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ABSTRACT

Satisfaction with Life, Happiness, and
Inequality — a Pseudo-Panel Study

The hypothesis tested in this paper is whether the increasing inequality in recent years has
had a significant impact on well-being among the population in Denmark. After a survey
of the literature we use attitude variables from the European Social Survey in a pseudo-
panel setting covering the years 2002 — 2014. We cover respondents from Denmark
and supplement the survey data with variables from administrative registers. We find a
significant effect from the increasing Gini coefficient since 2002.
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“However, there is as yet no clear evidence to show that inequality as such affects the happiness of

individuals in a community” (Layard, 2005, p.52).

1. Introduction/motivation

In recent decades inequality has been increasing in most countries. In the rich OECD countries, the
increase has been dramatic in a number of cases, especially so in the USA. In other countries, the
increase has been more moderate but even in the — traditionally — egalitarian Nordic countries
inequality has gone up. This has led to discussions of whether increasing inequality has derived
implications, i.e. reducing solidarity between different groups, leading to less general confidence or
to less social mobility.

The topic in the present study is to evaluate the eventual impact from inequality in the distribution
of disposable income on self-reported individual well-being. We do this below by combining survey
and register data in an analysis built in a pseudo-panel context. While individual income usually is
assumed to be an indicator of utility or well-being, it is theoretically less clear whether inequality
should be expected to have an impact on individual well-being. An impact from inequality could for
instance be caused by not just individual absolute income but also relative income having an impact
on utility. In such a situation, prior expectations regarding the impact from inequality on utility or
well-being could be positive or negative depending on the specific setting. High and increasing
inequality could relate positively to well-being if individual incomes were increasing fast in a
setting with low national income per capita. High and increasing inequality could have the opposite
impact on well-being in a setting where a major part of aggregate income growth went to top
earners while incomes were stationary or slowly growing for most of the population.

Pseudo-panels present a method to link independent cross-section surveys in a way making it
possible to analyze the included data as if they originated in a genuine panel data set following the
same individuals over time, see Deaton (1985) and Verbeek (2008). We use pseudo — panels based
on the European Social Survey where individual data on reported satisfaction or happiness are used
as a proxy variable for individual well-being. The method consists in grouping the individuals in the
surveys, for instance by age and gender, and use conventional methods for panel data to analyze the
pseudo-panel. These pseudo-panels are combined in the analyses with income data coming from
administrative registers considered more precise than self-reported incomes from surveys. In the

following, Section 2 summarizes results in earlier studies regarding the impact from inequality on



well-being. Over time and across countries at different levels of income, results differ quite much
indicating that inequality seems mostly to influence well-being in a positive way at low and
increasing levels of national income while most studies in rich countries find a negative impact on
well-being from inequality. A possible interpretation, discussed further below, is a combination of a
Kuznets type relationship at low levels of national income being replaced by a Piketty type
relationship at high levels of national income, see Kuznets (1955) and Piketty (2014). Section 3
describes the survey data used in the present study and the variables derived from the European
Social Survey along with an income variable coming from administrative registers in Statistics
Denmark. Further, Section 3 describes the construction of the pseudo-panels. Section 4 presents the
results from the regression analyses evaluating the impact from inequality — measured by the annual
aggregate Gini coefficient — on individual well-being. Section 5 summarizes the results.

2. Earlier studies

The empirical results in most earlier studies disagree regarding the impact from inequality on well-
being. Ngamaba et al. (2018) summarizes the results in a Cochrane analysis of a selection of
studies finding no significant impact from inequality when taking all studies together. In the present
context this lack of any significant impact in a global sense is less relevant as it turns out that the
sign and significance is highly context dependent. The majority of studies based on data from rich
OECD countries find a significant negative impact from inequality on well-being, while lack of
significance or a significantly positive impact is concentrated to studies either in less affluent or
emerging economies or to global studies including a very big number of countries. The studies
included in Ngabama et al. (2018) use different measures of inequality. Based on their broad survey
of results we first focus on analyses of most relevance for the present study, summarizing results
from high income countries followed by results for middle- and low-income countries. The study by
Alesina et al. (2004) using US and European data find a significant negative impact in both the
USA and Europe with the biggest impact in Europe. Supporting evidence for this difference is
found by Ebert and Welsch (2009) in a study of inequality aversion which is strong using European
data. Beja (2014) is a clear example of the context dependence, i.e. finding a significant negative
impact from inequality working with data for 14 industrialized countries while the impact is found
positive when analyzing 19 emerging economies. Blanchflower and Oswald (2004) are using
annual US and UK data for 26 years finding a negative impact in both countries. They are not using
the Gini coefficient as inequality indicator but apply the 75/25 ratio in the distribution of reported

incomes, i.e. an endogenous inequality indicator. Fahey and Smyth (2004) are using European data



and find a negative impact from the Gini coefficient on life satisfaction. Hagerty (2000) is using 7
years of US data. The inequality measure is the 80/20 ratio finding a negative impact on happiness
from the 80 percentile and a positive significant impact from the 20 percentile. Hajdu and Hajdu
(2014) use data from the European Social Survey for 6 years finding a significant negative impact
on life satisfaction from inequality measured by the Gini coefficient. Schwarze and Harpfer (2007)
are using data from the German Socioeconomic Panel covering 13 years and find a significantly
negative impact on life satisfaction using an Atkinson inequality measure. Finally, Oishi et al.
(2011) are using US annual data for 36 years finding a significantly negative impact from the Gini
coefficient on happiness. Oishi and Kesebir (2015) are using data on 16 high income countries
covering 47 years finding a significantly negative impact on different measures of well-being. There
are few exceptions to the sign and significance found in studies using data for rich OECD countries.
Clark (2003) is an exception finding a positive impact from Gini using British panel data for 11
years.

Next, we summarize results in studies using data from low income countries and emerging
economies surveyed in Ngabama et al. (2018). Senik (2004) using Russian data found a positive
impact on life satisfaction from the Gini coefficient. Knight and Gunatilaka (2010) and Jiang et al.
(2012) are using Chinese data on individual happiness and both studies find a positive impact from
inequality. Wang et al. (2015) is also working with Chinese data finding an interesting non-linearity
in the impact from inequality with a maximum at a Gini coefficients value about 0,4. Finally,
Ngabama (2016) using data from Rwanda, finds a significant positive impact which however is
sensitive to inclusion of controls.

Next, we go on to studies not covered by the survey in Ngabama et al. (2018) In a study based on
data from a global selection of countries, Diener et al. (1995) using life satisfaction found
dominantly a negative impact from the Gini coefficient. Helliwell (2003) using global data on life
satisfaction found no significant impact from the Gini coefficient. Helliwell and Huang (2008),
however, find a significantly positive impact from inequality on life satisfaction in Latin American
countries and in low income economies. Haller and Hadler (2006) work with worldwide data on life
satisfaction and happiness and find dominantly a significantly positive impact from inequality. Berg
and Veenhoven (2010) work with data for 119 countries and find an interesting sign pattern, i.e. a
negative impact from inequality in Western, rich countries, while the Gini coefficient is found to
have a positive impact in Eastern Europe, Asia and Latin America. No significant impact is found

for African countries. Bjgrnskov et al. (2013) analyze data for 87 countries and present results for



the impact from inequality, potentially influenced by the perceived fairness of the distribution of
incomes. Subjective inequality has a positive impact on life satisfaction. The Gini coefficient has a
negative impact on happiness, decreasing in perceived fairness of the actual distribution. Finally,
Rozer and Kraaykamp (2013) working with global data on life satisfaction and happiness find a
positive impact from inequality which however is smaller when a measure of “trust” is included in
the analysis. Verme (2011) using global data on life satisfaction is the exception to the dominant
finding of a positive impact from inequality in the global analyses. The results in Verme is the
finding of a significantly negative impact from the Gini coefficient. In absolute terms, the impact is
stronger in rich countries. Oshio and Urakawa (2014) is a test of whether individuals in a study on
Japanese survey data have knowledge about the actual level of inequality. They base their analysis
on the perception of inequality among the respondents. They find a negative relationship between
well-being and perceived inequality which becomes weaker when they control for income status.
The most recent study with a global approach is Katic and Ingram (2018). They estimate a multi-
level model on data on well-being from the World Value Survey including tests for mechanisms in
the interaction between inequality and well-being. These mechanisms are preferences for equality,
perceptions regarding fairness in the generation of the distribution of income and regarding social
mobility along with concern about social comparison. In contrast to most studies, Katic and Ingram
(2018) find a significant positive linear relationship between inequality and well-being.

Summing up, the dominant result from this survey seems to be a context dependence in the impact
from inequality on well-being with positive impact in low-income countries and a negative impact

in high-income countries.

3. Methods and Data

In the statistical analyses a so-called pseudo-panel is used. A pseudo-panel is composed of a series
of cross section samples that can be analyzed by the same econometric methods as conventional
panel data. Here, only the main principles of the method are explained while referring to the
original article for the details (Deaton, 1985 and Verbeek, 2008).

The samples must be independently and randomly collected at different times. The "trick™ that
allows the pseudo-panel to be analyzed in the same way as conventional panels is that all samples
are divided into cohorts. As opposed to the conventional panel, where individuals make up the

analytical units, the cohorts are groups of individuals with specific characteristics. In the present



study gender and five-years age groups are used, i.e. men 25-29 years, women 25-29 years, men 30-
34 years, women 30-34 year and so on until men 60-64 years and woman 60-64 years. Thus, the
samples consist of 16 cohorts, and each person in each sample is represented only in one cohort.
The cohorts must meet two requirements. The first is that they must be homogeneous in each year.
For example, the 25-29 age male cohort in all surveys must have roughly the same characteristics -
in terms of ethnic background, education, labor market status etc. The second requirement is that
the cohorts must have an appropriate size to ensure consistent and efficient estimates. In the
literature, fifty people is recommended as the lower limit to reduce the impact from eventual
measurement errors (Guillerm, 2017). With regard to an upper limit, cohorts should not be so big
that variations in average values over time become very small making estimates less precise.

The European Social Survey (ESS) is the basis for the pseudo-panel constructed for this study. ESS
is a cross-national survey that has been conducted across several European countries since 2001.
The fundamental purpose for the ESS is to measure the attitudes, beliefs and behavior patterns of

the populations. (www.europeansocialsurvey.org).). It is conducted every two years with newly

selected, cross-sectional samples (ibid). Denmark has participated in the years 2002-2014, and all
these samples are included in the pseudo-panel used here. Table Al shows the number of
individuals in each cohort in each year. Detailed analyses show that they have approximately the
same characteristics over time (not included here). Their size also complies with the requirements
of getting consistent and efficient estimates. Two of the questions in the ESS-survey are used as the
dependent variables in the analyses: how happy and satisfied people are. The other source of data

used in the analysis is Statistics Denmark, see below.

4. Approach and results

The eventual impact from inequality on individual well-being is evaluated by estimating a

regression

Yot = Xt + Oct + Ut c=1...C;t=1...T
where y are average values of the well-being variables within each cohort ¢ in each time period t. X
consists of both average values and cohort-specific and general variables. Finally, o, is the cohort
effect and u is an error term. Fixed effect, random effect and ordinary least square regressions on

pseudo-panels is carried out in the same way as on conventional data set. The dependent variables
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are included in the same way as in a conventional regression analysis, i.e. as the cohort specific
average of the reported satisfaction or happiness values from the ESS. The independent variables
fall into three categories. A category (a) consist of the average of the individual observations within
the cohorts. Another category (b) consist of cohort specific observations and finally a category (c)
are general observations that apply to all cohorts. An example of (a) is average income, of (b) the
rate of unemployment in the cohort and of (c) GDP. The key variable of interest in the present
study, the Gini-coefficient, is from Statistics Denmark. Other variables from Statistics Denmark are
per capita income, the share of immigrant/descendants and the share of unemployed. Next, the
various variables are explained in more detail, together with their range in the analyses.

Happiness, as mentioned is one of the dependent variables. Respondents were asked to indicate on a
ten-point scale “how happy would you say you are, taking all things together”. 0 stands for
“extremely unhappy” and 10 for “extremely happy”. Table A2 in the appendix shows the average of
the responses for each cohort lying between 8 and 9. Satisfaction, the alternative dependent variable
is also measured on a ten-point scale where 0 corresponds to “extremely dissatisfied”” and 10 to
“extremely satisfied”. The specific question respondents were asked was: “All things considered,
how satisfied are you with your life as a whole nowadays”. The values for the cohorts shown in
Table A3 are at the same level as for happiness. The Gini-coefficient, the key independent variable,
is a type c variable based on disposable income after taxes and income transfers from the public
sector. Table A4 shows that the Gini coefficient increases quite strongly between 2002 and 2014 -
from about 23 to 29. Thus, Denmark follows the common trend in most rich OECD countries.
Whether this increase affects the happiness and satisfaction of the respondents in a significant way
is the main topic in the present study. Per capita income is a type c variable. The prior expectation
is that happiness and satisfaction will increase due to higher per capita income. The share of
immigrants and descendants, is a type b variable. The share is of potential interest because the
average income for this group is lower than for native Danes which suggests that their happiness
and satisfaction levels may be lower.The share of unemployed is a type b variable. It is included in
the analysis because a general finding in the literature is that unemployment has a negative impact
on happiness and satisfaction (Winkelmann and Winkelmann, 1998 and Winkelmann, 2014). The
2008 crisis is a dummy variable set at 1 for the years before 2008 and at 2 for later years. The prior
expectation is that the Great Recession has a negative impact on happiness and satisfaction.

The results from regressions on satisfaction with life and happiness are reported in Tables 1 — 6. To

evaluate the robustness of the results we are using three different estimation methods for each of the



attitude variables, i.e. fixed effects, random effect and ordinary least squares (OLS) estimation. The
effect in focus is the eventual impact from the Gini coefficient on the attitude variables. Here we
find a significant impact in all regressions on both satisfaction with life and on happiness. Overall,
the other variables have a stronger impact on satisfaction with life than on happiness. This is the
case for the income variable which is significantly positive in all estimations on satisfaction with
life. The impact on happiness is positive, but significant only at between 5 and 10 per cent
significance. The dummy variable for the Great Recession, set at 1 for t<2008 and at 2 for t>= 2008
is significant and positive at the 5 per cent level in all specifications of satisfaction with life. The
impact on happiness is negative but with significance only between 5 and 10 per cent. The rate of
unemployment has the clearest impact on happiness in the random effect and the OLS regressions
while only the OLS regression finds negative significance relative to satisfaction with life. We thus
find a dominantly negative impact from unemployment on the attitude variables confirming the
findings and survey in Winkelmann and Winkelmann (1998) and Winkelmann (2014). Public
consumption, as a measure of in-kind benefits, has positive significance at the 5 per cent level
concerning satisfaction with life but less or no significance regarding happiness. Finally, the share

of immigrants and descendants is found to be insignificant.

Table 1. Fixed effect estimation of impact on satisfaction with life

stflife Coef. Std. Err. |t P>t [95% Conf. |[Interval]

GNP per cap. 7,291 1,843| 3,960 0,000 3,630 10,953
Gini coeff. -0,343 0,082| -4,210| 0,000 -0,506 -0,181
2008 Crisis -0,835 0,237| -3,530| 0,001 -1,305 -0,365
Share unempl. -0,708 0,648| -1,090| 0,278 -1,996 0,580
Share immig. 0,013 0,603| 0,020( 0,983 -1,184 1,210
Public consump. 0,102 0,032 3,230 0,002 0,039 0,166
_cons -26,051 8,973| -2,900|{ 0,005 -43,878 -8,225

R?=0,1809. No. of observations = 112, no. of groups = 16



Table 2. Random effect estimation of impact on satisfaction with life

stflife Coef, Std, Err. |z P>z [95% Conf, [Interval]
GNP per cap. 7,247 1,859| 3,900| 0,000 3,604 10,890
Gini coeff. -0,340 0,082| -4,120| 0,000 -0,501 -0,178
2008 Crisis -0,834 0,238| -3,500( 0,000 -1,301 -0,366
Share unempl. -1,058 0,619| -1,710| 0,087 -2,272 0,155
Share immig. -0,278 0,565| -0,490| 0,622 -1,386 0,829
Public consump. 0,103 0,032 3,230 0,001 0,041 0,166
_cons -2,589 9,049| -2,860| 0,004 -43,625 -8,155
R?=0,1940. No. of observations = 112, no. of groups = 16
Table 3. OLS estimation of impact on satisfaction with life
stflife Coef. Std. Err. |t P>t [95% Conf. |[Interval]
GNP per cap. 7,214 2,006/ 3,600( 0,000 3,235 11,192
Gini coeff. -0,337 0,089| -3,790( 0,000 -0,513 -0,160
2008 Crisis -0,833 0,257| -3,240| 0,002 -1,344 -0,323
Share unempl. -1,355 0,633| -2,140| 0,035 -2,611 -0,099
Share immig. -0,502 0,569| -0,880| 0,379 -1,630 0,626
Public consump. 0,104 0,035 3,020 0,003 0,036 0,173
_cons -2,577 9,769| -2,640( 0,010 -45,142 -6,404
Adj. R?=0,1510. No. of observations = 112, no. of groups = 16
Table 4. Fixed effect estimation of impact on happiness
happy Coef. Std. Err. |t P>t [95% Conf. |[Interval]
GNP per cap. 3,602 1914 1,880| 0,063 -0,201 7,406
Gini coeff. -0,173 0,085| -2,040| 0,044 -0,342 -0,005
2008 Crisis -0,433 0,246| -1,760| 0,082 -0,921 0,055
Share unempl. -1,073 0,673| -1590( 0,115 -2,411 0,265
Share immig. 0,806 0,626 1,290( 0,201 -0,437 2,050
Public consump. 0,047 0,033 1,440 0,154 -0,018 0,113
_cons -8,570 9,320/ -0,920| 0,360 -27,086 9,946

R?=0,105. No. of observations = 112, no. of groups = 16




Table 5. Random effect estimation of impact on happiness

happy Coef. Std. Err. |z P>z [95% Conf. |Interval]

GNP per cap. 3,607 1,901 1,900] 0,058 -0,119 7,334
Gini coeff. -0,173 0,084| -2,060( 0,040 -0,338 -0,008
2008 Crisis -0,438 0,244| -1,800[ 0,073 -0,916 0,040
Share unempl. -1,250 0,629| -1990| 0,047 -2,482 -0,018
Share immig. 0,806 0,572 1,410 0,159 -0,316 1,928
Public consump. 0,048 0,033 1,480 0,140 -0,016 0,113
_cons -8,615 9,256| -0,930| 0,352 -26,757 9,527

R?=0,107. No. of observations = 112, no. of groups = 1

Table 6. OLS estimation of impact on happiness

happy Coef. Std. Err. |t P>t [95% Conf. |[Interval]

GNP per cap. 3,612 2,004 1,800 0,074 -0,360 7,585
Gini coeff. -0,173 0,089| -1,950( 0,054 -0,349 0,003
2008 Crisis -0,442 0,257| -1,720( 0,088 -0,951 0,068
Share unempl. -1,371 0,633| -2,170| 0,032 -2,625 -0,117
Share immig. 0,814 0,568 1,430 0,155 -0,313 1,940
Public consump. 0,049 0,034 1,420 0,158 -0,019 0,117
_cons -8,653 9,755| -0,890| 0,377 -28,000 10,690

Adj R?=0,056. No. of observations = 112, no. of groups = 16

5. Conclusions

Inequality is low in Denmark as in the other Nordic countries in international comparison. Still,
inequality has gone up quite strongly also in Denmark since the turn of the century. Using a pseudo-
panel approach combining attitude data from the European Social Survey with administrative data
from Statistics Denmark for the years 2002 — 2014 we find that inequality measured by the national
Gini coefficient has had a significantly negative impact on well-being measures. The impact is
stronger on “satisfaction with life” than on “happiness”, but significant using both well-being
measures. A dummy variable indicating the Great Recession beginning in 2008 is significant,
especially regarding “satisfaction with life”. The rate of unemployment is also found to have a
significantly negative impact on well-being. Finally, public consumption is found to have a

significantly positive impact on “satisfaction with life”. Most citizens hardly follow the Gini
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coefficient over time. A more intuitive interpretation of the results are that they reflect a general

feeling of inequality getting out of line with acceptable changes based on concepts of fairness.

Appendix tables

Table A1. Number of individuals in cohorts

Cohort Year
2002 | 2004 2006 2008 2010 2012 2014 Average
25-29 | M | 44 51 36 41 32 39 67 47
- W | 70 50 38 37 35 39 36 47
30-34 | M | 73 49 70 51 54 44 41 57
- W | 66 66 69 65 40 51 56 61
35-39 | M | 68 66 51 63 52 47 64 60
- W |72 74 66 65 71 52 52 66
40-44 | M | 70 67 77 78 74 66 47 70
- W | 70 88 66 77 66 76 63 73
45-49 | M | 58 74 66 56 85 72 75 71
- W | 59 57 61 87 79 83 81 74
50-54 | M | 85 51 74 69 69 89 64 74
- W | 78 67 71 65 66 66 62 68
55-59 | M | 74 74 62 87 70 82 62 74
- W | 61 78 76 73 58 77 67 71
60-64 | M | 58 62 79 86 72 57 46 68
- W | 51 55 88 75 77 61 62 69
| alt 1057 | 1029 1050 1075 1000 1001 945
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Table A2. Average value of happiness in cohorts.

Year
Cohort 2002 | 2004 2006 2008 2010 2012 2014 Average
25-29 | M | 8,00 8,29 8,72 8,1 7,97 8,25 8,19 8,22
- W 8,12 8,31 8,45 8,14 7,85 8,61 8,44 8,29
30-34 | M | 8,25 8,32 8,44 8,13 8,25 8,61 8,44 8,29
- W | 8,36 8,32 8,00 8,53 8,26 8,25 8,39 8,40
35-39 | M| 8,37 8,28 8,23 8,57 8,25 8,09 8,14 8,29
- W | 8,31 8,38 8,27 8,56 8,28 8,37 8,15 8,32
40-44 | M [834 8,00 8,26 8,12 7,73 8,06 8,08 8,09
- W | 8,23 8,34 8,51 8,70 8,23 8,34 8,01 8,42
45-49 |M | 834 |84l 8,14 8,23 8,30 8,31 8,44 8,26
- W | 8,42 7,91 8,06 8,36 8,37 8,01 8,02 8,17
50-54 | M | 8,32 8,58 8,20 7,80 8,22 8,45 7,84 8,29
- W | 8,41 8,40 8,14 8,29 8,48 8,55 8,56 8,41
55-59 | M | 8,36 8,24 8,13 8,26 8,10 8,43 7,91 8,28
- W | 8,57 8,15 8,14 8,64 8,05 8,40 8,10 8,76
60-64 | M | 8,19 8,37 8,54 8,45 8,62 8,09 8,40 8,29
- W | 8,29 8,38 8,44 8,48 8,44 8,49 8,37 8,37
Average 8,31 8,30 8,44 8,50 8,23 8,33 8,21 8,43
Table A3 — Average value of satisfaction in cohorts
Year
Cohort 2002 | 2004 2006 2008 2010 2012 2014 | Average
25-29 | M | 7,95 8,35 8,47 8,39 8,07 8,54 8,48 8,31
- W | 8,13 8,50 8,50 8,24 7,97 8,64 8,28 8,32
30-34 | M |8,30 8,35 8,20 8,76 8,28 8,43 8,30 8,37
- W | 8,27 8,45 8,60 8,31 8,15 8,62 8,05 8,35
35-39 |[M |851 8,31 8,21 8,45 8,30 8,40 8,11 8,33
- W | 8,19 8,27 8,21 8,55 8,23 8,80 8,23 8,36
40-44 | M | 8,49 8,19 8,38 8,14 8,01 8,14 8,30 8,24
- W|[844 861 8,41 8,84 8,33 8,45 8,48 8,51
45-49 | M | 8,40 8,61 8,36 8,51 8,41 8,28 8,12 8,38
- W | 8,51 8,00 8,11 8,43 8,33 8,43 8,12 8,23
50-54 | M | 8,47 8,72 8,12 8,26 8,25 8,49 8,06 8,34
- W | 8,63 8,43 8,18 8,38 8,31 8,45 8,51 8,42
55-59 | M | 8,45 8,50 8,80 8,39 8,23 8,43 8,24 8,41
- W|864 |[8,61 8,46 8,70 8,02 8,56 8,42 8,49
60-64 | M | 8,36 8,55 8,91 8,97 8,71 8,44 8,12 8,55
- W | 8,63 8,69 8,76 8,79 8,57 8,69 8,63 8,70
Average 8,40 8,44 8,41 8,50 8,27 8,50 8,28 8,40
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Table A4. Average annual values of independent variables.

Year | GNP per capita | Gini coefficient | Rate of Immigrant / Public
(In) Unemployment | Descendants consumption.
Share of pop. Share of GNP
2002 | 5,57 24,23 0,04 0,07 21,51
2004 | 5,63 24,80 0,05 0,05 19,44
2006 | 5,73 26,60 0,03 0,06 17,67
2008 | 5,79 26,00 0,02 0,06 20,67
2010 | 5,79 27,14 0,03 0,08 22,28
2012 |5,82 21,77 0,04 0,08 23,53
2014 | 5,86 29,14 0,05 0,07 24,50
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