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ABSTRACT
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Dead Ends? A Meta-Analytical Review of
the Literature’

We present a meta-analysis on the debate about the “stepping stone vs. dead end”
hypothesis related to the causal effect of temporary jobs on future labour market
performances. We select academic papers published on international peer-reviewed
journals from 1990 until 2021. Among 78 observations from 64 articles, 32% support
the hypothesis according to which temporary contracts are a port of entry into stable
employment positions, 23% report ambiguous or mixed findings, and the remaining 45%
provide evidence in favour of the dead end hypothesis. The results from meta-regressions
suggest that the stepping stone effect is more likely to emerge when self-selectivity issues
are dealt with, especially when using the timing-of-events approach. The studies focusing
on temporary work agency jobs and casual/seasonal jobs detect more easily results in favour
of the dead end hypothesis. Finally, in more recent years and when the unemployment rate
is larger, the dead end hypothesis is more likely to prevail.
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1 Introduction

In the last three decades the labour market institutions of many OECD countries have
changed substantially, with the rise of new forms of contracts, especially temporary forms
of employment. In most cases, these reforms have left unchanged the employment protec-
tion of the standard open-ended contracts (OECD, 2004). Many studies have investigated
the implications of these institutional changes both from the macroeconomic viewpoint
and in terms of individuals’ labour market prospects.

The macroeconomic literature has focused on the relationship between the Employ-
ment Protection Legislation (EPL) index, calculated by the OECD and reflecting the de-
gree of labour market flexibility, and aggregate employment and unemployment. Howell
et al. (2007) report that most of the studies find no statistically significant relationship
between these variables. The reviews in Boeri and Van Ours (2013) and Skedinger (2010)
provide inconclusive results. Brancaccio et al. (2020) is the first meta-analysis about these
relationships, using 53 papers published between 1990 and 2019: 28% of the papers find
that the labour market deregulation increases employment and reduce unemployment; the
remaining articles report either ambiguous results (21%) or a negative impact on labour
market outcomes (51%).

From the point of view of employment prospects at individual level, many authors
have provided evidence on the so-called “stepping stone vs. dead end” debate, by es-
timating at individual level the effect of experiencing temporary or atypical jobs on the
subsequent career in terms of employment satisfaction, job stability, and earnings. Al-
though many studies have been published on this issue, to the best of our knowledge
there is no analytical economic survey on the “stepping stone vs. dead end” debate. Only
de Graaf-Zijl (2005) offered an overview on the literature dealing with the economic and
social consequences of precarious job positions. However, the mid of the 2000s was still
the onset of the literature on the stepping stone effect and many articles and new findings
have been published since the review in de Graaf-Zijl (2005). The main contribution of
our paper is to fill this gap and provide a comprehensive review of the results obtained so
far on the impact of temporary jobs on future labour market performances at individual
level.

The empirical literature does not provide clear-cut findings on the debate around tem-
porary employment and its consequences on individuals’ subsequent labour market out-

comes. Some studies support the stepping stone hypothesis (e.g. Addison and Surfield,



2009; Buddelmeyer and Wooden, 2011; de Graaf-Zijl et al., 2011; Ichino et al., 2008; Pic-
chio, 2008; Cockx and Picchio, 2012). Others find that temporary jobs are a trap, rather
than a bridge to open-ended contracts (e.g. Alba-Ramirez, 1998; Amuedo-Dorantes, 2000;
Boheim and Weber, 2011; Garcia-Pérez et al., 2019). Moreover, there are also ambiguous
or controversial pieces of evidence, either because temporary positions are found to have
an insignificant effect (e.g. Barbieri and Cutuli, 2016; Esteban-Pretel et al., 2011; Freier
and Steiner, 2008), or because temporary jobs are found to be stepping stones towards
stable positions but generating lower wages in the future (Booth et al., 2002; Boockmann
and Hagen, 2008; Addison et al., 2015). Finally, there are papers reporting evidence that
could be in favour of the stepping stone hypothesis, but only if the worker does not expe-
rience repeated flexible contracts or job interruptions (Gagliarducci, 2005; Sanz, 2011).
In light of these conflicting and different findings, a second contribution of our paper
is to quantitatively combine evidence from different studies on a similar theme by way
of meta-analysis techniques, so as to provide a systematic review and understanding of
heterogeneous results about the impact of temporary jobs on subsequent labour market
performances. Our analysis is based on a meta-analysis using 64 articles published in
international peer-reviewed journals. Our meta-analysis follows an approach similar to
the one in Kluve (2010).

The remainder of the article is organized as follow: Section 2 provides a theoretical
background about the “stepping stone vs. dead end” debate. Section 3 describes the selec-
tion criteria to generate the sample used in the meta-analysis. Section 4 reports descriptive
statistics on the sample and how different characteristics of the studies correlate to the re-
search outcomes. Section 5 shows and comments on the results from meta-regressions.

Section 6 concludes.

2 Theoretical background

The stepping stone vs. dead end debate emerges from ambiguous predictions provided
by the economic theory. On the one hand, according to the stepping stone hypothesis,
temporary jobs may be of help in obtaining more stable and better positions, especially
for those belonging to disadvantaged groups, who otherwise would have been excluded
from the labour market by too strict regulations. The main channels are the accumulation
of work experience and human capital, the access to social networks, the signaling of high
motivation (Loh, 1994; Wang and Weiss, 1998), and the accumulation of financial assets
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to sponsor a longer and better job search in the eventual subsequent unemployment spell
(Browning et al., 2007).

On the other hand, employers might use temporary contracts as a mere flexibility
buffer. If so, temporary workers could have low chances of getting the conversion to a
stable position, have a discontinued career made up of a repetition of short-term and low
paid jobs. Furthermore, since temporary workers are more likely to leave the firm sooner
and employers’ incentives to invest in training are negatively related to the probability
of job mismatch (Acemoglu and Pischke, 1998), they will be less likely to receive firm-
sponsored training and will have a smaller incentive to investing in their own human
capital (Arulampalam and Booth, 1998; Albert et al., 2005; Fouarge et al., 2012). As a
matter of fact, Blanchard and Landier (2002) concluded that labour market reforms in
France have substantially increased turnover in fixed-term jobs, without a reduction in
unemployment duration or a positive impact on welfare of young workers.

To complicate theoretical predictions, it should be considered that other factors could
play a relevant role by interacting with temporary employment, among which labour mar-
ket institutions. As pointed out by Casquel and Cunyat (2008), firms decide to keep a
worker in a permanent job only if the surplus generated under a permanent contract is
greater than the firing costs. But, what determines whether the stepping stone effect dom-
inates or not is the value of productivity exceeding a threshold productivity value, which
depends also on the institutional labour market regulation. In particular, an increase in
the unemployment benefits, in the firing costs, or in the set-up costs determines an higher
threshold value. Moreover, when the firing costs of permanent workers are large, tempo-
rary jobs could be more intensively used as a screening device, rather than a buffer to face
the business cycle, because firms give a larger importance to the assessment of the quality
of workers before signing an open-ended contract. At the same time, large firing costs for
permanent workers could exacerbate the use of temporary position as a flexibility buffer
(Cockx and Picchio, 2012; Tejada, 2017) to face product demand volatility, giving rise to a
duality in the labour market, with the secondary market based on short-term relationships
and populated by the most disadvantaged groups, like the youth or women.

Finally, the effect of temporary jobs can be different because of the interactions with
other contract types, for example with those involving firm-provided training, such as the
apprenticeship. When these types of contracts are available and favoured by the regula-
tions (e.g. reduction in employers’ labour costs), firms could prefer to use them to induce
self-selection of more able workers and facilitates worker screening (Autor, 2001; Picchio



and Staffolani, 2019), instead of using fixed-term contracts, hence becoming more likely

to be relegated to the function of a buffer to face cyclical downturns.

3 Meta-analytic sample selection criteria

The empirical literature does not show clear-cut results on the stepping stone hypothesis
for temporary jobs. Several reasons could explain the different findings, such as different
samples, identification strategies, and methodological tools. Moreover, as explained in
Section 2, an important role is theoretically played by different labour market institutions
across countries. Hence, a simple comparison of the different studies and results could be
misleading (Stanley et al., 2013). A meta-analysis can avoid such problems.

Our research selection process started by searching articles in Google Scholar, Ideas,
Scopus, and Web of Science databases in the first week of March 2021. We used a com-
bination of the following keywords: “temporary job”, “stepping stone” and “dead end”,
joined by “and". We then checked by adding new keywords, such as “temporary em-
ployment” and “‘atypical work”. Moreover, we applied filters in order to consider only
articles published from 1990 in peer-reviewed journals dealing with labour, economics,
political sciences and sociology and with the SCImago Journal Rank (SJR) indicator.!
As further exclusion criteria, we removed all theoretical works, all macroeconomic anal-
yses, all studies focused on EPL and empirical analyses that draw their conclusions on
the effects of temporary jobs by considering labour market reforms and EPL dynamics.
These studies are different from our research purpose: we only focus on microeconomic
analyses which study whether the choice of accepting a temporary contract is a port of
entry into stable employment positions or a dead end. We include studies independently
on the methodological approach to identify the causal effect: one of the objectives of our
meta-analysis is to investigate if the identification/estimation strategy is a key factor in
explaining different findings.

Our search returned a final sample of 64 papers, which are listed in Table 1, where
we provide study-related characteristics and a brief description of the research design
of each study. However, it is possible that a given article evaluates more than a type
of temporary contract, i.e. it yields two or more data points. In this way, our sample

reaches 78 observations, belonging to the 64 studies analysed. As regard the classification

'See www.scimagojr.com/SCImagoJournalRank.pdf for details on the calculation of the SJR.


https://www.scimagojr.com/SCImagoJournalRank.pdf

procedure of the research outcomes, we assign to each study, on the basis of the results
that are statistically significant and authors’ interpretation of their findings, one of the
following three outcomes: i) works with empirical evidence in favour of the stepping
stone hypothesis; ii) articles supporting the dead end hypothesis; iii) papers providing
mixed, controversial, or no significant effects.?

The distribution of this outcome variable taking three discrete values is as follows:
25 (32%) results support the stepping stone hypothesis, 35 (45%) observations support
the dead end hypothesis, suggesting the entrapment or scarring effect of temporary jobs,
and 18 (23%) findings provide mixed or controversial evidence. This descriptive picture
would not change if we counted studies not published in refereed journals, articles pub-
lished in journals without the SJR indicator, working papers, and book chapters: 6 studies
consider temporary jobs as a port of entry into permanent employment (e.g. Andersson
et al., 2009; Boheim and Cardoso, 2009), 7 papers support the entrapment effect into un-
employment or recursive temporary jobs (e.g. Heinrich et al., 2009; Autor and Houseman,
2006; Dekker, 2008), and 3 papers report mixed results (Verhofstadt and Goebel, 2008;
Kvasnicka, 2009; Hopp et al., 2016). If we added these 16 findings to the previous list
of 78 observations, we would have 33% of the manuscripts supporting the stepping stone

hypothesis, 45% in favour of the dead end, and 22% with mixed or controversial findings.

By “controversial” we mean studies: a) supporting neither the stepping stone nor the dead end hypoth-
esis; b) highlighting scars in terms of lower subsequent wages; c¢) supporting the stepping stone hypothesis,
but only if there are no repeated temporary contracts or interruptions.
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4 Univariate analysis

4.1 Study outcome by journal and publication features

We provide in this section some basic descriptive statistics of the articles in our sample by
research findings. We focus first on characteristics like the journal subject area, the year
of publication, the number of citations on average per year, and the journal SJR indicator
at the time of publication.

Table 2 reports the average number of citations per year according to Google scholar
(retrieved on 08/03/2021) and the SJR indicator at the time of publication by research
outcome.’ Although the dead end hypothesis is supported by the largest number of em-
pirical analyses, the average number of yearly citations received by articles in favour of
the stepping stone hypothesis (12.2) is 26% larger than the number of citations obtained
by articles finding that temporary jobs are dead ends (9.7). The number of citations of
articles reporting mixed or controversial results is even lower (8.85). These important
differences in citations do not seem to justify the systematic differences in the scientific
influence and prestige of the journals of publication, which could be an approximative
measure of the scientific reliability of study results. The average value of the SJR indi-
cator is indeed very similar across the three groups of research outcome, with the only
difference that the SJR indicator of articles finding that temporary jobs are dead ends
displays a larger standard deviation. It is noteworthy that articles providing mixed or
controversial results are not underrepresented in journals of high prestige and scientific
influence compared to those with more clear-cut findings. This might suggest that in this
topic the publication bias (Sterling, 1959)* is not an issue.

Figure 1 reports the research outcomes by 4 journal subject areas according to the
Scimago classification: 1) Economics, Econometrics, and Finance; ii) Social sciences;
iii) Business, Management, and Accounting; iv) a residual category containing journals

belonging to multiple subject areas.” Figure 1 shows that almost all the observations

3At the time of publication, some journals did not have the SIR index yet, either because they were
published in too recent years or because the journal was not indexed yet in Scimago. In these cases, we
assign to the journal the first available SJR index. More in detail, we assigned to Alba-Ramirez (1998) the
1999 SJR index, to Auray and Lepage-Saucier (2021) the 2019 SJR index, to Berglund et al. (2017) the
2018 SJR index, to Freier and Steiner (2008) the 2010 SJR index, and to Kiersztyn (2020) the 2019 SJIR
index.

“For more recent works on publication bias, see Stanley (2005) and articles cited there in.

3 Although the journal Social Forces is classified in Scimago in two subject areas, i.e. Social sciences
and Art, and since Art is quite distant from the socio-economic issue analysed in this meta-analysis, we



Table 2: Descriptive statistics on article citations and SJR

Stepping Stone  Dead End ~ Mixed/Controversial

a) Number of citations per year on 08/03/2021 (Google scholar)

Mean 12.216 9.727 8.854
Standard deviation 18.421 14.445 7.531
Minimum 0.000 0.200 0.600
Maximum 82.158 82.158 25.706
b) SIR at the time of publication®
Mean 0.939 1.055 1.056
Standard deviation 0.669 1.188 0.801
Minimum 0.172 0.111 0.111
Maximum 2.331 5.453 2.664
Observations 25 35 18

Source: Data retrieved from Google Scholar and Scimago Institutions Rankings on 08/03/2021.

@ At the time of publication, some journals did not have the SJR index yet, either because they were published in too recent
years or because the journal was not indexed yet in Scimago. Footnote 3 explains how we deal with these cases of missing
information.

with findings supporting the stepping stone hypothesis come from journals in Economics,
Econometrics, and Finance and from journals in multiple subject areas. At a first descrip-
tive level, we can speculate that the journal subject area could be a relevant determinant
in explaining different research outcomes.

To understand the relation between year of publication, which is a kind of (rough)
approximation of the time period analysed in each article, and paper findings, we report
in Table 3 the distribution of the absolute frequencies by decades and research outcomes.
We also plot in Figure 2 the cumulative absolute frequency over publication years by
research outcomes. Table 3 shows that the observations supporting the stepping stone
hypothesis are equally divided between the last two decades. Instead, in the last decade,
the number of articles providing evidence for the entrapment effect or mixed/controversial
results more than doubles. Figure 2 visually clarifies that while the stepping stone and the
mixed curves tend to become flatter in the last decade, the profiles of the cumulative
distribution for the dead end hypothesis becomes steeper, especially in the last 4 years.
Although the numerous labour market reforms reducing the EPL of permanent jobs after

the onset of the Great Recession,® which decreased therefore the relative benefit of using

included Social Forces into the subject area Social sciences, as if it were classified in only one subject area
in Scimago.

6 Adascalitei and Morano (2016) count at least 642 changes in 110 developed and developing countries
between 2008 and 2014. The majority of these interventions were implemented in the area of regular
contracts and in the regulation of collective bargaining towards a reduction of the existing level of regulation.



Figure 1: Research outcomes by journal Scimago subject area

Economics, Econometrics Social Sciences Business, Management and Multi-area
and Finance Accounting

Stepping Stone M Dead End = Mixed

Notes: “Multi-area” comprises journals included in more than one Scimago subject area.

temporary jobs as a buffer, the evidence for the dead end hypothesis has become prevalent
at the time of writing. It might be that more unstable and stagnant economic conditions,
as those that followed the Great Recession, largely favoured the use of temporary jobs as a
buffer, more than compensating the opposite effect induced by the concomitant reduction
in the EPL for permanent workers.

Table 3: Summary statistics on research outcomes over time

Stepping Stone  Dead End  Mixed/Controversial ~ Total

1990-1999 0 1 0 1
2000-2009 12 8 7 27
2010-2020® 13 26 11 50

@® In this time frame we also include the first 2 months of 2021.

4.2 Study outcome by research design

When investigating the impact of temporary jobs on subsequent labour market perfor-
mances at individual level, analysts typically compare the careers of workers who expe-

rienced a temporary job, or repeated temporary positions, to the career of control units
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Figure 2: Cumulative absolute frequency over years by research outcome
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who were either not employed or had an open-ended job. In this framework, researchers
are especially far away from randomization, the gold standard for causal inference. When
contrasting labour market outcomes of temporary workers to those of other individuals,
researchers face indeed the usual crux in an evaluation framework, i.e. the lack of the
random assignment to the treatment and to the control groups: there might be confound-
ing variables that are able to determine both the labour market outcomes of interest (e.g.
probability of having a stable job or earnings in some years) and the probability of be-
ing in a particular labour market state (e.g. non-employed, temporary job, or open-ended
contract) when observed. Different approaches have been used to solve the endogenous
selection into the labour market status and claim identification of the causal effect of hav-
ing a temporary job on future labour market outcomes.

The different identification strategies used in the studies in our sample can be distin-
guished in two broad categories: methods based on selection on observables and those
based on selection on unobservables. In what follows, we list and comment on a set of
methodological identification strategies, among which the first two belong to the selection

on observables approach and the others to the selection on unobservables:

1. Control Function approach (CF) introduces into the regression model all the ob-
servables that could possibly be correlated with the treatment variable and explain

the outcome. We adopt this definition for those studies that introduce a considerable
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number of controls into their regression analysis. The main limit of such an approach
is that there might always be further time-constant and time-varying heterogeneity
across individuals that the researchers cannot control for and leading to an omitted
variables bias. In our sample, 6 studies apply this method in order to estimate the
causal effect of temporary jobs on subsequent position, of which 3 support the dead
end hypothesis.

2. Propensity Score Matching (PSM) reduces the differences between the treated and
the control groups using the propensity score, an estimate of the probability of re-
ceiving the treatment (Rosenbaum and Rubin, 1983) based on a large set of indi-
vidual characteristics. Similarly to the previous approach, the underlying main as-
sumption to identify the causal effect of the treatment is that there should not be
systematic differences between the two groups in unobserved characteristics deter-
mining the outcome and all the variables affecting simultaneously the outcome and
the treatment are observed. From the operational viewpoint this approach is semi-
parametric: the researcher first estimates the propensity score of each individual
receiving the treatment using standard binary index models; the propensity score
is then exploited to compare the outcome variable of each treated individual with
the outcome variable of control units who are similar in terms of propensity score
and who are used therefore as counterfactuals. 11 articles in our sample apply this

method, and 5 of them find evidence supporting the stepping stone hypothesis.

3. Instrumental Variables (IV) rely on finding (at least) an additional variable, the in-
strumental variable, which is correlated to the treatment variable but orthogonal to
the outcome. This procedure allows researchers to isolate the exogenous variation
in the treatment to get unbiased estimates of the causal relationship between the out-
come and the predictor. In practice, the treatment effect is usually estimated by the
two-stage least squares (2SLS) estimator. The first stage consists in regressing the
treatment variable on the instrument(s) and the other controls which are regressors
in the main equation. In the second stage, the main equation is estimated by ordi-
nary least squares after replacing the original treatment variable with the treatment
prediction estimated in the first stage. Exogenous sources of variation meeting the
assumptions for the IV validity are very difficult to find. Indeed, only 1 article in
our sample uses IV as identification strategy and finds that temporary jobs are dead
ends.

12



4. Difference-in-Differences (DiD) is used to estimate the effect of a specific interven-
tion by comparing the changes in outcomes over time between treated and untreated
units. If one group is exogenously exposed to a treatment or policy shift and the other
is not, then the effect of the treatment can be easily measured taking the differences
between the average results for the two groups, before and after the intervention.
Subsequently, the impact or causal effect of the treatment is calculated as the dif-
ference between those two differences. The key assumption required to identify the
effect of the treatment is that the trends in the outcome variable must be identical
in both groups in the absence of the treatment. In several studies, the availability
of longitudinal data on those who have not experienced an interruption in their job
career allows to construct a control group and to estimate the effect for those who
suffered it, against the control group (Arulampalam et al., 2001). This estimation
is the within-group estimation in fixed-effects panel regressions (FE), where the in-
dividual time-constant effect captures the unobserved heterogeneity that is possibly
correlated with the treatment and the outcome and is removed by subtracting the
within-individual time-averaged model from the original one. In our framework, the
main limit of this identification strategy is that, albeit it controls for individual fixed
effects, selection into treatment could be still endogenously induced by time-varying
unobserved heterogeneity. We count 5 selected papers which adopt this identifica-

tion strategy, of which only 1 supports the stepping stone hypothesis.

5. Regression Discontinuity Design (RDD) can be applied in specific settings when the
probability of treatment participation changes discontinuously when a certain cut-
off of a running (or forcing) variable is reached. The discontinuity in the outcome
that is eventually observed at the cut-off can then be interpreted as the causal effect
of the treatment in the neighbourhood of the cut-off of the running variable. The
most common problem of RDD is that the treatment effect is identified only locally
and it is not easily generalizable to the full sample (Cameron and Trivedi, 2005; Lee
and Lemieux, 2010). In our sample, only Garcia-Pérez et al. (2019) uses RDD and

find evidence in favour of the dead end hypothesis.

6. Timing of Events (ToE) aims to assess how the instantaneous probability of finding
a stable job is affected by starting a treatment spell. In this approach it is possible to
remove from the estimated treatment effect the spurious component due to endoge-

nous selection into treatment without using exclusion restrictions, as instead it is
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done in IV approaches. The extra information in duration data that allows the iden-
tification of the treatment effect is the timing of events (Abbring and Van den Berg,
2003), which allows to identify the unobserved heterogeneity distribution. However,
ToE has the drawback that treatment effect identification is based on a particular
parametric specification of the hazard rates towards the treatment and towards the
outcome state (mixed proportional hazard). This strategy is one of the most used in

our sample: we count 11 articles, 6 of which support the stepping stone hypothesis.

7. Dynamic Random Effects Probit models (DREP). In these models, being non-linear,
the fixed effects cannot be easily eliminated because of the incidental parameters
problem. Hence, the the unobserved heterogeneity is treated as randomly distributed
in the population and parametric approximations are used to take into account the
correlation between the random term and the covariates (Mundlak, 1978; Chamber-
lain, 1984; Wooldridge, 2005). Among 6 articles which use this approach, 4 provide

evidence in favour of the dead end hypothesis.

8. Other methods. Possible further approaches are based on: cohort differences un-
der the assumption that the unobserved heterogeneity is constant across a number
of cohorts; structural dynamic models which rely on models where the structure of
decision making is fully incorporated in the specification of the model, describing
the preferences and constraints of the process in order to identify the structural pa-
rameters; hierarchical models which take into account the nested nature of the data
and thus control for the correlation between outcomes within each cluster structure.

We assign 2 studies out of 64 to this category.

There are some studies with lack of focus on the issue of identification of the causal ef-
fect, i.e. multivariate descriptive analysis or traditional regression models (linear models,
proportional hazard models, multinomial logit models) with a reduced number of controls.
They apply none of the previous methods and no other methodology credibly designed
to identify a causal effect in a non-randomized framework. Although we consider their
results as weak in terms of causal interpretation, we keep them in our meta-analytic sam-
ple. By doing so, we can investigate in more detail the importance of credibly dealing
with causality for the kind of research findings. In our sample, there are 29 observations
from 21 articles weakly addressing causality. Among them, only 5 support the stepping
stone hypothesis, 7 provide mixed results, and 17 find evidence in favour of the dead end
hypothesis.

14



Figure 3 displays the absolute frequency of observations by research outcome and by
the methodology used for the identification of the causal effect. The stepping stone hy-
pothesis is prevalent in only one of the applied methods: ToE. The dead end hypothesis
is instead by far the most common result in articles not well equipped in terms of identi-
fication strategy of the causal effect: out of 35 observations finding that temporary jobs
are dead ends, 17 are from articles performing a simple multivariate analysis controlling
only for a reduced number of regressors. If we removed from our sample articles not
dealing properly with the self-selection into temporary positions, articles supporting the
stepping stone hypothesis would become the most numerous: 40% against 37% of studies

in favour of the dead end hypothesis and 23% providing mixed or controversial results.

Figure 3: Research outcomes by identification strategy
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Notes: CF = Control Function; PSM = Propensity Score Matching; DiD = Difference-in-Differences; FE = Fixed-Effects ; IV =
Instrumental Variables; RDD = Regression Discontinuity Design; ToE = Timing of Events; DREP = Dynamic Random Effects;
Others = Other methods to credibly identify the causal effect; Multivariate analysis = multivariate descriptive analysis or traditional
regression models with a reduced number of controls.

In the meta-analysis we will distinguish articles by the sample size used in the em-
pirical analysis. We split articles in three groups: i) small sample size, i.e. less than
1,000 observations (N < 1, 000); ii)) medium sample size, i.e. between 1,000 and 10,000
observations (1,000 < N < 10, 000); iii) large sample size, i.e. larger than 10,000 ob-
servations (N > 10,000). In our sample, less than 10% are small sample studies, 37%

are medium sample studies and 55% have large samples. Figure 4 reports the research
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outcomes by sample size: results from studies with larger samples are more likely to find
support in favour of the dead end hypothesis (23 studies out of 43), while the support for
the stepping stone hypothesis is relatively more likely in empirical analyses with medium
sample sizes.

Figure 4: Research outcomes by sample size
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Notes: Small means N < 1,000. Medium means 1,000 < N < 10, 000. Large means N > 10, 000.

4.3 Study outcome by countries, institutional context, and macroe-

conomic conditions

Figure 5 displays the absolute frequency of studies by countries and research outcome.
Most of the articles focus on Italy and Spain, two countries where in the last three decades
the introduction of temporary employment has been very important and created a strong
labour market duality. The case of Spain is interesting as 5 out of 6 articles found support
for the dead end hypothesis and none found evidence of the stepping stone effect. Also for
Japan and South Korea there is no evidence for the stepping stone effect. On the opposite
side, for the US 86% of the studies revealed that temporary jobs acted as port of entry
into employment. The findings for the Netherlands are similar. In Italy, Germany, France,
Australia, and the Scandinavian countries the results are more balanced and there is no

clear evidence for a dominant research outcome.
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Figure 5: Research outcomes by country
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Notes: Scandinavia includes Denmark (2 articles) and Sweden (3 articles). East-EU includes Poland (2 articles) and Slovakia (1
article).

An explanation for the heterogeneous distribution of the research outcomes across
countries could be provided by different labour market institutions. Institutional labour
market regulations are indeed likely to be important in explaining the role of temporary
jobs in the economy. In countries where permanent workers are very protected and their
firing costs are high, temporary jobs could represent a port of entry for the most disadvan-
taged categories of workers such as women, the youth, and the long-term unemployed,
who otherwise would not have the opportunity to prove their productivity. However, at
the same time, the stricter the EPL for permanent workers, the more employers use tem-
porary contracts as a buffer to face the business cycle and temporary jobs are more likely
to be dead ends. Following Bentolila et al. (2019), employers’ decisions heavily depend
on firing costs and this favours dead end outcomes, in particular the larger the EPL gap
between contract types: the higher the EPL gap, the larger the benefits of hiring using
temporary contracts and the lower their conversion rate into permanent jobs.

Table 4 reports descriptive statistics of the EPL index of permanent employment, the
EPL gap between temporary and permanent contracts, the unemployment rates, and the
GDP growth rate by research outcome. These aggregate measures refer to the country

studied in each article and to the year (or the midpoint of the time window) of the dataset

17



used for the empirical analysis. The number of observations is now reduced to 66 from 54
articles, since we excluded 10 articles using multiple countries. The EPL for permanent
contracts is stricter in those countries where the research findings are in favour of the dead
end hypothesis. However, when the gap between the EPL of permanent jobs and the EPL
of temporary jobs is larger, the stepping stone hypothesis is more likely to be supported.
In line with theoretical arguments, the stepping stone hypothesis is more likely to emerge
when the state of the economy and of the labour market is more favourable, i.e. when the
GDP growth rate is larger and the unemployment rate is lower.

4.4 Heterogeneity among different types of temporary jobs

The vast majority of the papers in our sample analyzed a single type of temporary con-
tract, whereas 8 out of 64 reported results and conclusions on multiple contractual ar-
rangements. Booth et al. (2002) report findings on fixed-term contracts (FTCs) and sea-
sonal/casual jobs; Scherer (2004) uses both FTCs and very short employment episodes;
Addison and Surfield (2009) find support for the stepping stone hypothesis for tempo-
rary, on-call and contracting jobs. Nunziata and Staffolani (2007) and Givord and Wilner
(2015) provide evidence that FTCs are stepping stones but temporary help agencies jobs
are dead ends. Berglund et al. (2017) distinguish among 7 contract types (substitute, pro-
bationary contracts, temporary jobs, seasonal, summer work, project and on-call jobs).
Finally, Bosco and Valeriani (2018) and Kiersztyn (2020) find support for the dead end
hypothesis for both FTCs and “parasubordinate” contracts and FTCs and irregular works,
respectively. Here we investigate even whether and how the study outcome is associated
to the type of temporary contract.’

More in detail, we group temporary jobs in five categories. Figure 6 illustrates the
research outcomes among these 5 categories. Firstly, 26 selected papers study the effect
of temporary jobs without being specific in defining the contractual forms analyzed. We
assign these papers to the generic category “Temporary jobs”.® The stepping stone out-

"Further heterogeneity dimensions that could be interesting to investigate are those related to the prob-
ability of individuals to belong to disadvantaged groups, for example gender, labour market experience,
education, age or blue vs. white collar workers. However, the studies in our sample rarely report separate
estimates for these different groups of workers or, if they do, the results do not differ across the distin-
guished categories. For instance, although about 20 studies report separate estimates for men and women,
the effect of temporary jobs on future job stability is similar for men and women and only in few cases the
conclusions are different.

8This category includes those studies which do not distinguish among different forms of temporary con-
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come slightly prevails in this category with 10 articles supporting it. Secondly, 10 papers
analysed temporary help agencies (THA) jobs and the dead end effect is the most likely
research outcome, while 17 studies focus on fixed-term contracts (FTCs) and, also in this
case, the dead end effect is the most likely outcome. A further category includes seasonal
contracts and all atypical contracts that are contingent, casual, or marginal, typically with
limited job security and part-time. Again, the prevailing outcome is the dead end effect.
Finally, a residual category captures all the other contractual forms, such as “parasubor-
dinate” workers,” on-call jobs, subsidized temporary contracts, project works, summer
works, short-lived jobs, and single quarter jobs. In this case, the two opposite hypotheses

are equally supported by the empirical evidence.

Figure 6: Research outcomes by contract type
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Notes: The category “Temporary jobs” includes those studies which do not distinguish among different forms of temporary
contracts and studies which have “temporary job” as a separate category from other temporary arrangements. It also includes those
studies using the definition of “atypical” or “non-standard work”. The category “Casual/seasonal jobs” refers to seasonal contracts
and all atypical contracts that are contingent, casual, or marginal. The category “Other atypical contracts” refers to those studies
which explicitly use a particular type of temporary contract different from THA jobs and FTCs.

tracts and studies which have “temporary job” as a separate category from other temporary arrangements.
This category also includes those studies using the definition of “atypical” or ‘“non-standard work”.

9“Parasubordinate” workers are officially self-employed workers, but de facto are employees, much
used in Italy in the 2000s and 2010s.
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Table 4: Descriptive statistics of institutional context and
macroeconomic conditions by study outcome

Stepping Stone  Dead End ~ Mixed/Controversial

a) EPL of permanent jobs
Mean 1.989 2.409 2.376
Standard deviation 1.303 0.684 0.672
Minimum 0.090 0.090 1.230
Maximum 3.620 3.350 3.320
b) EPL gap
Mean 0.378 0.427 0.422
Standard deviation 0.864 0.803 1.113
Minimum -0.790 -0.890 -1.740
Maximum 2.360 2.050 2.180
¢) Unemployment rate
Mean 7.243 8.938 8.871
Standard deviation 1.869 3.989 3.153
Minimum 3.700 4.000 4.800
Maximum 10.300 20.400 16.800
d) GDP growth
Mean 2.539 1.947 2.550
Standard deviation 0.842 1.574 1.322
Minimum 1.220 -2.300 0.100
Maximum 4.200 4.600 5.100
Observations 23 29 14

Source: OECD Database. The EPL of permanent jobs is the “strictness of em-
ployment protection: individual and collective dismissals (regular contracts)”. We
calculate the EPL gap as the difference between the EPL of permanent jobs and the
EPL of temporary jobs. The unemployment rate comes from the General statistics,
Key short-term economics indicators. The GDP growth comes from the Annual
national accounts, Main aggregates.
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5 Meta-regression

5.1 Method

The outcome variable of our model is given by the hypothesis supported by each evalu-
ation study and categorized in three ordered values, following the same approach as the
one in Kluve (2010) and other meta-analysis concerning evaluation effects in the labour
market (see e.g. Kluve and Schmidt, 2002). Our ordered response dependent variable
takes three value: —1 when the study supports the dead end hypothesis; 0 for mixed
or controversial results; 1 when the research outcome is in favour of the stepping stone
hypothesis.

Although we are aware that a meta-analysis should take into account the effect size and
standard error of each study to provide solid evidence on eventual publication bias and on
the genuine effect, we cannot have a finer approach for several reasons. First, the labour
market outcomes used as dependent variables are very different across studies, going from
the probability of having a stable jobs in different years in the future, to hazard rates to-
wards permanent positions, to the probability of starting a job that lasts long enough, to
earnings. Second, different identification strategies are followed and different counterfac-
tuals are used. For example, in some studies the stepping stone hypothesis is investigated
by comparing the future labour market outcomes of individuals who had a temporary job
with those of individuals who had in the same moment a permanent position. In other arti-
cles, the same comparison is carried out between temporary workers and the unemployed
(or not employed). Third, some studies focus on specific types of temporary employment,
like temporary work agency jobs or fixed-term jobs, some other studies distinguish be-
tween various forms of temporary employment, and some others build their conclusions
on eventual repetitions of temporary jobs (e.g. Gagliarducci, 2005; Sanz, 2011). Finally,
while some studies focused on a single outcome variable, others based their conclusions
on more than one outcome, for example on both subsequent employment stability and
earnings.

For these reasons, we cannot use the MAER-NET guidelines (Stanley et al., 2013;
Havréanek et al., 2020) and opt instead for a simple ordered response variable taking on
three values. A further consequent limit of our meta-analysis is the inability to seriously
analyze the issue of publication bias, i.e. the bias stemming from the tendency of editors

to publish more easily results consistent with a conventional view (Card and Krueger,

21



1995). This type of bias is usually investigated through a funnel plot, a scatter diagram
of precision vs. non-standardized effect using the inverse of the standard error as a preci-
sion measure, or through a funnel asymmetry test (Stanley, 2005). We can only provide
some suggestive evidence for the publication bias. However, we consider the applied
methodology useful for conducting a meta-analysis on a very heterogeneous sample of
articles, such as that of our study and, more in general, whenever it is particularly difficult
to identify the main impact estimate or a standardized measure for the effect size.

Since the dependent variables is an ordered response variable, we model the proba-
bility that each study 7 is assigned to one of the three categories as a function of a set of

covariates using the ordered probit specification:

Plyi=—1x;) = pa(xi) = Pl —x:0),
v =0lx;) = po(x5) = Py —x,08) — P(ag — x:8),
yi = 1x;) =pi(xi) = 1—@(ay —x:8), (D

where o and o are cut points, X; is a set of covariates, and 3 the conformable vector of
parameters. Among the covariates we include the SJR indicator at the time of publication,
the average number of citations per year according to Google Scholar and retrieved on 8
March 2021, the subject area, the year of publication, the sample size, dummies for the
identification strategy, and indicators for the geographical area. Moreover, we include
in the model specification dummy variables capturing different forms of temporary con-
tracts. We use the average number of Google Scholar citations, albeit it is realized after
the publication of the study, as a proxy for the quality and scientific credibility of the
article, similar to Brancaccio et al. (2020). We implicitly assume therefore that there is
no citation bias in this issue, i.e. we suppose that the probability of being cited is, ceteris
paribus, independent on the study outcome (Jannot et al., 2013; Urlings et al., 2021).
The order probit model is estimated by maximum likelihood. Then, to quantify the
correlation between the covariates and the response probabilities, we use the estimated
parameters to calculate the average marginal effects of the different regressors on p_; (x;)
and p;(x;), i.e. on the probability that a study finds support for the dead end hypothesis
or the stepping stone hypothesis, respectively. By doing so we can quantify the impact of

each characteristics by keeping fixed all the remaining ones.
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5.2 Main results

Table 5 reports the full set of estimation results of the ordered probit model with three
different sets of control variables. Specification (1) is the most parsimonious one: we
include only two dummies for the identification strategy (selection on observables and
selection on unobservables, with studies controlling only for a small set of covariates as
the reference) and dummy variables for the type of contractual arrangements. We do not
use the variables capturing the macroeconomic condition and the institutional context. In
specification (2) we include a richer set of dummies for the identification strategy used
to estimated the causal effect of temporary employment. Finally, in specification (3) we
augment the baseline specification with the variables for the macroeconomic condition
and the institutional context. For these 3 specifications, Table 6 displays the average
partial effects of each regressor on the probability that a study finds support for the dead
end hypothesis (APE_;) and reports evidence in favour of the stepping stone hypothesis
(APE)).

The results in specification (1) of Tables 5 and 6 indicate that the quality of the publi-
cation as measured by the number of citations per year is strongly associated to the study
outcome. One more citation per year is associated with an increase in the probability that
the stepping stone is the study outcome by 0.9 percentage points (pp) and with a similar
decrease in the probability of finding that temporary jobs are dead ends. This suggests
that articles providing evidence supporting the stepping stone hypothesis receive more
citations. Otherwise, the SJR index of the journal seems to be not significant.

The year of publication matters. We control for year of publication after grouping it
in 3 categories. We find that papers published more recently are less likely to find results
supporting the stepping stone hypothesis. We also observed this in the univariate analysis
in Section 4 and it could be due to the fact that more unstable and stagnant economic
conditions, as those which followed the Great Recession, largely favoured the use of
temporary employment as a buffer.

The subject area of the journal is strongly associated to the study outcome. Arti-
cles published in multi area journals according to the Scimago classification are more
likely to report evidence in favour of the stepping stone hypothesis and less likely to find
that temporary jobs are dead ends. Observations from articles published in Economics,
Econometrics and Finance or in Business, Management and Accounting journals are more

likely to support the dead end scenario and less likely to present findings in favour of the
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Table 5: Full set of estimation results of the ordered probit model for the study outcome

@ (@) 3
Coeff. Std.Err.  Coeff. Std.Err.  Coeff. Std.Err.
Google scholar citation per year 0.035 ks 0.012 0.042  wwk 0.014 0.018 0.014
SJR index -0.281 0212 -0.274 0.223  -0.070 0.265
Year of publication - Reference: 2015-2021
1999-2009 0.685 * 0.366 0.253 0.429 1.004  * 0.547
2010-2014 0.906  ** 0384 0712 * 0.408 1.211 ek 0.456

Subject area - Reference: Multi area
Economics, Econometrics and Finance -1.192 ek 0.387  -1.653 0.511 -1.801 Fkk 0.459
Social sciences -0.116 0449 -0.181 0.457  -0.853 0.645
Business, Management and Accounting  -1.636  *** 0.531  -1.444 %% 0.519  -1.569  *** 0.514
Sample size - Reference: N < 1,000

1,000 < N < 10,000 1.184  * 0.692 1.709  ** 0.794 1943  ** 0.798

N > 10,000 1.364  ** 0.683 1.878  ** 0.790 1.703  ** 0.735
Continental dummies - Reference: UE

Extra EU 1.428  wxE 0.526 1.829  **x* 0.497  -0.600 0.963

Multi country -0.577 0391 -0.393 0.458 - -
Contract type - Reference: Temporary jobs

Fixed-term contracts -0.186 0.372 0.042 0420 -0.194 0.564

Temporary Help Agencies -1.677  Fx* 0.637 -1.740  Hk* 0.648  -2.048  #k* 0.671

Casual/Seasonal jobs -1.621  HEE 0.515  -1.664  #** 0.531 -1.437  ** 0.625

Other atypical contracts -0.006 0.355  -0.097 0.367 0.302 0.500
Identification strategy - Reference: Multivariate analysis with reduced number of controls

Selection on observables 1.365  *** 0.457 - - 1.715 % 0.509

Selection on unobservables 1.546  *** 0.405 - - 1.619  *** 0.532
Identification strategy - Reference: Multivariate analysis with reduced number of controls

Control function - - 1.800  ** 0.771 - -

Propensity score matching - - 1.637 % 0.519 - -

DiD-FE - - 1.503  ** 0.513 - -

Timing-to-Events - - 2.554  kxx 0.771 - -

Dynamic random effects probit - - 0.681 0.835 - -

Other methods, including RDD and IV - - 0.808 0.869 - -
Institutional context and macroeconomic conditions

EPL for permanent workers - - - - -0873 * 0.483

EPL gap permanent/temporary workers - - - - 0.111 0.216

Unemployment rate - - - - -0.128  ** 0.062

GDP growth rate - - - - 0.268  * 0.142
Ordered probit cut points

o) 1.626 0.839 2.086 0.966  -0.625 1.726

ail 2.504 0.858 3.028 0.992 0.311 1.708
Observations (studies) 78 (64) 78 (64) 66 (54)
Pseudo-R? 0.244 0.283 0.335

Notes: *** Significant at 1%, ** significant at 5%, * significant at 10%. The outcome variable is an ordered response variable
indicating whether a study supports the dead end hypothesis (—1), finds mixed or null results (0), or finds evidence in favour of
the stepping stone hypothesis (1). The standard errors are clustered at study level.
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stepping stone hypothesis.

Studies with larger sample sizes and focusing on extra-EU countries are much more
likely to find evidence for the stepping stone hypothesis.

We find that jobs for THA and causal/seasonal jobs are the most likely to be dead
ends: according to specification (1), the probability that a study finds that the dead end
hypothesis prevails is 46 (44) pp higher than the one of studies with a general focus on
temporary employment. Similar magnitudes are obtained from specifications (2) and (3).

Finally, we find that papers dealing with the endogeneity of the temporary job treat-
ment on the basis of either the selection on observables or the selection on unobservables
are much more likely to have research outcomes in favour of the stepping stone hypothesis
than those articles that do not tackle self-selectivity issues.

In model (2) we shed more light on the methodological aspect and provide a richer
specification to describe better the identification strategy. We find that those studies using
the ToE approach, and therefore exploiting the extra information provided by the timing
with which the selection into treatment and the transition to the outcome state occur,
are the most likely to find the stepping stone effect. Their probability of finding results
compatible to the stepping stone hypothesis is 57 pp larger than that of articles not tackling
self-selectivity issues (the reference category). They are followed by control function,
PSM and DiD approaches, with a probability of finding results supporting the stepping
stone hypothesis which is 34-41 pp larger than that of the reference category.

Finally, in specification (3) we include four extra regressors capturing the labour mar-
ket regulations (the EPL for open-ended contracts and the EPL gap between permanent
and temporary jobs), the state of the labour market (unemployment rate), and the business
cycle (GDP growth rate). We lose 12 observations (out of 78), because 10 articles are
multi-country studies. In this specification, the coefficient of the citations per year be-
comes insignificant, suggesting that the quality of the journals and the citations received
by the articles are homogeneous across the study outcomes. We speculate that this might
indicate that there is no publication bias. The same happens for the coefficient of the con-
tinental dummy “Extra EU”. The remaining results reasonably match those of the baseline
model. Further, we find that the variables for the EPL for permanent workers and the EPL
gap do not correlate to the study outcome. Otherwise, the status of the labour market, as
measured by the unemployment rate, is correlated to the study outcome, rather than to the
GDP growth rate: the larger the unemployment rate, the lower (larger) the probability that
the stepping stone (dead end) effect is the study outcome. This suggests that temporary
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jobs are more likely to be used as a buffer to face the volatility of the demand of the final
product when the economy is in a downturn and that the level of labour market deregu-
lation, as measured by the EPL indexes, plays instead a limited role. This is in line with
the findings in Brancaccio et al. (2020) who, in a meta-analysis on the macroeconomic
impact of the labour market deregulation on employment and unemployment, found that

the effect of the EPL index on employment and unemployment is on average nil.

5.3 Citation bias

To proxy the scientific quality of the studies, we included among the covariates the num-
ber of Google Scholar citations per year. However, this is a good proxy of the quality of
the article if there is no citation bias. If there is citation bias, the study result would indeed
determine, ceteris paribus, the number of citations per year. The latter would be in our
model a regressor affected by reverse causality and would not be able to approximate the
scientific reliability of the studies.

To assess whether this might be a problem we run two robustness checks. First, we
re-estimate the model after excluding from the set of regressors the number of yearly
citations. The estimation results are in Table 7. The main findings are confirmed: the
stepping stone hypothesis is more likely supported by articles which based their identi-
fication strategy on the selection on unobservables, more in detail on the ToE and DiD,
and when the unemployment rate is lower. We can only detect a minor difference in
specification (3): the EPL for permanent workers is now significant (at 5%) in explaining
the study outcome: the higher the EPL of permanent workers, the higher the probability
that temporary jobs are dead ends. This is in line with the theory predicting that when
firing costs of permanent workers are larger, firms are less likely to use temporary jobs as
probationary period, bur rather as a buffer to face final product demand uncertainty.

Second, we test for the citation bias by linearly regressing the number of Google
Scholar citations per year on dummy indicators for the study outcome and all the other
control variables used in the baseline model. We do it twice: first, using the full sample;
second, after removing the two top performing articles in terms of citations per year,
i.e. Booth et al. (2002) and Ichino et al. (2008) published on the Economic Journal and
Journal of Applied Econometrics, respectively. The distribution of the citations per year
is highly skewed to the right, with the two top performing articles far away from the bulk

of observations (see Figure 7) and the risk, therefore, that these two outlying observations
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Table 7: Full set of estimation results of the ordered probit model for the study outcome without
the number of citations per year

(e)) (@) 3
Coeff. Std.Err.  Coeff. Std.Err.  Coeff. Std.Err.

SJR index -0.026 0.173 0.024 0.185 0.073 0.216
Year of publication - Reference: 2015-2021

1999-2009 0.921  ** 0.357 0.602 0.404 1221  ** 0.528

2010-2014 0.856  ** 0374  0.673 0.413 1.220 ek 0.448
Subject area - Reference: Multi area

Economics, Econometrics and Finance -0.971 Hk 0.391 -1.203  ** 0.514  -1.713  *%* 0.449

Social sciences -0.302 0418 -0.357 0428 -1.016 0.629

Business, Management and Accounting ~ -1.492 % 0513  -1.190  ** 0.485  -1.469  *¥* 0.522
Sample size: Reference: N < 1,000

1,000 £ N < 10,000 1.050 0.712 1427 * 0.781 1.876  ** 0.842

N > 10,000 0.978 0.645 1.267 * 0.707 1.444 % 0.677
Continental dummies - Reference: UE

Extra EU 1.068  ** 0.477 1.353 ok 0.466  -0.992 0.801

Multi country -0.592 0414 -0.457 0.453 - -
Contract type - Reference: Temporary jobs

Fixed-term contracts -0.112 0.375 0.036 0.374  -0.261 0.553

Temporary Help Agencies -1.400  ** 0596 -1.526  ** 0.625  -1.998  #** 0.721

Casual/Seasonal jobs -1.429  wxx 0.484  -1.519 o 0.538 -1.372  ** 0.635

Other atypical contracts 0.056 0.367  -0.008 0.366 0.331 0.531
Identification strategy - Reference: Multivariate analysis with reduced number of controls

Selection on observables 0979  ** 0.438 - - 1.496  *** 0.459

Selection on unobservables 1.201  w**® 0.373 - - 1.433  wx 0.477
Identification strategy - Reference: Multivariate analysis with reduced number of controls

Control function - - 1.039 0.668 - -

Propensity score matching - - 1.245  ** 0.543 - -

DiD-FE - - 1.241  *** 0.462 - -

Timing-to-Events - - 1.924  *x* 0.676 - -

Dynamic random effects probit - - 0.284 0.802 - -

Other methods, including RDD and IV - - 0.585 0.896 - -
Institutional context and macroeconomic conditions

EPL for permanent workers - - - - -1.010  ** 0.459

EPL gap permanent/temporary workers - - - - 0.128 0.221

Unemployment rate - - - - -0.126  ** 0.057

GDP growth rate - - - - 0.254  * 0.141
Ordered probit cut points
ap 1.203 0.794 1.450 0.863 -1.279 1.525
ay 2.024 0.807 2318 0.882  -0.363 1.496
Observations (studies) 78 (64) 78 (64) 66 (54)
Pseudo-R? 0.210 0.242 0.327

Notes: *** Significant at 1%, ** significant at 5%, * significant at 10%. The standard errors are clustered at study level.
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could generate an exceptional influence on the least squares line. Table 8 displays the
ordinary least squares estimation results of the regression of the Google Scholar citations
per year on the study outcome and the other control variables.

Figure 7: Distribution of Google Scholar citations per year of the 64 studies in our sample

) “‘l I
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40 50 60 70 80 90
Citations per year

In Model (1), which uses the whole sample, we find that the stepping stone outcome
has a positive and sizeable effect on citations, albeit statistically significant only at the
10% level: studies finding support for the stepping stone hypothesis receive in a year on
average 9 citations more than those which conclude that temporary jobs are dead ends.
However, after excluding the top 2 performing articles in Model (2), which both found
that temporary jobs are stepping stones, this association disappears. Booth et al. (2002)
and Ichino et al. (2008) are two well known papers in this topic, published in journals with
a tradition for being scientifically credible and reliable, and facing the issue using state-
of-the art econometric techniques. The large number of citations they attract are likely
due to the scientific relevance of their approach, rather than due to a citation bias. They
can be therefore considered as outliers, when we looking for evidence of a citation bias.
Once they are removed from the sample, we realize that there is no correlation between
the study outcome and the subsequent citations, conditional on all the other controls. We
interpret this as evidence for the absence of citation bias, which in turn supports the use

of the number of citations per year as a proxy of the scientific quality of the article in the

29



Table 8: Ordinary least squares estimate of Google Scholar citations per year
on study outcome and other controls

@ (@)
After removing top 2 articles

Dependent variable: Whole sample in citations per year®
Google Scholar citations per year Coeff. Std. Err.  Coeff. Std. Err.
Study outcome - Reference: Dead end

Mixed/Controversial -1.191 3.090 -0.232 1.757

Stepping stone 8.776  * 4.784 0.390 1.954
SJR index 7.659  kkE 1.967 4239  wxx 0.723
Year of publication - Reference: 2015-2021

1999-2009 6.717  ** 3.353 6.045  Fk* 2.235

2010-2014 -0.378 3.166 3319 * 1.879
Subject area - Reference: Multi area

Economics, Econometrics and Finance 8.868 6.678 -0.844 1.681

Social sciences -3.379 3.668 -0.684 2.423

Business, Management and Accounting 3.465 3371 -0.084 2.168
Sample size: Reference: N < 1,000

1,000 < N < 10,000 -8.722 7306  -5.853 6.870

N > 10,000 -16.541 8.673 -5.216 6.609
Continental dummies - Reference: UE

Extra EU -14.170  ** 6.113  -1.348 2.140

Multi country 0.042 3.360 3.880 2.534
Contract type - Reference: Temporary jobs

Fixed-term contracts -0.078 2.882 0.566 2.076

Temporary Help Agencies 9.105 5493  -0.969 2.260

Casual/Seasonal jobs 11112 * 6.506 -0.892 1.946

Other atypical contracts 0.225 3.393 2.108 2.228
Identification strategy - Reference: Multivariate analysis with reduced number of controls

Selection on observables -14.170  ** 6.840 -5964  ** 2.887

Selection on unobservables -12.979  ** 6.241  -1.327  ** 1.795
Constant 16.042  * 9.092 7.535 7.433
Observations (studies) 78 (64) 75 (62)
R® 0.594 0.544

Notes: *** Significant at 1%, ** significant at 5%, * significant at 10%. The standard errors are clustered
at study level.

@ We removed the two top performing articles in terms of citations per year, Booth et al. (2002) and Ichino
et al. (2008). Their realization is indeed far away from the bulk of observations (see Figure 7), with the
risk that these two outlying observations could generate an exceptional influence on the least squares line.
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baseline model.

6 Conclusions

This article presents a meta-analytical approach to the “stepping stone vs. dead end” de-
bate concerning the effects of temporary jobs on subsequent labour market performances.
To the best of our knowledge, this article is the first attempt to systematically and quan-
titatively summarize the empirical findings on this issue. We searched and collected 64
articles published on peer-review journals for the period 1990-2021, which provide an
amount of 78 observations. Among these findings, 32% support the hypothesis according
to which temporary contracts are a port of entry into stable jobs, 23% report mixed or no
effects, and the remaining 45% provide evidence in favour of the dead end effect.

We analyzed how the study outcome is correlated to different study-related charac-
teristics, the labour market regulation, the state of the labour market, and the business
cycle. The meta-regressions suggested that the probability that the study outcome finds
support for the stepping stone (dead end) hypothesis is larger (smaller) when the iden-
tification strategy of the causal effect of temporary employment relies on both selec-
tion on observables and unobservables, especially on the timing-of-events approach. By
analysing whether the type of temporary contract matters, we found that THA jobs and ca-
sual/seasonal jobs are strongly associated with a higher (lower) probability of identifying
a result in favour of the dead end (stepping stone) hypothesis.

Finally, we detected that the strictness of the EPL for permanent workers and its gap
from the one for temporary workers are not associated to the study outcome. This ev-
idence is in line with the results in the meta-analysis in Brancaccio et al. (2020), who
found that labour market deregulation is not associated to better macroeconomic employ-
ment performances. Instead, our meta-analysis revealed that the unemployment rate plays
arelevant role, suggesting that the stepping stone (dead end) effect is less (more) likely in
economic downturns. A similar finding comes from the GDP growth rate, although with

lower statistical significance.
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