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ABSTRACT

Labour Supply during Lockdown and
a "New Normal”: The Case of the
Netherlands®

We document the evolution of hours of work using monthly data from February to June
2020. During this period, the Netherlands experienced a quick spread of the SARS-CoV-2
virus, enacted a lockdown for a period of six weeks and gradually opened thereafter.
We show that during lock-down, substitutability between work from home and at the
workplace or essential worker status are key to maintain a large fraction of pre-crisis
hours of work. These pandemic-specific mechanisms become much less important as
social distancing restrictions are eased in May and June. Labor supply recovers quickly in
sectors affected heavily during lockdown, but goes down in other areas of the economy.
The latter is unlikely caused by pandemic-induced supply changes; diminished demand is
a more plausible explanation. Analyzing take-up of economic support programs, we find
suggestive evidence that wage subsidies and other programs helped limit the early-stage
impact of the crisis along the extensive margin.
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1 Introduction

A large number of papers have traced out the details of how economic activity
has slowed dramatically under the lockdown policies enacted by many coun-
tries in the first half of 2020 as a response to the CoViD-19 pandemic.! To
the best of our knowledge, this paper is first to study the impacts on what
happens to detailed patterns of labor supply as lockdowns are eased once the
pandemic is under some degree of control. We show that the pandemic-specific
mechanisms—Ilarge reductions in labor supply if work cannot be performed from
home and it is not classified as essential—lose much of their explanatory power.
At the same time, labor supply goes down in many other sectors. On the labor
market, the pandemic recession is beginning to resemble other downturns.

The Netherlands is an interesting case to study because it is broadly similar
to many Northwestern European countries. After infection rates started growing
quickly in mid-March of 2020, lockdown policies were enacted. These policies
were somewhat softer than in Southern Europe or the U.K., compliance was
high as was trust in the government. As infection rates came down, restrictions
were gradually lifted starting in May. By June, one would expect a much more
uniform impact of the pandemic’s direct effects across sectors, for example,
because of limited travel by public transport. A major exception are events
that gather lots of individuals and air travel. While the economy has taken a
hard hit—in the second quarter of 2020, GDP contracted by 9.3 percent year-
to-year—the combination of employment protection and employment hoarding
subsidies have limited the immediate individual-level economic consequences
compared to other countries. The unemployment and labor force participation
rates fell by 1 percent each over the February-June period.

To understand the effects of the pandemic-induced crisis on labor markets,
it is crucial to explain how working hours have changed. First, if labor hoarding
is not sustainable in the medium term, the evolution of hours allows to gauge
the likely extent of job separations and who will be affected. Second, under-
standing the division of hours between the usual workplace and at home helps
in understanding how work might be organized in the future and how this will
impact different segments of the population.

We make use of customized data collected in the LISS Panel, a high-quality
online survey based on a probability sample of the Dutch population. We have
measures at five points in time: Just before the crisis, in the first two weeks of
lockdown in the second half of March, and monthly data from April to June. In
addition to obtaining standard background variables, we measure hours worked
at home and at the workplace, the ability to perform usual tasks from home, es-
sential worker status, and whether workers were affected by various government
support programs.

IExamples include Adams-Prassl et al. (2020a), Alstadszeter et al. (2020), Bick and Blandin
(2020), Juranek et al. (2020), and von Gaudecker et al. (2020) on the labor market impacts,
Bachas et al. (2020), Chetty et al. (2020), and Sheridan et al. (2020) on consumer spending,
Alon et al. (2020) on the macro effects of unequal impacts across genders, and Guerrieri et al.
(2020) as well as Danieli and Olmstead-Rumsey (2020) on spillovers across sectors.



During lockdown, being able to substitute hours at the workplace with home
office hours and essential worker status largely explain changes in hours worked.
Being able to perform the vast majority of tasks from home or being classified
as essential each imply an average fall in working hours by 2-3 hours during
lockdown. If non-essential work requires near-total physical presence at the
workplace, the reduction was 7-8 hours larger. By June, this gap reduced to
around 3 hours. Between April and June, home office became substantially less
prevalent across all workers.

The same pattern is visible across sectors. Initial reductions were largest
in sectors with high personal contact, which were directly affected by policy
measures. For example, working hours in catering fell by more than 14 hours
during lockdown. As restrictions were lifted, they quickly recovered to levels
not far from the overall average loss of five hours.

All these patterns hold up qualitatively and quantitatively in a regression
analyses with a large set of controls. Examining the individual-level dynam-
ics, we find some persistence. However, the explanatory power of early hours
reductions quickly fades between May and June. The rather transitory nature
of initial reductions related to low telecommutability also implies that initial
socioeconomic inequality in pandemic response may partly vanish as cases go
down and restrictions are lifted. Indeed, we find that the education and income
gradient in hours reduction are large on impact but fade out towards June.

Finally, we examine the take-up of policies. This is very heterogeneous
across sectors and much larger for individuals who faced substantial reductions
in work hours during lockdown. The hours gap to workers who were not affected
by policy measures closes quickly in May and June. We take this pattern as
suggestive evidence that schemes subsidizing labor hoarding and supporting the
incomes of self-employed were successful in bridging the lockdown period. This
finding is consistent with cross-country evidence (OECD, 2020) and data from
the financial crisis (Giupponi and Landais, 2020).

In the next section, we sketch the institutional context and the general set-
ting in the Netherlands. In Section 3, we then describe our survey modules
and the aggregate trends in the data. Section 4 contains our main analysis.
Section 5 concludes.

2 Institutional context

This section sets the scene for interpreting our results. We first sketch the spread
of the Coronavirus in the Netherlands and the social distancing policies taken
as a response. We then move on to key features of the Dutch labor market and
some economic support programs.

2.1 Social distancing policies

The first infection with the SARS-CoV-2 virus was detected in the Netherlands
in late February 2020. By mid-March, more than 10 new cases per million



inhabitants were confirmed each day (all infection number are based on Roser
et al., 2020). This number reached 60 by the end of March and stayed roughly at
that level for the first three weeks of April.? It declined thereafter and reached
10 again in mid-May, staying there or somewhat below until late July 2020.

Similar to other countries, the steep rise in infections prompted the Dutch
government to impose restrictions on economic and social life to stop the spread
of the Coronavirus. In mid-March, all schools and childcare facilities were closed
along with restaurants, cafes, bars, and several other businesses involving per-
sonal contacts. People were advised to stay at home, to keep a distance of at
least 1.5 meters to each other and to avoid social contacts; the number of visitors
at home was restricted to a maximum of three individuals.

While most of these policy measures resembled those in other European
countries, they did not involve a general curfew and some measures were much
more lenient. Businesses, such as stores for clothes, utilities, or coffee shops
remained open as long as they could guarantee to maintain the social distancing
rules. While the government advised everybody to stay at home, people were
allowed to go outside without any official permission, and they were allowed
to meet a maximum of three other non-household members as long as social
distancing was maintained. Public locations were accessible and traveling or
the use of public transportation was possible throughout the lockdown period.

Beginning in May, the restrictions were gradually lifted. Daycare facilities
and primary schools started opening in mid-May, businesses such as hairdressers
and beauty saloons were allowed to accept customers again. In the beginning of
June, secondary schools started opening; restaurants, cafes, and cinemas could
operate under restricted capacity. With the main exceptions of bans on larger
(inside) gatherings, the requirement to wear masks in public transport, and the
mandate to keep a distance of 1.5 meters to other people, social and economic
life was largely back to what it was before — a new normal.

2.2 Labor supply and economic support measures

The Dutch labor market entered 2020 in a very healthy state. In 2019, about
69% of the Dutch population aged 15 to 75 years were employed®. The employ-
ment rate was 64% among women and 73% among men. On average, men work
about 37 hours per week and women work about 26 weekly hours. The numbers
from 2019 line up well with the pre-crisis numbers in our sample: On average,
men work 37 hours per week. Female working hours are somewhat higher in
our sample at 29 hours per week. Bick, Fuchs-Schiindeln, and Lagakos (2018)
compare differences in hours worked per adult by log GDP per capita from 49
countries worldwide. The Netherlands are very similar to other high income

2The peak in daily cases was also between 60 and 70 in Germany, France, or the U.K.,
although the plateau lasted shorter in Germany and France. It lasted much longer in the
U.K.. During the March-April period, the peaks were substantially higher in Spain (160),
Italy and the U.S. (both between 90 and 100).

3Numbers are obtained from the latest report on employment of the Statistics Netherlands,
https://www.cbs.nl/nl-nl/visualisaties/dashboard-arbeidsmarkt/werkenden
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countries in terms of hours worked per adult and in the ratio of income per
worker over GDP per worker.

As many other countries, the Dutch government identified a number of areas
of the economy that are exempt from the restrictions on public life. Examples
for these types of occupations and industries are health and social care; teachers
and school staff; public transportation; the production, distribution and trans-
portation food, fuel, and gas; communication and online services, emergency
services such as fire department and ambulance; or necessary administrative
services. We describe these essential workers in more detail in von Gaudecker
et al. (2020). During the period daycare centers and schools were closed, parents
who qualified as essential workers were eligible for emergency daycare.

In order to reduce the impact of the lockdown and of behavioral reactions
to the virus spread on the labor market, the Dutch government implemented
several measures starting in mid-March for the period March to May. In mid-
May, the government announced that the supportive strategies were extended
by another four months, sometimes on somewhat different terms. So far, the
entire emergency program for the Dutch economy amounts to about 30 billion
Euros, which is about 3-4 percent of the Dutch GDP.

Arguably the most important policy measure targeting workers is the short-
term allowance (Noodmaatregel Overbrugging voor Werkgelegenheid, NOW),
which subsidizes labor hoarding. In order to prevent job loss due to the crisis,
the Dutch government supports all businesses that expect a loss in gross revenues
of at least 20% between March 2020 and May 2020 with advanced money for
labor costs. The amount of advancement depends on the expected revenue
loss. A business that expects a loss of 100% can request 90% of its labor costs
from the government. The advancement is paid out at three points in time,
with a first chunk being paid within 2-4 weeks after a positive decision on the
request. Employers who get the advancement commit to pay full salaries to
their employees and to not fire employees due to reduced business activities.
Moreover, employers can revert dismissals that already have taken place. The
advancement can also be requested for employees with fixed-term contracts or
temporary workers. This form of short-time work (see, e.g., Giupponi and
Landais, 2020, for a current perspective) has been used previously by the Dutch
government.

Another important programs is the TOGS (Tegemoetkoming Ondernemers
Getroffen Sectoren COVID-19, Reimbursement for Entrepreneurs in Affected
Sectors COVID-19), a one-time payment of 4000€ that is conditional on the
sector being affected directly by the pandemic or pandemic-related measures.
The TOZO (Tijdelijke Overbruggingsregeling Zelfstandig Ondernemers, Tem-
porary Bridging Measure for Self-employed Professionals) is an income support
measure for the self-employed. It was not means-tested in the first three months
of existence. For the period May-September, a household-level income test was
introduced. Further relief was provided through tax deferrals and loan guaran-
tees for firms. We provide some more detail in the supplementary material to
Section 4.4.



3 Data and overall labor market trends

This section describes our data and the dynamics of employment and working
hours. We designed a set of modules asking members of the Longitudinal In-
ternet Studies for the Social Sciences (LISS) panel about behaviors, beliefs and
expectations during the CoViD-19 crisis. The first module was fielded between
March 20th and 31st 2020, a few days into the lockdown. Three more modules
were in the field throughout the months of April, May, and June.

The LISS panel is based on a probability sample of individuals registered by
Statistics Netherlands; it has been running since 2007 and consists of roughly
4,000 Dutch households comprising about 7,000 individuals. It is administered
by CentERdata, a survey research institute affiliated with Tilburg University,
the Netherlands. All four modules were addressed to all panel members at the
age of at least 16 years. In all four surveys, the response rate was in excess of
80%. All questions of our surveys are documented at CoViD-19 Impact Lab
(2020). Throughout this paper, we restrict the sample to respondents aged 18
to 66 years. 66 years is the legal retirement age in the Netherlands in 2020.

3.1 Labor force participation

The CoViD-19 crisis had dramatic effects on employment in many countries with
the U.S. and the U.K. standing out (Adams-Prassl et al., 2020a; Alstadsseter
et al., 2020; Benzeval et al., 2020; Bick and Blandin, 2020; Juranek et al., 2020).
Due to stronger labour protection laws and the quick reaction in terms of short-
time work schemes (Jongen and Koning, 2020; OECD, 2020), more employment
relations were preserved in a lot of Western European countries over the first
months of the crisis.

The first row of Panel A in Table 1 shows the dynamics of the labor force
for all respondents between the ages of 18 and 66.* We asked about labor force
status before the crisis retrospectively in March, during the first two weeks of
lockdown. The share of respondents that are not working because they are
either in education, unemployed, retired or a home maker increases from 24.3%
before the onset of the crisis to 26% in May, before slightly dropping again.
The difference is significant at the 10%-level; it is broadly in line with official
statistics, which indicate a rise in the non-participation rate by 0.9 percentage
points for ages between 15 and 75 over the same period.”

The second row of Table 1 displays the evolution of unemployment in our
sample. Before the CoViD-19 crisis, we estimate the unemployment rate to
be 4.5%. This is somewhat higher than the 3.2% rate in official statistics for
February 2020. Some of the discrepancy may be explained by different age
restrictions. Until May, we estimate it to gradually rise to 5.8%, before we see
a slight drop again. The difference between the period before the crisis and

4Visualisations of many of the features highlighted in the rest of this Section 3 can be
found in Section B of the Online Appendix.

Shttps://opendata.cbs.nl/statline/#/CBS/nl/dataset/80590ned/table?ts=
1597837537466
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Table 1: Summary statistics

Panel A: Labor force status and working hours over time

pre CoViD-19 late March April May June

out of the laborforce 0.243 0.246 0.251 0.260 0.255
(0.006) (0.007)  (0.007)  (0.007)  (0.007)

N 4451 3970 4018 3879 4209
unemployment rate 0.045 0.050 0.056 0.058 0.052
(0.004) (0.004)  (0.004) (0.004) (0.004)

N 3370 2993 3009 2872 3134
total working hours 33.2 29.2 28.4 27.2 28.2
(0.2) (0.3) (0.3) (0.3) (0.3)

N 3216 2848 2869 2744 2989
hours worked from home 3.9 14.5 15.0 12.7 11.3
(0.2) (0.3) (0.3) (0.3) (0.3)

N 3216 2848 2869 2744 2989

Panel B: Characteristics of individuals working at least 10h in any one period

N  mean std. dev. qo.25 qo5 qo.75

female 3216 0.53
education: lower sec. & less 3216 0.14
education: upper sec. 3216 0.37
education: tertiary 3216 0.48
age 3216  43.79 12.49 33 45 55
employed 3216 0.88
self-employed 3216 0.10
part time 3155 0.33
gross income (thousands) 3035 3.62 30.2 1.9 282 3.89
essential worker 3208 0.38
frac. work doable from home 2563 0.45 0.42 0 0.4 0.9

affected by economic support program 2459 0.18

Panel C: Statistics by sectors

N average fraction Change Change affected
pre- fraction essential in in by eco-
CoVid of work  worker hours, hours, nomic
doable pre- pre- support
from CoViD CoViD program
home to to June
March
catering 72 0.15 0.14 -14.8 -6.7 0.41
construction 95 0.35 0.04 -1.9 -4.6 0.07
education 229 0.56 0.57 -5.0 -3.5 0.03
env., culture, & recr. 79 0.50 0.13 -9.5 -8.8 0.44
financial & business 312 0.78 0.12 -2.0 -6.0 0.22
services
healthcare & welfare 550 0.24 0.79 -2.8 4.4 0.11
industry 219 0.40 0.19 -3.5 -3.6 0.21
other 345 0.42 0.30 -4.5 -6.2 0.29
public services 235 0.69 0.34 -2.3 -6.3 0.01
retail 191 0.35 0.19 -5.2 -5.0 0.31
transport, comm., & 162 0.39 0.43 -3.9 -7.3 0.19

utilities

Notes: Source LISS. All statistics are on respzndents between ages 18 and 66. The samples
for hours, background characteristics, and sectors include individuals who worked for at least
10 hours in any one of the 5 periods.



in May is statistically significant at the 5%-level; so is the difference between
the pre-crisis period and the average between April and June. Official statistics
record a rise by 1.1 percentage points over the same period.

3.2 Hours worked

Throughout the rest of the paper, we consider unconditional working hours for
the subset of individuals who are working at least ten hours in at least one of
the five periods we observe. This sample amounts to 3,216 individuals. The
reported numbers for hours, hence, cover both changes in working hours on the
extensive and intensive margin. They do exclude those without any attachment
to the labor force in the first half of 2020. This strikes a balance in the short
term between summarizing work dynamics in one measure and being close to
conditional hours of work, which are most intuitive and typically reported in
work spanning longer horizons.

The third row of Table 1.A shows that on average, weekly hours initially
decreased by almost 4 hours or 11%. They bottomed out in May just above 27
weekly hours and rose by an hour again in June. As has been documented by
many data collection efforts already (Adams-Prassl et al., 2020b; Bick, Blandin,
and Mertens, 2020; Dingel and Neiman, 2020), the most dramatic change on the
labor market has been an unprecedented rise in the amount of work performed
from home. Indeed, the last row of Table 1.A shows a huge jump in March from
just under 4 to more than 14 hours. In terms of relative sizes, this was a change
from 12% to almost 50% in the aggregate. This fraction peaked in April at 53%
and declined again to 40% in June.

The joint patterns of total hours and home office hours already display the
gist of this paper: The defining features of the pandemic recession (Alon et al.,
2020) quickly become much less important as infections dwindle and restrictions
are lifted. The overall amount of work remains much lower than before the crisis,
however.

3.3 Background characteristics

The sample used in most of the paper consists of the 3,216 individuals who
worked for at least ten hours in any one of the five periods. The first row of
Panel B of Table 1 shows that just over half of this sample is female. Fourteen
percent left school with a primary or lower secondary degree (bo/vmbo), 37%
have completed upper secondary education (havo/vwo/mbo), just under one
half of the workforce has some form of tertiary education (wo/hbo).

Before the CoViD-19 crisis started, 88% of the sample were in dependent em-
ployment; one in ten individuals was self-employed.® One third of the workforce
worked part-time, defined as working no more than 30 hours per week.

Individuals’ gross monthly income before the crisis was 3,620€ on average;
median income is at 2,820€. We often make use of a categorization for income

658 individuals were not working before the crisis but did work at a later point in time,
hence the categories for initial type of employment add up to 0.98 only.



being below 2,500€ (41% of the sample), between 2,500€ and 3,500€ (28%),
and above 3,500€ (31%).

38% work in an occupation identified as being essential to the working of
public life, see Section 2.2 for more details. In the May questionnaire, we asked
about the fraction of normal work before the onset of the crisis that could be
done working from home. This is true for 44% of all tasks on average. The
measure varies across the whole distribution — the first quartile is zero and the
third quartile is already 90%.

Finally, we estimate that 18% of the workforce benefit from one of the
economic support programs we ask about (NWO, TOGS, tax deferrals, Tozo,
amendment provisional assessments and Qredits; the latter three only for the
self-employed). For this measure, we construct indicators of whether the self-
employed or employers (in case of employees) were granted support under any
program or the outcome was unknown. We set the measure to zero if no appli-
cation was made, respondents did not know whether an application was made,
or the application was known to be rejected. The reason we set applications
with unknown outcomes to “affected by the policy” is that acceptance rates
were very high (e.g., 94% in case of the NOW Jongen and Koning, 2020). This
is a reflection of the fact that the explicit goal—particularly in the first three
months-phase—was to provide fast and unbureaucratic support. Even with this
broad definition, we underestimate take-up to some extent. For the NOW, the
most important program, numbers by Statistics Netherlands imply that 24% of
the working population benefitted from it in May 2020. We estimate overall
take-up to be 13%, with 24% of respondents stating they do not know whether
they fall under this program. This is not surprising because there is no require-
ment to reduce hours under this program, so there is no direct implication for
employees’ everyday lives. Our analysis below suggests that among the group
who answers “Don’t know”, there is a sizeable fraction of individuals who benefit
from programs.

Finally, Panel C of Table 1 breaks down various statistics by sectors. By far
the largest sector is healthcare and welfare; the smallest ones are catering, en-
vironment /culture/recreation, and construction. The average fraction of tasks
that can be done from home is highest for financial/business services, followed
by public services and education. It is lowest for catering, followed by health-
care/welfare, and retail. Essential worker status is highest in healthcare/welfare
(79% of workers) and in education (57%); construction is at the other extreme.
All this fits very well with what one would expect.

The numbers in the last column of Table 1.C show that economic support
programs affected the largest fractions of workers in sectors most directly hit
by the pandemic. More than 40% of workers in environment/culture/recreation
and in catering were affected by the measures, followed by retail with 31%.
Public services, education, and construction are located at the other extreme.



4 Predicting the trajectories of hours worked

In this section, we provide an analysis of the trajectories of the evolution of
hours worked. We first show how they have covaried with the nature of individ-
uals’ work, where telecommutability and essential worker status are the most
important a priori predictors in a pandemic recession. We then show how the
reductions in hours have changed across sectors over time. Finally, we run a
multivariate analysis. The three exercises provide evidence for how the defin-
ing features of a pandemic recession have become less important over time as
infection numbers dwindled and restrictions were lifted.

4.1 Home office, essential workers, and hours worked

The root cause of the 2020 global recession has been the CoViD-19 pandemic.
When it arrived in the Netherlands in March 2020, there was great uncertainty
about how the disease spread except that it was very contagious. The result
was a lockdown (see Section 2.1) and large behavioral reactions (Sheridan et al.,
2020). Hence, Alon et al. (2020) and others have coined the term “pandemic
recession”.

The most natural way to keep a distance from people outside the own house-
hold and continue to work is to work from home. Essential workers were ex-
empted from most restrictions imposed on work lives. Indeed, many of them
were asked to keep working despite limited protective equipment for, e.g., health-
care workers or cashiers in supermarkets. As discussed before, the definition of
essential workers was rather wide in the Netherlands and 38% of our sample
state they are covered by this definition (see Table 1.B). We expect these two
mechanisms to have the largest impact on hours worked early in the pandemic.

The top row of Figure 1 shows total hours by the degree of telecommutability
in three categories. Figure la does so for non-essential workers.” Figure la
demonstrates that for workers who are not classified as essential, the initial
impact of telecommutability during lockdown is enormous. The fifth of the
workforce that has very little possibility to work from home saw losses close
to 10 hours, compared to 3 and below 2 for intermediate and high degrees of
telecommutability. By June, these gaps of 7-8 hours have narrowed considerably
to 2 hours or less.

In stark contrast to this, the ability to work from home does not have salient
effects on the overall quantity of work for essential workers. Figure 1b shows
that initially, reductions are limited to about 2-3 hours regardless of telecom-
mutability; by June there is an additional 2 hour decrease. The relation between
telecommutability and hours changes is generally not monotone for essential
workers, whereas it is for non-essential workers.

"Table A.1 shows the distribution of the workforce across along the categorization in Fig-
ure 1. The two smallest groups are the combinations of essential workers with high (4% of the
total) and intermediate (13%) capability to work from home. The remaining four categories
contain about one fifth of workers each.

10
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Figure 1: Changes in total working hours and hours worked from home, by
essential worker status and the percentage of work that can be done from home

Notes: The figure shows changes in total hours worked (Panel a) and hours worked from home
(Panel b) over time by percentage of work that can be done from home (in three categories).
Reference period is late February/early March. Vertical bars depict 95 %-confidence intervals.
Sample: 18 < age < 66; working hours of at least 10h in at least one period.
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The bottom row shows that substituting workplace hours by home office
hours indeed seems to be driving many of these patterns.® For those with
more than 10% capability to work from home, doing so is up by 15-21 hours
in March and April, before declining again. In case almost all work has to
be done at the workplace, the change in home office is very close to zero. As
restrictions are gradually lifted, home office hours decrease again in the groups
with intermediate or high capacity to work from home. They do so more than
overall hours decrease.

4.2 Sectors

Another way to look at the declining importance of pandemic-specific causes for
work disruptions is to consider the impact on workers in different sectors. This is
of independent interest for two reasons. First, sectors constitute a common level
of intervention for policy, e.g. the TOGS program specifically targets sectors hit
by the CoViD-19 pandemic. Second, there might be spillovers within sectors.
Even if some jobs are fully telecommutable in principle, e.g. accountants, might
be affected by the pandemic if the core business is shut down.

Figure 2a plots the average telecommutability of work in a sector against the
average change in hours of work between the pre-CoViD period and late March.
As we found for education in our earlier work (Figure 10 in von Gaudecker et
al., 2020), there is a strong negative relative relation between the two variables.
Hours declines were largest in sectors that require presence at the workplace;
they were very limited where most work can be done from home. By June,
the regression has flipped sign (Figure 2b).? For example, the catering sector
is by no means an outlier anymore in terms of hours reductions. The pattern
that emerged in Section 4.1 also holds at the sector level: The pandemic-specific
mechanisms determining labor supply initially played a crucial role, but their
importance fades quickly after lockdowns are lifted.

4.3 Exploring broader patterns

In order to further disentangle the effects of essential workers, telecommutability,
and sectors from other potential factors, we run a number of OLS regressions.
These are summarized in Table 2. In all cases, the dependent variable is the
change in hours between the pre-CoViD and a later period. These later periods
are late March/April—we pool these periods in the time dummies for conciseness
as there were no meaningful differences in the policy environment or in the
results—, May, and June. We include dummies for each of these three periods
and no intercept, so the coefficients are directly comparable to Figure 1. In

8We would expect a less pronounced relationship if we had asked about telecommutability
before the pandemic started. It is likely that many people only realized how much they could
actually work from home in March/April and thus answered accordingly in May.

9In order to economize on space, we have relegated the corresponding graphics for April
and May to the Online Appendix, see Figure C.9. In line with a period of lockdown in March
and April with gradual easing thereafter, the picture for April is very similar to March and
the regression line is flat in May.
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Figure 2: Changes in total hours by share of work that can be done from home
in March (Panel a) and June (Panel b)

Notes: Reference period for changes is late February/early March. Sample: 18 < age <
66; working hours of at least 10h in at least one period. Descriptive statistics are in C.1.
Equivalent figures for the months March and June are shown in Figure C.9. Bubbles are
proportional to sector size. The lines are predictions from OLS regression at the sector level,
weighted by sector size.

addition to the variables shown in Table 2, all regressions control for gender,
part-time work, gross income, and educational achievement. The full regression
table can be found in the Online Appendix, Table C.4.

The first nine rows in the first column show that all basic patterns from
Figure 1 continue to hold when adding these controls. Conditional on not being
able to perform any tasks from home, essential workers’ labor supply is more
than 5 hours higher than that of other workers during the lockdown period. This
difference reduces by two hours in May and June, the change being statistically
significant. For non-essential workers, moving the degree of telecommutability
from zero to one increases average hours by 7.6 during the lockdown. Again, this
effect becomes much weaker over time, reaching just over three hours in June.
For essential workers, there is—if anything—a slight effect of telecommutability
during the lockdown period; in May and June the interaction effect just about
cancels its direct effect. Controlling for sector by month fixed effects in Column 2
does not change any of these coefficients in a meaningful way. Any potential
spillover effects within sectors thus seem to be limited during our period of
analysis.

The self-employed are hit very hard initially and see an additional average
loss of about 4 hours during the lockdown period and in May. The difference
in hours reductions between the self-employed and employees slightly decreases
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Table 2: Change in total working hours by individual and job characteristics

change total working hours
(1) (2) (3) (4) (5)

5.5*kE 5.4%%*

march/april x essential worker

(0.7) (0.9)
may X essential worker 3w 3%k 0.0 -0.2
(1.0) (1.1) (1.0) (1.0)
june X essential worker 3.3wkx gk 2.0% 1.9%
1.0y  (L1) (1.1) 1.1)
march/april x frac. work doable from home — 7.7%%* 7. 4%%*
(0.7) (0.8)
may X frac. work doable from home B.p¥¥E 5ok 1.1 0.9
(1.1) (1.2) (1.1) (1.1)
june x frac. work doable from home 3.3%kk 3 gHr 1.1 1.1
(1.1) (1.2) (1.2) (1.2)
march/april x essential x work do... ShAXRE g gaRx
(1.1) (1.1)
may X essential x work doable fro... SRR 39 -1.3 -1.0
a7 (L) (1.6) (1.6)
june x essential x work doable fr... S3.8%F g g%k -3.1% -3.0%
(1.7) (1.8) (1.8) (1.8)
march/april x self-employed I S W R
(0.9) (1.0)
may x self-employed S3TRRR g 3wk -1.9 -2.1
(1.3) (1.4) (1.3) (1.3)
june x self-employed -1.4 -1.5 0.1 -0.1
(12)  (1.3) (1.3) (1.3)
may X avg. change march/april 0.62%%F  Q.57*F*  (.51%k*
0.04)  (0.04)  (0.04)
june x avg. change march/april 0.41%F%F  0.38%F%  (.34%**
0.03)  (0.04)  (0.04)
may X reason red.: lost job -10.3*%**
(2.4)
may X reason red.: pandemic-rel. closure -3.0%**
(1L0)
may x reason red.: less business -0.4
(1.0)
june x reason red.: lost job -8.0%H*
(2.9)
june x reason red.: pandemic-rel. closure -1.5
(1.1)
june x reason red.: less business -0.5
(0.9)
month x sector FE No Yes No Yes Yes
demographic controls Yes Yes No Yes Yes
N 8978 8479 5319 4307 4307
R? 0.077 0.092 0.119 0.169 0.176

The table only shows an excerpt of all coefficients, which are shown shown in Table C.4. Fur-
ther elements of the specifications include a full set of time dummies, educational achievement,
personal gross income, gender, and a part-time dummy. Standard errors are clustered on the
individual level. The data are an unbalanced panel restricted to individuals who worked more
than ten hours at least once between early March and June. Reference period = Early March.
Notes: *p<0.1; **p<0.05; ***p<0.01.
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in May and falls to about one third of its initial value in June. The difference
to the drop during lockdown is significant for the self-employed. In June, hours
changes between the initially self-employed and employees are not different in a
statistical sense anymore. This pattern is consistent with many small businesses
operating in industries that are hit particularly hard by the restrictions—bars
and restaurants, hairdressers, etc.—as well as firms providing insurance to their
employees (Guiso, Pistaferri, and Schivardi, 2005), potentially with the help of
the government (see the next section).

In terms of other control variables (see Table C.4 in the Online Appendix),
income has a protective effect on hours worked and the gradient becomes some-
what steeper in May. Education has no effect whatsoever. If we leave out the
“pandemic mechanism” variables—essential worker status and telecommutability—
education has a strong effect during the lockdown period; the coefficients are
much smaller and insignificant in May and June. Females see an extra loss
of an hour. Naturally, part-time workers see smaller reductions in their total
hours than full-time workers. After the lockdown, the difference between the
two groups becomes much larger. We explore the gendered patterns of labor
supply and childcare in a separate paper, where we also discuss the nature of
part-time work in greater detail. Sectoral differences are large during lockdown.
They become smaller in May and in June, the only sector emerging significantly
relative to the left-out category (catering) is culture/environment /recreation.
All this is consistent with the broad line of our overall results, i.e., the specific
features of a pandemic recession becoming less important over time.

The last three columns of Table 2 aim to explore the persistence of shocks
by including the average hours change during lockdown among the regressors.
Column 3 shows that the predictive power of initial reductions is large in May,
with a coefficient of about 0.6. The effect quickly fades out over time. The
coefficient for June is just two thirds of its value for May. Adding the controls
from Column 2 leads to a reduction in these coefficients by around eight percent
each. Most of the coefficients displayed in Table 2 are small and insignificant; an
exception are essential workers in June if they cannot perform much work from
home. For them, the increase in hours that was visible in Figure 1b translates
into a smaller reduction in hours than for other workers. Contrary to these
effects, variation across sectors becomes larger than in Column 2, which is a
reflection of the changing patterns displayed in Figure 2.

We asked individuals who were working before the pandemic and reported
reduced or zero hours in March or April about the reasons for their work re-
duction. Among other options,'? the non-exclusive categories included whether
they lost their job, whether the firm was closed due to infection risk (either
by the government or through the firm’s decision), and whether there was less
business for the firm. Job loss leads to very large reductions in hours later on.
Unsurprisingly, this is the one case where the extensive margin is dominant.'!

10 All of those turned out to have small and insignificant coefficients and including them did
not change any results. We thus omit them for brevity.

1 Table C.3 reports regressions with the same covariates as in Table 2, but unemployment
as the dependent variable. Citing job loss as a reason for reduced hours in March or April
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Figure 3: Total working hours and hours worked at home, by being affected by

any support measure

Notes: The figure shows changes in total hours worked over time by being affected by any
support measure. Reference period is late February/early March. Vertical bars depict 95 %-
confidence intervals. Sample: 18 < age < 66; working hours of at least 10h in at least one
period.

In contrast to this, the effects of pandemic-related firm closures are smaller and
vanish more quickly. Controlling for the reasons for job loss reduced the per-
sistence of initial shocks by another 10 percent each. That is, about half of the
initial shock persists in May and roughly one third in June.

4.4 Working hours and take-up of support programs

We now ask whether the economic relief programs enacted by the government
were on target in the sense that they cushioned temporary reductions in labor
demand, possibly preventing permanent separations of worker-firm matches or
firm closures. While at this point in time we can only give a rough indication for
various reasons detailed below, we do highlight a number of suggestive trends.

Figure 3a shows a very large discrepancy between hours lost by self-employed
who were affected by any of the programs—45% of all self-employed, see Ta-
ble C.9 in the Online Appendix—and those who were not. In April, the former
group worked about sixteen hours less than before the crisis. The discrepancy
is more than three times larger than for self-employed who did not benefit from
any support measure. This eleven-hour gap starts narrowing considerably in
May and is down to four hours in June.

The picture is very similar for employees, albeit at a much lower level. Fig-
ure 3b shows that during the lockown, the drop in hours also differs by a factor

is associated with an increases in the probabilities of unemployment by 40% (May) and 37%
(June).
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of three between respondents whose employer was covered by support measures
and the rest. The absolute changes are only 7.5 and 2.5 hours, respectively. The
gap between the two groups narrows to 2.5 hours in May and stays constant
in June. Note that—as throughout this paper—hours are unconditional for all
people who worked for at least ten hours in one of the five periods. So move-
ments outside the labour force or to unemployment would be recorded with zero
hours.

We like to think of these results as providing suggestive evidence that the
programs were helpful for firms to overcome the lockdown period without major
adjustments to employment relationships. Hours of work among those who
benefited from programs were far below the overall average during the lockdown
phase, but recovered quickly thereafter. This is unlikely to have happened
had small businesses declared bankruptcy or had large shares of workers been
dismissed. Frictions would likely have led to more permanent effects.

Some limitations prevent a deeper analysis at this point. First, we asked
about program usage in May and directed questions at those who stated they
were employed or self-employed at that time. So we cannot know whether
people stopped working earlier despite program usage. This could at most be
true for 4.5% of the sample, which is the fraction of those working pre-CoViD
who did not work in May. Second, many of the programs are not very salient for
employees; 25% of them say they do not know whether their employer applied
for the most important program, the NOW. This is not surprising given that
there is no requirement to reduce hours as, for example, in the German short-
time work scheme, let alone to not work at all as in the British furloughing
scheme (see, e.g., OECD, 2020).

The exercise we would ideally like to run is to ask whether conditional on a
shock to labor supply—proxied, for example, by the drop in hours in the first
week of the lockdown—and other factors, program support would reduce the
risk of becoming unemployed (or leaving the labor force) down the road. Due
to the nature of our data, we can do so only for the transition from May to
June. However, changes in work status are very small in these two periods, so it
is unsurprising that we do not see anything (last column of Tables C.2 and C.3
in the Online Appendix, respectively). Time will help us in two ways. First,
we will be able to collect data over longer periods of time; the next wave of our
survey is planned for September. Second, we will be able to merge our data with
administrative microdata on employees and firms at the level of the individual,
which will allow us to construct a measure of benefit receipt that is free from
the issues outlined above.

5 Conclusion

Our analysis of high-frequency Dutch microdata for the first half of 2020 has re-
vealed several important mechanisms for the evolution of labor markets through
the CoViD-19 pandemic. First, the pandemic-specific mechanisms—ability to
work from home and essential worker status—were very important to explain
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hours changes early in the crisis. Second, their importance was much reduced
when the social distancing restrictions were gradually eased. Third, we find a
similar pattern at the sector level. There is a strong negative relation between
the average ability to work from home and changes in hours during lockdown.
By June, this pattern reverses. Fourth, we do find some persistence of initial
hours reductions at the individual level. However, only about one third of the
initial shock remains in June after controlling for unobservables and the reasons
for hours reductions. Finally, our analysis of support programs suggests that
these targeted the right workers and firms, helping them resume operations in
a new normal.

Our findings have some implications for policy. It does appear that con-
taining the pandemic quickly while providing support to heavy-hit sectors at
the same time is a good strategy to minimize the economic impact in the short
run. This is particularly true when it comes to the impact of the pandemic on
inequality. Many authors have documented a disproportionate impact on popu-
lation groups that are already vulnerable (Adams-Prassl et al., 2020a; Benzeval
et al., 2020; Gupta et al., 2020). In the Netherlands, the generous wage subsidy
schemes mean that the distribution of net household income has not changed
over the months January-June 2020. While our regression analysis showed that
working hours went down faster for low-income earners, the bivariate relation
between equivalized household income and hours shows this pattern only dur-
ing lockdown. In June, hours reductions are largest in the highest tercile of
household income.'?

With the exception of work that requires large (indoor) gatherings or travel
in larger groups, the policy environment in June implied few direct restrictions
on economic activity. Many individuals who had faced large reductions in work-
ing hours during lockdown already saw them recovering; others started to see
reductions only from May onwards. We take this pattern as a sign that the
supply shock loses in importance relative to reduced demand. While support
programs were very successful initially, this pattern does beget the question
of their optimal duration as some reallocation will be inevitable (e.g. Barrero,
Bloom, and Davis, 2020).
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Appendix A Descriptive statistics

Table A.1: Joint distribution of essential worker status and telecommutability

work doable from home up to 10% 10-90% more than 90%

non-essential worker 0.21 0.21 0.19
essential worker 0.21 0.13 0.04

Notes: Numbers are normalized over all observations for which both variables are non-missing.
Sample: 18 < age < 66; working hours of at least 10h in at least one period.

Appendix B Figures relating to trends over time
(Section 3)

B.1 Unemployment and labor force participation
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Figure B.1: Non-participation rate

The figure shows the rate of respondents in our sample over that are neither employed nore
self-employed over time. Vertical bars depict 95 %-confidence intervals. Sample: Age < 65.
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Figure B.2: Unemployment rate

The figure shows the unemployment rate in our sample over time. Vertical bars depict 95 %-
confidence intervals. Sample: 18 < age < 66; being employed, self-employed or unemployed
in the respective month.
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Figure B.3: Unemployment rate by education

The figure shows the unemployment rate in our sample over time by education. Vertical bars
depict 95 %-confidence intervals. Sample: 18 < age < 66.
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B.2 Hours worked
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Figure B.4: Working hours

The figure shows the unemployment rate in our sample over time. Vertical bars depict 95 %-

confidence intervals. Sample: 18 < age < 65; being employed, self-employed or unemployed
in the respective month.
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Appendix C Tables and Figures regarding the
predictors of hours changes over
time (Section 4)

C.1 Bivariate relationships
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Figure C.1: Changes in total working hours and hours worked at home, by
essential worker status

Notes: The figure shows total hours worked in total and from home (left side) and average
individual changes in total and home hours (right side) over time by essential worker status
(in three categories). Reference period is late February/early March. Vertical bars depict
95 %-confidence intervals. Sample: 18 < age < 65; working hours of at least 10h in at least
one period.
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Figure C.2: Changes in total working hours and hours worked at home, by
essential worker status

Notes: The figure shows total hours worked in total and from home (left side) and average
individual changes in total and home hours (right side) over time by essential worker status
(in three categories). Reference period is late February/early March. Vertical bars depict
95 %-confidence intervals. Sample: 18 < age < 65; working hours of at least 10h in at least
one period.
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(a) Change in total working hours (b) Change in hours worked from home

Figure C.3: Changes in total working hours and hours worked at home, by type
of employment

Notes: The figure shows total hours worked in total and from home (left side) and average
individual changes in total and home hours (right side) over time for self-employed and em-
ployees. Reference period is late February/early March. Vertical bars depict 95 %-confidence
intervals. Sample: 18 < age < 65; working hours of at least 10h in at least one period.
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Figure C.4: Changes in total working hours and hours worked at home, by
education

Notes: The figure shows total hours worked in total and from home (left side) and average
individual changes in total and home hours (right side) over time by three education categories.
Reference period is late February/early March. Vertical bars depict 95 %-confidence intervals.
Sample: 18 < age < 65; working hours of at least 10h in at least one period.
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Figure C.5: Changes in total working hours and hours worked at home, by gross
income before CoViD-19 (for those working at least 30 hours pre-CoViD)

Notes: The figure shows total hours worked in total and from home (left side) and average
individual changes in total and home hours (right side) over time by personal gross income (in
three categories). Reference period is late February/early March. Vertical bars depict 95 %-
confidence intervals. Sample: 18 < age < 65; working hours at least 30 hours pre-CoViD.
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Figure C.6: Changes in total working hours and hours worked at home, by
equivalized household net income before CoViD-19

Notes: The figure shows total hours worked in total and from home (left side) and average
individual changes in total and home hours (right side) over time by equivalized household
net income (in three categories). Reference period is late February/early March. Vertical bars
depict 95 %-confidence intervals. Sample: 18 < age < 65; working hours of at least 10h in at
least one period.
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Figure C.7: The distribution of household income, January to May 2020

Notes: The figure shows distributions of household income by month, asked retrospectively
in April (January, February, March) and June (April, May; all five months if respondents did
not take part in the April questionnaire). The boxes indicate quartiles. Many employers pay
a holiday allowance in May which is likely to explain the higher values in that month.
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C.2 Sectors

Table C.1: Statistics by sector

N N June  tertiary home home

March educ. office, office,

March June
financial & business services 312 312 0.70 0.74 0.66
public services 235 246 0.57 0.75 0.66
education 229 237 0.82 0.74 0.44
env., culture, & recr. 79 81 0.54 0.69 0.54
other 345 352 0.39 0.42 0.37
industry 219 220 0.41 0.35 0.30
transport, comm., & utilities 162 158 0.31 0.43 0.39
construction 95 104 0.32 0.31 0.24
retail 191 176 0.25 0.31 0.22
healthcare & welfare 550 539 0.49 0.29 0.19
catering 72 71 0.20 0.32 0.18

~10-
Perc of work doable from home
(0.0, 0.35]

(0.35, 0.6]

_g{ e (06,1.0]

@ env., culture, recr.

@ transport, commupiCation, & utilities
catering
public se her
-6 .’nancial & b@ness serices

X retail
consthuecatf&nc e & welfare

indusieducation

mean change working hours June

0 Y 1 6 8 ~10 -12 -14
mean change total working hours March
Figure C.8: Changes in total hours in late March and June 2020
Bubbles show sectors scaled by their size and colored with the average ability to work from

home (three groups, [0.0,0.35], (0.35,0.6], (0.6,1.0]), darker colors mean a higher share. The
45°-line is shown in blue. Descriptive statistics are in C.1.
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Figure C.9: Changes in total hours by share of work that can be done from
home in April (Panel a) and May (Panel b)

Notes: Reference period for changes is late February/early March. Sample: 18 < age <
66; working hours of at least 10h in at least one period. Descriptive statistics are in C.1.
Equivalent figures for the months March and June are shown in Figure C.9
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C.3

ing broader patterns

Additional Tables and Figures for Section 4.3 Explor-

Table C.2: Out of the labor force by individual and job characteristics

out of the laborforce

(1) (2) (3) (4) (5) (6) (7)
march/april 0.001 0.004 -0.001
(0.003) (0.004) (0.003)
may 0.056%** 0.053%** 0.051%* 0.028%** 0.041 0.038
(0.013) (0.013) (0.029) (0.004) (0.028) (0.028)
june 0.052%** 0.052%** 0.038 0.025%** 0.021 0.022 -0.005
(0.014) (0.015) (0.028) (0.003) (0.028) (0.028) (0.008)
march/april X female 0.004*** 0.004** 0.002
(0.001) (0.002) (0.001)
may X female -0.011 -0.005 0.001 -0.000 -0.000
(0.009) (0.009) (0.008) (0.008) (0.008)
june X female -0.012 -0.007 0.000 -0.002 -0.001 0.001
(0.009) (0.009) (0.008) (0.008) (0.008) (0.005)
march/april X self-employed -0.004%** -0.004%** -0.003**
(0.001) (0.002) (0.001)
may X self-employed 0.002 0.000 0.002 -0.000 0.002
(0.013) (0.012) (0.011) (0.012) (0.012)
june X self-employed -0.002 -0.009 -0.000 -0.005 -0.002 -0.001
(0.011) (0.011) (0.011) (0.012) (0.012) (0.006)
march/april X part time 0.002 0.003 0.003
(0.003) (0.003) (0.003)
may X part time 0.026** 0.025%* 0.027*** 0.029%** 0.026%**
(0.011) (0.011) (0.010) (0.010) (0.010)
june X part time 0.028%** 0.024%* 0.021%* 0.025** 0.023** 0.010
(0.010) (0.011) (0.011) (0.011) (0.011) (0.007)
march/april X education: upper sec. 0.000 -0.000 0.001
(0.003) (0.003) (0.002)
may X education: upper sec. -0.007 -0.018 -0.004 -0.004 -0.005
(0.013) (0.013) (0.011) (0.011) (0.011)
june X education: upper sec. -0.021 -0.020 -0.012 -0.011 -0.012 -0.005
(0.013) (0.014) (0.013) (0.013) (0.013) (0.008)
march/april X education: tertiary 0.002 0.002 0.001
(0.003) (0.004) (0.003)
may X education: tertiary -0.010 -0.026* -0.011 -0.011 -0.013
(0.013) (0.014) (0.013) (0.013) (0.013)
june X education: tertiary -0.024%* -0.026* -0.019 -0.019 -0.020 -0.007
(0.013) (0.015) (0.014) (0.014) (0.014) (0.009)
march/april X income bet. 2500 and 3500 -0.002 -0.003 -0.002
(0.003) (0.003) (0.003)
may X income bet. 2500 and 3500 -0.043%** -0.040%*** -0.023%** -0.023%** -0.021%**
(0.009) (0.008) (0.008) (0.008) (0.007)
june X income bet. 2500 and 3500 -0.018%* -0.021** -0.008 -0.008 -0.007 0.004
(0.009) (0.010) (0.009) (0.009) (0.009) (0.006)
march/april X income above 3500 -0.004 -0.004 -0.003
(0.002) (0.002) (0.003)
may X income above 3500 -0.032%%* -0.032%%* -0.015 -0.014 -0.013
(0.010) (0.010) (0.010) (0.010) (0.010)
june X income above 3500 -0.011 -0.013 -0.000 0.001 0.002 0.006
(0.009) (0.011) (0.010) (0.010) (0.010) (0.006)
march/april X essential worker -0.004 -0.005
(0.004) (0.005)
may X essential worker -0.012 -0.007 -0.003 -0.002
(0.009) (0.010) (0.010) (0.010)
june X essential worker -0.012 -0.009 -0.003 -0.003 0.009
(0.010) (0.011) (0.011) (0.011) (0.008)
march/april X frac. work doable from home -0.002 -0.002
(0.005) (0.005)
may X frac. work doable from home 0.031%* 0.020 0.024 0.023
(0.013) (0.015) (0.015) (0.016)
june X frac. work doable from home 0.010 -0.001 0.006 0.005 -0.001
(0.014) (0.016) (0.016) (0.017) (0.008)
march/april X essential X work do... 0.004 0.003
(0.005) (0.004)
may X essential X work doable fro... -0.006 -0.002 -0.005 -0.006
(0.016) (0.016) (0.017) (0.016)
june X essential X work doable fr... 0.005 0.012 0.007 0.006 -0.002
(0.018) (0.018) (0.019) (0.019) (0.013)
may X avg. change march/april -0.001%* -0.001 -0.000
(0.000) (0.000) (0.000)
june X avg. change march/april -0.001 -0.001%*%* -0.001 -0.000
(0.000) (0.001) (0.001) (0.000)
may X reason red.: lost job 0.121%
(0.063)
may X reason red.: pandemic-rel. closure 0.005
(0.012)
may X reason red.: less business 0.015
(0.011)
june X reason red.: lost job 0.092

Continued on next page

30



Table C.2: Out of the labor force by individual and job characteristics

out of the laborforce

(1) (2) (3) (4) (5) (6) (7)
(0.061)
june X reason red.: pandemic-rel. closure -0.006
(0.012)
june X reason red.: less business 0.004
(0.011)
march/april X sector: construction 0.003**
(0.001)
march/april X sector: education 0.014*
(0.008)
march/april X sector: env., culture, recr. 0.002
(0.002)
march/april X sector: financial & busin... 0.003
(0.003)
march/april X sector: healthcare & welfare 0.008
(0.006)
march/april X sector: industry 0.004*
(0.002)
march/april X sector: other 0.002
(0.002)
march/april X sector: public services 0.004
(0.003)
march/april X sector: retail 0.005
(0.003)
march/april X sector: transport, communi... 0.004
(0.003)
may X sector: construction -0.041 -0.034 -0.035
(0.028) (0.027) (0.027)
may X sector: education -0.030 -0.027 -0.027
(0.029) (0.029) (0.029)
may X sector: env., culture, recr. -0.028 -0.026 -0.026
(0.034) (0.033) (0.034)
may X sector: financial & business serv... -0.013 -0.008 -0.008
(0.032) (0.032) (0.032)
may X sector: healthcare & welfare -0.035 -0.031 -0.030
(0.029) (0.028) (0.028)
may X sector: industry -0.030 -0.025 -0.023
(0.029) (0.028) (0.029)
may X sector: other -0.035 -0.030 -0.029
(0.029) (0.029) (0.029)
may X sector: public services -0.027 -0.022 -0.019
(0.030) (0.030) (0.030)
may X sector: retail -0.023 -0.019 -0.021
(0.030) (0.030) (0.030)
may X sector: transport, communication, ... -0.017 -0.013 -0.011
(0.031) (0.031) (0.031)
june X sector: construction -0.013 -0.003 -0.006 0.017
(0.027) (0.027) (0.027) (0.013)
june X sector: education -0.002 0.004 0.004 0.010
(0.026) (0.026) (0.026) (0.008)
june X sector: env., culture, recr. 0.002 0.004 0.005 0.003
(0.031) (0.031) (0.031) (0.002)
june X sector: financial & business ser... 0.009 0.017 0.016 0.009*
(0.029) (0.028) (0.028) (0.005)
june X sector: healthcare & welfare -0.014 -0.007 -0.008 0.002
(0.025) (0.025) (0.025) (0.005)
june X sector: industry -0.018 -0.011 -0.011 0.002
(0.025) (0.025) (0.025) (0.003)
june X sector: other -0.008 -0.001 -0.002 0.012%*
(0.026) (0.026) (0.026) (0.006)
june X sector: public services 0.006 0.013 0.015 0.016
(0.028) (0.028) (0.028) (0.010)
june X sector: retail -0.005 0.002 -0.000 0.002
(0.027) (0.027) (0.027) (0.003)
june X sector: transport, communication,... 0.019 0.024 0.025 0.024%*
(0.030) (0.030) (0.031) (0.014)
june X affected by policy 0.001
(0.005)
N 10258 8996 8492 5347 4312 4312 2005
R2 0.028 0.029 0.025 0.002 0.022 0.030 0.010

Reference period is late February /early March. Standard errors are clustered on the individual
level. Unbalanced panel restricted to individuals that worked at least once more than ten hours

between early March and June. Notes: *p<0.1; **p<0.05; ***p<0.01.
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Table C.3: Unemployed by individual and job characteristics

unemployed
(1) (2) (3) (4) (5) (6) (7)
march/april 0.006* 0.011%** 0.012
(0.003) (0.004) (0.011)
may 0.015%* 0.032%** 0.034 0.010%** 0.003 0.008
(0.009) (0.010) (0.023) (0.002) (0.023) (0.021)
june 0.019** 0.023** 0.017 0.007*** -0.005 -0.004 -0.001
(0.009) (0.010) (0.018) (0.002) (0.019) (0.016) (0.008)
march/april X female -0.001 -0.001 0.001
(0.003) (0.004) (0.004)
may X female -0.004 -0.001 0.006 0.002 0.004
(0.007) (0.007) (0.007) (0.007) (0.006)
june X female -0.011* -0.009 -0.007 -0.009 -0.008 -0.003
(0.006) (0.007) (0.007) (0.007) (0.006) (0.003)
march/april X self-employed -0.008%** -0.010%*** -0.012%%*
(0.002) (0.002) (0.003)
may X self-employed -0.004 -0.010 -0.009 -0.016* -0.002
(0.007) (0.008) (0.009) (0.010) (0.009)
june X self-employed -0.006 -0.009 -0.011 -0.016* -0.004 -0.001
(0.006) (0.007) (0.009) (0.009) (0.008) (0.006)
march/april X part time 0.004 0.004 0.005
(0.003) (0.004) (0.004)
may X part time 0.011 0.010 0.015%* 0.021%%* 0.013*
(0.007) (0.007) (0.007) (0.007) (0.007)
june X part time 0.005 0.007 0.009 0.014%* 0.006 -0.001
(0.006) (0.007) (0.007) (0.008) (0.007) (0.004)
march/april X education: upper sec. 0.004 0.006* 0.008%**
(0.003) (0.004) (0.004)
may X education: upper sec. 0.005 0.009 0.010 0.011 0.005
(0.008) (0.008) (0.009) (0.009) (0.008)
june X education: upper sec. 0.004 0.009 0.010 0.011 0.006 -0.000
(0.007) (0.007) (0.008) (0.008) (0.007) (0.004)
march/april X education: tertiary 0.004 0.006 0.009%*
(0.003) (0.005) (0.004)
may X education: tertiary 0.003 0.009 0.012 0.013 0.007
(0.008) (0.009) (0.009) (0.009) (0.009)
june X education: tertiary 0.003 0.007 0.008 0.009 0.004 0.000
(0.007) (0.007) (0.008) (0.008) (0.007) (0.004)
march/april X income bet. 2500 and 3500 -0.005 -0.006 -0.004
(0.003) (0.004) (0.004)
may X income bet. 2500 and 3500 -0.006 -0.005 0.002 0.003 0.007
(0.007) (0.007) (0.007) (0.007) (0.007)
june X income bet. 2500 and 3500 -0.006 -0.005 -0.002 -0.001 0.003 -0.003
(0.006) (0.007) (0.007) (0.007) (0.007) (0.004)
march/april X income above 3500 -0.006 -0.009** -0.006
(0.004) (0.004) (0.004)
may X income above 3500 -0.009 -0.009 -0.000 0.003 0.006
(0.008) (0.007) (0.007) (0.007) (0.007)
june X income above 3500 -0.009 -0.012 -0.006 -0.004 -0.001 -0.006
(0.007) (0.008) (0.008) (0.008) (0.008) (0.004)
march/april X essential worker -0.012%** -0.011%**
(0.005) (0.005)
may X essential worker -0.034%** -0.025%** -0.016* -0.013
(0.009) (0.009) (0.008) (0.008)
june X essential worker -0.018%* -0.016%** -0.009 -0.006 -0.001
(0.008) (0.008) (0.008) (0.008) (0.005)
march/april X frac. work doable from home -0.003 -0.006
(0.006) (0.006)
may X frac. work doable from home -0.028%** -0.026** -0.013 -0.018*
(0.010) (0.011) (0.011) (0.009)
june X frac. work doable from home -0.005 -0.006 0.003 -0.001 0.005
(0.010) (0.012) (0.012) (0.010) (0.006)
march/april X essential X work do... 0.009 0.012%*
(0.006) (0.007)
may X essential X work doable fro... 0.028%* 0.022%* 0.014 0.011
(0.011) (0.011) (0.011) (0.010)
june X essential X work doable fr... 0.004 0.006 -0.000 -0.004 -0.004
(0.010) (0.011) (0.011) (0.011) (0.005)
may X avg. change march/april -0.002*** -0.002%** -0.001%**
(0.000) (0.000) (0.000)
june X avg. change march/april -0.001%** -0.001%** -0.001%* -0.000
(0.000) (0.000) (0.000) (0.000)
may X reason red.: lost job 0.396%**
(0.084)
may X reason red.: pandemic-rel. closure 0.008
(0.010)
may X reason red.: less business -0.008
(0.007)
june X reason red.: lost job 0.369***
(0.087)
june X reason red.: pandemic-rel. closure 0.002
(0.010)
june X reason red.: less business 0.000
(0.008)
march/april X sector: construction 0.002

Continued on next page
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Table C.3: Unemployed by individual and job characteristics

unemployed
(1) (2) (3) (4) (5) (6) (7)
(0.014)
march/april X sector: education -0.013
(0.011)
march/april X sector: env., culture, recr. 0.002
(0.019)
march/april X sector: financial & busin... -0.001
(0.012)
march/april X sector: healthcare & welfare -0.006
(0.012)
march/april X sector: industry -0.008
(0.011)
march/april X sector: other -0.002
(0.012)
march/april X sector: public services -0.011
(0.011)
march/april X sector: retail -0.002
(0.013)
march/april X sector: transport, communi... -0.010
(0.011)
may X sector: construction 0.011 0.031 0.021
(0.033) (0.033) (0.029)
may X sector: education -0.022 -0.012 -0.013
(0.027) (0.026) (0.025)
may X sector: env., culture, recr. -0.022 -0.015 -0.013
(0.029) (0.028) (0.024)
may X sector: financial & business serv... -0.017 -0.002 -0.008
(0.026) (0.025) (0.023)
ay X sector: healthcare & welfare -0.030 -0.016 -0.020
(0.025) (0.025) (0.023)
may X sector: industry -0.020 -0.005 -0.006
(0.025) (0.025) (0.023)
may X sector: other -0.016 -0.003 -0.005
(0.025) (0.025) (0.023)
may X sector: public services -0.027 -0.013 -0.011
(0.025) (0.024) (0.022)
may X sector: retail 0.004 0.017 0.008
(0.029) (0.028) (0.026)
may X sector: transport, communication, ... 0.000 0.012 0.015
(0.028) (0.028) (0.026)
june X sector: construction 0.008 0.021 0.014 0.003
(0.024) (0.024) (0.020) (0.003)
june X sector: education -0.005 0.002 0.003 0.004
(0.019) (0.018) (0.015) (0.003)
june X sector: env., culture, recr. 0.000 0.004 0.008 -0.000
(0.024) (0.024) (0.017) (0.003)
june X sector: financial & business ser... 0.002 0.012 0.010 0.005
(0.020) (0.020) (0.015) (0.005)
june X sector: healthcare & welfare -0.002 0.007 0.006 0.007
(0.019) (0.018) (0.015) (0.005)
june X sector: industry -0.008 0.001 0.004 0.003
(0.018) (0.018) (0.014) (0.002)
june X sector: other 0.008 0.017 0.017 0.009
(0.020) (0.020) (0.016) (0.006)
june X sector: public services -0.006 0.003 0.008 0.009
(0.019) (0.018) (0.015) (0.006)
june X sector: retail 0.015 0.023 0.017 0.015
(0.022) (0.022) (0.020) (0.010)
june X sector: transport, communication,... 0.011 0.017 0.023 0.002
(0.022) (0.022) (0.019) (0.002)
june x affected by policy 0.005
(0.005)
N 10258 8996 8492 5347 4312 4312 2005
R2 0.005 0.012 0.017 0.017 0.036 0.183 0.008

Reference period is late February/early March. Standard errors are clustered on the individual
level. Unbalanced panel restricted to individuals that worked at least once more than ten hours

between early March and June. Notes: *p<0.1; **p<0.05; ***p<0.01.
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Table C.4: Hours worked by

individual and job characteristics

change total working hours

(1) (2) (3) (4) (5) (6) (7)
march/april -7.8%** -10.7%** -17.2%%*
(0.8) (0.9) (2.2)
may -9.3%** -11.0%** -15.5%** -3.6%%* -5 TH** -4.9%*
(1.1) (1.2) (2.4) (0.3) (2.0) (2.0)
june -10.3%** -11.5%** -11.9%*%* -3.5%%* -5.8%** -5.3%** -5.3%*
(1.1) (1.2) (2.1) (0.3) (2.0) (2.0) (2.2)
march/april X female -1.3%%* B B dalaia -1.6%**
(0.5) (0.5) (0.5)
may X female -2, 5%%* -2, 8%%* -2.6%%* -1.6%* -1.6%*
(0.8) (0.8) (0.8) (0.7) (0.7)
june X female -1.4%* -1.9%* -1.7** -1.0 -1.0 -1.2
(0.7) (0.8) (0.8) (0.8) (0.8) (0.8)
march/april X self-employed -5.9%** -4.4%** -4.4%%*
(0.9) (0.9) (1.0)
may X self-employed —4.0%%* -3 TRk —4.3%%% -1.9 -2.1
(1.3) (1.3) (1.4) (1.3) (1.3)
june x self-employed -1.6 -1.4 -1.5 0.1 -0.1 -0.0
(1.1) (1.2) (1.3) (1.3) (1.3) (1.2)
march/april x part time 3.5%%k 3.6%%* 3.6%x*
(0.5) (0.6) (0.6)
may X part time 8.3 KKk 8.5%H* 8.5%** 6.5%%* 6.8%**
(0.9) (0.9) (0.9) (0.9) (0.9)
june X part time 8.3%** 8.5%** 8. 7HFE 7.4k T.GX** T.6X**
(0.8) (0.9) (0.9) (0.9) (0.9) (0.9)
march/april X education: upper sec. 2.0%%* 0.6 0.5
(0.7) (0.7) (0.8)
may X education: upper sec. -0.1 -0.6 -0.4 -0.8 -0.6
(1.0) (1.0) (1.1) (1.0) (1.0)
june X education: upper sec. 1.2 0.2 0.2 -0.1 0.0 -0.1
(1.0) (1.0) (1.1) (1.1) (1.1) (1.1)
march/april X education: tertiary 2.8% %% 0.1 0.3
(0.7) (0.7) (0.8)
may X education: tertiary -0.8 -2.1%* -1.0 -1.3 -1.1
(1.0) (1.0) (1.1) (1.0) (1.0)
june X education: tertiary 1.0 -0.4 -0.2 -0.4 -0.3 -0.7
(1.0) (1.1) (1.2) (1.1) (1.1) (1.1)
march/april X income bet. 2500 and 3500 1.9%%* 1.3%* 0.7
(0.6) (0.6) (0.6)
may X income bet. 2500 and 3500 1.9%* 1.5% 0.8 0.4 0.2
(0.9) (0.9) (0.9) (0.8) (0.8)
june X income bet. 2500 and 3500 2, THH* 2.9%** 2.5%** 2.4%%% 2.3%* 2.1%*
(0.8) (0.9) (0.9) (0.9) (0.9) (0.9)
march/april X income above 3500 3.0%** 2.6%** LQHEE
(0.6) (0.7) (0.7)
may X income above 3500 4.2%** 3.4%** L3FF 1.3 1.1
(1.0) (1.0) (1.0) (0.9) (0.9)
june X income above 3500 3.3%** 3.4%** 2.9%%* 2.3%* 2.2%* 2.4%*
(1.0) (1.1) (1.1) (1.1) (1.1) (1.1)
march/april x essential worker 5.5%*k 5. 4%kk
(0.7) (0.9)
may X essential worker 31wk 3.0%** 0.0 -0.2
(1.0) (1.1) (1.0) (1.0)
june X essential worker 3.3%%* LLEEE 2.0%* 1.9% 1.6
(1.0) (1.1) (1.1) (1.1) (1.1)
march/april X frac. work doable from home T.THREE T.4HF*
(0.7) (0.8)
may X frac. work doable from home 5.5¥x* 5.2%k* 1.1 0.9
(1.1) (1.2) (1.1) (1.1)
june X frac. work doable from home 3.3%** 3.8%** 1.1 1.1 1.3
(1.1) (1.2) (1.2) (1.2) (1.2)
march/april X essential X work do... =5.4%%* -4.8%%*
(1.1) (1.1)
may X essential X work doable fro... -5.4%%% -3.9%* -1.3 -1.0
(1.7) (1.7) (1.6) (1.6)
june X essential X work doable fr... -3.8%* -4.9%** -3.1% -3.0* -3.0*
(1.7) (1.8) (1.8) (1.8) (1.8)
may X avg. change march/april 0.6%** 0.6%** 0.5%%*
(0.0) (0.0) (0.0)
june x avg. change march/april 0.4% 5% 0.4%%% 0.3%%* 0 gHxk
(0.0) (0.0) (0.0) (0.0)
may X reason red.: lost job ~10.3%%%
(2.4)
may X reason red.: pandemic-rel. closure _3.0%%*
(1.0)
may X reason red.: less business -0.4
(1.0)
june X reason red.: lost job -8.0%**
(2.9)
june x reason red.: pandemic-rel. closure “1.5
(1.1)
june X reason red.: less business -0.5
(0.9)
march/april X sector: construction 10.8%**

Continued on next page
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Table C.4: Hours worked by individual and job characteristics

change total working hours

(1) (2) (3) (4) (5) (6) (7)
(2.4)
march/april X sector: education 5.6%*
(2.3)
march/april X sector: env., culture, recr. 3.4
(2.5)
march/april X sector: financial & busin... 8. 2%**
(2.3)
march/april X sector: healthcare & welfare 7.3HFE
(2.3)
march/april X sector: industry 8.1***
(2.3)
march/april X sector: other 7.6%**
(2.3)
march/april X sector: public services T.5Xk*
(2.3)
march/april X sector: retail TR
(2.3)
march/april X sector: transport, communi... 6.0%*
(2.5)
may X sector: construction 9.5%%* 3.4 2.9
(2.6) (2.1) (2.1)
may X sector: education -0.5 -3.8% -4.0*
(2.6) (2.1) (2.0)
may X sector: env., culture, recr. 2.5 0.4 -0.0
(2.9) (2.2) (2.2)
may X sector: financial & business serv... 5.3%* 0 0.1
(2.5) (1.9) (1.9)
ay X sector: healthcare & welfare 4.6* 0.2 -0.1
(2.5) (1.8) (1.9)
may X sector: industry 5.9%* 1.3 0.6
(2.5) (2.0) (2.0)
may X sector: other 5.3%* 1.0 0.5
(2.4) (1.9) (1.9)
may X sector: public services 4.9* 0.5 0.1
(2.5) (2.0) (2.0)
may X sector: retail 5.7%% 1.5 1.2
(2.5) (1.9) (1.9)
may X sector: transport, communication, ... 4.3 0.8 0.1
(2.7) (2.1) (2.1)
june X sector: construction 2.0 -1.6 -1.8 -1.4
(2.7) (2.5) (2.5) (2.7)
june X sector: education 1.6 -0.3 -0.4 0.0
(2.3) (2.0) (2.0) (2.1)
june X sector: env., culture, recr. -3.4 -4.4 -4.6* -4.4
(3.1) (2.8) (2.8) (3.0)
june X sector: financial & business ser... -0.7 -3.6% -3.8% -2.8
(2.3) (2.1) (2.1) (2.2)
june X sector: healthcare & welfare -1.2 -3.7% -3.9%* -3.5%
(2.2) (2.0) (1.9) (2.1)
june X sector: industry 2.3 -0.4 -0.7 -0.6
(2.3) (2.2) (2.1) (2.3)
june X sector: other -0.1 -2.6 -2.8 -2.4
(2.2) (2.0) (2.0) (2.1)
june X sector: public services -0.2 -2.8 -3.0 -2.4
(2.3) (2.1) (2.1) (2.2)
june X sector: retail 0.7 -1.7 -1.8 -1.4
(2.3) (2.1) (2.1) (2.2)
june X sector: transport, communication,... -2.6 -4.6%* -4.9%% -4.2%
(2.5) (2.3) (2.2) (2.4)
june x affected by policy 0.2
(1.0)
N 10199 8978 8479 5319 4307 4307 2000
R2 0.053 0.077 0.092 0.119 0.169 0.176 0.111

Reference period is late February/early March. Standard errors are clustered on the individual
level. Unbalanced panel restricted to individuals that worked at least once more than ten hours
between early March and June. Notes: *p<0.1; **p<0.05; ***p<0.01.
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C.4 Tables and Figures relating to the targeting of sup-
port policies (Section 4.4)

Table C.5: Take-up of financial government support policies for self employed

NOW TOGS tax deferral TOZO grekening apa guarantee go gredits loan fund
will do in the future 0.01 0.00 0.04 0.03 0.01  0.03 0.0 0.0 0.01 0.0
not applied or rejected 0.88 0.83 0.79 0.71 0.98 0.90 1.0 1.0 0.97 1.0
applied and not rejected 0.11 0.17 0.18 0.26 0.01  0.07 0.0 0.0 0.01 0.0

Table C.6: Take-up of financial government support policies for self employed

NOW TOGS tax deferral TOZO grekening apa guarantee go gredits loan fund
I didn’t know there was this arrangement. 0.01 0.01 0.01 0.02 0.06 0.04 0.06 0.08 0.07 0.06
No, I don’t intend to. 0.00 0.00 0.00 0.00 0.00 0.57 0.51  0.49 0.48 0.49
No, I don’t think my company qualifies. 0.20 0.58 0.30 0.44 0.14  0.00 0.00  0.00 0.00 0.00
No, I have no employees/no payroll costs. 0.50 0.00 0.00 0.00 0.00  0.00 0.00  0.00 0.00 0.00
No, but I'm gonna do this. 0.01 0.00 0.04 0.03 0.01 0.03 0.00  0.00 0.01 0.00
No, for another reason. 0.14 0.21 0.41 0.22 0.11  0.00 0.00  0.00 0.00 0.00
No, this is too much paperwork. 0.01 0.01 0.07 0.02 0.00  0.00 0.00 0.00 0.00 0.00
Not applicable. 0.00 0.00 0.00 0.00 0.00 0.28 0.42 043 0.42 0.45
Not applicable/I don’t have a g-account 0.00 0.00 0.00 0.00 0.68  0.00 0.00  0.00 0.00 0.00
Yes 0.00 0.00 0.00 0.00 0.01 0.07 0.00  0.00 0.01 0.00
Yes, but I don’t yet know if the application ha... 0.02 0.03 0.07 0.06 0.00  0.00 0.00  0.00 0.00 0.00
Yes, but the application was rejected 0.02 0.02 0.00 0.01 0.00  0.00 0.00 0.00 0.00 0.00
Yes, the application has been granted 0.08 0.14 0.10 0.19 0.00  0.00 0.00  0.00 0.00 0.00

Table C.7: Take-up of financial government support policies for employees

NOW TOGS tax deferral
I don’t know 0.27 0.33 0.41
not applied or rejected 0.60 0.62 0.55
applied and not rejected 0.13 0.05 0.04

Table C.9: Joint distribution of employment status and being affected by sup-

port policies

unaffected affected by

by support any support

measures measure
employee 0.76 0.14
self-employed  0.06 0.05

Notes: Numbers are normalized over all observations for which both variables are non-missing.
Sample: 18 < age < 66; working hours of at least 10h in at least one period.
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Table C.8: Take-up of financial government support policies for employees

NOW TOGS tax deferral
I don’t know 0.25 0.32 0.39
No, I don’t think it’s necessary 0.44 0.41 0.42
No, I don’t think it’s possible 0.16 0.21 0.13
No, but I think my employer is gonna do this 0.02 0.01 0.02
Yes, but I don’t yet know if the application ha... 0.06 0.02 0.02
Yes, but the application was rejected 0.01 0.00 0.00
Yes, the application has been granted 0.07 0.02 0.02

Table C.10: Take-up of financial government support policies by sector

mean change change total NOW TOGS tax TOZO any

total hours unem- hours, defer- policy

March, ployment  pre- ral

April, May until May ~ CoViD
total -4.96 0.010 33.04 0.13 0.06 0.05 0.03 0.18
catering -12.91 0.028 28.20  0.37 0.21 0.08 0.02 0.41
env., culture, recr. -9.88 0.012 32.62 0.32 0.15 0.06 0.13 0.44
education -6.95 0.005 32,79  0.02 0.01 0.00 0.01 0.03
other -5.61 0.012 33.87  0.20 0.08 0.10 0.06 0.29
retail -5.49 0.027 3235 0.25 0.13 0.10 0.04 0.31
transport, communication, & utilities -5.01 0.019 35.22 0.16 0.08 0.06 0.02 0.19
industry -4.16 -0.004 36.88  0.18 0.02 0.08 0.00 0.21
healthcare & welfare -3.97 0.006 28.79  0.07 0.05 0.02 0.02 0.11
public services -3.24 0.000 3458  0.01 0.00 0.00 0.00 0.01
financial & business services -3.04 0.007 36.13  0.12 0.05 0.08 0.02 0.22
construction -2.64 0.032 3827  0.04 0.02 0.03 0.01 0.07
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(a) Initially self-employed (b) Initially employee

Figure C.10: Total working hours and hours worked at home, by being affected

by any support measure (including I don’t know category)
Notes: The figure shows changes in total hours worked over time by being affected by any
support measure (broad definition). The category “I don’t know” is assigned if the respondent
never answered ‘yes’ and responded “I don’t know” for at least one support program. Reference
period is late February/early March. Vertical bars depict 95 %-confidence intervals. Sample:
18 < age < 66; working hours of at least 10h in at least one period.
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Figure C.11: Total working hours and hours worked at home, by being affected
by any support measure (narrow definition)

Notes: The figure shows changes in total hours worked over time by being affected by any
support measure (narrow definition). Reference period is late February/early March. Vertical
bars depict 95 %-confidence intervals. Sample: 18 < age < 66; working hours of at least 10h
in at least one period.
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Table C.11: Take up of policies by individual characteristics, job characteristics,
and experienced change in work hours

affected by any support policy affected affected affected
by NOW by TOGS by tax
deferral
(1) (2) (3) (4) (5) (6)
Intercept 0.178%** 0.272%** 0.333%** 0.303%** 0.189%** 0.072*
(0.008) (0.031) (0.062) (0.062) (0.048) (0.037)
avg. hours change march/april -0.009%** -0.007%** -0.007%** -0.003%** -0.003%** -0.001%*
(0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
female -0.034%* -0.015 -0.006 -0.027** -0.016
(0.018) (0.019) (0.016) (0.011) (0.011)
self-employed 0.162%** 0.131%%* -0.111%%* 0.080*** 0.078%**
(0.033) (0.034) (0.024) (0.025) (0.025)
part time 0.008 0.014 -0.002 -0.012 -0.013
(0.021) (0.021) (0.017) (0.012) (0.011)
education: upper sec. 0.066** 0.072%** 0.053%* 0.008 0.014
(0.026) (0.026) (0.023) (0.018) (0.015)
education: tertiary 0.006 0.044 0.028 -0.002 -0.002
(0.027) (0.028) (0.024) (0.018) (0.016)
income bet. 2500 and 3500 -0.074%%* -0.032 0.001 -0.018 -0.001
(0.021) (0.022) (0.019) (0.014) (0.013)
income above 3500 -0.036 0.003 0.019 -0.004 0.023
(0.025) (0.025) (0.021) (0.016) (0.017)
essential worker -0.183%** -0.143%** -0.106*** -0.077*** -0.032%*
(0.025) (0.027) (0.025) (0.019) (0.017)
frac. work doable from home -0.062** -0.059* -0.064** -0.064*** 0.002
(0.030) (0.032) (0.027) (0.020) (0.019)
essential X work doable from home 0.112%** 0.133%** 0.100%** 0.061%** 0.024
(0.039) (0.041) (0.035) (0.023) (0.023)
sector: construction -0.273%** -0.255%** -0.155%** -0.075*
(0.068) (0.065) (0.051) (0.041)
sector: education -0.278%%* -0.265*** -0.107** -0.059
(0.061) (0.062) (0.049) (0.038)
sector: env., culture, recr. 0.015 0.006 -0.046 -0.038
(0.080) (0.081) (0.063) (0.046)
sector: financial & business services -0.101 -0.154%* -0.081 -0.009
(0.065) (0.065) (0.051) (0.042)
sector: healthcare & welfare -0.171%%* -0.187%** -0.058 -0.021
(0.062) (0.063) (0.050) (0.039)
sector: industry -0.123%* -0.127%* -0.123** -0.014
(0.066) (0.067) (0.049) (0.042)
sector: other -0.062 -0.082 -0.074 0.017
(0.063) (0.065) (0.050) (0.040)
sector: public services -0.287*** -0.278%%* -0.110** -0.071%*
(0.061) (0.062) (0.048) (0.039)
sector: retail -0.012 -0.036 -0.009 0.019
(0.067) (0.069) (0.055) (0.043)
sector: transport, communication, & utilities -0.088 -0.105 -0.052 -0.025
(0.068) (0.070) (0.054) (0.042)
N 2572 2374 2230 2151 2150 2150
R2 0.060 0.119 0.160 0.106 0.095 0.049

Reference period is late February/early March. Standard errors are clustered on the individual
level. Unbalanced panel restricted to individuals that worked at least once more than ten hours
between early March and June. Notes: *p<0.1; **p<0.05; ***p<0.01.
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