distribution. n = 1, 115
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Table 2: Socioeconomic Status Characteristics by Trust

Quartiles of Overall Trust

Mean Lowest Second Third Highest p-value

Highest Education

Less than High School 0.089 0.101 0.101 0.083 0.068 0.612

High School Graduate 0.302 0.310 0.271 0.268 0.361 0.134

Some College 0.265 0.295 0.302 0.227 0.223 0.080

College Graduate 0.171 0.144 0.175 0.209 0.163 0.373

Graduate Degree 0.172 0.150 0.151 0.213 0.185 0.225

College Graduate + 0.343 0.294 0.326 0.422 0.348 0.047

Personal Annual Income

< $50, 000 0.451 0.470 0.443 0.394 0.488 0.257

2 [$50k, $75k) 0.175 0.187 0.145 0.200 0.174 0.416

2 [$75k, $100k) 0.141 0.142 0.163 0.107 0.142 0.316

> $100, 000 0.234 0.202 0.249 0.298 0.196 0.045

Employment

Employed Full-Time 0.458 0.469 0.483 0.506 0.374 0.022

Employed Part-Time 0.138 0.152 0.148 0.143 0.105 0.332

Retired 0.206 0.136 0.164 0.193 0.344 0.000

Homemaker 0.064 0.075 0.070 0.051 0.054 0.680

Student 0.015 0.013 0.020 0.014 0.012 0.931

Unemployed 0.059 0.081 0.046 0.043 0.063 0.392

Residence

Center City 0.347 0.340 0.338 0.336 0.377 0.769

Center City County 0.363 0.312 0.367 0.433 0.353 0.084

Suburban 0.157 0.173 0.136 0.139 0.177 0.473

Non-Metro 0.133 0.175 0.159 0.092 0.093 0.019

Political A�liation

Republican 0.290 0.304 0.301 0.297 0.256 0.609

Democrat 0.326 0.206 0.275 0.395 0.459 0.000

Independent 0.280 0.353 0.298 0.222 0.229 0.006

Other 0.104 0.137 0.126 0.086 0.057 0.018
Notes: Table 2 presents the overall means and means within quartiles of the overall trust question for
selected individual characteristics. Trust quartiles correspond to the overall trust question presented
in Figure 1 with cuto↵s of [0,4], [5,6], [7], and [8,10], respectively. All statistics are weighted to reflect
the United States population over the age of 18. The p-value reported in the last column is on the
unadjusted Wald test that there is no statistical di↵erence between means of each characteristic in
the lowest quartile and other quartiles of the overall trust question distribution. n = 1, 115
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Table 3: Behaviors, Mechanisms, and Sectors by Trust

Quartiles of Overall Trust

Mean Lowest Second Third Highest p-value

Past Year Behavior

Flu shot 0.480 0.355 0.387 0.534 0.684 0.000

Check-up 0.723 0.648 0.719 0.751 0.787 0.011

Prescription 0.751 0.712 0.740 0.811 0.755 0.117

Anticipated Behavior

Flu Shot 0.470 0.326 0.378 0.552 0.667 0.000

Check-up 0.763 0.674 0.754 0.786 0.853 0.000

COVID Vaccine Status

Not Vaccinated 0.196 0.333 0.212 0.118 0.094 0.000

Fully Vaccinated 0.488 0.355 0.384 0.596 0.664 0.000

Behavioral Mechanisms

Resources and Expertise 6.415 4.258 6.064 7.514 8.249 0.000

Unpleasant or Very Unpleasant 0.185 0.378 0.169 0.109 0.058 0.000

Uninsured 0.087 0.131 0.091 0.061 0.056 0.039

Non-zero WTP 0.608 0.497 0.597 0.671 0.687 0.000

Logged WTP | WTP> 0 4.979 4.827 4.809 5.018 5.243 0.161

Discount Factor 0.746 0.683 0.750 0.746 0.810 0.008

Present Bias 0.697 0.639 0.693 0.742 0.727 0.000
Notes: Table 3 presents the overall means and means within quartiles of the overall trust question for selected
individual characteristics. Trust quartiles correspond to the overall trust question presented in Figure 1 with
cuto↵s of [0,4], [5,6], [7], and [8,10], respectively. All statistics are weighted to reflect the United States
population over the age of 18. The p-value reported in the last column is on the unadjusted Wald test that
there is no statistical di↵erence between means of each characteristic in the lowest quartile and other quartiles
of the overall trust question distribution. n = 1, 115
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Table 4: Regression Results: Behavior and Trust

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Mean 0.480 0.723 0.751 0.470 0.763 0.196 0.488

Trust Quartile

Second 0.009 0.045 0.024 0.031 0.067* -0.099*** -0.005

(0.040) (0.038) (0.036) (0.039) (0.039) (0.038) (0.038)

Third 0.102** 0.054 0.073* 0.153*** 0.065 -0.151*** 0.130***

(0.047) (0.042) (0.038) (0.046) (0.042) (0.037) (0.045)

Fourth 0.248*** 0.072* 0.006 0.261*** 0.129*** -0.168*** 0.178***

(0.045) (0.039) (0.038) (0.045) (0.039) (0.037) (0.044)

Education

High School 0.024 -0.017 0.107* 0.146** 0.062 -0.001 0.004

(0.063) (0.062) (0.057) (0.057) (0.065) (0.062) (0.062)

Some College 0.072 0.083 0.132** 0.175*** 0.093 -0.034 0.076

(0.062) (0.063) (0.058) (0.057) (0.066) (0.063) (0.063)

College 0.193*** 0.099 0.136** 0.302*** 0.134* -0.093 0.163**

(0.069) (0.069) (0.063) (0.065) (0.070) (0.064) (0.071)

Graduate Degree 0.220*** 0.098 0.132** 0.316*** 0.161** -0.109* 0.224***

(0.071) (0.068) (0.062) (0.066) (0.068) (0.065) (0.071)

Annual Income

2 [$50k, $75k) -0.003 -0.020 -0.004 -0.019 0.033 -0.057 -0.022

(0.044) (0.043) (0.038) (0.044) (0.041) (0.038) (0.043)

2 [$75k, $100k) 0.016 0.068 0.046 -0.017 0.099** -0.039 0.037

(0.048) (0.043) (0.041) (0.047) (0.042) (0.039) (0.046)

> $100k 0.041 0.097** 0.098** 0.051 0.122*** -0.069* 0.118***

(0.047) (0.043) (0.041) (0.046) (0.043) (0.040) (0.046)

� 2.446 3.211 6.985 2.917 4.527 6.078 2.228
Notes: Regression coe�cients of each retrospective or anticipated behavior on the trust quartiles indicated in Figure 1. Each
column represents one regression. Past year dependent variables reflect retrospective behavior, and next year dependent variables
reflect anticipated future behavior. COVID-19 vaccine status reflects vaccination status at the time of interview. All regressions
include controls for characteristics described in Tables 1 and 2. All regressions are population-weighted. The mean reported in
the first row is for the full estimation sample. *** p<0.01, ** p<0.05, * p<0.1. n = 1, 115.
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Table 5: Regression Results: Mechanisms and Behavior

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Mean 0.480 0.723 0.751 0.470 0.763 0.196 0.488

Beliefs 0.025*** 0.016*** 0.017*** 0.035*** 0.029*** -0.017*** 0.018***

and Expertise (0.007) (0.006) (0.006) (0.006) (0.006) (0.006) (0.006)

Disutility -0.090** -0.059 0.044 -0.083** -0.046 0.008 -0.128***

(0.041) (0.042) (0.038) (0.040) (0.042) (0.038) (0.039)

Non-zero WTP 0.042 0.008 -0.039 0.025 -0.017 -0.029 0.050*

(0.031) (0.028) (0.026) (0.031) (0.028) (0.027) (0.030)

Uninsured -0.156*** -0.091 -0.115** -0.072 -0.005 0.023 -0.089*

(0.050) (0.057) (0.053) (0.057) (0.060) (0.053) (0.052)

Discount Factor (�) -0.041 -0.064** -0.028 -0.021 -0.062** 0.012 -0.053*

(0.031) (0.029) (0.029) (0.029) (0.031) (0.034) (0.029)

Present Bias (�) 0.042 0.024 -0.049 0.116* -0.064 0.007 0.016

(0.062) (0.056) (0.054) (0.064) (0.057) (0.055) (0.061)
Notes: Regression coe�cients of each behavior in Figure 6 on the economic mechanisms highlighted in Section 2. Past year
dependent variables reflect retrospective behavior, and next year dependent variables reflect anticipated future behavior. COVID-
19 vaccine status reflects vaccination status at the time of interview. All regressions include controls for characteristics described
in Tables 1 and 2. All regressions are population-weighted. The mean reported in the first row is for the full estimation sample.
*** p<0.01, ** p<0.05, * p<0.1. n = 1, 115.
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Table 6: Regression Results: Behavior and Trust with Controls for Mechanisms

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Mean 0.480 0.723 0.751 0.470 0.763 0.196 0.488

Panel 1: No Controls for Mechanisms

Trust Quartile

Second 0.009 0.045 0.024 0.031 0.067* -0.099*** -0.005

(0.040) (0.038) (0.036) (0.039) (0.039) (0.038) (0.038)

Third 0.102** 0.054 0.073* 0.153*** 0.065 -0.151*** 0.130***

(0.047) (0.042) (0.038) (0.046) (0.042) (0.037) (0.045)

Fourth 0.248*** 0.072* 0.006 0.261*** 0.129*** -0.168*** 0.178***

(0.045) (0.039) (0.038) (0.045) (0.039) (0.037) (0.044)

Panel 2: With Controls for Insurance, Value of Life, and Time Preferences

Trust Quartile

Second 0.005 0.044 0.024 0.025 0.073* -0.100*** -0.006

(0.040) (0.038) (0.036) (0.040) (0.039) (0.038) (0.038)

Third 0.094** 0.051 0.073* 0.142*** 0.072* -0.152*** 0.127***

(0.047) (0.042) (0.038) (0.046) (0.042) (0.037) (0.045)

Fourth 0.240*** 0.070* 0.005 0.251*** 0.138*** -0.170*** 0.177***

(0.045) (0.040) (0.038) (0.045) (0.039) (0.038) (0.044)

Panel 3: With Additional Controls for Beliefs and Disutility

Trust Quartile

Second -0.039 0.004 0.005 -0.035 0.018 -0.090** -0.050

(0.041) (0.040) (0.037) (0.041) (0.039) (0.039) (0.040)

Third 0.028 -0.012 0.037 0.049 -0.017 -0.133*** 0.066

(0.050) (0.045) (0.040) (0.049) (0.045) (0.039) (0.048)

Fourth 0.159*** -0.008 -0.043 0.135** 0.024 -0.146*** 0.102**

(0.053) (0.045) (0.042) (0.053) (0.044) (0.042) (0.050)
Notes: Regression coe�cients of each retrospective or anticipated behavior on the trust quartiles indicated in Figure 1. Each
column represents one regression. Past year dependent variables reflect retrospective behavior, and next year dependent
variables reflect anticipated future behavior. COVID-19 vaccine status reflects vaccination status at the time of interview.
All regressions include controls for characteristics described in Tables 1 and 2. All regressions are population-weighted. The
mean reported in the first row is for the full estimation sample. *** p<0.01, ** p<0.05, * p<0.1. n = 1, 115.
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Table 7: Regression Results: Heterogeneity by Race and Sex

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Race: Black

Black -0.070 0.069 -0.115 -0.064 -0.070 0.020 -0.114

(0.083) (0.091) (0.091) (0.083) (0.097) (0.098) (0.074)

Second ⇥ Black 0.012 -0.025 -0.073 -0.117 0.081 0.170 0.026

(0.108) (0.115) (0.110) (0.104) (0.118) (0.121) (0.103)

Third ⇥ Black -0.053 -0.056 0.112 -0.117 0.000 0.037 0.000

(0.112) (0.116) (0.112) (0.113) (0.130) (0.118) (0.107)

Highest ⇥ Black -0.049 -0.100 0.064 -0.035 0.018 0.064 -0.120

(0.114) (0.115) (0.114) (0.114) (0.119) (0.116) (0.112)

Sex: Female

Female 0.006 0.135** 0.190*** 0.034 0.021 0.100* 0.022

(0.061) (0.057) (0.055) (0.058) (0.060) (0.058) (0.058)

Second ⇥ Female -0.018 0.037 -0.075 -0.042 0.023 -0.040 -0.076

(0.080) (0.075) (0.071) (0.077) (0.077) (0.075) (0.078)

Third ⇥ Female 0.082 -0.048 -0.046 -0.059 0.020 -0.104 0.024

(0.091) (0.082) (0.075) (0.088) (0.084) (0.071) (0.084)

Highest ⇥ Female 0.056 -0.077 -0.035 -0.024 0.075 -0.094 -0.099

(0.084) (0.074) (0.073) (0.083) (0.074) (0.072) (0.082)
Notes: Regression coe�cients of each retrospective or anticipated behavior on the trust quartiles indicated in Figure 1. Each
column represents one regression. Black is relative to all other races. Past year dependent variables reflect retrospective behavior,
and next year dependent variables reflect anticipated future behavior. COVID-19 vaccine status reflects vaccination status at the
time of interview. All regressions include controls for characteristics described in Tables 1 and 2. All regressions are population-
weighted. *** p<0.01, ** p<0.05, * p<0.1. n = 1, 115.
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Table 8: Regression Results: Heterogeneity by Age and Political A�liation

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Age: � 65

� 65 -0.053 0.067 0.040 -0.021 0.047 0.231** -0.188*

(0.111) (0.077) (0.058) (0.116) (0.092) (0.096) (0.111)

Second ⇥ � 65 0.191 -0.040 -0.089 0.147 -0.118 -0.171 0.164

(0.126) (0.081) (0.071) (0.131) (0.093) (0.108) (0.123)

Third ⇥ � 65 0.224* -0.086 -0.103 0.176 -0.115 -0.211** 0.195

(0.131) (0.093) (0.072) (0.132) (0.102) (0.100) (0.122)

Highest ⇥ � 65 0.184 -0.038 0.042 0.167 -0.081 -0.145 0.124

(0.118) (0.080) (0.064) (0.125) (0.088) (0.101) (0.119)

Political A�liation: Republican

Republican -0.141* 0.070 -0.048 -0.196*** -0.032 0.321*** -0.298***

(0.072) (0.065) (0.059) (0.071) (0.066) (0.067) (0.067)

Second ⇥ Republican -0.004 -0.087 0.141* 0.033 0.032 -0.053 -0.029

(0.087) (0.081) (0.074) (0.085) (0.081) (0.086) (0.082)

Third ⇥ Republican -0.002 -0.075 -0.086 0.089 -0.010 -0.210*** 0.022

(0.103) (0.090) (0.082) (0.099) (0.088) (0.081) (0.098)

Highest ⇥ Republican 0.069 -0.087 0.044 0.149 -0.035 -0.316*** 0.226**

(0.094) (0.081) (0.076) (0.092) (0.081) (0.077) (0.092)
Notes: Regression coe�cients of each retrospective or anticipated behavior on the trust quartiles indicated in Figure 1. Each column represents
one regression. Black is relative to all other races. Past year dependent variables reflect retrospective behavior, and next year dependent variables
reflect anticipated future behavior. COVID-19 vaccine status reflects vaccination status at the time of interview. All regressions include controls
for characteristics described in Tables 1 and 2. All regressions are population-weighted. *** p<0.01, ** p<0.05, * p<0.1. n = 1, 115.
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Table 9: Regression Results: Sector Trust

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Doctor Trust Quartile

Second 0.108*** 0.021 0.030 0.132*** 0.140*** -0.076* 0.077*

(0.041) (0.039) (0.036) (0.040) (0.040) (0.040) (0.040)

Third 0.216*** 0.092** 0.040 0.214*** 0.189*** -0.154*** 0.158***

(0.043) (0.040) (0.036) (0.042) (0.039) (0.038) (0.043)

Fourth 0.282*** 0.056 0.022 0.318*** 0.128*** -0.161*** 0.206***

(0.046) (0.042) (0.041) (0.045) (0.043) (0.040) (0.044)

Nurse Trust Quartile

Second 0.129*** 0.045 0.054* 0.134*** 0.096*** -0.071** 0.063*

(0.037) (0.036) (0.032) (0.036) (0.036) (0.035) (0.036)

Third 0.181*** 0.111*** 0.022 0.227*** 0.130*** -0.135*** 0.141***

(0.046) (0.041) (0.040) (0.045) (0.041) (0.039) (0.045)

Fourth 0.258*** 0.038 0.075 0.272*** 0.094** -0.124*** 0.095*

(0.058) (0.049) (0.046) (0.057) (0.047) (0.042) (0.053)

Insurance Trust Quartile

Second -0.016 0.019 -0.014 0.010 0.028 -0.005 -0.015

(0.037) (0.035) (0.034) (0.038) (0.035) (0.034) (0.038)

Third 0.022 0.010 0.026 0.075 0.029 -0.069* 0.034

(0.058) (0.055) (0.045) (0.056) (0.051) (0.037) (0.056)

Fourth 0.068 0.053 0.005 0.073 0.063 -0.016 0.012

(0.045) (0.040) (0.038) (0.045) (0.039) (0.038) (0.042)

Hospitals Trust Quartile

Second 0.098** 0.056 0.030 0.122*** 0.033 -0.050 0.047

(0.046) (0.042) (0.044) (0.047) (0.043) (0.039) (0.048)

Third 0.171*** 0.044 0.043 0.182*** 0.077** -0.093*** 0.145***

(0.037) (0.033) (0.029) (0.036) (0.032) (0.029) (0.036)

Fourth 0.252*** 0.085** 0.060 0.272*** 0.110*** -0.087** 0.071

(0.050) (0.041) (0.041) (0.047) (0.040) (0.039) (0.050)
Notes: Regression coe�cients of each retrospective or anticipated behavior on the trust quartiles indicated for each sector-specific trust
domain. Each column presents estimates from separate regressions for each sector domain conditional on controls. Past year dependent
variables reflect retrospective behavior, and next year dependent variables reflect anticipated future behavior. COVID-19 vaccine status
reflects vaccination status at the time of interview. All regressions include controls for characteristics described in Tables 1 and 2. All
regressions are population-weighted. The mean reported in the first row is for the full estimation sample. *** p<0.01, ** p<0.05, *
p<0.1. n = 1, 115.
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Table 10: Regression Results: Sector Trust Continued

Past Year Next Year COVID-19 Vaccine

Flu shot Check-up Prescription Flu Shot Check-up Not Vac. Fully Vac.

Medicare Trust Quartile

Second 0.019 0.021 0.075** 0.032 0.059 -0.005 0.033

(0.039) (0.037) (0.033) (0.039) (0.038) (0.035) (0.039)

Third 0.084** 0.086** 0.017 0.160*** 0.147*** -0.036 0.105**

(0.042) (0.037) (0.035) (0.041) (0.037) (0.034) (0.042)

Fourth 0.183*** 0.140*** 0.069 0.191*** 0.176*** -0.048 0.061

(0.054) (0.045) (0.044) (0.051) (0.045) (0.044) (0.049)

Pharma. Trust Quartile

Second 0.004 0.015 0.057* -0.003 -0.021 -0.037 0.012

(0.043) (0.039) (0.034) (0.042) (0.040) (0.038) (0.042)

Third 0.061 0.045 -0.020 0.103** 0.038 -0.061* 0.073*

(0.040) (0.037) (0.035) (0.041) (0.036) (0.035) (0.039)

Fourth 0.122*** 0.057 0.010 0.112*** 0.076** -0.089** 0.064

(0.043) (0.039) (0.036) (0.042) (0.038) (0.035) (0.042)

CDC Trust Quartile

Second 0.132*** 0.014 0.083** 0.130*** 0.101** -0.159*** 0.190***

(0.040) (0.040) (0.036) (0.039) (0.039) (0.039) (0.039)

Third 0.285*** 0.064 0.043 0.318*** 0.137*** -0.217*** 0.317***

(0.042) (0.040) (0.038) (0.041) (0.039) (0.037) (0.042)

Fourth 0.346*** 0.104** 0.087** 0.384*** 0.168*** -0.186*** 0.304***

(0.046) (0.042) (0.041) (0.044) (0.041) (0.040) (0.044)

U.S. Gov. Trust Quartile

Second 0.046 -0.026 -0.019 0.066* -0.004 -0.117*** 0.071*

(0.037) (0.036) (0.032) (0.037) (0.035) (0.035) (0.037)

Third 0.149*** 0.046 -0.028 0.184*** 0.087** -0.152*** 0.208***

(0.045) (0.040) (0.037) (0.044) (0.039) (0.036) (0.043)

Fourth 0.207*** 0.028 -0.040 0.213*** 0.034 -0.140*** 0.173***

(0.054) (0.046) (0.044) (0.054) (0.047) (0.038) (0.049)
Notes: Regression coe�cients of each retrospective or anticipated behavior on the trust quartiles indicated for each sector-specific trust
domain. Each column presents estimates from separate regressions for each sector domain conditional on controls. Past year dependent
variables reflect retrospective behavior, and next year dependent variables reflect anticipated future behavior. COVID-19 vaccine status
reflects vaccination status at the time of interview. All regressions include controls for characteristics described in Tables 1 and 2. All
regressions are population-weighted. The mean reported in the first row is for the full estimation sample. *** p<0.01, ** p<0.05, *
p<0.1. n = 1, 115.
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Appendix Tables

Table 1: Sample Characteristics by Missing Values

Estimation Dropped Obs.

Sample Mean Mean N p-value

Health Care System Trust 5.717 5.523 109 0.436

Behaviors

Past Flu shot 0.498 0.442 120 0.243

Past Check-up 0.730 0.700 120 0.483

Past Prescription 0.761 0.692 120 0.096

Anticipated Flu Shot 0.480 0.417 120 0.188

Anticipated Check-up 0.772 0.717 120 0.172

COVID-19: Not Vaccinated 0.185 0.183 120 0.970

COVID-19: Fully Vaccinated 0.502 0.500 120 0.963

Economic Mechanisms

Beliefs: Resources and Expertise 6.461 6.118 119 0.171

WTP for 1% Mort. Reduction 272.696 275.333 120 0.957

Disutility: Uninsured 0.080 0.083 120 0.893

Unpleasant Care 0.175 0.208 120 0.363

Discount Factor (�) 0.753 0.776 120 0.592

Present Bias (�) 0.693 0.689 120 0.877
Notes: Individuals are dropped if they have missing values of age, sex, education, race, marital

status, political views, income, geography, health insurance, health, trust, or behavior. The total

survey sample included 1,235 respondents.
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Table 2: Sample Comparison

2021 ACS 2023 SSRS Survey

n=3,252,599 n=1,115

Age 47.961 47.629

Female 0.510 0.517

White 0.636 0.599

Black 0.118 0.135

Asian 0.061 0.062

Hispanic 0.169 0.182

High School Graduate 0.273 0.302

College Graduate+ 0.325 0.343

Married 0.482 0.489
Notes: Appendix Table 2 presents results selected weighted means from

2021 American Community Survey (Ruggles et al., 2021) and our SSRS

generated sample.
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Table 3: Comment Domains by Trust

Quartiles of Overall Trust

Mean Lowest Second Third Highest p-value

Cost of Care 0.203 0.256 0.239 0.209 0.098 0.000

General Observations and Beliefs 0.170 0.146 0.155 0.184 0.202 0.312

Financial Motivations 0.161 0.280 0.160 0.127 0.061 0.000

Skepticism 0.084 0.076 0.068 0.122 0.078 0.336

Access to Care 0.056 0.073 0.041 0.039 0.068 0.263

COVID-19 Policy Concerns 0.042 0.055 0.054 0.032 0.021 0.105

Quality of Interactions 0.036 0.041 0.037 0.045 0.022 0.456

Personal Experiences 0.034 0.023 0.033 0.028 0.052 0.455

Quality of Care 0.016 0.019 0.014 0.020 0.011 0.849

Communication 0.005 0.013 0.005 0.000 0.000 0.068

Equity and Inclusivity 0.005 0.006 0.007 0.007 0.000 0.120

Public Health Policy 0.004 0.000 0.013 0.000 0.000 0.116

Patient Safety 0.002 0.000 0.000 0.004 0.003 0.368

Bureaucracy 0.002 0.004 0.000 -0.000 0.003 0.367

Technology 0.000 0.000 0.000 0.000 0.000 .
Notes: Table 3 presents the overall means and means within quartiles of the overall trust question for selected

individual characteristics. Trust quartiles correspond to the overall trust question presented in Figure 1 with

cuto↵s of [0,4], [5,6], [7], and [8,10], respectively. All statistics are weighted to reflect the United States

population over the age of 18. The p-value reported in the last column is on the unadjusted Wald test that

there is no statistical di↵erence between means of each characteristic in the lowest quartile and other quartiles

of the overall trust question distribution. n = 1, 115
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Table 4: Sectors by Trust

Quartiles of Overall Trust

Mean Lowest Second Third Highest p-value

Sector-Specific Trust

Doctors 6.811 4.676 6.612 7.758 8.574 0.000

Nurses 7.260 5.659 7.071 8.030 8.575 0.000

Health Insurance Companies 4.269 1.785 4.002 5.284 6.437 0.000

Hospitals 5.878 3.606 5.531 6.888 7.913 0.000

Medicare/Medicaid 5.533 3.322 5.237 6.511 7.469 0.000

Pharma Companies 4.101 1.573 3.774 5.004 6.489 0.000

CDC 5.491 3.275 4.744 6.584 7.867 0.000

US Government 4.190 1.872 3.599 5.237 6.532 0.000
Notes: Table 4 presents the overall means and means within quartiles of the overall trust question for

selected individual characteristics. Trust quartiles correspond to the overall trust question presented in

Figure 1 with cuto↵s of [0,4], [5,6], [7], and [8,10], respectively. All statistics are weighted to reflect the

United States population over the age of 18. The p-value reported in the last column is on the unadjusted

Wald test that there is no statistical di↵erence between means of each characteristic in the lowest quartile

and other quartiles of the overall trust question distribution. n = 1, 115
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Text Analysis

Word Cloud

ChatGPT generated the word cloud using the following process: Data Preparation: The survey data was provided

in a CSV file, containing a single column of text responses. The file was read and processed using Python’s Pandas

library. Text Cleaning and Stopword Removal: The text corpus was cleaned to remove punctuation and standardize

the text (e.g., converting all text to lowercase for uniformity). Stopwords - words in the English language that are

frequent but carry little semantic meaning - were removed. For this word cloud, a standard list of stopwords was used.

Additionally, the following words, which were included in the survey question, were also removed: ”health”, ”care”,

”healthcare”, ”trust”, ”system”, and ”US”. Word Cloud Generation: The cleaned and processed text was then used

to generate the word cloud. This was done using the WordCloud module in Python, which sizes words based on their

frequency in the text corpus. Thus, the most frequent words appear larger in the word cloud. Iterative Refinement:

The word cloud was refined iteratively. Based on initial visualizations, additional stopwords were identified by the

authors and removed. These words included ”etc”, ”think”, ”believe”, ”yet”, ”many”. This process was repeated

until the word cloud accurately represented the key themes and terms in the survey responses. Visualization: The

resulting image was displayed using matplotlib, a plotting library in Python.

Thematic Analysis

ChatGPT coded the comments according to whether they included the themes defined below. The analysis was con-

ducted using the Python programming language, primarily utilizing the Pandas and regular expression (re) libraries.

Pandas, a data manipulation library, was employed to read the survey data from a CSV file and to facilitate the

processing of textual data. Each comment was systematically examined for the presence of specific keywords and

phrases related to predefined themes (see below). The regular expression library was utilized to perform pattern

matching, ensuring that variations of keywords and phrases, irrespective of case, were identified. For each theme, a

new binary variable was created, coded as ’1’ if the theme was mentioned in the comment and ’0’ otherwise.

Quality of Care: This category includes references to the performance of healthcare professionals, the e↵ec-

tiveness of treatments, and patient outcomes. Comments were classified as ”Quality of Care” if they contained

keywords or phrases like ”performance,” ”e↵ectiveness,” ”patient outcome,” and similar terms that directly relate

to the quality of healthcare services. Access to Care: Comments discussing the ease or di�culty of accessing

healthcare services were categorized here. Keywords triggering this classification included ”access,” ”availability,”

”appointments,” ”distance,” ”specialists,” and other terms related to accessing healthcare services. Cost of Care:

This category was for comments mentioning a↵ordability, insurance coverage, out-of-pocket expenses, and the over-

all financial burden of healthcare. Keywords such as ”a↵ordable,” ”insurance,” ”expense,” ”financial burden,” ”over

charge,” ”cost,” ”expensive,” and ”deductible” were used for classification. Patient Safety: Concerns about medical

errors, hospital-acquired infections, and overall safety measures in healthcare settings were classified here. Relevant

keywords included ”medical error,” ”infection,” ”safety measures,” and similar. Communication: The focus here

was on how well healthcare providers communicate with patients. Keywords for classification included ”communi-

cate,” ”clarity,” ”listening,” ”empathy,” and related terms. Technology: References to the use of modern technology
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in healthcare such as electronic health records, telemedicine, and new treatment methods were classified under this

category. Bureaucracy: This category included issues related to healthcare administration, like insurance claims,

paperwork, and dealing with healthcare bureaucracies. Keywords for this category were ”administration,” ”insurance

claims,” ”paperwork,” and similar. Equity and Inclusivity: Discussions about how the healthcare system serves

diverse populations were classified here. Keywords included ”diverse populations,” ”racial,” ”ethnic,” ”LGBTQ+,”

”disabilities,” ”discrimination,” and ”exploitation.” Public Health Policy: Comments on government policies and

public health initiatives, including preventive care, vaccination programs, and health education, were categorized

under this topic. Personal Experiences: Any personal anecdotes or stories about interactions with the healthcare

system, like mentions of misdiagnosis or overlooked symptoms, were classified here. The criteria were expanded to

include any mention of personal or a family member’s experience. Skepticism: General distrust in the healthcare sys-

tem was categorized here. This was expanded to include mentions of ”politics” and ”politicians,” reflecting a broader

definition of skepticism. Financial Motivations: Comments hinting at financial motivations behind healthcare

practices or concerns about the commercial aspects of healthcare were classified under this category.
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