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group of unemployed who did not enter these programs. We add information on 
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1 Introduction

The promotion of self-employment among unemployed individuals has been shown to be

an effective strategy as part of active labor market policies (ALMP). The main idea is to

provide unemployed individuals financial assistance in order to set up their own business

and therefore to escape unemployment. Furthermore, start-up subsidies in contrast to other

programs of ALMP are potentially associated with a “double dividend”, if the subsidized

businesses create additional jobs in the future and hence reducing unemployment further.

The justification of start-up subsidies for unemployed individuals is based on the existence

of disadvantages for nascent unemployed entrepreneurs. These might arise due to capital

constraints, shortages in start-up specific human capital or the abscence of job-related

(and social) networks as well as imperfect information or higher shares of necessity start-

ups (when compared to “regular” business start-ups not coming from unemployment).

For instance, capital markets are particularly likely to discriminate against unemployed

individuals which restricts access to loans (Meager, 1996; Perry, 2006); restricted access

to information about business opportunities might lead unemployed individuals to realize

less valuable business ideas (Shane, 2003). The subsidy therefore aims at helping nascent

unemployed entrepreneurs to overcome existing barriers due to their unemployment status.

The overall international evidence on the effectiveness of traditional ALMP programs

such as training, job creation schemes or job search assistance with respect to income

and employment prospects is rather disappointing, even if occasionally positive effects are

identified (see Martin and Grubb, 2001; Dar and Gill, 1998; Dar and Tzannatos, 1999; or

Fay, 1996 for evidence on OECD countries and Kluve and Schmidt, 2002 for the European

experience). In contrast, start-up subsidies seem to be more promising. A recent study by

Caliendo and Künn (2011) shows that such programs improve long-term employment and

income prospects of participants and are particularly effective for disadvantaged groups

in the labor market, such as low educated or young individuals who generally face limited

job offers as their outside options are very limited. In addition to the positive impact on

participant’s labor market prospects, we also know that firm foundation can be of major

importance for regional development as it has a positive impact on the structural change,

innovation, job creation and hence economic growth (see Storey, 1994; Audretsch and

Keilbach, 2004; Fritsch, 2008).

However, what has not been examined yet is to what extent prevailing local economic

conditions influence the effectiveness of start-up subsidies as an ALMP program. Existing

evidence on the effectiveness of traditional ALMP programs (e.g. training, wage subsidies)

with respect to economic conditions suggests that programs are generally more effective in

regions with unfavorable economic conditions (see Lechner and Wunsch, 2009; Fahr and

Sunde, 2009; Kluve, 2010).1 The question remains however, if this evidence is adoptable

to start-up subsidies as those programs do not focus on the integration into dependent

employment but into self-employment. Labor demand side restrictions in areas with rela-

tively bad labor market conditions generally increase entries into start-up programs as job

1This is not necessarily true for subgroups of the workforce. For instance, McVicar and Podivinsky
(2010) consider unemployed youths and investigate the effect of the New Deal for Young People in Britain.
They find an inverse u-shaped relationship between program effectiveness and unemployment rates.
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offers are limited and starting an own business is an opportunity to leave unemployment.

However, the survival of firms in deprived areas is also lower, such that the overall effect

remains an empirical question which we aim to answer with this paper. To do so, we com-

pare labor market outcomes of participants with those of other unemployed individuals

and assess the effectiveness of start-ups subsidies as an ALMP program under different

economic conditions. Furthermore, we try to disentangle whether regional effect hetero-

geneity is primarily driven by labor demand side restrictions or differences in business

performance.

We use a combination of administrative and survey data from a large sample of par-

ticipants in two distinct start-up programs in Germany, i.e. Bridging Allowance (BA) and

Start-up Subsidy (SUS) as well as a control group of unemployed who did not enter these

programs. We observe these individuals for five years after start-up and are able to mon-

itor not only survival and personal income but also detailed information on the business

structure. Both programs basically differ in terms of the amount and length of the subsidy

payment by which different types of individuals are attracted. For instance, SUS partic-

ipants are generally less qualified, have less work experience (in particular in the field of

business foundation) and therefore are less likely to receive unemployment benefits and if

so at lower levels than BA recipients (cf. Caliendo and Kritikos, 2010). BA participants are

more similar to general business founders while SUS participants are rather “atypical”. To

investigate the influence of prevailing local economic conditions at business start-up on the

founding process, business development and effect heterogeneity in terms of employment

and income prospects of participants, we add monthly information on unemployment rates

and GDP per capita at the labor agency district level. Based on the distribution of these

economic indicators, we distinguish six types of regional labor markets.

The descriptive evidence shows that businesses founded by SUS and BA participants

are differently affected by local economic conditions at start-up. While businesses by BA

participants experience slightly larger firm survival, higher income and more job creation

in favorable areas, SUS businesses experience a negative relationship between business suc-

cess and economic conditions. We use propensity score matching methods and compare

participants in BA and SUS with other unemployed individuals to calculate causal pro-

gram effects. We find program-specific effect heterogeneity with respect to local economic

conditions on employment prospects of participants. While the BA program turns out to

be generally more effective in regions with disadvantaged economic conditions; we find

not such a clear pattern for the case of SUS. A detailed analysis on possible mechanisms

driving the effect heterogeneity reveals that estimated employment effects are primarily af-

fected by varying labor market performance of non-participants (indicating labor demand

side restrictions) and less by differences in terms of firm survival under different economic

circumstances.

The paper is organized as follows: Section 2 discusses some theoretical considerations

and expectations about the impact of local economic conditions on firm characteristics

(start-up rates and business development) and on the effectiveness of start-up programs.

Section 3 explains the institutional setting of the two start-up subsidies under scrutiny.

Section 4 represents the main part of the paper and contains the empirical analysis includ-
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ing data description, descriptive evidence, and the identification strategy and results of the

causal analysis. Section 5 summarizes the main findings and discusses policy conclusions.

2 Theoretical Considerations

The aim of this study is to investigate the effectiveness of start-up subsidy programs to

improve labor market prospects of unemployed individuals under different local economic

conditions. As these programs—in contrast to other ALMP programs—focus on the in-

tegration in self-employment, the effectiveness might be affected by two issues. First, the

labor market success of non-participants under different local economic conditions, and

second, the business development of subsidized start-ups, i.e. the performance of partici-

pants under different local economic conditions. Therefore, we provide in the following a

brief discussion of theoretical expectations with respect to both dimensions.

Beside other factors such as population density, the presence of small firms or infras-

tructure, regional economic conditions such as aggregate demand or unemployment are a

main driver determining business formation (see Reynolds, Storey, and Westhead, 1994;

Hamilton, 1989; Georgellis and Wall, 2000; Kangasharju, 2000, amongst others). The labor

market approach provides an explanation as it states that individuals face an occupational

choice and become self-employed if the expected discounted utility of being self-employed

exceeds the one of being in dependent employment (see Knight, 1921; Blanchflower and

Oswald, 1998; Parker, 2009). In such a model economic conditions might push or pull in-

dividuals into self-employment as those characteristics are likely to affect the profitability

of self-employment and/or the utility of paid work (Hamilton, 1986; Georgellis and Wall,

2000; Wagner and Sternberg, 2004). For instance, rising unemployment increases the risk

associated with dependent employment and decreases wages, reducing the expected util-

ity and pushing individuals into self-employment. At the same time, the profitability of

self-employment might increase due to higher availability of low-cost business takeovers

(higher closure rates) or stronger business promotion by the public sector in such regions.

On the other hand, the pull hypothesis predicts a negative correlation between start-ups

and unemployment rates. Low unemployment rates indicate high aggregate demand which

increases potential income from self-employment and leads to increased firm foundation.

Start-up rates might be further raised by easier availability of capital and lower risk of

failure in more favorable economic conditions (Parker, 2009). However, Hamilton (1989)

and Georgellis and Wall (2000) find that both the push and the pull theory apply and

provide evidence that the relationship between unemployment and business formation is

inversely u-shaped. This suggests that rising unemployment pushes individuals into self-

employment only in areas with initially low unemployment rates but reduces start-up rates

in regions with already high unemployment rates. The authors explain this observation by

missing pull factors in very depressed areas.

While there is a large literature on economic variation and business foundation, much

less research exits on the impact of regional economic conditions on post entry firm perfor-

mance. In general, it is assumed that more favorable economic conditions increase business

survival due to higher product demand and lower interest rates (Parker, 2009). Although
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the estimated effects vary, the empirical evidence confirms this hypothesis and shows that

beside firm and industry characteristics in particular macro-economic conditions (employ-

ment growth, GDP, unemployment rate) play an important role in determining post entry

firm performance (see Audretsch and Mahmood, 1995; Fritsch, Brixy, and Falck, 2006;

Brixy and Grotz, 2006; Falck, 2007, amongst others). Overall it seems that more favorable

conditions extend firm survival, however, with particular regard to unemployment rates

the effects are ambiguous. Keeble and Walker (1994) and Audretsch and Mahmood (1995)

find a negative relationship between unemployment rates and business survival, while van

Praag (2003) finds a positive but not significant relationship. Fritsch, Brixy, and Falck

(2006) argue that unemployment rates reflect different macro-economic dimensions (eco-

nomic growth, availability of workers, start-up rates out of unemployment) and depending

on the individual impact of each factor the overall effect of unemployment rates on busi-

ness survival might be positive or negative.2 In addition, when looking at start-ups out of

unemployment we have to take into account that individuals might have a higher tendency

to switch back to dependent employment if the start-up is only used as a temporary so-

lution to exit unemployment. This might lead to higher exit rates out of self-employment

for this group of individuals during an economic upswing when the number of (dependent)

job opportunities increases. This would then counteract the positive correlation between

economic conditions and firm survival.

Given this evidence, one might conclude that the risk of business failure is generally

higher in deprived areas which would predict higher program effectiveness in privileged ar-

eas. If this is true the question arises if subsidizing business foundation among unemployed

individuals in deprived areas is a sensible strategy at all or whether participants return

to unemployment immediately once the subsidy expires. Clearly, this is not only a scien-

tifically interesting but also policy-relevant question. However, program effectiveness does

not solely depend on the labor market performance of program participants (survival in

self-employment) but on their performance relative to non-participants in the same area.

Taking this into account brings up a reverse hypothesis, namely that start-up programs

might be more effective in deprived areas as self-employment provides an alternative to

dependent employment which is typically limited in such regions. Existing labor demand

side restrictions in deprived areas might lead to lower employment probabilities among

non-participants and hence to higher program effectiveness in these areas compared to

privileged areas.3 As theoretical considerations do not deliver a clear answer about which

of the two opposing effects dominates, i.e., higher business survival versus higher employ-

ment probabilities among non-participants in regions with favorable economic conditions,

this is an empirical question which will be examined henceforth.

2While the availability of workers to new firms predicts a clear positive impact on firm survival, the
effect of economic growth and start-up rates out of unemployment is ambiguous. We refer to Fritsch, Brixy,
and Falck (2006) and Falck (2007) for a detailed discussion on how economic factors might affect business
survival.

3This is in line with findings by Lechner and Wunsch (2009) who show that training programs in
Germany lead to larger employment effects if unemployment is high in terms of both periods and regions.
The authors argue that non-participants are less likely to find a job during periods of high unemployment
and if then probably worse jobs. In contrast, participants are locked into the program when unemployment
is high and might face better search and economic conditions if the program elapses.
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3 Institutional Settings in Germany

In this study we investigate the effectiveness of two distinct start-up subsidies under dif-

ferent economic conditions. Both programs mainly differ with respect to the amount and

length of the subsidy. The first program, the Bridging Allowance, amounts to the individ-

ual unemployment benefits plus a lump sum payment (68.5% of the benefits) for social

security and is paid during the first six months of self-employment.4 To receive the sub-

sidy the unemployed have to be eligible for unemployment benefits and have an externally

approved business plan (issued by the regional chamber of commerce). While the BA was

introduced in 1986 already, the second program, the Start-up Subsidy was introduced as

part of a bigger labor market reform in 2003. The main intention for the introduction of

a second program was to encourage small business start-ups by opening the program to

a larger group of unemployed individuals. Eligibility to SUS was therefore not restricted

to unemployed individuals with benefit entitlement but also open to those with means-

tested social assistance, i.e., primarily long-term unemployed and individuals with limited

labor market experience. SUS consists of a lump-sum payment of e600 per month in

the first year, e360 per month in the second and e240 per month in the third year and

was prolonged on a yearly basis if self-employment income did not exceed e25,000 per

year. Furthermore, SUS recipients have to pay into the statutory pension fund and can

claim a reduced rate for statutory health insurance. When SUS was introduced in 2003,

applicants did not have to submit business plans for prior approval, but they have been

required to do so since November 2004.5 All eligible applicants received the subsidy (by a

legal entitlement) but a parallel receipt of BA and SUS was excluded.

Caliendo and Kritikos (2010) investigate the characteristics of participants in both

programs and show that due to the institutional settings both programs attract a different

clientele of individuals. It was rational to choose BA if unemployment benefits were fairly

high or if the income generated through the start-up firm was expected to exceed e25,000

per year. Therefore, SUS participants turn out to be on average less qualified, having

less work experience (in particular in the field of business foundation) and therefore are

less likely to receive unemployment benefits and if they do then at lower levels than BA

recipients. The authors conclude that BA participants are quite similar to general business

founders and SUS participants are rather “atypical”. As we will see later on, this selection

process turns out to be important with respect to our results.

4On average, BA male participants in our sample received e1,077 unemployment benefits per months
during their unemployment spell. Given the additional lump sum payment for social security of 68.5% this
corresponds to an average BA payment of e1,814 per months.

5In practice, the burden to get such a business plan is quite low so that the impact on the quality of
business start-ups is rather ambiguous. Public institutions such as the chambers of commerce and industry
implemented a standardized procedure to provide individuals with such documents. However, we do not
have data on subsidized business start-ups after November 2004 so that we can not empirically evaluate
its impact.
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4 Empirical analysis

4.1 Data

The data we use consist of random samples of program entries in SUS and BA from the

third quarter of 2003 in Germany (treatment group).6 As a control group, we consider

other unemployed individuals from the third quarter of 2003 who were also eligible to

the programs but did not participate in this particular quarter.7 The data combines ad-

ministrative data from the Federal Employment Agency (FEA) with information from a

telephone survey.8 The survey was conducted in three interview waves, whereby two inter-

views took place in January/February of 2005 and 2006 and the last interview in May/June

2008. Finally, the data contain detailed information on individual socio-demographics and

labor market history before treatment, program-specific aspects, and different labor mar-

ket outcomes up to five years after start-up. We restrict our analysis to individuals who

participated in every interview in order to observe individual labor market outcomes for

the entire period of 56 months. We focus in our analysis on men only, since start-ups

by women differ in their motivation and intensity. While men are represented along the

entire distribution of entrepreneurs, female entrepreneurs tend to be concentrated in par-

ticular sectors and among low-profit businesses. This can be attributed to a different

motivation, e.g., because more women are seeking a work-family balance instead of earn-

ing maximization (Klapper and Parker, 2011; Boden, 1999). This also explains why women

are significantly less likely to become full-time self-employed (Gurley-Calvez, Biehl, and

Harper, 2009; Lechmann and Schnabel, 2012). As we are interested in the effectiveness of

start-up programs to improve labor market prospects of participants, we circumvent these

issues by excluding women from the analysis and avoiding side-effects due to differences

driven by labor supply decisions of female participants and non-participants.9 Finally, our

estimation sample sonsists of 715 male participants in SUS, 1,096 male participants in BA

and 1,343 male non-participants.

To estimate regional effects, we classify regional labor markets (identified by labor

agency districts in our sample) by the distribution of different economic indicators. Based

on the theoretical considerations and previous empirical evidence we aggregate labor

agency districts by the level of unemployment rates and GDP as these measures reflect the

macro-economic conditions for dependent employment (wages, labor market tightness) and

self-employment (aggregate demand, productivity) which influence the decision to start a

business, its post-entry performance and reflects existing labor demand side restrictions.

Therefore, we add those aggregate information on labor agency districts in the third quar-

6Having access to only one particular quarter of entrants bears the risk of a selective sample. However,
comparing the distribution of certain characteristics (e.g. age and educational background) across different
quarters does not show any significant differences.

7However, individuals in the control group are allowed to participate in ALMP programs afterwards.
The actual number of non-participants who participated in ALMP programs after the third quarter 2003
is rather low. Approximately 29% of all non-participants were assigned to programs of ALMP and only
3% participated in SUS or BA within our observation period.

8For a more extensive discussion of data construction see Caliendo and Künn (2011).
9Caliendo and Künn (2012) provide evidence on the effectiveness of start-up programs for unemployed

women by taking female-specific needs into account.
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ter 2003 to our data.10 The unemployment rates are obtained from the German Federal

Labor Agency, and the gross domestic product from the German Federal Statistical Office.

We calculate GDP per capita to take district sizes into account.

We aggregate labor agency districts by dividing the distribution of the economic mea-

sures into three parts reflecting poor, medium and good conditions.11 We note that the

economic conditions are relatively stable within our observation window.12

Insert Table 1 here

Table 1 shows the distribution of the different economic measures within the full esti-

mation sample and within each of the six stratified subsamples. First of all, unemployment

rates and GDP per capita are not perfectly correlated as they capture different economic

conditions (as discussed above). The correlation coefficient is -0.509 and as a consequence,

the classified subsamples (poor/medium/good) contain partly different individuals using

the unemployment rate or GDP metric. For instance, the poor category using the GDP

metric contains in total 1,048 individuals from which only 724 (69%) are also included

in the poor category using the unemployment rate. Moreover, it can be seen that we do

not observe program entries for five labor market districts in Germany, so that we only

observe 176 instead of 181 existing labor office districts in our data. The figures further

suggest that the distribution of both measures are slightly asymmetric within the full es-

timation sample which is reflected by differences between mean and median, and varying

numbers of assigned labor market districts within each stratified subsample. We further

see that sufficient variation in terms of the measures exist to classify distinctive regional

labor markets. For instance, areas characterized by poor labor market conditions show a

relatively low GDP per capita with a mean of 19,203 Euro which is 14,340 Euro lower

than in areas characterized by good economic conditions which is quite substantial.

4.2 Descriptive Analysis

Based on these observations, this Section considers variables related to the founding deci-

sion of individuals and business development in order to deliver descriptive evidence to the

theoretical expectation formulated in Section 2. Note that all descriptive results presented

below are adjusted for selection bias due to panel attrition by using sequential inverse

probability weighting (see Wooldridge, 2002).13

10Although business formation influences economic development on the aggregate level (see Storey, 1994;
Audretsch and Keilbach, 2004; Fritsch, 2008), the prevailing local economic conditions are assumed to be
exogenous to new entries into self-employment.

11We additionally stratify the sample by dividing the respective distributions into four equal parts.
Results are similar and lead to the same conclusion. However, lower numbers of observation in each cell
result in poor matching quality why we decided to take three categories as the preferred strategy.

12We also categorized the sample based on the distribution of unemployment rates and GDP measured
at the end of our observation window, i.e., May/June 2008, and compared it to initial categorization. We
find 82% of individuals assigned to the same category in terms of unemployment rates and 95% in terms
of GDP per capita.

13The willingness of individuals to participate in the survey decreased over time. On average, we observe
46% of all participants and 37% of all non-participants for the entire period of 56 months. The attrition
induced a positive selection, i.e., individuals who perform relatively well in terms of labor market outcomes
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4.2.1 Description of the founding process

As derived from an occupational choice model, theory does not unambiguously predict

how different economic conditions influence self-employment rates as both push or pull

motives might be valid such that empirical evidence is needed. To identify the motivation

of individuals in our estimation sample, we depict the distribution of push and pull motives

conditional on prevailing local economic conditions at start-up in Table 2. First of all, we

see that SUS participants are generally more likely to be pushed into self-employment

while BA participants are slightly more often motivated by pull items. On average, 84%

(53%) of SUS participants report the item “Termination of unemployment” (“I always

wanted to be my own boss”) as the motivation to start a business compared to 76% (56%)

in the case of BA. This is consistent with the program-specific selection pattern, i.e., BA

participants are more similar to general business founders while SUS are rather atypical

business founders. It is also consistent with earlier research by Caliendo and Kritikos

(2009) showing that the previous stereotype suggesting that all start-ups by unemployed

persons are necessity based does not hold.

The hypothesis that necessity (opportunity) start-ups are overrepresented (underrep-

resented) in areas with rather poor economic conditions can not be clearly confirmed by

Table 2. While we do see, that the push motive “Termination of unemployment” has its

highest shares mostly in regions with poor economic conditions, the evidence for the pull

motive “I always wanted to be my own boss” is more mixed. This could indicate that

pull motives are less influenced by local economic conditions while push motives are more

affected. However, since the overall differences between the regions are quite small, such

an interpretation needs to be made with caution.

Insert Table 2 here

Moreover, Table 2 shows that the subsidized business founders out of unemployment

tend to invest less at start-up in areas with unfavorable economic conditions. This confirms

the finding from above that unemployed individuals are likely to be pulled (pushed) into

self-employment if labor market conditions are (un)favorable. Again, the evidence is less

clear for the stratified sample by GDP per capita.

4.2.2 Labor market integration and business development

Following theoretical considerations about the influence of economic conditions on business

development as well as existing evidence, we would expect higher business survival and

growth in areas characterized by favorable economic conditions. However, we have to keep

in mind that we consider start-ups out of unemployment for which improved economic

conditions might partly lead to lower business survival if there is a higher tendency to

switch back to dependent employment with increased job opportunities (as discussed in

Section 2). This might counteract the positive correlation between economic conditions

are more likely to respond. Therefore, we use sequential inverse probability weighting to adjust for selective
attrition. However, the causal analysis relies on unweighted outcome variables as participants and non-
participants are similarly affected by selection due to panel attrition.
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and firm survival. To empirically assess the long-term labor market success of former

participants in both programs as well as business growth, we depict different indicators in

Table 3 measured 56 months after start-up.

Insert Table 3 here

Considering the labor market status of former program participants 56 months after

start-up, we see that in case of SUS (BA) about 60% (70%) are still self-employed and

approximately 20% are in dependent employment. This indicates a high and persistent

integration into employment. The higher shares in self-employment in case of BA might

be explained by the already mentioned selection of individuals into both programs, where

the positive selection of individuals in BA probably increases the probability of surviving

in self-employment.

However, we hardly detect large differences in terms of shares in self-employment across

areas. It can be seen that the shares in self-employment are slightly higher if labor market

conditions (reflected by unemployment rates) are rather unfavorable which suggests that

missing job opportunities might increase the probability to remain self-employed. With

respect to dependent employment we do not find such a clear pattern. For instance, in the

case of SUS we find higher shares in dependent employment if labor market conditions are

unfavorable and the reverse for the case of BA.

Insert Figure 1 here

To further assess the influence of prevailing local economic conditions at start-up on

business survival, we additionally provide Kaplan-Meier estimates for the survival proba-

bility in the first self-employment spell across the stratified subsamples in Figure 1. Besides

the visual illustration we additionally report a Cox regression-based test on the equality of

survival curves below each Figure (see Suciu, Lemeshow, and Moeschberger, 2004). This

test compares observed and expected exit probabilities in each regional subgroup, where

the expected exit probabilities are calculated under the null hypothesis that the survival

curves are the same across those groups. Consistent with the selection into the two pro-

grams, Figure 1 suggests that more favorable economic conditions at the time of start-up

slightly extend firm survival for the case of BA. In the case of SUS we find the reverse

relationship, i.e., higher firm survival in deprived areas. This suggests that limited job

opportunities in areas characterized by deprived economic conditions probably urge SUS

participants to remain self-employed. However, the statistical support is not very strong

(only significant in two out of four cases using a critical value of 0.05) which leads to the

conclusion that survival of subsidized businesses is only partly affected by local economic

conditions at the time of business start-up.14

With respect to income, Table 3 shows the individual monthly working income of for-

mer participants 56 months after start-up. We find a clear positive correlation between

14This is in line with findings by Tokila (2009) who runs a survival analysis on subsidized start-ups out
of unemployment in Finland. She finds that regional characteristics have only a minor impact on the exit
rate.

9



income and prevailing local economic conditions at start-up for the case of BA. For in-

stance, the working income is higher in areas characterized by good economic conditions

(low unemployment rates and high GDP) but the evidence is less clear-cut for the partic-

ipants in SUS.

Finally, we consider business size in terms of the employee structure. Recalling the

discussion in Section 2 we would expect that more favorable economic conditions facilitate

business development. We depict the employee structure in Table 3 by the share with at

least one employee and conditional on having at least one employee the resulting absolute

number of employees. With respect to business growth we report the %-change in terms

of the number of employees compared to the first interview which took place 16 months

after start-up. First of all, we can see for the case of BA that the share of firms with at

least one employee as well as the absolute number of employees is larger if the firm started

under favorable economic conditions. This is in line with the theoretical expectations.

However and consistent with the findings regarding business survival, we find for the

case of SUS the reverse relationship, i.e., former SUS recipients create less employment

if founded in deprived areas. Looking at business growth from month 16 to month 56,

we see that firms indeed experience employment growth (except SUS recipients in areas

with low unemployment rates) but we do not find a clear pattern with respect to the local

economic conditions at the time of business start-up. For instance, former SUS recipients

who founded a business in areas characterized by poor/medium/good economic conditions

based on unemployment rates experience an employment growth of 41%/36%/-10%. This

indicates higher employment growth in deprived areas. However, conditioning on GDP per

capita we observe the opposite, i.e., higher employment growth in privileged areas.

In summary, we conclude from the descriptive evidence that businesses founded by

SUS and BA participants are differently affected by prevailing local economic conditions.

While businesses by BA participants experience slightly higher firm survival, larger income

and more job creation in favorable areas, SUS businesses experience a negative relationship

between business success and economic conditions at start-up. Therefore, it seems that the

theoretical expectation that favorable economic conditions facilitate business development

is only adoptable to BA participants but not to SUS participants. This might be explained

by the positive selection of individuals in the two programs, with BA participants being

more similar to general business founders.

4.3 Causal Analysis and Implementation

4.3.1 Identification Strategy

In order to estimate causal effects, we base our analysis on the potential outcome frame-

work, also known as the Roy (1951) - Rubin (1974) model. The two potential outcomes

are Y 1 (individual receives treatment, D = 1) and Y 0 (individual does not receive treat-

ment, D = 0) whereby the observed outcome for any individual i can be written as

Yi = Y 1
i ·Di + (1−Di) · Y 0

i . As the treatment effect for each individual i is then defined

as τi = Y 1
i − Y 0

i and both potential outcomes are never observed for the same individual

at the same time (referred to as the fundamental evaluation problem), we focus on the

10



most prominent evaluation parameter, which is the average treatment effect on the treated

(ATT):

τATT = E(Y 1 | D = 1)− E(Y 0 | D = 1). (1)

The last term on the right hand side of equation (1) describes the hypothetical out-

come without treatment for those individuals who received treatment. Since the condition

E(Y 0 | D = 1) = E(Y 0 | D = 0) is usually not satisfied with non-experimental data,

estimating ATT by the difference in sub-population means of participants E(Y 1 | D = 1)

and non-participants E(Y 0 | D = 0) will lead to a selection bias as participants and

non-participants are likely to be selected groups in terms of observable and unobservable

characteristics with different outcomes, even in the absence of the program.15 We ap-

ply propensity score matching and thus rely on the conditional independence assumption

(CIA), which states that conditional on observable characteristics (W ) the counterfactual

outcome is independent of treatment Y 0 q D|W, where q denotes independence. In ad-

dition to the CIA, we also assume overlap Pr(D = 1 | W ) < 1, for all W which implies

that there are no perfect predictors which determine participation. These assumptions

are sufficient for identification of the ATT based on matching (MAT), which can then be

written as:

τMAT
ATT = E(Y 1|W,D = 1)− EW [E(Y 0|W,D = 0)|D = 1], (2)

where the first term can be directly estimated from the treatment group and the sec-

ond term from the matched comparison group. The outer expectation is taken over the

distribution of W in the treatment group.

As direct matching on W can become hazardous when W is of high dimension (“curse

of dimensionality”), Rosenbaum and Rubin (1983) suggest using balancing scores b(W )

instead. These are functions of the relevant observed covariates W such that the condi-

tional distribution of W given b(W ) is independent of the assignment to treatment, that

is, W qD|b(W ). The propensity score P (W ), i.e., the probability of participating in a pro-

gram, is one possible balancing score. For participants and non-participants with the same

balancing score, the distributions of the covariates W are the same, i.e., they are balanced

across the groups. Hence, the identifying assumption can be re-written as Y 0 qD|P (W )

and the new overlap condition is given by Pr(D = 1 | P (W )) < 1.

The CIA is clearly a very strong assumption and its justification depends crucially on

the availability of informative data which allow to control for all relevant variables that

simultaneously influence the participation decision and the outcome variable. Economic

theory, a sound knowledge of previous research, and information about the institutional

setting should guide the researcher in specifying the model (see, e.g., Smith and Todd,

2005 or Sianesi, 2004). Although there is no common rule on the set of information nec-

essary, Lechner and Wunsch (2013) identify personal and firm characteristics of previous

employment as well as labor market history, detailed information on the current unemploy-

ment spell and regional characteristics to be most important to include when estimating

15See, for example Caliendo and Hujer (2006) for further discussion.
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program effects of ALMP. We have both administrative and survey information avail-

able that allows us to mostly reproduce the set of information as suggested by Lechner

and Wunsch (2013). In addition we include information on parental self-employment as

intergenerational transmission has been shown to significantly influence the start-up deci-

sion (see Caliendo and Künn, 2011). Although the justification of the CIA is not directly

testable with non-experimental data, we argue that having these informative data makes

the CIA likely to hold in our application. Nevertheless, we test the robustness of our

results with respect to unobserved heterogeneity in two directions. First, we implement

a conditional difference-in-differences (DID) estimator to control for time-invariant un-

observed differences between participants and non-participants (see Heckman, Ichimura,

Smith, and Todd, 1998). Second, we use a bounding approach as suggested by Rosenbaum

(2002) which introduces an artificial term in the selection equation and tests to which ex-

tent of this unobserved factor the results remain significant. Note, that this approach does

not answer the question whether or not the CIA is fulfilled but conveys information on the

robustness of the results with respect to unobserved heterogeneity. Applying both tests,

the results turn out to be robust with respect to unobserved heterogeneity suggesting that

the CIA is a reliable assumption in our study.16

Moreover, for identification of causal effects, any general equilibrium effects need to

be excluded, that is treatment participation of one individual can not have an impact

on outcomes of other individuals. This assumption is referred to as stable-unit-treatment-

value-assumption (SUTVA). Imbens and Wooldridge (2009) argue that the validity of

such an assumption depends on the scope of the program as well as on resulting effects.

They infer that for the majority of labor market programs, the SUTVA is potentially

fulfilled because such programs are usually of small scope with rather limited effects on

the individual level. We follow their argumentation and refer to the absolute number entries

into SUS and BA which is approximately of the same scope as other ALMP programs and

in relation to the total number of entries into unemployment of 7.6 million in 2003 quite

small.17

4.3.2 Estimation of treatment propensity

To estimate causal effects of participation in SUS and BA on labor market outcomes of

participants, we first of all estimate the propensity scores (PS) of program participation by

applying a non-linear probit-estimation. We take variations in terms of the selection into

treatment due to different economic conditions into account and estimate the PS within

each stratified labor market conditional on unemployment rates and GDP per capita sep-

arately, i.e. PLM (W ) = Pr(D = 1 | W,LM = j) where D is the treatment indicator,

W are observed covariates and LM denotes the six different labor markets (j = 1, . . . , 6)

characterized by poor, medium and good economic conditions based on unemployment

rates and GDP per capita. The informative data at hand allows the inclusion of individ-

16We only state the main findings of the robustness tests here. Detailed results are available on request
from the authors.

17In 2003, 254 thousand individuals participated in SUS or BA compared to 183 (295) thousand entries
in wage subsidies (vocational training) in Germany.
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ual information on socio-demographics, education, past employment, working experience,

income situation as well as regional information in the propensity scores estimation. We

test different specifications following economic theory and previous empirical findings as

outlined above. In addition we check econometric indicators such as significance of pa-

rameters or pseudo-R2 to finally determine one preferred specification.18 Results of the

probit-estimation are depicted in Tables A.1 to A.4 in the Appendix.

As expected from theoretical considerations and descriptive evidence, we find varying

selection patterns into programs conditional on prevailing local economic conditions. For

instance, comparing the coefficients of the PS estimations for the BA program in areas

characterized by poor and good economic conditions based on GDP per capita reveals

that nearly one third of the coefficients show different signs. This confirms the hypothesis

that local economic conditions affect the selection of unemployed individuals into start-

up programs. As each propensity score estimation contains individual selection patterns

and the discussion is beyond the scope of this paper, we focus on two interesting and

common findings with regard to the selection process. First, in particular individuals with

an entrepreneurial family background are likely to start a business in deprived areas. This

is consistent with findings by Tervo (2006) who argues that those individuals are more

likely to be pushed into self-employment as they possess latent entrepreneurial human

capital. Second, the higher the remaining individual unemployment benefit entitlement

the less likely to start a business in areas characterized by favorable economic conditions

as opportunity costs are higher (e.g. higher expected wages). Individuals remain longer

unemployed and search for better jobs if the labor market offers adequate job opportunities

which is more likely under favorable economic conditions.

Figures A.1 and A.2 in the Appendix show the distribution of the estimated propensity

scores for all regions and both programs. It can be seen, that the distribution of the

propensity scores are biased towards the tails, that is participants have a higher average

probability to become self-employed than non-participants. Nevertheless, participant’s and

non-participant’s propensity score distributions overlap to a large extent, such that we only

loose very few treated observations due to the minima-maxima common support condition

(see numbers below each graph).

4.3.3 Details on matching procedure

Based on the estimated propensity scores, we apply kernel matching and estimate the

ATT as depicted in Equation 2 for each stratified labor market separately, that is τMAT
ATT |

LM = j, j = 1, . . . , 6. We assess the resulting matching quality, i.e., whether the match-

ing procedure sufficiently balances the distribution of observable characteristics between

participants and non-participants, within each stratified subsample with different criteria.

Tables A.5 and A.6 in the Appendix present results from a simple comparison of means

(t-test), the mean standardized bias (MSB) and the Pseudo-R2 of the probit-estimation in

the matched and unmatched sample respectively.19 While the t-test on equal means and

18For a more extensive discussion on the estimation of propensity scores, we refer to Heckman, Ichimura,
Smith, and Todd (1998) and Caliendo and Kopeinig (2008) among others.

19See Caliendo and Kopeinig (2008) for a more detailed discussion of matching quality issues.

13



the Pseudo R2 indicate towards a successful matching for both programs, the mean stan-

dard bias for SUS is after matching within some cells still above the critical value of 5% as

suggested by Caliendo and Kopeinig (2008). However, the remaining bias after matching

does not have a substantial influence on the selection into treatment (very low Pseudo-R2),

so that we conclude that the PS matching procedure sufficiently created a control group

within each subsample that is very similar to the respective treatment group at the point

of entry into treatment. Additionally, we test if the matching procedure sufficiently bal-

ances differences between both groups in terms of pre-treatment outcome variables such as

months in employment and average income in the year before program entry. The results

can be found in Table A.7 in the Appendix and show no significant differences for almost

all variables after matching took place (indicated by p-values > 0.05 in column six). This

reinforces the success of the matching procedure in removing pre-treatment differences

between participants and non-participants.

4.4 Results

We assess the effectiveness of the two programs to improve labor market prospects of

participants with respect to two labor market outcomes: integration into the first labor

market and earnings. To measure the integration into the first labor market, we employ

“self-employed or regular employed” as a binary outcome variable which is one for indi-

viduals who are either employed subject to social security contribution or self-employed

and zero otherwise. We use this variable (and not survival in self-employment) for two

reasons: First, non-participants are less likely to become self-employed than participants;

and hence, comparing participants and non-participants with respect to self-employment

only would bias the causal effects upwards. Second, as the main objective of ALMP is to

integrate individuals into the first labor market, this justifies categorizing being regular

employed as a success (even if it means that the self-employment spell was terminated).

It should be clear that the definition of this outcome variable does not imply that self-

employment and wage employment are equally desirable from a program perspective but

it is rather an appropriate measure that reflects the degree of labor market integration

within both the treatment and control group. As a second outcome variable we assess

the impact on individual monthly working income. Table 4 contains a summary of the

estimated ATT for defined outcome variables within each stratified labor market. The

employment effects are depicted at different points in time and cumulated over the entire

observation period of 56 months. Since we do not have longitudinal information about

income, the income effects in Table 4 refer to the end of our observation period.

Insert Table 4 here

First of all, it is visible that both programs lead to throughout positive and signif-

icant employment effects. Program participation significantly increases the employment

probability of participants compared to non-participants. We also find positive effects on

working income, although they are not always statistically significant. Therefore, indepen-

dent of the effect heterogeneity with respect to local economic conditions (as will be shown

below) both start-up subsidies are effective ALMP tools.
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Now, taking a closer look at the employment effects, we detect some program-specific

patterns: For the case of BA the results suggest that it is more effective in disadvantaged

areas as indicated by increasing employment effects with decreasing local economic con-

ditions. For instance, the total cumulated employment effect within regions characterized

by poor economic conditions based on unemployment rates (GDP) is 20.7 (19.8) months

for BA but amounts to only 14.6 (14.2) months in regions with good economic conditions.

We do not detect such a clear pattern in the case of SUS. Conditioning on unemploy-

ment rates, employment effects tend to be slightly higher in areas characterized by poor

economic conditions. Although this pattern is much weaker, it is still consistent with the

pattern for the BA program. However, based on the GDP per capita comparison, the em-

ployment effects turn out to be higher in areas characterized by good economic conditions,

and lower in areas characterized by poor conditions.20 This is opposite to the finding for

the BA program. We highlight though that the differences in point estimates are much

smaller for the SUS than BA program.

To further investigate the mechanism behind the program-specific pattern, Figure A.3

in the Appendix shows corresponding employment probability levels among treated and

matched control individuals over time. As the ATT in Table 4 depicts the difference be-

tween participants and matched non-participants, Figure A.3 reveals one possible explana-

tion for the effect heterogeneity. The varying employment effects are primarily attributable

to the labor market performance among the non-participants under different economic con-

ditions. While the black lines (treated within different regions) almost overlap, the gray

lines (matched controls within different regions) show partly substantial differences. For

the case of BA, it is visible that non-participants in disadvantaged regions face lower

employment probabilities than in privileged regions leading to the clear pattern, that pro-

grams are more effective in disadvantaged areas. It seems that BA with its integration

into self-employment counteract the limited job opportunities for these groups (higher

educated with higher earnings in the past) in disadvantaged areas. Again, for SUS we do

not find such a clear pattern. It can be seen that non-participants in areas characterized

by poor economic conditions (solid gray lines) face on average no clear disadvantage in

terms of employment probabilities compared to non-participants in other areas. However,

we can see for both programs that effect heterogeneity is primarily driven by labor market

performance of non-participants.

Insert Figure 2 here

Figure 2 illustrates this negative relationship between labor market performance of

matched non-participants and program effectiveness graphically. Therefore we scatter the

ATT for the total cumulated employment outcome (x-axis) against the estimated coun-

terfactual outcome (y-axis) which reflects the labor market performance of matched non-

participants. We clearly see for both programs that the lower the counterfactual outcome

(probably due to limited job opportunities in the labor market) the higher the ATT. This

20Keep in mind that unemployment rates and GDP are not perfectly correlated so that the subsamples
(poor/medium/good) contain partly different individuals using the unemployment rate or GDP metric (see
Section 4.1). This explains the slightly different results.
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supports the hypothesis that employment effects are primarily driven by the labor market

performance of non-participants under different economic conditions and less by differ-

ences in terms of firm survival. This is in line with the Kaplan-Meier estimates in Section

4.2.2, which have shown that survival of subsidized businesses is only partly significantly

affected by economic conditions at the time of business start-up.

5 Conclusion

In this paper we study the effectiveness of two different start-up subsidies for unemployed

individuals in Germany under different economic conditions. To do so, we compare labor

market outcomes of program participants with those of other unemployed individuals in

order to assess in which areas start-up programs are particularly effective. Moreover, we in-

vestigate the influence of local economic conditions at the time of start-up on the founding

process and development of businesses over time. We use a combination of administrative

and survey data from a large sample of participants in two distinct programs, i.e. Bridging

Allowance (BA) and Start-up Subsidy (SUS) as well as a control group of unemployed

who did not enter these programs. This data is enriched with aggregate information on

unemployment rates and GDP per capita at the labor agency district level to distinguish

six types of regional labor markets.

The descriptive evidence shows that subsidized business founders located in regions

with rather favorable economic conditions are more likely to be pulled into self-employment

and invest more capital at start-up. With respect to business development a program-

specific pattern arises. While businesses by BA participants experience slightly longer firm

survival, higher income and more job creation in favorable areas, SUS businesses experience

a negative relationship between business success and economic conditions. This suggests

that limited job opportunities in areas characterized by deprived economic conditions

probably urge SUS participants to remain self-employed. It seems that the theoretical

expectation that favorable economic conditions facilitate business development is only

adoptable to BA participants but not to SUS participants. This might be explained by

the selection of individuals in the two programs, where BA participants are quite similar

to general business founders while SUS participants are rather atypical.

Based on propensity score matching methods to calculate causal program effects, we

find that both programs are effective policy tools and increase prospective employment

probabilities and working income (although not always statistically significant) of partici-

pants. We further show program-specific effect heterogeneity with respect to local economic

conditions. This regional effect heterogeneity has not been examined so far and shows that

the BA program turns out to be generally more effective in regions with disadvantaged

economic conditions. For participants in SUS we find a much weaker pattern conditional

on unemployment rates and an opposite relationship between program effectiveness and

local economic conditions based on GDP per capita. A detailed analysis on possible mech-

anisms driving this regional effect heterogeneity reveals that estimated employment effects

are primarily affected by varying labor market performance of non-participants (indicat-

ing labor demand side restrictions) and less by differences in terms of firm survival under
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different economic circumstances.

Overall, our results confirm the promising evidence on the effectiveness of start-up

programs to improve employment and income prospects of participants. It has often been

argued that these programs are especially successful as they provide an alternative to

limited job offers in the labor market. In this regard, Caliendo and Künn (2011) show

that both start-up programs—SUS and BA—are particularly effective for disadvantaged

groups in the labor market such as low educated or young individuals who generally face

limited job offers. Our results now add the insight that SUS and BA are also effective under

different economic conditions, whereby the degree of effectiveness primarily depends on the

labor market performance of non-participants which reflects labor market tightness within

different regions. This supports the hypothesis that start-up programs are a promising tool

to augment traditional ALMP programs as they depict an alternative to existing labor

demand side restrictions across subgroups and regions.

Finally, we want to emphasize some policy conclusions and limitations of our study.

From an ALMP perspective, the study shows that providing unemployed individuals the

possibility to become self-employed (and hence escape unemployment) by offering the two

programs has been a successful strategy. It effectively helped participants to overcome

labor demand restrictions and to integrate them in the labor market in the long-run.

Policy makers should therefore continue this strategy and provide such programs to un-

employed individuals in the future. However, at the same time policy makers should be

cautious in expanding the scale of such start-up programs programs (e.g., by increasing

the amount/duration of the subsidy or lowering the entry criteria) due to three reasons:

First, this might attract lower ability individuals who would actually not become self-

employed under the current circumstances which might reduce the overall effectiveness of

the programs. Second, subsidy programs are relatively costly and bear the risk of dead-

weight effects, i.e., nascent entrepreneurs intentionally register unemployed to receive the

subsidy. Third, although we find slightly better business performance in good areas (at

least for the BA program), we cannot make a causal statement if subsidized start-ups out

of unemployment are successful businesses yet. To make such a statement we would need

to compare program participants to other business start-ups out of non-unemployment.

Unfortunately this is not possible with our data at hand. However, this is an important

question and future research should provide evidence on the empirical relevance of these

three concerns.

Finally, we want to emphasize some policy conclusions and limitations of our study.

From an ALMP perspective, the study shows that providing unemployed individuals the

possibility to become self-employed (and hence escape unemployment) by offering the two

programs has been a successful strategy. It effectively helped participants (especially in ar-

eas with poor economic conditions) to overcome labor demand restrictions and to integrate

them in the labor market in the long-run. Policy makers should therefore continue this

strategy and provide such programs to unemployed individuals in the future. To further

increase the effectiveness of the programs, it might be worth thinking about the provision

of accompanying counseling or coaching programs which have been proven to be effective

(see, e.g., Rotger, Gortz, and Storey, 2012). However, policy makers should be cautious in
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expanding the scale of such start-up programs (e.g., by increasing the amount/duration of

the subsidy or lowering the entry criteria) due to three reasons: First, this might attract

lower ability individuals who would actually not become self-employed under the current

circumstances which might reduce the overall effectiveness of the programs. Second, sub-

sidy programs are relatively costly and bear the risk of deadweight effects, i.e., nascent

entrepreneurs intentionally register unemployed to receive the subsidy. Third, although we

find slightly better business performance in good areas (at least for the BA program), we

cannot make a causal statement if subsidized start-ups out of unemployment are successful

businesses yet. To make such a statement we would need to compare program participants

to other business start-ups out of non-unemployment. Unfortunately this is not possible

with our data at hand. However, this is an important question and future research should

provide evidence on the empirical relevance of these three concerns.
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Tables and Figures

Table 1: Distribution of labor market indicators within the estimation sample

Full Aggregation of labor agency districts
sample conditional on local economic condition

Poor Medium Good

Unemployment rate (in %)
Number of labor agency districts 176 40 61 75
Number of individuals 3,154 1,019 1,073 1,062

Start-up Subsidy 715 237 251 227
Bridging Allowance 1,096 337 361 398
Non-participants 1,343 445 461 437

Mean 11.292 17.800 9.690 6.580
Standard deviation 4.995 2.520 1.150 0.939
Median 9.383 17.974 9.383 6.712
Minimum 4.083 13.193 7.907 4.083
Maximum 24.584 24.584 11.862 7.885

Gross Domestic Product per capitaa) (in thousand Euro)
Number of labor agency districts 176 58 57 61
Number of individuals 3,154 1,048 1,056 1,050

Start-up Subsidy 715 231 244 240
Bridging Allowance 1,096 365 376 355
Non-participants 1,343 452 436 455

Mean 25.708 19.203 24.430 33.543
Standard deviation 7.258 2.037 1.229 6.904
Median 23.980 19.640 23.980 30.425
Minimum 14.385 14.385 22.300 27.000
Maximum 49.070 22.280 26.870 49.070

Correlation between unemployment rate and GDP
Correlation coefficient -0.509

Note: Labor market indicators are measured in third quarter 2003 at the level of labor agency
districts. In total, 181 labor agency districts exist in West Germany.
a) In prices of 2005.
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Table 2: Founding related characteristics

Start-up Subsidy Bridging Allowance
Local economic conditions

Poor Medium Good Poor Medium Good

Conditional on unemployment rate

# observation 237 251 227 337 361 398
Motivation to become self-employed

I always wanted to be my own boss 50.0 58.2 51.7 52.3 56.0 58.3
Termination of unemployment 86.2 84.5 81.7 76.3 78.2 74.9

Capital invested at start-up
≥ 10,000 Euro 11.8 14.4 16.4 33.0 34.4 39.9

Conditional on productivity (GDP per capita)

# observation 231 244 240 365 376 355
Motivation to become self-employed

I always wanted to be my own boss 51.7 52.0 56.0 59.3 54.8 53.3
Termination of unemployment 85.4 83.2 83.9 77.0 76.7 75.6

Capital invested at start-up
≥ 10,000 Euro 14.5 14.6 13.3 35.2 33.6 39.0

Note: All numbers are percentages unless otherwise indicated.

Table 3: Labor market status and business development 56 months after start-up

Start-up Subsidy Bridging Allowance
Local economic conditions

Poor Medium Good Poor Medium Good

Conditional on unemployment rate

Labor market status (in %)
Self-employed 62.8 58.2 61.9 70.5 67.9 68.1
Employed subject to SSC 20.3 14.8 17.4 20.8 19.9 21.8

Income situation (net, in Euro/month)
Working income 1386.3 1546.6 1452.2 1601.2 2113.6 2272.5

Employee structure conditional on being self-employed
Share with at least one employee (in %) 21.8 25.8 16.0 35.9 42.3 41.6

Number of employeesa) 2.4 3.0 1.9 3.6 4.0 5.4
%-change to 16 months after start-up 41.2 36.4 -9.5 16.1 29.0 28.6

Conditional on productivity (GDP per capita)

Labor market status (in %)
Self-employed 61.0 59.9 61.9 70.5 64.6 71.3
Employed subject to SSC 19.6 20.4 22.0 20.7 20.1 21.7

Income situation (net, in Euro/month)
Working income 1357.8 1574.1 1458.3 1674.2 2001.9 2358.4
Share with at least one employee (in %) 28.0 15.6 19.4 39.6 36.9 43.4

Number of employeesa) 2.3 3.7 2.0 4.3 3.6 5.2
%-change to 16 months after start-up 25.2 35.3 44.1 45.5 8.7 24.3

Note: Number of observations are reported in Table 2. SSC - Social Security Contribution.
a) Conditional on having at least one employee.
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Table 4: Causal effects of Start-up Subsidy and Bridging Allowance conditional on local
economic conditions

Start-up Subsidy vs. Bridging Allowance vs.
Non-Participation Non-Participants

Local economic conditions
Poor Medium Good Poor Medium Good

Conditional on unemployment rate

# Treated 226 234 210 329 348 375
# Controls 414 413 406 408 419 406

Outcome variable: “Self-employed or regular employed”
After 36 months (in %-points) 37.5 27.3 32.8 29.5 15.3 15.2
After 56 months (in %-points) 20.2 21.5 23.1 23.7 14.1 13.9

Total cumulated effect (
∑56

t=1, in months) 26.4 22.4 24.1 20.7 14.7 14.6
Outcome variable: “Income 56 months after start-up” (net, in Euro/month)

Working income 602 (248) (259) 566 481 448

Conditional on productivity (GDP per capita)

# Treated 220 233 220 347 369 319
# Controls 412 407 415 417 407 415

Outcome variable: “Self-employed or regular employed”
After 36 months (in %-points) 29.1 31.3 33.3 26.6 18.7 14.0
After 56 months (in %-points) 22.7 22.0 24.4 24.3 15.3 13.3

Total cumulated effect (
∑56

t=1, in months) 22.3 24.7 24.6 19.8 15.4 14.2
Outcome variable: “Income 56 months after start-up” (net, in Euro/month)

Working income 590 374 (37.5) 481 683 522

Note: Depicted are average treatment effects on the treated as the difference in outcome variables between
participants and non-participants. Effects which are not significant different from zero at the 5%-level are in
parentheses; standard errors are based on bootstrapping with 200 replications.
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Figure 1: Survival in self-employment conditional on local economic conditions

Start-up Subsidy Bridging Allowance

Conditional on unemployment rate

Wald χ2(2) = 6.26, p-value = 0.044 Wald χ2(2) = 1.65, p-value = 0.438

Conditional on productivity (GDP per capita)

Wald χ2(2) = 1.68, p-value = 0.431 Wald χ2(2) = 7.99, p-value = 0.018

—— Poor - - - Medium ....... Good

Note: Depicted are Kaplan-Meier estimates for the survival probability in the first self-employment spell
for program participants conditional on the prevailing economic conditions at start-up. Below the graphs,
we report the test statistic and p-value based on a Cox regression-based test on the equality of the depicted
survival curves whereby the underlying null hypothesis states that the survival functions are the same.

25



Figure 2: Regional effect heterogeneity conditional on labor market perspectives among
matched non-participants

Outcome variable: “Self-employed or regular employed”

Note: Depicted on the horizontal axis are the cumulated average treatment effects on the treated
consistent to Table 4 for the outcome variable “self-employment or regular employment”. On the vertical
axis we provide the average months spent in “self-employment or regular employment” within the
observation period of 56 months for the matched non-participants.
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A Supplementary Tables and Figures

Table A.1: Propensity score estimation conditional on local unemployment rates:
Start-up Subsidy vs. Non-participation

Start-up Subsidy vs. Non-participation
Local economic conditions

Poor Medium Good

Age bracket (Ref.: 18 to 24 years)
25 to 29 years 0.067 0.218 0.39
30 to 34 years 0.417 0.092 0.661∗∗

35 to 39 years 0.133 0.074 0.165
40 to 44 years 0.29 0.116 0.315
45 to 49 years 0.447 0.3 0.32
50 to 64 years 0.781∗∗ 0.801∗∗ 0.836∗∗∗

Marital status (Ref.: Single
Married −.065 0.043 −.188

Number of children in household (Ref.: No children)
one child 0.116 0.198 0.26
Two or more children 0.286 0.059 0.133

Health restriction that affect job placement (Ref.: No)
Yes −.188 −.210 0.037

Nationality (Ref.: German)
Non-German 0.123 0.067 0.199

Desired working time (Ref.: Part-time)
Full-time 0.608 −.076 0.126

School leaving certificate (Ref.: No degree)
Lower secondary school 0.43 0.323 −.208
Middle secondary school 0.44 0.512 −.092
Specialized upper secondary school 0.784 0.072 0.03
Upper secondary school 0.468 0.466 −.164

Occupational group (Ref.: Manufacturing)
Agriculture −.085 −.412 0.021
Technical occupations 0.166 −.785∗ −.646
Services 0.069 −.350 −.379
Others −.402 −.670 −.425

Professional qualification (Ref.: Workers with tertiary education)
Workers with technical college education 0.271 0.11 −.051
Skilled workers 0.047 0.188 −.105
Unskilled workers 0.2 0.288 −.118

Duration of previous unemployment (Ref.: < 1 month)
≥ 1 month - 3 months −1.390∗∗∗ −1.560∗∗∗ −1.737∗∗∗

≥ 3 months - < 6 months −1.632∗∗∗ −1.529∗∗∗ −1.473∗∗∗

≥ 6 months - < 1 year −1.426∗∗∗ −1.700∗∗∗ −1.648∗∗∗

≥ 1 year - < 2 years −1.446∗∗∗ −2.005∗∗∗ −1.659∗∗∗

≥ 2 years −1.324∗∗∗ −1.086∗∗∗ −1.800∗∗∗

Professional experience (Ref.: without professional experience)
with professional experience 0.024 −.128 −.164

Last employment
Duration of last employment 0.002 0.0006 0.003∗

Placement propositions
Number of placement propositions −.024∗∗ 0.005 −.015∗∗

Table to be continued.
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Table A.1 continued.

Start-up Subsidy vs. Non-participation
Local economic conditions

Poor Medium Good

Employment status before job-seeking (Ref.: Employment)
Self-employed 0.886∗∗∗ 0.089 0.566∗∗

School attendance/never employed before/apprenticeship 0.326∗ 0.293 0.378
Unemployable 0.272 −.015 0.36
Others, but at least once employed before 0.73∗∗∗ 0.474∗∗ 0.352∗

Others
Regional cluster (Ref.: II a)

II b
III a 0.012 0.015
III b −.416
III c −.199 −.722∗

IV 0.247 −.416
V a −.574
V b −.654
V c −.712

Remaining unemployment benefit entitlement (in months) −.014 −.032∗∗ −.035∗∗∗

Unemployment benefit level (in Euro) −.039∗∗∗ −.025∗∗∗ −.032∗∗∗

Average daily income from regular
employment in first half of 2003 −.002 −.002 −.004
Intergenerational transmission

Parents are/were self-employed 0.367∗∗ 0.784∗∗∗ 0.175
Regional macroeconomic conditions

Unemployment rate 0.096∗∗ −.106 −.160∗

Vacancy ratea) 0.12∗∗ −.079∗∗∗ −.001
GDP per capita 0.072∗ 0.006 0.003

Constant −3.338∗∗ 3.183∗∗ 3.897∗∗∗

Number of observations 646 656 627
Pseudo R2 0.166 0.224 0.224
Log-likelihood −351.911 −335.623 −315.679

Note: * 10%, ** 5%, *** 1% significance level. Differences in numbers of observations compared to Table 1 are due to
missing values for some variables.
a) Available vacancies as the share of the stock in unemployment.
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Table A.2: Propensity score estimation conditional on local GDP per capita: Start-
up Subsidy vs. Non-participation

Start-up Subsidy vs. Non-participation
Local economic conditions

Poor Medium Good

Age bracket (Ref.: 18 to 24 years)
25 to 29 years 0.001 0.425 0.558∗

30 to 34 years 0.361 0.453 0.639∗∗

35 to 39 years −.087 0.344 0.284
40 to 44 years 0.358 0.449 0.199
45 to 49 years 0.497 0.459 0.512
50 to 64 years 0.952∗∗∗ 0.8255∗∗ 0.913∗∗∗

Marital status (Ref.: Single)
Married −.115 −.132 −.057

Number of children in household (Ref.: No children)
One child 0.101 0.337∗ 0.049
Two or more children 0.381∗∗ −.054 0.223

Health restriction that affect job placement (Ref.: No)
Yes −.124 −.054 −.167

Nationality (Ref.: German)
Non-German 0.178 0.366∗∗∗ −.134

Desired working time (Ref.: Part-time)
Full-time 1.409∗∗ −.405 −.143

School leaving certificate (Ref.: No degree)
Lower secondary school −.258 0.301 0.017
Middle secondary school −.146 0.258 0.315
Specialized upper secondary school −.038 0.1 0.324
Upper secondary school −.047 0.07 0.336

Occupational group (Ref.: Manufacturing)
Agriculture −.048 −.174 −.293
Technical occupations 0.114 −.219 −.834∗

Services 0.015 −.046 −.566
Others −.459 −.440 −.706

Professional qualification (Ref.: Workers with tertiary education)
Workers with technical college education 0.321 0.188 −.111
Skilled workers 0.371 −.252 0.065
Unskilled workers 0.444∗ −.002 0.043

Duration of previous unemployment (Ref.: < 1 month)
≥ 1 month - 3 months −1.342∗∗∗ −1.656∗∗∗ −1.748∗∗∗

≥ 3 months - < 6 months −1.524∗∗∗ −1.443∗∗∗ −1.768∗∗∗

≥ 6 months - < 1 year −1.212∗∗∗ −1.423∗∗∗ −2.030∗∗∗

≥ 1 year - < 2 years −1.443∗∗∗ −1.573∗∗∗ −2.019∗∗∗

≥ 2 years −.825∗∗ −1.426∗∗∗ −1.714∗∗∗

Professional experience (Ref.: without professional experience)
with professional experience 0.173 −.291∗ −.140

Last employment
Duration of last employment 0.0005 0.002 0.002

Placement propositions
Number of placement propositions −.041∗∗∗ −.007 −.0007

Table to be continued.

29



Table A.2 continued.

Start-up Subsidy vs. Non-participation
Local economic conditions

Poor Medium Good

Employment status before job-seeking (Ref.: Employment)
Self-employed 0.899∗∗∗ 0.593∗∗ 0.096
School attendance/never employed before/apprenticeship 0.642∗∗∗ 0.328 0.213
Unemployable 0.038 0.413∗ 0.449∗

Others, but at least once employed before 0.756∗∗∗ 0.568∗∗∗ 0.398∗∗

Others
Regional cluster (Ref.: II a)

II b −.219 0.164 0.053
III a 0.418 −.061 0.662
III b 0.174 0.255 −.627
III c −.347 −.178 −.439
IV −.002
V a −.236 −.201
V b −.333 −.234 −.295
V c −.304 −.159

Remaining unemployment benifit entitlement (in months) −.009 −.019 −.048∗∗∗

Unemployment benefit level (in Euro) −.042∗∗∗ −.029∗∗∗ −.028∗∗∗

Average daily income from regular
employment in first half of 2003 0.002 −.005 −.003
Intergenerational transmission

Parents are/were self-employed 0.559∗∗∗ 0.353∗∗ 0.39∗∗∗

Regional macroeconomic conditions
Unemployment Rate 0.039 0.005 −.105

Vacancy ratea) 0.099∗∗∗ 0.005 −.024
GDP per capita 0.041 0.165∗∗∗ 0.004

Constant −2.149 −2.130 3.474∗∗

Number of observations 636 646 648
Pseudo R2 0.209 0.205 0.218
Log-likelihood −326.257 −338.403 −331.188

Note: * 10%, ** 5%, *** 1% significance level. Differences in numbers of observations compared to Table 1 are due to
missing values for some variables.
a) Available vacancies as the share of the stock in unemployment.

30



Table A.3: Propensity score estimation conditional on local unemployment rates:
Bridging Allowance vs. Non-participation

Bridging Allowance vs. Non-participation
Local economic conditions

Poor Medium High

Age bracket (Ref.: 18 to 24 years)
25 to 29 years −.142 0.704∗∗ 0.151
30 to 34 years 0.343 0.571∗ 0.113
35 to 39 years 0.246 0.531 0.232
40 to 44 years 0.206 0.267 0.131
45 to 49 years 0.035 0.37 0.16
50 to 64 years −.108 0.486 0.317

Marital status (Ref.: Single)
Married −.231∗ 0.06 −.056

Number of children in household (Ref.: No children)
One child −.107 −.054 −.125
Two or more children −.049 −.234 −.130

Health restriction that affect job placement (Ref.: No)
Yes 0.213 −.221 −.141

Nationality (Ref.: German)
Non-German 0.103 0.121 0.24∗∗

Desired working time (Ref.: Part-time)
Full-time 0.982 −.434

School leaving certificate (Ref.: No degree)
Lower secondary school 0.394 0.296 0.097
Middle secondary school 0.512 0.355 0.122
Specialized upper secondary school 0.688 0.329 0.212
Upper secondary school 0.68 0.19 0.233

Occupational group (Ref.: Manufacturing)
Agriculture 0.274 0.242 0.063
Technical occupations 0.449 0.59 0.052
Services 0.31 0.432 −.130
Others −.091 −.004 −.518

Professional qualification (Ref.: Workers with tertiary education)
Workers with technical college education 0.114 −.298 0.11
Skilled workers 0.147 −.104 0.136
Unskilled workers 0.275 −.148 0.154

Duration of previous unemployment (Ref.: < 1 month)
≥ 1 month - 3 months −.985∗∗∗ −.980∗∗∗ −1.052∗∗∗

≥ 3 months - < 6 months −1.002∗∗∗ −1.172∗∗∗ −.985∗∗∗

≥ 6 months - < 1 year −.795∗∗∗ −1.309∗∗∗ −1.134∗∗∗

≥ 1 year - < 2 years −.958∗∗∗ −1.251∗∗∗ −1.182∗∗∗

≥ 2 years −1.104∗∗∗ −.937∗ −1.576∗∗∗

Professional experience (Ref.: without professional experience)
with professional experience −.141 −.214 −.348∗∗

Last employment
Duration of last employment 0.003∗∗ 0.001 0.003∗∗

Placement propositions
Number of placement propositions −.006 −.011 −.014∗∗

Table to be continued.
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Table A.3 continued.

Bridging Allowance vs. Non-participation
Local economic conditions

Poor Medium Good

Employment status before job-seeking (Ref.: Employment)
Self-employed −.463 −.406 −.263
School attendance/never employed before/apprenticeship 0.304∗ 0.051 0.371
Unemployable 0.083 −.099 −.027
Others, but at least once employed before 0.242 0.615∗∗∗ 0.025
Others

Regional cluster (Ref.: II a)
II b
III a −1.440∗ −.197
III b −.223
III c −.393∗ −.003
IV −.237 −.076
V a −.039 0.049
V b −.394
V c −.236

Remaining unemployment benefit entitlement (in months) −.012 −.004 −.044∗∗∗

Unemployment benefit level (in Euro) 0.025∗∗∗ 0.022∗∗∗ 0.026∗∗∗

Average daily income from regular
employment in first half of 2003 −.001 −.004∗∗ −.0007
Intergenerational transmission

Parents are/were self-employed 0.515∗∗∗ 0.704∗∗∗ 0.254∗∗

Regional macroeconomic conditions
Unemployment Rate −.069∗ −.108 −.152∗∗

Vacancy ratea) −.035 −.041∗ 0.0002
GDP per capita 0.018 −.0003 0.003

Constant 0.585 −.079 1.729

Number of observations 743 771 791
Pseudo R2 0.108 0.136 0.124
Log-likelihood −456.142 −459.37 −480.303

Note: * 10%, ** 5%, *** 1% significance level. Differences in numbers of observations compared to Table 1 are due to
missing values for some variables.
a) Available vacancies as the share of the stock in unemployment.
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Table A.4: Propensity score estimation conditional on local GDP per capita: Bridg-
ing Allowance vs. Non-participation

Bridging Allowance vs. Non-participation
Local economic conditions

Poor Medium Good

Age bracket (Ref.: 18 to 24 years)
25 to 29 years 0.014 0.01 0.559
30 to 34 years 0.436 0.029 0.399
35 to 39 years 0.039 0.263 0.397
40 to 44 years 0.283 0.038 0.108
45 to 49 years −.064 0.074 0.319
50 to 64 years −.149 0.236 0.213

Marital status (Ref.: Single)
Married −.085 −.184 0.056

Number of children in household (Ref.: No children)
One child −.044 0.024 −.299∗

Two or more children −.120 −.085 −.298∗

Health restriction that affect job placement (Ref.: No)
Zes −.159 0.205 −.127

Nationality (Ref.: German)
Non-German 0.032 0.255∗∗ 0.097

Desired working time (Ref.: Part-time)
Full-time 1.241∗∗ 0.272 −.248

School leaving certificate (Ref.: No degree)
Lower secondary school −.208 0.943 0.347
Middle secondary school −.297 1.151∗ 0.344
Specialized upper secondary school 0.027 1.002 0.53
Upper secondary school −.200 1.163∗ 0.273

Occupational group (Ref.: Manufacturing)
Agriculture 0.027 0.33 −.115
Technical occupations 0.07 0.472 0.147
Services −.028 0.412 −.144
Others −.446 −.178 −.327

Professional qualification (Ref.: Workers with tertiary education)
Workers with technical college education −.237 0.05 0.05
Skilled workers −.025 0.028 0.122
Unskilled workers −.032 0.21 0.067

Duration of previous unemployment (Ref.: < 1 month)
≥ 1 month - 3 months −.856∗∗∗ −.927∗∗∗ −1.080∗∗∗

≥ 3 months - < 6 months −.962∗∗∗ −.871∗∗∗ −1.359∗∗∗

≥ 6 months - < 1 year −.683∗∗ −.838∗∗ −1.549∗∗∗

≥ 1 year - < 2 years −.794∗∗∗ −1.062∗∗∗ −1.422∗∗∗

≥ 2 years −.713∗ −1.505∗∗∗ −1.187∗∗

Professional experience (Ref.: without professional experience)
with professional experience −.101 −.331∗∗ −.231

Last employment
Duration of last employment 0.004∗∗∗ 0.002∗ 0.002∗

Placement propositions
Number of placement propositions −.010 −.007 −.019∗∗

Table to be continued.
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Table A.4 continued.

Bridging Allowance vs. Non-participation
Local economic conditions

Poor Medium Good

Employment status before job-seeking (Ref.: Employment)
Self-employed −.709 −.612∗ −.079
School attendance/never employed before/apprenticeship 0.372∗∗ 0.072 0.166
Unemployable −.180 0.115 0.24
Others, but at least once employed before 0.491∗∗ 0.292 0.002
Others

Regional cluster (Ref.: II a)
II b −.907 −0.054 −.223
III a −1.582∗∗∗ −.298 −.401
III b −1.466∗∗ −.212 −.964∗

III c −1.568∗∗ −.517 −.528
IV −.602
V a 0.145 −.372
V b −1.578∗∗ −.533 −.966∗

V c −.274 −.675
Remaining unemployment benefit entitlement (in months) −.017 −.018∗ −.020∗

Unemployment benefit level (in Euro) 0.021∗∗∗ 0.023∗∗∗ 0.031∗∗∗

Average daily income from regular
employment in first half of 2003 0.001 −.001 −.005∗∗∗

Intergenerational transmission
Parents are/were self-employed 0.581∗∗∗ 0.493∗∗∗ 0.354∗∗∗

Regional macroeconomic conditions
Unemployment Rate −.073∗ −.047 −.109∗

Vacancy ratea) 0.02 0.002 0.004
GDP per capita 0.03 −.005 0.023∗∗

Constant 0.233 −.642 0.713

Number of observations 775 777 759
Pseudo R2 0.127 0.117 0.157
Log-likelihood −466.97 −474.72 −440.738

Note: * 10%, ** 5%, *** 1% significance level. Differences in numbers of observations compared to Table 1 are due to
missing values for some variables.
a) Available vacancies as the share of the stock in unemployment.
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Table A.5: Matching quality across regional subgroups: Conditional on local unemploy-
ment rate

Start-up Subsidy Bridging Allowance
Before matching After matching Before matching After matching

Poor economic conditions

t-test of equal meansa)

1%-level 8 0 6 0
5%-level 12 2 11 1
10%-level 14 2 14 1
Mean standardized bias 10.192 5.015 9.564 2.957
Number of variables with standardized bias of a certain amount
< 1% 5 6 5 12
1% until < 3% 8 17 5 18
3% until < 5% 8 12 5 14
5% until < 10% 16 15 17 9
≥ 10% 17 4 21 0

Pseudo-R2 0.165 0.024 0.108 0.010

Medium economic conditions

t-test of equal meansa)

1%-level 13 0 4 0
5%-level 20 2 12 1
10%-level 25 5 18 1

Mean standardized bias 15.735 7.232 10.045 2.810
Number of variables with standardized bias of a certain amount
< 1% 2 4 4 13
1% until < 3% 2 9 6 21
3% until < 5% 4 10 6 11
5% until < 10% 16 18 14 10
≥ 10% 30 13 25 0

Pseudo-R2 0.223 0.042 0.136 0.012

Good economic conditions

t-test of equal meansa)

1%-level 12 0 5 0
5%-level 18 2 11 1
10%-level 24 3 16 1

Mean standardized bias 15.196 5.145 9.368 3.824
Number of variables with standardized bias of a certain amount
< 1% 4 9 1 9
1% until < 3% 2 14 12 15
3% until < 5% 3 8 4 13
5% until < 10% 11 19 18 16
≥ 10% 35 5 20 2

Pseudo-R2 0.223 0.024 0.124 0.016

a) Depicted is the number of variables which differ significantly between treated and controls. The decision is
based on a simple t-test of equal means. There are 53 to 55 observable variables (depending on PS specification)
in total.
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Table A.6: Matching quality across regional subgroups: Conditional on local GDP per
capita

Start-up Subsidy Bridging Allowance
Before matching After matching Before matching After matching

Poor economic conditions

t-test of equal meansa)

1%-level 8 0 5 0
5%-level 13 1 11 1
10%-level 17 1 16 1

Mean standardized bias 11.429 3.750 9.432 2.785
Number of variables with standardized bias of a certain amount
< 1% 2 13 4 15
1% until < 3% 8 19 6 23
3% until < 5% 8 10 9 10
5% until < 10% 13 10 18 10
≥ 10% 26 5 21 0

Pseudo-R2 0.209 0.022 0.127 0.013

Medium economic conditions

t-test of equal meansa)

1%-level 12 0 5 1
5%-level 14 1 12 1
10%-level 20 1 18 1

Mean standardized bias 13.975 4.176 9.432 2.684
Number of variables with standardized bias of a certain amount
< 1% 2 5 6 12
1% until < 3% 7 18 5 25
3% until < 5% 6 18 7 11
5% until < 10% 12 12 15 9
≥ 10% 30 4 24 0

Pseudo-R2 0.206 0.018 0.127 0.013

Good economic conditions

t-test of equal meansa)

1%-level 9 0 9 0
5%-level 19 1 14 1
10%-level 22 2 18 1
Mean standardized bias 13.691 5.283 10.003 2.968
Number of variables with standardized bias of a certain amount
< 1% 1 10 6 11
1% until < 3% 4 12 10 21
3% until < 5% 11 11 5 17
5% until < 10% 11 15 14 9
≥ 10% 31 10 23 0

Pseudo-R2 0.21 0.031 0.157 0.011

a) Depicted is the number of variables which differ significantly between treated and controls. The decision is
based on a simple t-test of equal means. There are 56 to 59 observable variables (depending on PS specification)
in total.
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Table A.7: Balancing of pre-treatment outcome variables across regional subgroups

Before matching After matching
Treated Controls p-value Treated Controls p-value

Start-up Subsidy
Conditional on unemployment rates

Poor economic conditions
Months in employment in 2002 5.112 6.413 0.001 5.177 4.634 0.235
Income from employment in 2002 (in e/day) 22.640 34.056 0.000 22.892 21.365 0.529

Medium economic conditions
Months in employment in 2002 5.444 7.354 0.000 5.359 5.571 0.639
Income from employment in 2002 (in e/day) 27.933 51.774 0.000 28.155 31.917 0.198

Good economic conditions
Months in employment in 2002 5.688 7.347 0.000 5.681 5.395 0.545
Income from employment in 2002 (in e/day) 29.016 54.293 0.000 29.341 31.164 0.569

Conditional on productivity (GDP per capita)
Poor economic conditions

Months in employment in 2002 5.513 6.704 0.003 5.527 4.964 0.222
Income from employment in 2002 (in e/day) 24.638 37.295 0.000 24.761 23.078 0.494

Medium economic conditions
Months in employment in 2002 4.883 6.845 0.000 4.923 4.902 0.963
Income from employment in 2002 (in e/day) 23.829 47.156 0.000 24.003 26.260 0.412

Good economic conditions
Months in employment in 2002 5.854 7.571 0.000 5.709 5.343 0.425
Income from employment in 2002 (in e/day) 31.068 55.218 0.000 31.261 31.114 0.963

Bridging Allowance
Conditional on unemployment rates

Poor economic conditions
Months in employment in 2002 7.242 6.434 0.025 7.164 6.628 0.162
Income from employment in 2002 (in e/day) 47.401 34.154 0.000 46.390 39.936 0.035

Medium economic conditions
Months in employment in 2002 7.716 7.358 0.302 7.701 7.887 0.606
Income from employment in 2002 (in e/day) 64.254 51.462 0.000 63.882 63.558 0.931

Good economic conditions
Months in employment in 2002 7.878 7.347 0.113 7.792 7.957 0.623
Income from employment in 2002 (in e/day) 67.910 54.293 0.000 66.652 69.471 0.439

Conditional on productivity (GDP per capita)
Poor economic conditions

Months in employment in 2002 7.237 6.698 0.123 7.118 6.829 0.436
Income from employment in 2002 (in e/day) 49.123 37.403 0.000 47.461 42.782 0.128

Medium economic conditions
Months in employment in 2002 7.835 6.845 0.004 7.832 7.819 0.970
Income from employment in 2002 (in e/day) 63.685 47.156 0.000 63.599 62.838 0.832

Good economic conditions
Months in employment in 2002 7.805 7.571 0.495 7.690 8.213 0.155
Income from employment in 2002 (in e/day) 68.293 55.218 0.000 66.521 69.243 0.487

Note: P-value is based on a t-test of equal means.
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Figure A.1: Distribution of estimated propensity scores: Start-up Subsidy

Local economic conditions
Conditional on unemployment rates Conditional on productivity (GDP per capita)

Poor Poor

Participants off-support: 6 Participants off-support: 4

Medium Medium

Participants off-support: 9 Participants off-support: 6

Good Good

Participants off-support: 11 Participants off-support: 13

Participants Non-Participants

Note: Depicted are distributions of estimated propensity scores for participants and non-participants based on probit
estimations as shown in Table A.1 and Table A.2. In addition, we provide below each figure the number of participants
outside the range of non-participants; those are excluded for the calculation of the ATT (as depicted in Table 4 and
Figure 2).
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Figure A.2: Distribution of estimated propensity scores: Bridging Allowance

Local economic conditions
Conditional on unemployment rates Conditional on productivity (GDP per capita)

Poor Poor

Participants off-support: 6 Participants off-support: 11

Medium Medium

Participants off-support: 4 Participants off-support: 1

Good Good

Participants off-support: 10 Participants off-support: 25

Participants Non-Participants

Note: Depicted are distributions of estimated propensity scores for participants and non-participants based on probit
estimations as shown in Table A.3 and Table A.4. In addition, we provide below each figure the number of participants
outside the range of non-participants; those are excluded for the calculation of the ATT (as depicted in Table 4 and
Figure 2).
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Figure A.3: Probability levels among participants and matched non-participants

Start-up Subsidy vs. Non-Participation Bridging Allowance vs. Non-Participation

Conditional on local unemployment rate

Conditional on productivity (GDP per capita)

Treated (black lines) Controls (gray lines)
Local economic conditions (—— poor / – – – medium / - - - good)

Note: Depicted are probability levels for the outcome variable “self-employment or regular
employment” among participants and non-participants within the matched sample, i.e., the
difference between the solid and dashed line is the average treatment effect on the treated. For
instance, consider the case of start-up subsidy vs. non-participation on the left panel. 83.6%
(63.4%) of participants (matched non-participants) who were located in an area with poor
economic conditions in the 3rd quarter 2003 are in self-employment or regular employment 56
months after start-up; this applies to 81.0% (57.9%) of participants (matched non-participants)
who were located in areas with good economic conditions.
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